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June 12, 2007

Chair, Florida Commission on Hurricane Loss PragecMethodology
c/o Donna Sirmons

Florida State Board of Administration

1801 Hermitage Boulevard, Suite 100

Tallahassee, FL 32308

Dear Commission Chairman:

| am pleased to inform you that the Florida Publigricane Loss Model (FPHLM) is ready for
its first review by the Professional Team and &edtion by the Commission. The FPHLM
model has been reviewed by professionals havirdeatels and/or experience in the areas of
meteorology, engineering, actuarial science angrame, statistics and computer science; for
compliance with the Standards, as documented bgxpert certification forms G1-G6.

Enclosed are 20 bound copies of our submissiorgiwihicludes the summary statement of
compliance with the standards, the forms, and sibengssion checklist. Also enclosed are 20
CDs containing the submission and forms.

Please contact me if you have any questions regattis submission.

Sincerely,

Shahid Hamid, Ph.D, CFA

Professor of Finance, and

Director, Laboratory for Insurance, Economic andalficial Research
International Hurricane Research Center

RB 202B, Department of Finance, College of Business

Florida International University

Miami, FL 33199

tel: 305 348 2727 fax: 305 348 4245

Cc: Kevin M. McCarty, Insurance Commissioner
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Model Submission Checklist

1. Please indicate by checking below that the following has been included in your submission
to the Florida Commission on Hurricane Loss Projection Methodology.

Yes | No Item
X 1. Letter to the Commission
X a. Refers to the Expert Certification Forms and states that professionals
having credentials and/or experience in the areas of meteorology,
engineering, actuarial science, statistics, and computer science have
reviewed the model for compliance with the Standards
X b. States model is ready to be reviewed by the Professional Team
X c. Any caveats to the above statements noted with a complete explanation
X 2. Summary statement of compliance with each individual Standard and the data
and analyses required in the Disclosures and Forms
X 3. General description of any trade secrets the modeler intends to present to the
Professional Team
X 4. Model Identification
X 5. 20 Bound Copies
X 6. 20 CDs containing:
X a. Submission text in PDF format
X b. PDF file highlightable and bookmarked by Standard, Form, and section
X c. Data file names include abbreviated name of modeler, Standards year,
and Form name (when applicable)
X d. Forms V-2, A-1, A-3, A-4, A-5, A-6, A-7, and S-5 (for models submitted
by modeling organizations which have not previously provided the
Commission with this analysis) in PDF format
X e. Forms V-2, A-1, A-3, A-4, A-5, A-6, and A-7 in Excel format
X f. Form S-5 (for models submitted by modeling organizations which have
not previously provided the Commission with this analysis) in ASCII
format
X 7. Table of Contents
X 8. Materials consecutively numbered from beginning to end starting with the first
page (including cover) using a single numbering system
X 9. Alltables, graphs, and other non-text items specifically listed in Table of
Contents
X 10. All tables, graphs, and other non-text items clearly labeled with abbreviations
defined
X 11. Standards, Disclosures, and Forms in italics, modeler responses in non-italics
X 12. Graphs accompanied by legends and labels for all elements
X 13. All units of measurement clearly identified with appropriate units used
X 14. Hard copy of all Forms included except Forms A-1 and S-5

2. Explanation of “No” responses indicated above. (Attach additional pages if needed.)

Florida Public Hurricane Loss Model

y June 12, 2007
/‘/ /’”f’ (-i.v-..»w/

Model Name Modeler Signature Date
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GENERAL STANDARDS

G-1 Scope of the Computer Model and Its Implementat  ion

The computer model shall project loss costs for per sonal lines residential
property from hurricane events.

The Florida Public Hurricane Loss Model estimatess Icosts from hurricane events for personal
lines residential property. The losses are estith&de building, appurtenant structure, content
and ALE.

G-1.1 Specify the model and program version numbsftecting the release date

The model name is Florida Public Hurricane Loss 8odhe current version is 2.6 and the
release date is June 12, 2007.

G-1.2. Provide a concise, technical descriptiontbé model including each major component
of the model used to produce personal lines resiifnloss costs in the State of Florida.

Describe the theoretical basis of the model andlutte a description of the methodology,

particularly the wind components, the damage compats, and the insured loss components
used in the model. The description should be coet@land not reference unpublished work.

The model is a very complex set of computer prograrhe programs simulate and predict how,
where and when hurricanes form, their wind speiedisnsities and sizes, etc., their tracks, how
they decay and how they are affected by the tesralong the tracks after landfall, how the
winds interact with different types of residentsituctures, how much they can damage house
roofs, windows, doors, interior, and contents dtow much it will cost to rebuild the damaged
parts, and how much of the loss will be paid byiress.

The model consists of three major components: wiadard (meteorology), vulnerability
(engineering), and insured loss cost (actuarilhas over a dozen sub-components. The major
components are developed independently before hategrated. The computer platform is
designed to accommodate future hookups of additisod-components or enhancements.
Following is the description of each of the majomponents and their computer platforms.

Atmospheric Science Component

. Hurricane Track and Intensity
The storm track model generates storm tracks aedsities based on historical storm conditions
and motions. The initial seeds for the storms dedgved from the HURDAT database. For
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historical landfalling storms in Florida and neighing states, the initial positions, intensities
and motions are taken from the track fix 36 hoursrgo first landfall. For historical storms that
do not make landfall, the initial conditions ar&ea from the first track fix of the storm after it
enters a threat area as a hurricane. The threatisudefined as the area enclosed by a circle of
radius 560 sm centered at (83W, 29N). Small, umfaandom error terms are added to the initial
position, storm motion change, and to the storransity change. The initial conditions derived
from HURDAT are recycled as necessary to genetatasands of years of stochastic tracks.
After the storm is initiated, the subsequent motérd intensity changes are sampled from
empirically derived probability distribution funotis over the model domain (Figure 1).

Model Domain and Threat Areag
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Figure 1. Florida Public Hurricane Loss Model domand threat area
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We derive discrete PDFs based on historical data #HHURDAT to provide subsequent motion
and intensity of the storm. A storm is simulatgdrépeatedly sampling from these PDFs via a
Monte Carlo approach. These PDFs are deriveddnable-sized regions centered at every 0.5
degree latitude and longitude in the hurricanerbadihe size of these regions is determined to
be that which gives a robust probability densitpdiion (PDF) for the quantities of interest
(speed, direction, and intensity change), up toesomaximum size. Once the storm has been
given an initial condition, its subsequent evolatis governed by sampling the PDFs for change
in intensity, change in translation speed, and ghan heading angle in 24 hour increments. The
time step is 1 hour, and storm position and vejoaite determined using an assumption of
constant acceleration consistent with the sampleddur change. The PDFs described above
were generated by parsing the HURDAT database amgpuating for each track the storm
motion and relative intensity changes at every @4r linterval and then binning them. Once the
counts are tallied, they are then normalized taiobthe distribution function. For intensity
reports for which pressure is not available, a wanessure relation developed by Landsea et al.
(2002) is used. In cases where there is no pressport for a track fix in the historical data but
there are two pressure reports within a 24 houogdhat includes the track fix, the pressures
are derived by linear interpolation. Otherwise pinessure is derived by using the wind-pressure
relation. Extra-tropical systems, lows, waves ae@rdssions are excluded. Intensity changes
over land are also excluded from the PDFs. Toresusufficient density of counts to represent
the PDFs for each grid box, counts from neareght@r boxes, ranging up to 2 to 5 grid units
away (both north-south and east-west directiorg, agygregated. Thus the effective size of the
boxes may range from 1.5 to 5.5 degrees, but arerghlty a fixed size for a particular variable.
The sizes of the bins were determined by findingpapromise between large bin sizes, which
ensure a robust number of counts in each bin tmel¢fie PDF, and small bin sizes which can
better represent the detail of the distribution sibrm motion characteristics. Detailed
examinations of the distributions as well as sensjttests were done. Bin sizes need not be of
equal width, and a nonlinear mapping function igduso provide unequal-sized bins. For
example, most storm motion tends to be persisteitit, small changes in direction and speed.
Thus, to capture this detail, the bins are more-grained at lower speed and direction changes.
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Figure 2. Examples of simulated hurricane tracksNumbers refer to the stochastic track
number, and colors represent storm intensity basedn central pressure

The intensity parameter used in the wind model &PDthe difference between the central
minimum sea level pressure and an outer peripheessure (assumed to be 1013 mb in our
model). Intensity change is modeled by using thgeoved geographic probability distribution
of 24-hour changes of central pressure as relatethe relative intensity (Darling 1990).
Potential intensity takes into account the conoépihe hurricane as a heat engine constrained by
the input (sea surface) and outflow (upper tropesphtemperatures. Intensity change is limited
SO as to not exceed the maximum observed change particular geographic region. When a
storm center crosses the coastline (landfall) mbensity change follows a pressure decay model
(discussed below). If the storm moves back overséeg the former intensity change model is
reinstated. The PDFs for change in speed and tidinrecdepend on the current speed and
direction (binned in discrete intervals), as wedl geographic location (0.5 degree lat-lon

FPHLM V2.6 2007 14



location) and time of season (month). Storms plaadllel the coast or make several landfalls can
be properly simulated with our method.

Storm landfall and decay over land are determineddmparing the storm locatid®,y) with a

0.6 sm resolution land-sea mask. This land masektained from USGS land use cover data, and
inland bodies of water have been reclassified asl lim order to avoid spurious landfalls.
Landfall occurs every time the storm moves fronoe@an point to a land point as determined by
this land mask. During landfall, the central preess modeled by a filling model described by
Vickery (2005), and is no longer sampled from thiemsity change PDFs. When the storm exits
to sea, the land filling model is turned off anangding of the intensity change PDFs begins
again. A storm is dissipated when its central pressxceeds 1011 mb.

. Wind field model

Once a simulated hurricane moves to within a ttolestlistance of a Florida zip code, the wind
field model is turned on. The model is based an dlab boundary layer concept originally
conceived by Ooyama (1969) and implemented by $m&p983). Similar models based on this
concept have been developed by Thompson and Ca(ii®86) and Vickery et al. (1995, 2000).
The model is initialized by a boundary layer voriexgradient balance. Gradient balance
represents a circular flow caused by balance afefion the flow whereby the inward directed
pressure gradient force is balanced by an outwiaedtdd Coriolis and centripetal accelerations.
The coordinate system translates with the hurricaréex moving at velocit. The vortex
translation is assumed to equal the geostrophiw #ssociated with the large scale pressure
gradient. In cylindrical coordinates that tramslavith the moving vortex, equations for a slab
hurricane boundary layer under a prescribed presgadient are:

Wu_V'_ g, VU 9P K[DZ ——%@Jw(é,u):o:@
r- r°og ot

o r rog or (1)
L(ﬂ+vj+f AL K(Dzv—lz+ 226uJ+F(4 v)=0=
or r rog r- r°og )

where u and v are the respective radial and tarajemind components relative to the moving
storm, p is the sea-level pressure which varieh vatlius (r), f is the Coriolis parameter which
varies with latitudeg is the azimuthal coordinate, K is the eddy diffuscoefficient, and F(c,u),
F(c,v) are frictional drag terms (discussed beloAll) terms are assumed to be representative of
means through the boundary layer. The motion @itirtex is determined by the modeled storm
track. The symmetric pressure field p(r) is spedifby the Holland (1980) pressure profile with
the central pressure specified according to trensity modeling in concert with the storm track.
A model for the Holland B pressure profile parametas developed based on a subset of the
data published by Willoughby and Rahn (2004). Taéius of maximum wind at landfall is
modeled as a function of latitude and Pmin usindatabase constructed from a variety of
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landfall data including the NWS-38 publication, extled best track by DeMaria, and NOAA
HRD archives. The wind field is solved on a paed with a 0.1 R/Rmax resolution. The input
Rmax is adjusted to remove a bias caused by anepadd the wind field solution to place Rmax
one grid point radially outward from the input valurhe slab mean boundary layer wind speed
is adjusted to the surface based on reduction fagiablished in Powell et al.,, 2003 and is
adjusted to maximum sustained and peak 3s gustvalccording to gust factors as described in
Vickery and Skerlj 2005. Flow transition from nmragito land or from one land roughness to
another is dependent on aerodynamic roughness dsledoby Simiu and Scanlon (1996). The
roughness database derived from Multi-ResolutiomdLaCover (MRLC) National Land
Classification Database (NLCD) of 2001 (Homer let 2004) is used in association with the
Source Area Model (Schmidt and Oke 1990, Axe 20@4)determine an upstream fetch
dependent roughness value at all Florida zip codés.corrected some anomalies where the
population centroids were not near residential prigs. To remedy this, we set a lower limit of
roughness equivalent to that of a low intensitydestial area to all land points within 0.311
miles of the centroid. For special cases where#mroid is over water, the roughness was set to
that of a low intensity residential area for allijge within 0.311 miles of the centroid. For
coastal regions, we corrected the roughness byagwvey the effective roughness for coastal
fetches. Further details on the atmospheric computooiethe model are contained in Powell et
al., 2005.

The Vulnerability Component

The vulnerability model uses a Monte Carlo simolatbased on a component approach to
determine the external vulnerability of buildingsvarious wind speeds. The simulation relates
estimated probabilistic strength capacities ofdod components to a series of deterministic 3
sec peak gust wind speeds through a detailed wird séructural engineering analysis that
includes effects of wind-borne missiles. The nin&é, utilities, and contents damages to the
building are then extrapolated from the externahage. The resulting estimates of total building
damage result in the formulation of vulnerabilityatmces for each building type that is
statistically significant in the Florida buildingogk, including manufactured homes. The
damage model is complemented with estimates ofrégmant structures damage, contents, and
additional living expenses (ALE).

SITE BUILT MODELS

A statistical exposure study of Florida identifille most common types of single-family
residential buildings in North, Central, and So&thrida, in addition to the Keys. All model
home types have 15 windows, a two-car garage,rd éotrance door, and a sliding glass back
door. Identical models are created for homes thateguipped with hurricane shutters, where
window capacities are increased so that failuraush less likely.

In addition to a classification of building by sttural types, it was also necessary to classify the

buildings by relative strength. Residential comstion methods have evolved in Florida as
experience with severe winds drives the need taced/ulnerability. To address this, the
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vulnerability team has developed a strong modedliome strength model, and a weak model for
each site-built structural type to represent reéatjuality of construction.

The strong model was developed first and both thaknand medium models were derived from
the strong model, using various levels of capawityhin the standard model framework. For

example, the standard model for south, concretekblgable roof construction is converted to a
weak model by simply lowering the roof-to-wall (rReonnection capacity to toe-nail strength,

lowering the garage capacity, and lowering the thileg capacity. Simulations have been

generated for gable roof, 1 and 2-story wood amstbfy concrete block wall, north, central and

south regions. This has been repeated with plyvwabardters in place. The medium models are
the same as the weak ones except for the cliptooehll connections.

MANUFACTURED HOMES MODELS

Based on the exposure study, it was also decidewbtel four manufactured home (MH) types.
These types include: Pre -1994 - Fully Tied dowre-FP994 - Not Tied down; Post-1994 - HUD
Zone Il; Post-1994 - HUD Zone Il

The patrtially tied down homes are assumed to havalrerability that is an average of the
vulnerabilities of fully tied-down and not tied-dawhomes. Because little information is
available regarding the distribution of manufactutgme types by size or geometry, it is
assumed that all model types are single-wide matwiad homes. The modeled single-wide
manufactured homes are 56 ft x 13 ft, have galésy® windows, a front entrance door, and a
sliding glass back door.

DAMAGE MATRICES

The physical damage to single-family homes is esttoh by using a component-based Monte
Carlo (MC) simulation engine. The simulation esties probabilistic strength capacities of
building components as functions of 3 sec peak girstl speeds through a detailed wind and
structural engineering analysis that includes éffexd wind-borne missiles. The component
approach taken in the MC simulation explicitly agots for both the uncertain resistance
capacity of the various building components andltfael effects produced by wind to predict
damage at various wind speeds and directions. @sistance capacity of a building is broken
down into the resistance capacity of its componant$ of their connections. The components
include roof cover, roof sheathing, roof-to-wallhoections, walls, windows, doors, and garage
doors. Damage to the structure occurs when the ébfadts from wind or flying debris are
greater than the component’s capacity to resighihiéhe output of the Monte Carlo simulation
model is an estimate of physical damage to stract@md exterior components of the modeled
home. The results are in the form of a damageixnai&ach row of the matrix lists results of
one model simulation, the amount of damage to edcthe 15 modeled components for a
simulation being listed in 15 columns of the rowgsTable 1). Each damage matrix gives the
results of 5000 Monte Carlo simulations. A separmagtrix is created for each peak 3-s gust
wind speed between 50 and 250 mph in 5 mph incream@®, 55,..., 250 mph) at angles
between 0 and 315 degrees in 45-degree incremgditsph at 0°, 50 mph at 45°, 50 mph at
90°,...). The way the results are produced anedtfor the MH models is very similar for the
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site-built and manufactured home models. A deSonpof the values in each of the 9 columns

of the MH damage matrix is given in Table 2.

Table 1. Description of values given in the damageatrixes for site built homes

Col . # Description of Value Min ValugMax Value
1 % failed roof sheathing 0 100

2 failed roof cover 0 100

3 failed roof to wall connections 0 100

4 # of failed walls 0 4

5 # of failed windows 0 15

6 # of failed doors 0 2

7 y or n failed garage 0=no 1=yes

8 y or n envelope breached 0=no 1=yes
9 # of windows broken by debris impact 0 15

10 |% of gable end panels broken 0 100

11 |internal pressure 0 Not defined
12 |% failed wall panels — front 0 100

13 |% failed wall panels — back 0 100

14 |% failed wall panels — side 0 100

15 |% failed wall panels — side 0 100

Table 2. Description of values given in the damageatrixes for manufactured homes

Col # Description of Value Min Value |Max Value
1 # of failed windows (out of 8 for single wide) 0 8

2 # of broken windows that were broken by impaedl case 0 8

3 # of failed doors (front and back = 2 total) 0 2
4 % of roof sheathing failed 0 100

5 % of roof cover failed 0 100

6 % of wall sheathing failed 0 100

7 # of failed roof to wall connections (out of 58) 0 58

8 sliding (0 = no sliding, 1 = minor sliding, 2 =ajor sliding) 0 2

9 overturning (0 = not overturned, 1 = overturned) 0 1

Replacement cost ratios provide a key link betweeodeled physical damage and the
corresponding monetary losses. They can be defasedhe cost of replacing a damaged
component or assembly of a home divided by the @osbnstructing a completely new home of
the same type. The sum of these ratios is grehter 100% because the replacement costs
include the additional costs of removal, repaid aamodeling. Knowing the components of a
home and the typical square footage, the costp#irniag all damaged components is estimated
using cost estimation resources (e.g. RSMeans &dgl Cost Data and CEIA) and expert
advice. These resources provide cost data fromalgibs based on successful estimates and
represent an average of typical conditions. Unmemtiehon-structural interior, plumbing,
mechanical, and electrical utilities make up aifiggnt portion of repair costs for a home.
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A very simple and explicit procedure is used towesh physical damage of the modeled
components to monetary damage. Since the replatceratm of each modeled component is
known, the monetary damage resulting from damagedomponent expressed as a percentage
of the home’s value can be obtained by multiplying damaged percentage of the component
by the component’s replacement ratio. For exampl&) % of the roof cover is damaged, and
for this particular home type the replacement rafiooof cover is 14 %, the value of the home
lost as a result of the damaged roof cover woul@.86 x 0.14 = 4.2%. If the value of this home
were say $150,000, the cost to replace 30% ofdbBwould be $150,000 x 0.042 = $6,300. In
addition, the costs will be adjusted as necessae t0 certain requirements of the Florida
building code that might result in an increasehef tepair costs.

INTERIOR AND UTILITIES DAMAGE

For the interior and utilities of a home, theradsexplicit means by which to compute damages
and resulting damage. Unlike the modeled extewonmonents for which we know that, for each
wind speed, loads in excess of the capacity wiliseadamage and the cost of replacing these
components is fairly certain, damage to the intedad utilities occurs when the building
envelope is breached allowing wind and rain toremted the cost of repairing this damage could
be highly variable. Of all the modeled componefus site-built homes, damage to roof
sheathing, roof cover, walls, windows, doors, amdblg ends present the greatest threat of
causing interior damage. For manufactured hometdifiaal interior damage could be caused
by sliding or overturning off the foundation.

For each wind speed, interior damage equationseneed as functions of each of the modeled
components mentioned earlier. These equations awelaped primarily on the basis of

experience and engineering judgment. Observatidndiomnes damaged during the 2004
hurricane season helped to validate the predictidime interior equations are derived by
estimating typical percentages of damage to eatdrion component given a percentage of
damage to a modeled component. The interior damsgefunction of each modeled component
is the same for both site-built and manufacturetém

To model the uncertainties inherent in the deteatndm of interior damage, the output of the
equations is multiplied by a random factor with meaity. Based on engineering judgment, the
factor is assumed to have a Weibull distributiothwail length parameter 2. For the factor to
have mean unity, the scale parameter must be 0.#85dlting in a variance of 0.2732. This
choice of Weibull parameters is assumed to be redde, and a sensitivity study was done to
confirm that assumption and to show that it hagffect on the mean vulnerability, as expected.

To compute the total interior damage for each maiteulation, first of all, all values in the
damage matrices are converted to percentages giaent damage. The interior equations are
applied to each component and the total interionatge for each model simulation is taken to be
the maximum interior damage value produced by tegsations. The maximum value is used to
avoid the possibility of counting the same intedamage more than once.

The simplest and most logical method to estimatiies damage is based upon the prediction
of interior damage. To extrapolate the utilitiesndae, a coefficient is defined for each utility
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(electrical, plumbing, and mechanical), which isrthmultiplied by the interior equation defined
for each component, and the total damage is ta@ebetthe maximum value. The utilities
coefficients are based on engineering judgmentoth site-built and manufactured homes, it is
assumed that electrical damage occurs at abouth®athite of interior damage, and each interior
equation is multiplied by a coefficient ke=0.5. Rling damage is predicted in the same way as
electrical damage. However, plumbing damage ismeduto occur at a slower rate than
electrical damage. Therefore, the coefficient kgas equal to 0.35 for site-built homes and for
manufactured homes. It is assumed that mechanaralde will occur at a lower rate than
electrical damage but at a slightly higher ratentpjumbing damage. The value of km is set to
0.4 for site-built homes and for manufactured hames

CONTENTS DAMAGE

Contents include just about anything in the honag it not attached to the structure itself. Like
the interior and utilities, the contents of the leare not modeled by Monte Carlo simulations.
Contents damage is assumed to be a function ointegor damage caused by each modeled
component failure that causes a breach of the ingildnvelope. The functions are based on
engineering judgment and validated using actuaindalata.

ADDITIONAL LIVING EXPENSES

Additional Living Expense (ALE) is coverage for timerease in living expenses that arise when
an insured individual must live away from the ireidamaged home. ALE coverage covers
only expenses actually paid by the insured. Thisgerage does not pay all living expenses, only
the increase in living expense that results digeitdm the covered damage, and having to live
away from the insured location. The value of arEAdlaim is obviously dependent on the time
it takes to repair a damaged home as well as tinewnding utilities and infrastructure.

The equations and methods used for manufacturedesiakential homes are identical. However,
it seems logical to reduce the manufactured homg& Atedictions because typically a faster
repair or replacement time may be expected foretlnesne types. Therefore, a factor Rf was
introduced into the manufactured home model. Thisfagtor is now set at 0.75 based on
engineering judgment, and it multiplies the ALEgioions to adjust the values.

APPURTENANT STRUCTURES

Appurtenant structures, typically, are structuresattached to the dwelling or main residence of
the home, but located on the insured property. & lgses of structures could include: detached
garages, guesthouses, pool houses, sheds, gapakiosgovers, patio decks, swimming pools,
spas, etc. From insurance claims data there appeabe no obvious relationship between
building damage and appurtenant structure claimg. @ the primary reasons for this maybe the
variability of the structures that are covered hyappurtenant structure policy.

To model appurtenant structure damage, three depaguations were developed. Each
determines the appurtenant structure insured dammage as a function of wind speed
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(vulnerability curve). One equation predicts damé&gestructures highly susceptible to wind
damage, the second for moderately susceptible trandhird for structures which are affected
only slightly by wind. As with equations to pretliaterior damage, a Weibull distribution is
applied to account for uncertainties. In this calsefy parameter of the Weibull distribution was
reduced to 1, which yields an exponential distidyut The very limited insurance data available
shows a high concentration of claims with zero afgmant loss and a very large scatter of loss
elsewhere. This is indicative of an exponentialtriiation, which supports the decision to
reduce thg parameter. Because a typical insurance portfdiogives no indication of the type
of appurtenant structure covered under a particptdicy, a distribution of the three types
(slightly vulnerable, moderately vulnerable, anghhy vulnerable) must be assumed, and is
validated against the claim data.

VULNERABILITY MATRICES

For each Monte Carlo model, 5000 simulations anrdopmed at 8 different angles and 41
different wind speeds. This is 5000 x 8 x 41 = 0,680 simulations per model, which are
expanded to cover interior, utilities, contents, EAland appurtenant structures, as explained
above. The simulation results are then transformeal vulnerability matrices. A total of 168
matrices are created for every combination of stmat type (frame or masonry), region (North,
Central, South), sub-region (high wind velocity epwind borne debris region, other), and roof
cover type (gable vs. hip, tile vs. shingle).

A partial example of a vulnerability matrix is show Table 3.

Table 3 Partial example of vulnerability matrix

Damage\Wind Speed (mph) 48.5t0 52.5 525t057.5 7.5t062.5 62.5t0 67.5 67.5t072.5
0% to 2% 1 0.99238 0.91788 0.77312 0.61025
2% to 4% 0 0.00725 0.0805 0.21937 0.36138
4% to 6% 0 0.000375 0.001375 0.007 0.0235
6% to 8% 0 0 0.000125 0.000375 0.0025
8% to 10% 0 0 0 0 0.000375
10% to 12% 0 0 0 0 0.000375
12% to 14% 0 0 0 0 0.000625
14% to 16% 0 0 0 0 0.0005
16% to 18% 0 0 0 0 0.000125
18% to 20% 0 0 0 0 0.000125
20% to 24% 0 0 0 0 0.00025
24% to 28% 0 0 0 0 0

The cells of a vulnerability matrix for a particulstructural type represent the probability of a
given damage ratio occurring at a given wind sp8éek columns of the matrix represent the
different wind speeds from 50 mph to 250 mph in gfhnmcrements. These are 3-s gust wind
speeds at a 10 m height. The rows of the matrixespond to damage ratios (DR) in 2 %
increments up to 20 %, and then in 4 % incremeptdoul00 %. At each wind speed, the
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number of instances of damage within each damaggerare counted. For example, if a
damage ratio is DR= 15.3%, it is assigned to thervial 14%, DR<16% with a midpoint DR=15
%. After all the simulations have been counted, ttital number of instances in each damage
interval is divided by the total number of simutais per wind speed to determine the percentage
of simulations at any damage state occurring ath esjpeed. These percentages are the
conditional probabilities of occurrence of a lesédamage, given a certain wind speed.

One important plot derived from the vulnerabilityatmx is the vulnerability curve. The
vulnerability curve for any structural type is thlot of the mean or average damage ratio per
wind speed vs. wind speed. The model can alsorgen@agility curves for each vulnerability
matrix, although these curves are not used in tlogleln Fragility curves are curves that
represent the probability of exceedance of anyrgidamage level, as a function of the wind
speed.

Similar vulnerability matrices, and vulnerabilityrwes, are developed for contents, and ALE,
one for each structural type. Since the appurtes@mactures damage is not derived from the
building damage, only one vulnerability matrix isvéloped for appurtenant structures. The
whole process is also repeated for manufacturececbom

Building vulnerability matrices were created foregey combination of region (Keys, South,
Central, and North), construction type (masonrypeoor other), roof type (gable or hip), roof
cover (tile or shingle), shutters (with or withquénd sub-region (standard, windborne debris
region, and high velocity zone). However, in gahethere is little information available in an
insurance portfolio file regarding the structuralacacteristics and the wind resistance of the
insured property. Instead, insurance companigsorekthe so-called ISO classification, which is
primarily used to define the fire resistance ofamke. In addition to the ISO classification,
portfolio files will have information on zip code@ year built. The ISO classification is used to
determine if the home is constructed of masonnybér, or other. The zip code is used to define
the region and sub-region. The year the home watsibutilized to assist in defining whether a
home should be considered weak, medium or stréonig. also used for damage predictions for
mobile homes.

So from the insurance files, we can easily deteentie region, sub-region, construction type,
and year built. However this leaves the roof typef cover, and shutter options still undefined.
But we know from the exposure study, the distrimuiof different roof types, and to some extent
of roof cover per region. Also, some estimationtlod percentage of homes with and without
shutters in each sub-region can be made. Basdukesa statistics and estimates, we can define a
general matrix for each construction type in eaian and sub-region. The general matrices
are simply the sum of the model matrices weightedhe basis of their statistical distribution.
For example, if we know that a home is masonry taogon and is in the windborne debris
region of central FL, we also know that 66 % of thasonry homes in central FL have gable
roofs and 34 % have hip roofs, around 85 % havegshicover and 15 % tile, and 20 % have
shutters while 80% do not. Weight factors can benmated for each model matrix based on
these statistics. For example, the Central FL,eabé, no shutters, masonry matrix would have
a weight factor of 66% (masonry percent gable) X4 %percent tile) x 80 % (percent without
shutters) = 7.9%, this is the percentage of thatentype that would be expected in this region.
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Each model matrix is multiplied by its weight faGtand the results are summed. The final result
is a weighted matrix that is a combination of ak tmodel matrices and can be applied to an
insurance policy if only the zip code, year bugihd ISO classification are known. As a result,
for each sub-region (standard, windborne debrigoreg@nd high velocity zone) of each region

(Keys, South, Central, and North), they will beea af weighted matrices (masonry, wood, and
others) for weak, medium, and strong structureguré 3 shows the weighted matrices for the
masonry structures in a Central sub-region.

MODELS DISTRIBUTION IN TIME

Over time, engineers and builders learned more tatioel interaction between wind and
structures, more stringent building codes were teda@nd when properly enforced, resulted in
stronger structures. The weak model, medium strengddel, and standard (strong) strength
model, developed by the vulnerability team, repnédieis evolution in time of relative quality of
construction in Florida. Each set of models ig@spntative of the prevalent wind vulnerability
of buildings for a certain historical period in 8m It is therefore important to define the cut-off
date between the different periods, since the dverggregate losses in any region are
determined as a mixture of homes of various stren@iges). The cut-off dates do not depend
only on the evolution of the building code, butcatn the prevailing local builder/community
code enforcement standards in each era.

This issue of code enforcement has also evolved tve, and it is relatively recent that the
State of Florida took an active role in uniform@cement. Thus a given county may have built
to standards that were worse than or exceededoidhe i0 place at the time. After consulting
with the building code development experts, thentemncluded that the load provisions had
some wind provisions since the 1970’s, and theeisswnot the code, but rather enforcement of
the code. Southern construction practice recognize importance of truss to wall connection
as early as the 1950’s, when it became commondalyss rather than toe nails. The clips were
not as strong as modern straps, but an improvemsst nails only. Northern construction
suffered from the lack of impact from severe humnies over a long period. This sense of safety
was compounded by a more localized approach tsidecmaking. Thus northern construction
is expected to be weaker than southern in gen€éha.use of clips became relatively standard
state-wide by the mid 1980’s, while they were weled in the south prior to this time. The use
of rated shingles and resistant garage doors becammmmon after Andrew. Therefore, the
classification shown in Table 4 was adopted foratirizing the regions by age and model.

Table 4. Age classification of the models per region

Prior to 1970 1970 to 1983 1984 to 1993 1994 sgme
All regions 1% weak, ¥2 mediun Medium Medium Strong

However, the year-built or year of last upgradeaoktructure in a portfolio might not be
available, when performing a portfolio analysisegiimate hurricane losses, in a certain region.
In that case, it becomes necessary to assumeaanceigtribution of ages in the region, in order
to come up with an average vulnerability betweemkyenedium, and strong, and estimate the
resulting overall damage to a given county (orcagde).
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Although the engineering team did not have detaitdéormation on the building population of
every county in Florida, they did have information 1.5 million homes from insurance
company portfolios. The portfolios include an efiee year of construction, and thus provide
guidance as to how to weigh the combined weak, umedind strong model results when year-
built information is not available in other portitofiles. In each region, the data was analyzed to
provide the age statistics. These statistics weeel tio weigh the average of weak, medium, and
strong vulnerabilities in each region. The resalts shown in Figure 3, for the wind borne
debris zone in the Central region. The differertghted vulnerability curves are shown for the
weak, medium, and strong models, superimposedthtage weighted vulnerability curve.

Central WBDR Masonry Building Vulnerabilities

50%

—— Strong 15, February 07 //
40% {—
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30% +—|
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Figure 3. Weighted masonry structure vulnerabilities in the Central wind bone debris zone

Actuarial Component

Expected annual losses are estimated for individakties in the portfolio. They are estimated
for building structure, appurtenant structure, eotd and ALE based on their exposures and by
using the respective vulnerability matrices for tmnstruction types. There are two methods
available for estimating expected losses that #teally produce the same results. In the first
method, for each policy, losses are estimatedlfaha hurricanes in the stochastic set by using
appropriate damage matrices and policy exposur@ dahe losses are then summed over all
hurricanes and divided by the number of years énsiimulation to get the annual expected loss.
These are aggregated at the zip code, countytagrror portfolio level and then divided by the
respective level of aggregated exposure to getltlss costs. This is a computationally
demanding method. Each portfolio must be run thinahg entire stochastic set of hurricanes.

The second method derives the probability distrdsutof winds for each zip code from the

simulated set of hurricanes. This is done onceefwh zip code. These distributions are then
applied directly to the damage (vulnerability) nds, and using the insured value and
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deductible, the expected losses are estimateddon @olicy. These are then aggregated as
needed.

The distribution of losses is driven by both thetidbution of damage ratios generated by the
engineering component and by the distribution afidvspeeds generated by the meteorology
component. The meteorology component providessdoh zip code, the associated probabilities
for a common set of wind speeds. Thus, zip codes emsentially differentiated by their
probability distribution of wind speeds. The metdogy component uses up to 50,000 year
simulations to generate a stochastic set of stofims.storms are hurricane events at landfall or
when bypassing close by. Each simulated storm hassamated track and a set of modeled
wind fields at successive time intervals. The wiiglds generate the 1 minute maximum
sustained wind speeds for the storm at varioustitota (population weighted zip codes
centroids) along its track. These 1 minute maxinmsustained winds are then converted to 3
second peak gusts winds and corrected for termighmess by using the gust wind model and
the terrain roughness model. For each zip codelptpa centroid, an accounting is then made
of all the simulated storms that pass throughdiségl on the number of pass through storms and
their peak wind speeds, a distribution of the wspéded is then generated for the zip code. Based
on this distribution, probabilities are generateddach 5 mph interval of wind speeds, starting at
20 mph. These 5 mph bins constitute the columnihgadf the damage matrices generated by
the engineering component. The wind speeds arergfedefor the location of the population
centroids of the zip codes.

The engineering group has produced vulnerabiliptrives. Damage ratios are grouped and
intervals (or classes) of various lengths are usadhermore, damages probabilities for damage
intervals are produced for a whole range of wingesls. Vulnerability matrices are provided for
building structure, contents, appurtenant strustared additional living expenses for a variety of
residential construction type and for differentippltypes. The construction types are: masonry,
frame, mobile home, and unknown. The vulnerabititgitrices are also developed for weak,
medium, and strong construction as proxy by yeaitt.bMVithin each broad construction
category, the vulnerability matrices are spedificthe roof types and number of stories etc.
Since the policy data do not provide this levespécificity, weighted matrices are used instead,
where the weights are the proportion of differemdfrtypes in given region as determined by a
survey of the building blocks and exposure data Wilinerability matrices are used as input in
the actuarial model.

To generate expected loss the model starts witivengset of exposure, determine their zip
codes and construction types and extract relevatearology, engineering and insurance data.
The starting point for the computations is the newdbility matrix with its set of damage
intervals and associated probabilities. For a gaemind speed, for each of the mid point of the
damage intervals the ground up loss is computetlaibles and limits are applied, and the loss
net of deductible is calculated. Care is takennsuee that net of deductible losses are non-
negative. The net loss is multiplied by the probigbin the corresponding cell to get the
expected loss for the given damage ratio. The tesare then averaged across the possible
damages for the given wind speed. Next, the wirabglility weighted loss is calculated to
produce the expected loss for the property. Theeebep losses are then adjusted by the
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appropriate expected demand surge factor. The tegdosses can be summed across all
structures of the type in the zip code and alsosaceip codes to get expected aggregate loss.

Computer System Architecture

FPHLM is a large-scale system, which is designestdoe, retrieve, and process huge amount of
hurricane historical data and the simulated data.adldition, intensive computations are
supported for hurricane damage assessment andeth$oss projection. In order to achieve
system robustness, flexibility, and resistance dteptial change, the three-tier architecture is
adopted and deployed in our system. It aims toes@vnumber of recurring design and
development problems, and hence makes the apphcagvelopment work easier and more
efficient. The computer system architecture coasidtthree layers, namethe user interface
layer, application logic layer, and database layer.

The interface layer offers the user a friendly andvenient user interface to communicate with
the system. It manages the input/output data agid display. To offer great convenience to the
users, the system is prototyped on the Web sahkatisers can access the system with existing
web browser software.

The application logic layer handles the controllifagctionalities and manipulates the underlying
logic connection of the information flows. This ke middle tier in the computer system
architecture. It aims to bridge the gap betweeruter interface and the underlying database and
to hide the technical details from the users.

The database layer is responsible for data modetngtore, index, manage, and model the
information for this application. Data needed by #pplication logic layer are retrieved from the
database, and the computation results producetiebgplication logic layer are stored back to
the database.

Software, Hardware, and Program Structure

The system is primarily a web-based applicatiort thahosted in Oracle 9i web application
server. The backend server environment is Linux tAedserver side scripts are written in Java
Server Pages (JSP) and Java beans. Backend prsiii@abtéliculations are coded in C++ using
IMSL library and called through Java Native IntedgJNI). The system uses an Oracle database
runs on a Sun workstation. Server side softwaraireapents are IMSL library CNL 5.0, OC4J
v1.0.2.2.1, Oracle 9i AS 9.0.2.0.0A, JNI 1.3.1, apK 1.3.1.

The end-user workstation requirements are minirtraernet Explorer 5.5 or 6 running on

Windows 2000 or XP are the recommended web browsensever, other web browsers such as
Mozilla Firefox should also deliver the optimal usxperience. Typically, the manufacturer’s
minimal feature for a given web browser and opetagystem combination is sufficient for an

optimal operation of the application.
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Translation from Model Structure to Program Structure

FPHLM uses a component-based approach in conveftorg model structure to program
structure. The model is divided into distinct comeots or modules, i.e., Storm Forecast
Module, Wind Field Module, Damage Estimation Modw@ad Loss Estimation Module. Each of
these modules fulfills its individual functionalignd communicates with other modules via well-
defined interfaces. The architecture and programv fof each module are defined in its
corresponding use case document following softveargineering specifications. Each model
element is translated into subroutines, functionglass methods on a one-to-one basis. Changes
to the models are strictly reflected in the sofeveode.
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G-1.3. Provide a flow diagram that illustrates imections among major model components.
Error! Objects cannot be created from editing fieldcodes.

Figure 4. Flow diagram of the computer model
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research results used in the development of theehvadherability functions are listed in the list
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for Component Reuse and System Integration for ime Loss Projection Application,” in

Proceedings of The 2006 IEEE International Confeeeon Information Reuse and Integration
(IEEE IRI-2006) September 16-18, 2006, Hawaii, USA, pp. 57-62.

S-C. Chen, S. Gulati, S. Hamid, X. Huang, L. LuoMwrisseau-Leroy, M. Powell, C Zhan, and
C. Zhang, “A Three-Tier System Architecture Designd Development for Hurricane
Occurrence Simulation,” ifProceedings of the IEEE International Conferencelmiormation
Technology: Research and Education (ITRE 2088)gust 10-13, 2003, Newark, New Jersey,
USA, pp. 113-117.

S-C. Chen, S. Hamid, S. Gulati, N. Zhao, M. ChenZkang, and P. Gupta, "A Reliable Web-
based System for Hurricane Analysis and Simuldtion,Proceedings of IEEE International
Conference on Systems, Man and Cybernetics ,2@tober 10-13, 2004, Hague, The
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IMSL Mathematical & Statistical Librariegttp://www.vni.com/products/imsl

Java Native Interfacéttp://java.sun.com/docs/books/tutorial/nativel.1/

Java Server Pages (TM) Technololiip://java.sun.com/products/jsp/
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Conover, W. J. (1999). Practical Nonparametrici§ttas, John Wiley, NY.
Draper and Smith (1998). Applied Regression Analydhn Wiley, New York.

Kibria, B. M. G. (2006). Applications of some dist# regression models for count data.
Pakistan Journal of Statistics and Operation Rekear(1), 1-16.

Greene, W. H. (2003). Econometric Analysis. Fifthitien, Prentice Hall, New Jersey.

Iman, R. L., Johnson, M. E. and Schroeder, T. (2D0Assessing Hurricane Effects.
Part 1. Sensitivity Analysis.

Iman, R. L., Johnson, M. E. and Schroeder, T. (BQ0@ssessing Hurricane Effects.
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Tamhane, A. C. and Dunlop, D. (2000). Statistia$ Bata Analysis, Prentice Hall, NJ.
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G-1.5 Provide a detailed description of all charsge the model from the prior year’s
submission

This is our first submission
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G-2 Qualifications of Modeler Personnel and Consult  ants

A. Model construction, testing, and evaluation shal | be performed by
modeler personnel or consultants who possess the ne cessary skills,
formal education, or experience to develop the rele  vant components for
hurricane loss projection methodologies.

The model was developed, tested, and evaluatednylt&disciplinary team of professors and
experts in the fields of meteorology, wind and fwwal engineering, computer science,
statistics, finance, economics, and actuarial seedhe experts work primarily at Florida
International University, Florida Institute of Tewlogy, Florida State University, University of
Florida, Hurricane Research Division of NOAA, anditérsity of Miami.

B. The model or any modifications to an accepted m  odel shall be reviewed
by either modeler personnel or consultants in the f ollowing professional
disciplines:  structural/wind  engineering (licensed Professional
Engineer), statistics (advanced degree), actuarial science (Associate or
Fellow of Casualty Actuarial Society), meteorology (advanced degree),
and computer/information science (advanced degree). These
individuals shall be signatories on Forms G-1 throu gh G-6 as applicable
and shall abide by the standards of professional co nduct if adopted by
their profession.

The model has been reviewed by modeler persondet@msultants in the required professional
disciplines. These individuals abide by the stadslaf professional conduct if adopted by their
profession.

Disclosures
1. Organization Background

A. Describe the ownership structure of the modelingganization. Describe
affiliations with other companies and the nature dhe relationship, if any.
Indicate if your organization has changed its namand explain the
circumstances.

The model was developed independently by a mudtigdiinary team of professors and experts.
The lead university is the Florida Internationalivémsity. The model was commissioned by the
FL- Office of Insurance Regulation.

B. If the model is developed by an entity other thamadeling company, describe
its organizational structure and indicate how pradptary rights and control
over the model and its critical components is exsed. If more than one entity
is involved in the development of the model, deserall involved.
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University of

Miami
Florida State (UM)
University
(FSU)
Atn’:l:stip?hngi(?;g?nr;;ﬁsipadtion Florida International University Office of Insurance Regulation
< » FIU - > OIR
Hurricane Research Division Lead(Uninzrsity Fund(ing Agency
(NOAA/HRD) Clients
University of
Florida
(UF) Florida Institute
of Technology
(FIT)

Figure 5. Organizational Structure

The Florida Office of Insurance Regulation contedctand funded Florida International

University to develop the Florida Public Hurricahess Model. The model is based at the
Laboratory for Insurance, Financial and Economisdaech, which is part of the International
Hurricane Research Center at Florida Internatidvaversity. The OIR did not influence the

development of the model. The model was develapddpendently by a team of professor,
experts, and graduate students working primarilyFlatida International University, Florida

Institute of Technology, Florida State Universityniversity of Florida, Hurricane Research
Division of NOAA, and University of Miami. The copght for the model belongs to OIR, but

Florida International University has long term hee to operate the model for commercial
purposes. Currently, FL-OIR is the main client ttoe model.

C. If the model is developed by an entity other thamadeling company, describe
the funding source for the model.
The model was funded by the state legislature atrdlquest of the Florida Office of Insurance
Regulation.
D. Describe the modeler’s services

Currently the modeler provides services to one majent, the FL-OIR. In the future the
modeler may make such services available to inseraampanies.
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E. Indicate how long the model has been used for amzatg insurance company
exposures or other such uses. Describe these uses.

The first version of the model was developed andpleted in May 2005, and was based on the
knowledge, and the limited data available priothte 2004, 2005 hurricane seasons. It was not
used for purposes of estimating loss costs forramste company exposures. Essentially, it was
an internal model that was never implemented.

The next version of the model was developed upoquianog a limited amount of
meteorological, engineering and insurance claina @lam the 2004-05 hurricane events. It was
implemented in March 2006. This version has beed tig process the insurance company data
on behalf of the Florida Office of Insurance Regjola

The current version 2.6 of the model has not besed for analyzing insurance company
exposures or other such uses. It was completedtigcand has been calibrated considerably for
the 2004 hurricanes, and includes updated windvahrability models

F. Indicate if the modeling organization has ever be@mvolved in litigation or
challenged by a statutory authority where the credity of one of its U.S.
hurricane model versions was disputed. Describe ttature of the case and the
conclusion.

None.

2. Professional Credentials

A. Provide in a chart format (a) the highest degree taimed (discipline and
University), (b) employment or consultant statusdatenure in years, and (c)
relevant experience and responsibilities of indivals involved in the primary
development of or revisions to the following aspeof the model:

Meteorology
Vulnerability
Actuarial Science
Statistics
Computer Science

arwnE

See below.
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Table 5. Professional credentials

D

Key Personnel I;)egrge/ University Employment Status Tenure Experience
Discipline
Meteorology:
Florida State Senior Atmospheric Scientist Meteorology wind field
Dr. Mark Powell Ph.D. Meteorology University HRD/NOAA 29 model
. Univ. Texas Scholar/Scientist Meteorology track,
Dr. Steve Cocke Ph.D. Physics Austin FSU, Dept of Meteorology 12 intensity, roughness model
. . . . Distinguish Professor, FSU,
Dr. TN Krishnamurti Ph.D. Meteorology Univ. of Chigo Dept of Meteorology 47 Meteorology
. MSc Meteorology, | Florida State .
Bachir Annane Msc Mathematics University Meteorologist 14 Meteorology
. University of Atmospheric Scientist Meteorology. Coding of the
Dr. George Soukup Ph.D. Physics | cpicago HRD/NOAA 26| \ind field model
Florida State -
Neal Durst BSc Meteorology University Meteorologist 24 Meteorology
Engineering:
Dr. Jean-Paul Pineli Ph.I_D. Cl\{ll Georgia Tech Ass_oc professor, CE Florida 12 Wind engineering,
Engineering Institute of Technology vulnerability functions
Ph.D. Civil Univ of Notre Assoc professor, CE Wind engineering,
Dr. Kurt Gurley - . - . 9 . )
Engineering Dame Univ of Florida simulations
Dr. C. Subramanian Ph.I_D. Meph University of New | Professor, Florida Institute of 24 StructL_lraI engineering
Engineering Castle Technology analysis
Do Ph.D. Civil Princeton Distinguish Professor, FIU . ’ .
Dr. Emil Simiu Engineering University and NIST Fellow 35 Engineering analysis
Actuarial/Finance:
Dr. Shahid Hamid Ph.D. Economics . Professor of Finance Florida )
; ) - Univ of Maryland . . . 19 Insurance and finance
Project manager, PI (financial) International University
Ph.D Agricultural Assac Professor of Environ Resource and agriculture
Dr. Mahadev Bhat ) ] Univ of Tennessee Studies & Econ, Florida Int’l 15 .
Economics ; . economics, demand surge
University
. . , . | Assistant Professor of Financial and Econometric
Dr. Duong Ngyue Ph.D Finance Florida Int’l Univ Finance, U-Mass. Dartmouth 1 Analysis
Aguedo Ingco FCAS, Actuary CAS President, AMI R&&n. 35 Reviewer, Demand Surge
Gail Flannery FCAS, Actuary CAS VP, AMI Risk Consultants 25 Rewvéz, Demand Surge
Computer Science
Ph.D. Electrical and -
Dr. Shu-Ching Chen computer Purdue University Associate Professor of 8 Software and database
. . Computer Science at FIU development
engineering
Ph.D. Electrical and Associate Professor of
Dr. Mei-ling Shyu computer Purdue University | Electrical and Computer 8 Software Quality Assuranc
engineering Engineering at Univ of Miami
Min Chen MS.C Computer Florida Int’l Univ Ph.D. Candidate FIU 3 Software and database
Science development
Msc Computer ) 0 . Software and database
Na Zhao Science Florida Int’l Univ Ph.D. Candidate FIU 3 development
Fausto Fleites B.S. Candidate Florida Int'l Uniy ~ SBCandidate FIU 6 Software development
Msc Electrical and University of
Guy Ravitz Computer Miami Y Ph.D. Candidate UM 1 Software Quality Assuran
Engineering
Florida
. - ) Msc Computer . Database Manager at HRD- Programmer and Database
Nirva Morisseau- Leroy Science Intc_arnat!onal NOAA 6 Manager
University
Statistics
I _ Univ of Western Assoc professor, Statistics, Statistical testing and
Dr. Golam Kibria Ph.D Statistics Ontario FIU 10 sensitivity analysis
Dr. S. Gulati Ph.D Statistics gg:r\(/)l?r::outh Professor, Statistics, FIU 14 Statistical tests
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B. Identify any new employees or consultants (sinttee previous submission)

working on the model.

Not applicable, First time submission.

C. Provide visual business workflow documentatiomnoecting all personnel
related to model design, testing, execution, maiaece, and decision-making.

Research and Modeling

Meteorology Team
Hurricane Simulation and Wind
Field Calculation
Dr. Mark Powell
Dr. Steven Cocke
Dr. George Soukup
Bachir Annane

Statistics Team
Statistical Testing,
Sensitivity Analysis,
and Support
Dr. Golam Kibria
Dr. Sneh Gulati
Dr. Duong Nguyen

Structural Engineering Team
Vulnerability Modeling and
Validation
Dr. Jean-Paul Pinelli
Dr. Kurtis Gurley
Dr. Chelakara Subramanian

v

Insured Loss Team
Insurance Loss Cost Estimation
Dr. Shahid Hamid
Dr. Duong Nguyen
Dr. Mahadev Bhat
Gail Flannery
Aguedo Ingco

L

System Development

Database Management
Schema Design, Database
Development and Maintenance
Min Chen

v

Software Engineering
Module Implementation and
System Integration
Dr. Shu-Ching Chen
Min Chen, Na Zhao

v

Quality Assurance
System Verification and Testing
Dr. Mei-Ling Shyu
Guy Ravitz

v

Documentation
Documentation Preparation and
Maintenance
Dr. Shu-Ching Chen
Kasturi Chatterjee

J

Data Verification
Result Checking and
Verification
Dr. Shahid Hamid
Dr. Shu-Ching Chen

Services

Technical Support
Data Processing and Technical
Services
Dr. Shu-Ching Chen
Na Zhao

I

Clients

Figure 6. Florida Public Hurricane Loss Model Workflow
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D. Indicate specifically whether individuals listeith A. and B. are associated with
the insurance industry, consumer advocacy group, amgovernment entity as
well as their involvement with consulting activigse

Dr. Mark Powell, Dr. George Soukup, Neal Dosrt, &hicva Morisseau - work for the Hurricane
Research Division of NOAA. Dr Simiu is a Seniorlbel at NIST.

3. Independent Peer Review

A. Provide dates of external independent peer revi¢hed have been performed on
the following components as currently functioning ithe model:

Meteorology
Vulnerability
Actuarial Science
Statistics
Computer Science

agrwnE

Dr. Gary Barnes, Professor of Meteorology at Ursitgrof Hawaii performed the external
review of the meteorology component in December62® made an on-site visit for several
days. He also reviewed the submission draft in 2607.

Aguedo Ingco, FCAS and Gail Flannery, FCAS, actsamand president and vice-president
respectively of AMI Risk Consultants in Miami, penfned the external review of the actuarial
component and submission in February 2007. Thewlameinvolved in the development of the
demand surge model.

The vulnerability, statistical and computer sciermmnponents were reviewed by modeler
personnel in February 2007.

B. Provide documentation of independent peer reviewsedaly relevant to the
modeler’s responses to the current Standards, isares, or Forms. Identify
any unresolved or outstanding issues as a resulthase reviews.

The written independent review of the wind compdney Dr. Gary Barnes is presented on
pages 297-300. No unresolved outstanding issuesimeafter the review.

Aguedo Ingco FCAS and Gail Flannery FCAS, perfornied independent review of the
actuarial component. They attended many on sitetings with the model team. They were
provided with the relevant submission documentsgetdvant forms, and supporting documents.
They conducted independent analysis of the A fantasked questions and provided feedback
and suggestions. Their questions were addressddhanfeedback and suggestions were acted
upon so that no unresolved outstanding issues rerAdetter from Aguedo Ingco is attached at
the end of this report. See form G-4.
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C. Describe the nature of any on-going or functiongelationship the organization
has with any of the persons performing the independ peer reviews.

Dr. Gary Barnes, Professor of Meteorology at Ursitgrof Hawaii, performed the external
review of version 2.0 meteorology component of tm@del. He has no on-going or functional
relationship to FIU or the modeling organizatiothey than as an independent reviewer. He did
not take part in the development or testing ofrtfuelel. His role in the model has been confined
to being an independent external reviewer.

Aguedo Ingco FCAS and Gail Flannery FCAS, perforniked independent review of the
actuarial component. They are also involved indéeelopment of the demand surge model.

4. Provide a completed Form G-1, General Standards EptCertification.
See Form G-1

5. Provide a completed Form G-2, Meteorologicaddards Expert Certification.
See Form G-2

6. Provide a completed Form G-3, Vulnerability &tdards Expert Certification.
See Form G-3

7. Provide a completed Form G-4, Actuarial StandarExpert Certification.
See Form G-4

8. Provide a completed Form G-5, Statistical Stands Expert Certification.
See Form G-5

9. Provide a completed Form G-6, Computer StandaEkpert Certification.

See Form G-6
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G-3 Risk Location

A. ZIP Codes used in the model shall be updated at  least every 24 months using
information originating from the United States Post al Service. The United
States Postal Service issue date of the updated inf ormation shall be
reasonable.

Our model acquires its ZIP Code data primarily frariird-party developer, which bases its
information on the ZIP-Code definitions issued bg tUnited States Postal Service. The
version we used has a USPS vintage of February.2006

B. ZIP Code centroids, when used in the model, shal | be based on population
data.

ZIP Code centroids used in the model are the ptipal@entroids, and are updated at least
every 24 months.

C. ZIP Code information purchased by the modeler sh  all be verified by the
modeler for accuracy and appropriateness.

The methodology employed by the vendor of our mdaletomputing population centroids
is identical to the computational methods promwdddiy the U.S. Census Bureau.
ZIP-Code information is also checked by expertsour model for consistency. Maps
showing the zip code boundaries and the associedetioids will be available to the
professional team for review.

Disclosures

1. List the current ZIP Code databases used by the glahd the components of the
model to which they relate. Provide the effecti{@ficial United States Postal
Service) date corresponding to the ZIP Code datasas

FPHLM uses Dynamap 5-Digit ZIP Codes distributedvgpinfo. The source of the data is
Geographic Data Technology, Inc. (GDT). GDT createzldata using a combination of its
DYNAMAP/2000 data, the United States Postal Ser(i¢8PS) ZIP+4 Data File, the USPS
National 5-Digit ZIP Code and Post Office DirectotdSPS ZIP+4 State Directories, and the
USPS City State File.

The ZIP Code data is updated quarterly. The releasesed in this submission has a Tele
Atlas (GDT, Inc.) vintage of 2006.2 (April 2006)cia USPS vintage of February 2006. 5-
Digit ZIP Codes aligns with StreetPro v9.1, MapMarkPlus v11.3, Routing J Server
v2006.2, and Census Boundary Products v8.1.

The ZIP Code data is used in the Wind Field Modlghe model.
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2. Describe in detail how invalid ZIP Codes are handle

A ZIP Code is defined to be “invalid” if it does thmatch the list of currently valid ZIP
Codes. Exposure in any invalid ZIP Code is not nextie
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G-4 Independence of Model Components

The meteorological, vulnerability, and actuarial co mponents of the model
shall each be theoretically sound without compensat ion for potential bias
from the other two components.

The meteorology, vulnerability, and actuarial comgats of the model are theoretically sound
and were developed and validated independentlyddi@ng integrated. The model components

were tested individually.
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Form G-1: General Standards Expert Certification

Pablec
[ hereby certify that I have personally reviewed the submission of Florida Hurricane Loss Model
(Name of Model)
Version for compliance with the 2006 Standards adopted by the Florida
Commission on Hurricane Loss Projection Methodology and hereby certify:

26

1) that the model meets the General Standards (G1 — G4),

2) that the Disclosures and Forms related to the General Standards section contain accurate,
reliable, unbiased, and complete information,

3) that my review was completed in accordance with the professional standards and code of
ethical conduct for my profession, and

4) that in expressing my opinion I have not been influenced by any other party in order to
bias or prejudice my opinion.

Dr. Shahid Hamid Ph.D. Economics (Financial), CFA
Name Professional Credentials (Area of Expertise)
) J /4 a4 "VM/ February 27. 2007
Signature (original submission) Date
’ ’ o
'/,f'/7[2':¢'§b\/*/ :3/; //)} o 7
gﬁénamm (response to Dcﬁciencies, if any) Date
77
or /Z/Z%-—y// Va5 %‘{Am7
Signature Date
/ 7 L A fadk /7 oo’
S oot

Signature (final submission) Date

An updated signature is required following modifications to the model and any revisions to the
original submission,

NOTE: A facsimile or any properly reproduced signature will be acceptable to meet this
regquirement.
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Mm %&a%u

I hereby certify that I have personally reviewed the submission of HMM ?4
(Name of Model)

Version 26 for compliance with the 2006 Standards adopted by the Florida
Commission on Hurricane Loss Projection Methodelogy and hereby certify:

I} that the model meets the Meteorolegical Standards (M1 — M6),
2y that the Disclosures and Forms related to the Meteorological Standards section contain
accurate, reliable, unbiased, and complete information,
3} that my review was completed in accordance with the professional standards and code of
ethical conc iuu for my profession. and
43 sn at jf my opinion | have not been influenced by any other party in order to
rejudice my opinion.

Qe "L» QW Ph.D. Coavinredd Sei (wzmwm»;

| e )(
,\y \ Professional Credent 1als (Area of Expertise}

wal submission) Date

g o
77 ,,/z”%-//7 3-Ri-200 7
Slananfid {Mxpmu to Deficier cifany) Date
/%////}M/; vas Y-24- 209 7
Signature / Date

{~11- 200 F

Signature (final submission) Date

An upda
original submission

ed signe

s 1s required following modifications to the model and any revisions to the

NOTE: A facsimile or any

requirement,

reproduced  si

e o meet tns
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6

}C'g. LJR-‘L -

I hereby certify that I have personally reviewed the submission of Florida Hurricane Loss Model.
(Mame of Model)

Version__~, for compliance with the 2006 Standards adopted by the Florida

Commission on Hurricane Loss Projection Methodology and hereby certify:

1} that the model meets the Vulnerability Standards (V1 - V2),

2) that the Disclosurss and Forms related to the Vulnerability Standards section contain
sccurate, reliable, unbigsed, and complete information,

3) that my review was completed in accordance with the professional standards and code of
sthical conduct for my profession, and

4) that in expressing my opinion I have not been mnfluenced by any other party in order to

bias or prejudice my opinion.

Jean-Paul Pinelli, PhD, PE

Nams

-;\H -

PhD in structural engineering
Florida PE lic No 33310
Professional Credentials (Area of Expentise)

2123707 o
Signate(original submission) Date
N A T ik Yiva
ionanyd (rdsponse to Deficiencies, if any) Date
-, 42807
n ,/(//k_' C Va5 ! 4 6 o
Sign@a\ il 7 ' Date

régapdre (fihal submission)

£/1/0/

Diate

An updated signature is required following modifications to the model and any revisions lo the

original submission.

NOTE: A facsimile or dny properly reproduced signature will be acceptable 1o meet this

requirement.
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Publee
on of FLORIDA HURRICANE LOSS MODEL

[ hereby certify that I have personally reviewed the submissi

26 (Name of Model)
Version ) for compliance with the 2006 Standards adopted by the Florida
Commission on Hurricane Loss Projection Methodology and hereby certify:

1) that the model meets the Actuarial Standards (Al — A10),

2) that the Disclosures and Forms related to the Actuarial Standards section contain
accurate, reliable, unbiased, and complete information,

3) that my review was completed in accordance with the professional standards and code of
ethical conduct for my profession, and

4) that in expressing my opinion I have not been influenced by any other party in order to
bias or prejudice my opinion.

AGUEDO M. INGCO FCAS, MAAA, ARM, CPCU

Name Professional Credentials (Area of Expertise)
A FEBRUARY 27, 2007

Signat‘ﬁre (oriéinal submission) Date

Had Aoty FCAS MANR Maceh al, 3007

Signature (response t0 Deficiencés, if any) Date
¥id V-5 i\//\ﬂ/\/{ [ Ve 7
Signature (final submission) Date | !
/R n
'\l/i’ }‘:\ﬁ’”;\{}"/ V.2 ‘b |§~lu“/\/\/& l[ - / 1 L
Signature (final submission) Date

An updated signature is required following modifications to the model and any revisions to the
original submission.

NOTE: A facsimile or any properly reproduced signature will be acceptable to meet this
requirement.
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Form G-5: Statistical Stande

ertification

Pubhe
[ hereby certify that I have personally reviewed the submission of Fl(mdaﬂHun‘icane Loss Model
26 “(Name of Model)
Version . for compliance with the 2006 Standards adopted by the Florida

Commission on Hurricane Loss Projection Methodology and hereby certify:

1) that the model meets the Statistical Standards (S1 - S6),

2) that the Disclosures and Forms related to the Statistical Standards section contain
accurate, reliable, unbiased, and complete information,

3) that my review was completed in accordance with the professional standards and code of

ethical conduct for my profession, and

4) that in expressing my opinion I have not been influenced by any other party in order to

bias or prejudice my opinion.

B. M. Golam Kibria

Name N
P /

//)( 5
4 ,
/ 'y
{ o A o™
L ;?’/‘w’/’f/" /1

Signature (original submission)
P

PhD in Statistics
Professional Credentials (Area of Expertise)

2/23/07
Date

Mﬂ?"ﬁﬁ ‘%/z ’ /7

Signature (response to Deficiencies, if any)
S

2 ?‘Qé Yil. ViEs

Date

dpil 20 ¢ F

Signature A

/ ‘ ,‘/?4/,
4'/ "!"?) (-

Daté

g asis o P
Jom 19 57

Signature (finalsubmission)

7/
Date

An updated signature is required following modifications to the model and any revisions to the

original submission.

NOTE: A facsimile or any properly reproduced signature will be acceptable to meet this

requirement.
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Form G:=6: Compe

ter Standards Expert Certification

Dublhe
I hereby certify that [ have personally reviewed the submission of ﬂon‘dc[z}ium‘cane Loss Model_
26 (Name of Model)
Version e for compliance with the 2006 Standards adopted by the Florida
Commission on Hurricane Loss Projection Methodology and hereby certify:

1) that the model meets the Computer Standards (C1 - C7),

2) that the Disclosures and Forms related to the Computer Standards section contain
accurate, reliable, unbiased, and complete information,

3) that my review was completed in accordance with the professional standards and code of
ethical conduct for my profession, and

4) that in expressing my opinion I have not been influenced by any other party in order to
bias or prejudice my opinion.

=1 4 ; / 751 . Do o
PAD in Bl ad and Lureparey ENINETIN
,‘ ‘/

Shu-Ching Chen £ in Computer Science_ v
Name Professional Credentials (Area of Expertise)

e ;

~ 7
e 2123/07
Signature (original submission) Date
o b AT v / /
T T T S/’ (9 / o'

Signature (response to Deficiencies, if any) Date

P R Y Y

Signature Date

—

= o2 LS e

" e

Signature (final submission) Date

An updated signature is required following modifications to the model and any revisions to the
original submission,

NOTE: A facsimile or any properly reproduced signature will be acceptable to meet this
requirement.
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METEOROLOGICAL STANDARDS

M-1 Base Hurricane Storm Set*
(*Significant Revision)

For validation of landfall and by-passing storm fre guency in the stochastic storm

set, the modeler shall use the latest updated Offic  ial Hurricane Set or the National
Hurricane Center HURDAT as of June 1, 2006 or later . Complete additional
season increments based on updates to HURDAT approv ed by the Tropical
Prediction Center/National Hurricane Center are acc eptable modifications to
these storm sets. Peer reviewed atmospheric scienc e literature can be used to
justify modifications to the Base Hurricane Storm S et.

M-1.1 Identify the Base Hurricane Storm Set, thelease date, and the time period included
for landfall and by-passing storm frequencies.

The National Hurricane Center HURDAT file from Ju?@06 for the period 1900-2005 is used
to establish the official hurricane base set usedur model. All HURDAT storm tracks that
have made landfall in Florida or bypassed Floridagassed close enough to produce damaging
winds, are documented in our archives.

M-1.2 If the modeler has modified the Base HurricanStorm Set, provide justification for
such modifications.

NWS-38 was used to make modifications to the basa/kere there were gaps in the HURDAT
information. Complete documentation on our baseisdbund on the NOAA AOML-HRD
website at:

http://www.aoml.noaa.gov/hrd/lossmodel/

Region Adifferences:

* Storm 3 1903 - Second landfall in Region A, wepked adjusted to agree with Ho et al. and
HURDAT.

* Storm 1 1911 - Becomes Storm 2 1911, as ditiadal storm was added to the latest
version of HURDAT. Wind at landfall adjusted to egrwith HURDAT and pressure wind
relationship.

* Storm 4 1912 - Not counted as a landfall eglon A. Kept as a landfall in Region F.

* Storm 3 1917 - Pressure and wind at landfdjusted to agree with HURDAT.

* Storm 6 1926 - Put in By-pass column NOT radiall in Region A. Kept as a landfall in
Region F.

* Storm 2 1929 - Landfall pressure adjusteddoee with HURDAT.

* Storm 2 1939 - Pressure at exit adjustedgte@with pressure wind relationship.

* Storm 5 1941 - Winds at landfall adjustecatyee with HURDAT.

* Gladys 1968 - Winds at landfall adjusted ¢peee with HURDAT.
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* Agnes 1972 - Pressure and winds at landtjlisted to agree with HURDAT.

* Eloise 1975 - Winds at landfall adjusted tpee with HURDAT.

* Kate 1985 - Pressure and winds at landfglistéd to agree with HURDAT. This upped the
S-S Category to 2.

* Jeanne 2004 - Base Set shows an exit in Refiat hurricane strength, but HURDAT does
not have the eye cross the coast in this Regmaddlition, by the time the center was near
this coast, Jeanne had slipped below hurricaregtn. So we show no Exit in Region A
for Jeanne.

* Dennis 2005 - Winds at landfall adjusted ¢peee with HURDAT.

Region B differences:

* Storm 2 1906 - Base Set shows entry in Regi@n@ no exit. HURDAT shows entry in
Region B and exit in Region C. Landfall values apelied to Region B entry, and
corrected exit values applied to Region C.

* Storm 8 1906 - Pressure at landfall adjustedgree with HURDAT.

* Storm 8 1909 - This is now Storm 10 1909 @wversion of HURDAT. Instead of a bypass
in Region C, landfalls in Region B and C were abifite a strike in the Florida Keys.
Pressure and winds adjusted to agree with Ha et al

* Storm 5 1910 - Base set uses pressure andkvitom a ship report as reported in Ho, et al.
However, landfall values were for a weaker stdmessure, wind, and category at land
fall adjusted.

* Storm 2 1929 - Seafall in Region B added.

* Storm 6 1935 - Pressure at exit adjusted ugwaagree with inland decay model. Base set
keeps pressure the same as at landfall.

* Storm 5 1941 - Pressure at exit adjustedgte@awith inland decay model.

* Storm 4 1947 - Pressure at seafall adjustedver land decay.

* Storm 7 1948 - Pressure at landfall adjustepressure-wind relationship.

* Storm 8 1948 - Base Set designates only Ehuoif Region C. HURDAT track shows initial
landfall in Region B as a Category 3 hurricane.

* Donna 1960 - Winds at landfall adjusted toesgwith HURDAT.

* Inez 1966 - Pressure and winds at landfglistéd to agree with HURDAT.

* Andrew 1992 - Pressure and winds at seathllsied to agree with HURDAT.

* [rene 1999 - Winds at landfall adjusted toesgwith HURDAT.

* Charley 2004 - Pressure and winds at lan@fdjlisted to agree with HURDAT.

* Frances 2004 - HURDAT shows Frances belowibamne strength when it exits Region B.
Therefore there is no exit shown.

* Jeanne 2004 - Base Set shows an exit in Regjiat hurricane strength, but HURDAT does
not have the eye cross the coast in this Regmaddlition, by the time the center was
near this coast, Jeanne had slipped below hugisaength. So we show no exit in
Region B for Jeanne.

* Katrina 2005 - Exit in Region B added, as HDURT maintains it at hurricane strength
during seafall.

* Wilma 2005 -Winds at landfall adjusted to egwith HURDAT.
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Region C differences:

* Storm 3 1903 - Winds and category at landfajuated to agree with HURDAT.

* Storm 2 1906 - Base Set shows entry in Regi@n@no exit. HURDAT shows entry in
Region B and exit in Region C. Landfall values apelied to Region B entry, and
corrected exit values applied to Region C.

* Storm 1 1926 - Landfall moved from Region D tedion C to comply with Fla. Commission's
regional definition. Also winds at landfall redalce» Category 1 to agree with HURDAT.

* Storm 6 1926 - Pressure and wind adjusted teeagith HURDAT.

* Storm 2 1939 - Pressure at landfall adjustedgieee with HURDAT.

* Storm 8 1947 - Pressure and winds at landfglistdd to pressure-wind relationship.

* Storm 8 1948 - Base Set shows Category 1 wili@Senph at landfall. HURDAT shows
winds of 110 to 127 mph around landfall, at minimar@ategory 2 at landfall. Also,
initial landfall was in the Florida Keys at a Categ 3.

* King 1950 - Because of possible error in sequesfatays in HURDAT landfall pressure is
very high. Nevertheless our pressure is set toeagith HURDAT.

* Cleo 1964 - Pressure and winds at landfall agjgiso agree with HURDAT.

* Betsy 1965 - Winds adjusted to agree with HURDAT.

* David 1979 - Pressure and winds at landfall ajd$o agree with HURDAT.

* Charley 2004 - Exit in Region C not used.

* Katrina 2005 - Pressure and winds at landfaluatid to agree with HURDAT.

* Wilma 2005 - Pressure and winds at landfall atdjdgo agree with HURDAT.

Region D differences:

* Storm 1 1926 - Moved from Region D to Region Gtaply with FL Commission's regional
definition.

* Dora 1964 - Winds at landfall adjusted to agrethwiURDAT.

* Gladys 1968 - Pressure and winds at exit adjustiejree with HURDAT.

* Charley 2004 - Pressure adjusted to agree wittW/tl.

Region E differences:

* Storm 3 1940 - Category adjusted to agree withdsi
* Storm 8 1947 - Category adjusted to agree withdsi

Region F differences:

Storm 6 1926- Changed landfall from region Aegion F.
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By-pass differences:

* Storm 8 1909 - This is now Storm 10 1909 in neaxsion of HURDAT. Instead of a bypass
in Region C, landfalls in Region B and C were adibed strike in the Florida Keys.
Pressure and winds adjusted to agree with Ho et al.

* Storm 3 1912 - This is now Storm 4 1912 invneersion of HURDAT. Added as a
bypassing storm for region A.

* Baker 1950 - By-passing of Region A added.

* Frederic 1979- By-passing of region A.

* Danny 1997 - By-pass in Region A added.

* lvan 2004 - Pressure and Winds at by-pasdamdfall adjusted to agree with H*Wind
analysis.

* Rita 2005 - Pressure and Winds at by-passsaeljl to agree with HURDAT.

References:
HURDAT is the primary source of data for the baseused by the Public model. We have also

used data from NWS-38, which is discussed in théadag®m on our web site at:
http://www.aoml.noaa.gov/hrd/lossmodel/

A comprehensive list of peer-reviewed literatudevant to hurricanes in the base set (but not the
basis for modifications of the Base Set) is dedilielow:

HURDAT: The Atlantic Hurricane Database, June 2006
Available from: www.nhc.noaa.gov

Ho, F., J.C. Su, KI.L. Hanevich, R.J. Smith, anB.Richards, 1987:"Hurricane climatology for
the Atlantic and Gulf coasts of the United StatR€)AA Technical Memorandum, NWS-38,
193pp.

Jarvinen, B. R., C. J. Neumann, and M. A. S. Dal®84: A tropical cyclone data tape for the
North Atlantic basin, 1886-1963: Contents, Limibau$, and Uses. NOAA Tech. Memo NWS
NHC 22, National Hurricane Center, 22 pp

Landsea, C. W., C. Anderson, N. Charles, G. CldrkpPunion, J. Fernandez-Partagas, P.
Hungerford, C. Neumann, and M. Zimmer, 2004: Th&aitic hurricane database re-analysis
project: Documentation for the 1851-1910 alteragiamd additions to the HURDAT database.
"Hurricanes and Typhoons: Past, Present, and FulRi®& Murname and K-B Liu, Editors,
Columbia University Press, p. 177-221

Additional references organized by storm name:
Wilma 2005
Houze Jr., R. A., S. S. Chen, W-C Lee, R. F. Rggd. A. Moore, G. J. Stossmeister, M. M.

Bell, J. Cetrone, W. Zhao, and S. R. Brodzik, 200'he Hurricane Rainband and Intensity
Change Experiment: Observations and Modeling ofridames Katrina, Ophelia, and Rita",
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Bulletin of the American Meteorological Society, Mme 87, Issue 11 (November 2006) pp.
1503-1521

Oey, LY, Ezer, T, Wang, DP, et al., 2006: "Loop f@at warming by Hurricane Wilma",
Geophys Res Lettr, Vol. 33 No. 8 (APR 29, 2006)

Rita 2005

Houze Jr., R. A., S. S. Chen, W-C Lee, R. F. Rggd. A. Moore, G. J. Stossmeister, M. M.
Bell, J. Cetrone, W. Zhao, and S. R. Brodzik, 200'he Hurricane Rainband and Intensity
Change Experiment: Observations and Modeling ofridames Katrina, Ophelia, and Rita",
Bulletin of the American Meteorological Society, Mme 87, Issue 11 (November 2006) pp.
1503-1521

Katrina 2005

Houze Jr., R. A., S. S. Chen, W-C Lee, R. F. Rggd. A. Moore, G. J. Stossmeister, M. M.
Bell, J. Cetrone, W. Zhao, and S. R. Brodzik, 00'he Hurricane Rainband and Intensity
Change Experiment: Observations and Modeling ofridames Katrina, Ophelia, and Rita",
Bulletin of the American Meteorological Society, Mme 87, Issue 11 (November 2006) pp.
1503-1521

Kafatos, M., D. L. Sun, et al., 2006: "Role of aradous warm gulf waters in the intensification
of Hurricane Katrina", Geophys Res Lettr, VolumeNaBnber 17 (Sept. 1 2006)

Shen, B. W., R. Atlas, et al., 2006: "Hurricaneefmasts with a global mesoscale-resolving
model: Preliminary results with Hurricane Katrin2005)", Geophys Res Lettr, Volume 33
Number 13 (July 14 2006)

Elsner, J. B., T. H. Jagger, A. A. Tsonis, 2006stlfBated return periods for Hurricane Katrina",
Geophys Res Lettr, Volume 33 Number 8 (April 19&00

Dennis 2005

Morey, S. L., S. Baig,, et al., 2006: "Remote fagccontribution to storm-induced sea level rise
during Hurricane Dennis", Geophys Res Lettr, V8.N&. 19 (OCT 4, 2006)

lvan 2004

Panchang, V. G. and D. Li, 2006: "Large Waves le Gulf Of Mexico Caused By Hurricane
lvan”, Bulletin of the American Meteorological Sety, Volume 87, Issue 4 (April 2006) pp.
481-489

Barrett, B.S., L. M. Leslie, and B. H. Fiedler,050 "An Example of the Value of Strong
Climatological Signals in Tropical Cyclone Trackréocasting: Hurricane lvan (2004)", Monthly
Weather Review, Volume 134, Issue 5 (May 2006)1j568—1577

Wang, D. W., D. A. Mitchell, W. J. Teague, et @005: "Extreme waves under Hurricane Ivan",
Science Volume 309 Number 5736 (August 5 2005)35 306
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Mitchell, D. A., W. J. Teague, E. Jarosz, et aD02 "Observed currents over the outer
continental shelf during Hurricane Ilvan", GeophyssR.ettr, Volume 32 Number 11 (June 11
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M-2 Hurricane Characteristics

Methods for depicting all modeled hurricane charact eristics, including but
not limited to wind speed, radial distributions of wind and pressure,
minimum central pressure, radius of maximum winds, strike probabilities,
tracks, the spatial and time variant wind fields, a  nd conversion factors,
shall be based on information documented by current ly accepted scientific
literature.

All methods used to depict storm characteristies lmased on methods described in the peer-
reviewed scientific literature. Data sets were tgwed by our scientists using data from
published reports, the HURDAT database, archivéservations, and analyses at NOAA's
Hurricane Research Division, The Florida State ©rsity, Florida International University, and
the Florida Coastal Monitoring Program.

M-2.1 Identify the hurricane characteristics (e,gcentral pressure or radius of maximum
winds) that are used in the model. Describe thestbrical data used for each of these
characteristics identifying all storms used.

Characteristics modeled include the annual occoeraate, seasonal genesis time, the storm
track (translation speed and direction of the sjpmadius of maximum wind (Rmax), Holland
surface pressure profile parameter (B), the minimeentral sea-level pressure (Pmin), the
damage threshold distance, and the pressure de@fuaction of time after landfall.

The annual occurrence rate, seasonal genesis éintestorm motion are modeled using the
HURDAT database (June 2006). For pressure decayseethe Vickery (2005) decay model.
Vickery developed the model based on pressure whisens in HURDAT and NWS -38,
together with Rmax and storm motion data as desdriim the publication. The radius of
maximum winds at landfall is modeled by fitting angma distribution to a comprehensive set of
historical data published in NWS-38 by Ho et aB8T) but supplemented by the extended best
track data of DeMaria, NOAA HRD research flight aaand NOAA-AOML-HRD H*Wind
analyses (Powell et al., 1996, 1998).

Additional research was used to construct an hestbtandfall Rmax-Pmin database using
existing literature (Ho et al 1987), extended lbestk data collected by Dr. Mark DeMaria, HRD
Hurricane field program data, and the H*Wind winthlysis archive. We develop a n&max
model using the revised landf&maxdatabase which includes 108 measurements for stopm
to 2005. We have opted to model fRmaxat landfall rather than the entire basin for detgrof
reasons. One is that the distribution of landRaftaxmay be different than that over open water.
An analysis of the landfaRmaxdatabase and the 1988-2007 DeMaria Extended Bask Tata
shows that there appears to be a difference id¢pendence dmaxon central pressur@&in)
between the two data sets. The landfall data seviges a larger set of independent
measurements, more than 100 storms compared td dbhatorms affecting the Florida threat
area region in the Best Track Data. Since landRallaxis most relevant for loss cost estimation,
and has a larger independent sample size, we s to model the landfall data set. Future
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studies will examine how the Extended Best Trackalan be used to supplement the landfall
data set.

Based on the semi-boundedness and skewneBsnak we sought to model the distribution
using either a log normal or gamma distributioningsmaximum likelihood estimators, we
found the parameters for a log normal distributiomep=3.15,5°=0.2327, and for the gamma
distribution,k=5.53547,0=4.67749. With these parameters, we show a plttebbserved and
expected distribution for log normal and gammaiguFe 7. TheRmaxvalues are binned in 5 sm
intervals, with thex-axis showing the end value of the interval.

The gamma distribution proved to be a better fitCA square goodness of fit test shows that
using a log normal distribution yieldgpavalue of 0.41, while for a gamma distributionsitd.71.
The log normal also has a longer tail, which irdtathe variance somewhat and leads to a greater
probability of excessively large storms. On thissibawe have opted to use the gamma
distribution function for the stochastic model.

Lognormal vs Observed Gamma vs Observed
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175 [ Observed 175 [ Observed
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Figure 7. Comparison of observed landfall Rmax (smglistribution to Lognormal (left) and
Gamma distribution fits of the data.

An examination of th&maxdatabase shows that intense storms, essentabfigary 5 storms,
have rather small radii. Thermodynamic considenatiQ/Villoughby, 1998) also suggest that
smaller radii are more likely for these storms. §hwe model category ®¢€lp>90 mb, where
Delp=1013Pmin and Pmin is the central pressure of the storm) storms usingamma
distribution, but with a smaller value of tkeparameter, which yields a smaller mdamaxas
well as smaller variance. We have found that foteGary 1-4 Delp<80) storms there is
essentially no discernable dependenc&®uwfaxon central pressure. This is further verified by
looking at the mean and varianceRrhaxin each 10 mb interval. Thus we model category 1-4
storms with a single set of parameters. For a gawistabution, the mean is given kg, and
variance ik&?. For category 5 storms, we adjdssuch that the mean is equal to the mean of the
three category 5 storms in the database: 1935 NoelNa969 Camille and 1992 Andrew. An
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intermediate zone betwe&elp=80 mb andDelp=90 mb is established where the mean of the
distribution is linearly interpolated between that€yory 1-4 value and the Category 5 value. As
the 6 value is reduced, the variance is likewise redu&gace there are insufficient observations
to determine what the variance should be for Catefastorms, we rely on the assumption that
variance is appropriately described by the re-soajevia ko?.

A simple method is used to generate the gammahiigdd values. A uniformly distributed
variable, a product of the random number genetialr is intrinsic to the Fortran compiler, is
mapped onto the range Bimaxvalues via the inverse cumulative gamma distrdsufunction.
For computational efficiency, a lookup table is dis®r the inverse cumulative gamma
distribution function, with interpolation betweeabte values. Figure 8 shows a test using
100,000 samples d&dmaxfor Category 1-4 storms, binned in 1 sm intervatg] compared with
the expected values.

Simulated vs Theoretical Dist. of Rmax
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Figure 8. Comparison of 100,000 Rmax values samplém the Gamma distribution for
Cat 1-4 storms to the expected values.

For category 5 and intermediate category 4-5 stomesutilize the property that the gamma
cumulative distribution function is a function dx/6). Thus, by re-scaling, we can use the
same function (lookup table), but just rescal®may. The rescale®®Rmaxwill then still have a
gamma distribution, but with different mean andiaace.

The storms in the stochastic model will undergotre¢ipressure changes during the storm life-

cycle. When a storm is generated, an appropRab@xis sampled for the storm. In order to
assure the appropriate mean valueRmfxas pressure changes, fRmaxis rescaled every time
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step as necessary. As long as the stormDieis< 80 mb, there is in effect no rescaling. In the
stochastic storm generator, we limit the rangRmmiaxfrom 4 sm to 60 sm.

Recent research results by Willoughby and Rahn4p@@&sed on the NOAA-AOML-HRD
annual hurricane field program and Air Force re@ssance flight-level observations are used
to create the Holland B model. Ongoing researctherrelationship between horizontal surface
wind distributions (based on Stepped Frequency dWerve Radiometer observations) to flight
level distributions is used to correct the flight¢l Rmax to a surface Rmax, when developing a
relationship for the Holland B term. We multiplyettilight level Rmax (from the Willoughby
and Rahn (2004) data set) by 0.815 to estimatsulface Rmax (based on SFMR, flight level
maxima pair data). This adjustment keeps the Hdlfaressure profile parameter consistent with
a surface Rmax, and (due to the negative termaretjuation) produces a larger value of B than
if a flight-level value of Rmax were used. Thi@nsistent with the concept of a stronger radial
pressure gradient for the mean boundary layertblaib at flight level (due to the warm core of
the storm), which agrees with GPS dropsonde windilprobservations showing boundary layer
winds that are stronger than those at the 10,0G0gtt level (which is the level for the most of
the B data in Willoughby and Rahn 2004). The Buatipent for a surface Rmax produces an
overall stronger surface wind field than if B weret adjusted. In addition, surface pressures
from the “Best track” information on HURDAT are wsé associate a particular flight-level
pressure profile B with a surface pressure.

The NOAA-AOML- HRD H*Wind analysis archive was ustaldevelop a relationship between
Rmax and the extent of damaging winds to make thatethe model would only consider zip
codes with potential for damaging winds. HRD wimadeling research initiated by Ooyama
(1969), and extended by Shapiro (1983) has beeth tasdevelop the HRD wind field model.
This model is based on the concept of a slab bayndsger model, a concept pioneered at
NOAA-AOML- HRD and now in use by other modelers figk applications (e.g. Thompson
and Cardone 1996, Vickery and Twisdale 1995, 2000he HURDAT historical database is
used to develop the track and intensity model.tddisal data used for computing the potential
intensity is based on NCEP sea surface temperatoteives and the NCEP reanalysis for
determining the upper tropospheric outflow tempeest. Furthermore the ability of the model
to simulate possible future climate scenarios dilielo, La Nina, and warm or cold interdecadal
periods is based on research on climate cycleadirdd (Bove et al, 1998, Landsea et al., 1999,
Goldenberg et al., 2001). Climate scenarios &abted in Version 2.6 of the Florida Public
Hurricane Loss Model. Use cases describing thewanmodel functions and their research basis
are available with the model documentation.

M-2.2 Describe the dependencies among variablethm wind field component and how they
are represented in the model.

B depends linearly on Pmin, latitude, and Rmaxe @hadient wind for the slab boundary layer
depends on Pmin (through DelP) and B, the mean @kfetary boundary layer (PBL) wind

depends on the gradient wind, the drag coeffici@itich depends on wind speed), the air
density, the gradients of the tangential and radahponents of the wind, and the Coriolis
parameter (which also depends on latitude). Thel\figld model solves the equations of motion

FPHLM V2.6 2007 77



on a polar grid with a 0.1 R/Rmax radial grid resgi@n. The input Rmax is reduced by 10% to
correct a small bias in Rmax caused by a tendehdiieowind field solution to place Rmax
radially outward by one grid point. The wind fieldodel terms and dependencies are further
described in Powell et al., 2005.

M-2.3 Describe the process for converting gradieninds to surface winds including the
treatment of the inherent uncertainties in the coension factor with respect to location of the
site compared to the radius of maximum winds oviené. Justify the variation of the gradient
to surface winds conversion factor relative to higane intensity.

Gradient winds are not converted to surface wimdghis model. Gradient winds are used to
help estimate the initial slab planetary boundamget (PBL) winds in a given storm. The PBL
winds depart from gradient balance due to the &ffef friction and the radial advection of
tangential momentum. The PBL winds are adjustethé&surface using recent results from
Powell et al., 2003 which estimated a mean redandiator of 77.5%, based on over 300 GPS
sonde wind profile observations in hurricanes. Téauction factor is based on the ratio of the
surface wind speed at 10 m to the mean wind spmetid 0-500 m layer (Mean Boundary Layer
wind speed or MBL) published in Powell et al., 200fhis ratio is much more relevant to a slab
boundary layer model than using data based on higleonnaissance aircraft flight levels. The
depth of the slab boundary layer model is assignedlue of 450 m, which is the level of the
maximum mean wind speed from GPS sonde wind psofileblished in Powell et al., 2003. The
uncertainty of the reduction factor is ~8% basedhenstandard deviation of the measurements,
but no attempt is made to model this uncertaimNg. spatial or intensity dependent variation of
reduction factor is used at this time.

M-2.4 Describe how the wind speeds generated inwhed field model were converted from
sustained to gust and identify the average time.

Wind speeds from the HRD slab boundary layer wiett fmodel are assumed to represent 10
min averages. A sustained wind is computed byyapgpla gust factor to account for the highest

1 min wind speed over the 10 min period. A peakBst is also computed. Gust factors depend
on wind speed and the upstream fetch roughnesshviiturn depends on wind direction at a

particular location. Gust factor calculations weeveloped using research in the Engineering
Sciences Data Unit (ESDU) series papers as sumadadnd applied to tropical cyclones by

Vickery and Skerlj (2005).

M-2.5 Describe how the asymmetric nature of hurrizas is considered in the model.

The asymmetry of the wind field is determined bg ttorm translation motion (right-left
asymmetry), and the associated asymmetric surfed®f. A set of form factors for the wind
field also contribute to the asymmetry. The pragmof the storm to land also introduces an
additional asymmetry due to the affect of land towaps elements on the flowzimuthal
variation is introduced thru the use of two fornotéas (see Appendix of Powell et al., 2005 for
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more detail). The form factors multiply the radiahd tangential profiles and provide a
“factorized” ansatz for both the radial and tangegnstorm—relative wind components. Each
form factor contains three constant coefficientsolwlare variationally determined in such a way
that the ansatz constructed satisfies (as fasasniinerical degrees of freedom permit) the scaled
momentum equations for the storm-relative polarddomponents.

M-2.6 Describe the stochastic hurricane tracks adidcuss their appropriateness. Describe
the historical data used as the basis for the mélblrricane tracks.

The hurricane tracks are modeled as a Markov psodeisial storm conditions are derived from
HURDAT. Small uniform random perturbations are atide the historical initial conditions,
including initial storm location, change in moti@and intensity.

Storm motion is determined by sampling empiricakributions, based on HURDAT, of change
in speed and change in direction, as well as changsative intensity. These functions are also
spatially dependent, binned in variable box sizgpically 2.5 degree), and are enlarged as
necessary to ensure sufficient density of stormsghi® distribution.

The model has been validated by examining key tame statistics at roughly 30 sm milepost
locations along the Gulf and Atlantic coasts. Tlaeameters examined include average central
pressure deficit, average heading angle and spesadl,total occurrence by Saffir-Simpson
category.

Figure 9 shows a sample of the generated stochestis.

M-2.7 Describe how the coastline is segmented (@artifoned) in determining the parameters
for hurricane frequency used in the model. Providiee hurricane frequency distribution by
intensity for each segment.

The model does not use coastline segmentationtéordime hurricane frequency.

M-2.8 For hurricane characteristics modeled as ramwh variables, describe the probability
distributions.

Initial storm positions and motion changes derifredn HURDAT are modified by the addition
of small uniform random error terms. Subsequentnstonotion change and intensity are
obtained by sampling from empirically derived PSsdescribed in Section G-1.2. The random
error term for the B parameter is a normal distitouwith zero mean and a standard deviation
derived from observed reconnaissance aircraft pregzofile fits for B (Willoughby and Rahn
2004). The radius of maximum winds is sampled flagamma distribution based on landfall
Rmax data.
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Figure 9. Representative stochastic hurricane track simulated by the FPHLM.

M-2.9 Identify any changes in the functional represtation of hurricane characteristics
during an individual storm event life cycle.

Upon landfall, the evolution of the central pregsahanges from sampling a PDF, to a decay
model described in Vickery (2005). When the stexits back over water, the pressure is again
modeled via the PDF. After landfall, the slab bdany layer surface drag coefficient changes
from a functional marine form to a constant basedonean aerodynamic roughness length of
0.2 m. The slab boundary layer height increases 450 m to 1 km after the center makes
landfall, and decreases back to 450 m if the ceaxtiés land to go back to sea.

FPHLM V2.6 2007 80



M-2.10 Describe how the model’s wind field is c@tent with the inherent differences in
wind fields for such diverse storms as Hurricane &tey, Hurricane Katrina, and Hurricane
Wilma, for example.

The model can represent a wide variety of stormsutjh variation of parameters for radius of
maximum winds, central pressure deficit and Holl&eda (B). Snapshots of model wind fields
at landfall are compared to NOAA-AOML-HRD H*Wind alyses below (for further details see
disclosure 3 for Standard S1).

CHARLEY rmaodeled wind Speed ot landfall IN MPH CHARLEY SURFACE WINDFIELD 8/13/04 20:30 UTC MPH

N L i L — \ i ] d
=4 =B o 2 4 =4 o 2 Ed
KATRINA modeled wind speed af {endfall IN MPH KATRINA SURFACE WINDFIELD 8/25/05 22:30 UTC MPIH

2

Comparison of observed (right) and moded (left) landfall wind fields of

Hurricanes Charley (2004, top), and 2005 Hurrican&atrina in south Florida (bottom).
Line segment indicates storm heading. Horizontalaordinates are in units of R/Rmax and
winds units of miles per hour.

Figure 10:
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WILMA SURFACE WINDFIELD T10/24/05 10:30 UTC

WILMA rrodeled wind speed at landfall IN MPH
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Figure 11. As in Figure 10 except for Hurricane Wima of 2005.
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M-3 Landfall Intensity

Models shall use maximum one-minute sustained 10-me  ter wind speed
when defining hurricane landfall intensity. This a pplies both to the Base
Hurricane Storm Set used to develop landfall strike probabilities as a
function of coastal location and to the modeled win ds in each hurricane
which causes damage. The associated maximum one-mi  nute sustained 10-
meter wind speed shall be within the range of wind speeds (in statute miles
per hour) categorized by the Saffir-Simpson scale.

Table 6. Saffir-Simpson Hurricane Scale

Category Winds (mph) Damage
1 74 - 95 Minimal
2 96 - 110 Moderate
3 111 - 130 Extensive
4 131 - 155 Extreme
5 Over 155 Catastrophic

The HRD wind field model simulates landfall integsaccording to the maximum 1 min
sustained wind for the 10 m level for both stociecasinulations and the Official Hurricane Set.
The Saffir-Simpson damage potential scale is usddrther categorize the intensity at landfall
and the range of simulated wind speeds (in mileshper) is within the range defined in the
scale.

M-3.1 Define an “event” in the model. Discuss hastorms that intensify or decay at or below
the Category 1 level are accounted for in the model

An event is any hurricane that makes landfall ia gate of Florida or bypasses Florida but
approaches close enough to pass within a spedfetage threshold distance of a Florida zip
code. The damage threshold distance depends on BRniakanges from 11 Rmax (e.g. 35 sm)
for small (~4 sm Rmax) storms to 4 max (e.g. 125femRmax = 31 sm) for larger Rmax

storms. The damage threshold distance does notbyaryp code; each zip code distance from
the storm is compared to the threshold. If apyczide distance from the storm center is within
this distance from the storm, the wind model igrfad on” and the wind speeds at all zip codes
are evaluated to determine the maximum wind owveretiitire storm lifecycle. Once a hurricane
makes landfall, it decays exponentially with timeidg the period the storm center remains over
land. A hurricane that has made landfall is peeditto decay to less than hurricane (Cat 1)
intensity provided it remains within a thresholdtdnce of Florida zip codes. A storm dissipates
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over land if Pmin reaches 1011 mb. Once a landéalhurricane decays to tropical storm
strength and exits out to sea, it may reintensifyhtirricane status and make subsequent
landfalls. Stochastic or historical events mayineulated.

M-3.2 Describe how the model handles events withitiple landfalls and by-passing storms.
Be specific with respect to how by-passing storme handled in the model when the wind
speeds are less than hurricane force winds.

If multiple landfalls of a given hurricane occuringds are computed for all zip codes within a
threshold distance of the center of the storm duit entire life cycle. A by-passing hurricane
is considered in the model if it approaches claseugh to pass within the damage threshold
distance of a Florida zip code, provided zip codamopen terrain wind speeds exceed 30 mph.
Storms that by-pass or landfall with less thanibarne (Cat 1) intensity are not considered.

M-3.3 Provide all model derived characteristicstbfe Florida hurricane in the stochastic
storm set with the greatest over water intensityteg time of landfall.

Model run date:10 June 2007

Number of years: 50,000

Storm Date/Year: Storm#34827, Year 17656 Septe@iber

Location: 25.56 N, 82.25 W (Sanibel Island)

Maximum sustained surface (marine exposure) wirgdgmph): 195.9 mph
Minimum Pressure (mb): 906 mb

Rmax (sm): 8.3 sm

Holland B pressure profile parameter: 1.88

FPHLM V2.6 2007 84



M-4 Hurricane Probabillities

A. Modeled probability distributions for hurricane intensity, forward speed, radii
for maximum winds, and storm heading shall be consi stent with historical
hurricanes in the Atlantic basin.

Hurricane motion (track) is modeled based on hisabrgeographic and seasonal probability
distributions of hurricane genesis locations (laoet where hurricanes developed or moved into
the threat area), translation velocity and velocityange, initial intensity, intensity change, and
potential intensity. Monthly geographic distrilaris of climatological sea surface temperatures
(Reynolds 1 degree resolutiolReynolds et al., 2002) and upper tropospheric owtfl
temperatures (NCEP REANALYSIS Il 100 mb, Kanamigwal.,, 2002) are used to determine
physically realistic potential intensities whichiné& bound the modeled intensity. The radius of
maximum wind at landfall is modeled from a comprediee set of historical data published in
NWS-38 by Ho et al, (1987) but supplemented by é¢ktended best track data of DeMaria,
(Penington 2000), NOAA HRD research flight datag & OAA-HRD H*Wind analyses (Powell

et al., 1996, 1998). The development of the Rmeguency distribution fit and it's comparison
to historical hurricane data is discussed in M-ZZbmparisons of the modeled radius of
maximum wind to the observed data are shown in Rgi3n H*Wind wind field analyses of
historical hurricanes are available from the NOA®ML-HRD web site:
http://www.aoml.noaa.gov/hrd/data_sub/wind.html

Modeled probability distributions for hurricane ensity, forward speed, Rmax, and storm
heading are consistent with historical hurricamethe Atlantic basin.

B. Modeled hurricane probabilities shall reflect t he Base Hurricane Storm Set
used for category 1 to 5 hurricanes and shall be co  nsistent with those observed
for each coastal segment of Florida and neighboring states (Alabama, Georgia,
and Mississippi).

As shown in Form M1 and the accompanying plots,madel reflects reasonably the Hurricane
Set for 1900-2005 for hurricanes of Saffir-Simp<dategories 1-5 in each coastal region of
Florida as well as the neighboring states. In taldi a finer scale coastal mile post study of
model parameters (occurrence rate, storm translaeed, storm heading, and Pmin) was
conducted during the development of the model.

M-4.1 List assumptions used in creating the hurriva characteristic databases.

The Holland B database is based on flight-levekgues profiles corresponding to constant
pressure surfaces at 700 mb and below. Due tacla d& surface pressure field data, an
assumption is made that the Holland B at the sariacequivalent to a B determined from
information collected at flight level. The surfaaeessure profile uses Pmin, DelP, and Rmax at
the surface. It would be ideal to have a B dataks® corresponding to the surface but such data
are not available. The best available data oneBflaght-level data from Willoughby and Rahn
2004. Willoughby and Rahn 2004 discuss: “In mé&jarricanes... they almost invariably flew at
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3km (700 mb) .” Few lower level data are availdolemature hurricanes so their plot (Fig. 14)
of B vs. flight-level “provide no information aboaterage vertical structure”. In lieu of lower
level data, we model B using flight data suppligddy. Willoughby, but with Rmax adjusted to
a surface Rmax, and with surface DelP added fronCNEst track for each flight. Since we are
modeling hurricane winds during landfall, our Rnmmandel applies only to landfall and is not
designed to model the lifecycle of Rmax as a fuumctf intensity.

M-4.2 If the model incorporates short term and lontgrm variations in annual storm
frequencies, describe how this is incorporated.

Storm frequencies are based on historical occueerderived from HURDAT, and thus
implicitly contain any long or short term variatitimat are contained in the historical record. No
attempt is made to explicitly model long or shert variations.

M-4.3 Provide a completed Form M-1, Annual Occunee Rates.

Form M1 is attached.
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Form M-1: Annual Occurrence Rates

A. Provide annual occurrence rates for landfall fro the data set defined by marine exposure
that the model generates by hurricane category {dedfl by wind speed in the Saffir-Simpson
scale) for the entire state of Florida and selectegjions as defined in Figure 6. List the

annual occurrence rate (probability of an event ia given year) per hurricane category.

Annual occurrence rates should be rounded to twaieal places.

B. The historical frequencies below have been dedvfrom the Commission’s Official
Hurricane Set. If the National Hurricane Center’'s HRDAT or other hurricanes in addition
to the Official Hurricane Set as specified in Staadl M-1 are used, then the historical
frequencies should be modified accordingly.

Historical frequencies are based on the June 268%on of HURDAT for the period 1900-2005.
We count the first hurricane landfall in Floridadaignore subsequent landfalls of a given
hurricane. For regions E and F, we count the fitssticane landfall in each region for storms that
did not previously make landfall in Florida. For-Pgssing storms, we count any hurricane that
does not make landfall in Florida, but passes ctosmigh to the state to pass within a damage
threshold of a Florida zip code. Of special nottha&t Region C has an abnormally large number
of SS Cat 3 hurricanes and Region D has a largeitdeff hurricanes.
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Form M-1. Modeled Annual Occurrence Rates

Entire State Region A— NW Florida | Region B — SW Florida
Category |Historical Modeled [ Historical Modeled [ Historical Modeled
1 0.25 A7 0.10 .08 0.08 .03
2 0.11 12 0.04 .05 0.03 .03
3 0.17 13 0.03 .04 0.06 .04
4 0.04 .06 0.00 .02 0.02 .02
5 0.02 .01 0.00 .00 0.01 .00
Florida By-Passing
Region C — SE Florida |[Region D — NE Florida Hurricanes
Category |Historical Modeled [ Historical Modeled [ Historical Modeled
1 0.07 .05 0.00 .01 0.04 .04
2 0.04 .03 0.01 .01 0.03 .02
3 0.08 .04 0.00 .01 0.03 .03
4 0.02 .03 0.00 .00 0.01 .01
5 0.01 .01 0.00 .00 0.00 .00
Region E — Georgia Region F — Alabama/Mississippi
Category | Historical Modeled Historical Modeled

1 0.01 .01 0.06 .03

2 0.01 .00 0.02 .02

3 0.00 .00 0.06 .02

4 0.00 .00 0.00 .01

5 0.00 .00 0.01 .00

Note: Results based on 50,000 year simulation 10-2007.
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Form M-1. Chi Square Goodness of Fit Tests

Results based on 50,000 year simulation of 6-10200

Number of | Number of
Saffir- Modeled Historical
Region Simpson |hurricanes * |hurricanes * | Chi Square P
Category [per 106 year| 1900-2005
period (106 years)
State 1 18.5 27 4.86 0.18
2 13.1 12
3 13.7 18
4-5 8.5 6
A 1 8.8 11 3.18 0.07
2-5 114 7
B 1 3.4 9 4.48 0.11
2 3.6 3
3-5 6.1 9
C 1 5.4 7 1.58 0.45
2 3.7 4
3-5 8.2 12
F 1 3.5 6 2.7 0.26
2 1.8 2
3-5 3.6 7
By-Passing 1 4.3 4 0.0316 0.86
2-5 6.9 7
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C. Describe model variations from the historicakfjuencies.

The Public model tends to under-predict the nunob&at 1 storms in Regions A, B, and C, and
the number of Cat 3 storms in Regions C and F.Hisi@rical data for Regions C and F show
what may be an anomalous number of Category 3 std@ategory 3 storms in Region C and F
are apparently more common than the weaker Catd12astorms. This tendency may not be
realistic. The more intense hurricanes, especraliyor hurricanes of Category 3 or higher, are
rare events that require special atmospheric arehroc conditions to develop and thrive
(Emanuel 1987, Merrill 1988, Evans 1993). Undensgpithis, DeMaria and Kaplan (1995)
found that on average, tropical cyclones only regsh% of their maximum potential intensity;
therefore we would expect to find larger numbersveék (e.g. more Cat 1 than Cat2) hurricanes
than major (more Cat 2 than Cat 3, more Cat 3 @&, and more Cat 4 than Cat 5) hurricanes.
We believe the early part of the historical recondhy have missed some of the weaker
hurricanes, due to the limited population in thatestat that time and the limited observing
network available to document such events. For léber part of the historical record, the
uncertainty in assessing peak wind speeds fromortat data is such that some of the region C
storms deemed to be Cat 3 are more likely to haemn ICat 2, some Cat 2 storms more likely
Cat 1 and some Cat 1, more likely tropical storBased on analyses of wind observations
published in the peer-reviewed atmospheric sciéiterature (e.g. Powell 1982, 1987, Powell et
al., 1991, 1996, 1998, Powell and Aberson 2001, ititensities of Cat 1-3 hurricanes in the
HURDAT database may occasionally be one categooyhigh. Table A1 from Powell and
Aberson 2001, lists landfalling hurricanes from 32000 and includes several storms with
alternative estimates of intensity.
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Tamn Al LA, trapical evclone landfadls For the Adizntic basin 1976 2000 For hurricanes and trogica! starms. Maximum sas-
tnined wind speeds [MWE] are NHE offscial estimates, excepd far hermcanes {*) altemative estimates or fastest-mile {—20 s mean)
winids based on published reports (see citsion mdex}, or {**} eslimules for maring exposure from HRD2 reéal-bime wand znalysis
thetprferww nomlnoaa govhrd ). Short-lived storms that made landfall within 24 b af genesis are mdicated hy {5). See text for
details on strilkes and multiple (M) Landfalls withim a 24h period. 55 refers 10 Saffie-Simpson category; P s minimem sea leval
pressere al fandfall
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The Public model also predicts Cat 4 and 5 stomRRdgion A, where none are in the historical
record. Cat 5 hurricanes have been in relativedgeclproximity to regions A (1969 Camille and
2005 Katrina were off the Mississippi and Louisidgalf coasts). Depending on the northward
extent of the Loop current and the proximity of amgrm core rings to NW Florida (Vukovitch
2005), we believe that it is likely that a Cat 45dnurricane landfall affected NW Florida prior to
1900. The Public model also predicts landfalls efan (> Cat3) hurricanes in Regions D and E,
where none are indicated in the 1900-2005 record. Wite that major hurricanes were
documented in these areas prior to 1900.

Finally we should mention that recent work by Pdvaeld Reinhold 2007 found that the Saffir
Simpson scale, since it does not take into accstamn size, is a poor indicator of destructive
potential. Powell and Reinhold (2007) advocate alesavhich takes into account the area
coverage of damaging winds as well as the physgigaiess behind the wind loading associated
with wind damage to structures. Their Wind Damagteftial scale has a continuous numerical
range from 0-5.99 and is based on the storm tatéee kinetic energy contributed by sustained
winds over 56 mph. The WDP storm ratings will appeaH*Wind experimental wind field
analysis products during the 2007 Atlantic basirribane season. Comparison of observed and
model WDP calculations should yield more valualitoimation on model performance than
comparing intensity or Saffir-Simpson scale ratings

D. Provide vertical bar graphs depicting distribotis of hurricane frequencies by category by
region of Florida (Figure 6) and for the neighborig states of Alabama/Mississippi and
Georgia. For the neighboring states, statistics bdson the closest milepost to the state
boundaries used in the model are adequate.
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Figure 12.Form M1 comparison of modeled and histogal landfalling hurricane frequency
statewide.
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Figure 13. Form M1 comparison of modeled and histacal landfalling hurricane frequency

in region A
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Figure 14. Form M1 comparison of modeled and histacal landfalling hurricane frequency
in region B
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Figure 15. Form M1 comparison of modeled and histacal landfalling hurricane frequency
in region C
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Figure 16. Form M1 comparison of modeled and histacal landfalling hurricane frequency
in region D
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Figure 17. Form M1 comparison of modeled and histacal landfalling hurricane frequency
in region E
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Figure 18. Form M1 comparison of modeled and histacal landfalling hurricane frequency
in region F
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Figure 19. For Form M1 comparison of modeled and Isitorical by-passing hurricane
frequency
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M-5 Land Friction and Weakening

A. The magnitude of land friction coefficients sha Il be consistent with currently
accepted scientific literature relevant to current geographic surface roughness
distributions and shall be implemented with appropr iate geographic information

system data.

Land friction is modeled according to the currertgcepted principles of surface layer similarity
theory as described in the disciplines of micromet®gy, atmospheric turbulence, and wind
engineering. The geographic distribution of scefaoughness is determined by careful studies
of aerial photography, site visits, and satell@genote sensing measurements used to create land
use - land cover classification systems. We hawe inoorporated the MRLC NLCD 2001 land
use data set. This data set became available ing5@007, and provides detailed (30 m) land
use characteristics circa 2001. All population-vagggl zip code centroids are assigned roughness
values as a function of upstream fetch for eactdwiinection octantAfter landfall, the surface
drag coefficient used in the hurricane PBL slab ehathanges from a marine value to a fixed
value associated with a roughness of 0.2 m.

B. The hurricane overland weakening rate methodolo gy used by the model shall
be consistent with historical records.

Overland weakening rates are based on a presscag dedel developed from historical data as
described by a recent paper published in the maeewed atmospheric science literature
(Vickery 2005).

M-5.1 Describe and justify the functional form ofthricane decay rates used by the model.

The hurricane decay rate function acts to decrd¢laseDelP with time after landfall. The
functional form is an exponential in time sinced&all and is based on historical data (Vickery
2005).

M-5.2 Describe the relevance of the gust factor dse the model.

The gust factors used in the model were developath hurricane data and the Engineering
Sciences Data Unit methods as described in VickadySkerlj (2005).
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M-5.3 Identify all non-meteorological variables thaffect the wind speed estimation (e.g.,
surface roughness, topography, etc.).

Upstream aerodynamic surface roughness within féedegree sector extending upstream has
an effect on the determination of wind speed f@iven zip code centroid and is the primary
variable that affects estimation of surface winckests. The upstream sectors are defined
according to the Tropical Cyclone Winds at Landf@Hoject (Powell et al., 2004), which
characterized upstream wind exposure for each gtitenind direction sectors at over 200
coastal automated weather stations (Figure 20).

Figure 20. Upstream fetch wind exposure photograpfor Chatham MS (left, looking
north), and Panama City, FL (right, looking Northeast). After Powell et al., (2004)

M-5.4 Provide the collection and publication datetthe land use and land cover data used in
the model and justify their timeliness for Florida.

We use the 2001 Multi-Resolution Land CharactesstConsortium (MRLC) National Land
Cover Database released April 25, 2007. To the dfestur knowledge, this is the most recent,
high resolution (30 m) land cover data set thatecewnot only Florida, but the entire U.S, and
roughly depicts land characteristics circa 200& (demer et al., 2004 for more details).

M-5.5 Provide a graphical representation of the neddd degradation rates for Florida
hurricanes over time compared to wind observatiorReference to the Kaplan-DeMaria decay
rates alone are not acceptable.

The degradation of the wind field of a landfallihgrricane is associated with the filling of the
central sea-level pressure and the associated wegkef the surface pressure gradient, as well
as the fact that the hurricane is over land, wihkeeeflow is subject to friction while flowing
across obstacles in the form of roughness eleméfasimum wind degradation is shown
according to how the maximum sustained surface \andhe location containing the maximum
winds in the storm) changes with time after landfat landfall the marine exposure wind is

FPHLM V2.6 2007 98



assumed to be representative of the maximum windsrong onshore. After landfall the open
terrain wind is chosen to represent the maximunelape of sustained winds over land. The
NOAA-HRD H*Wind system is used to analyze the maxmwinds at a sequence of times
following landfalls of Hurricanes Katrina, Charléytances, Jeanne, and Wilma. H*Wind uses
all available wind observations. The landfall wilreld is used as a background field for times
after landfall and compared to the available olatgous at a sequence of times after landfall.
An empirical decay is applied to the backgrounddfibased on the comparisons to the
observations. These data are then objectivelyaedlto determine the wind field at each time.
The model maximum sustained winds are compareteartaximum winds from the H*Wind
analyses for the same times and roughness exposurgeneral, points after landfall are given
for open terrain exposure. At times, even though dtorm center is over land, the maximum
wind speed may remain over water. For exampleéhénFrances plot, the first three pairs of
points represent marine exposure, the next threa tgrain, and the final three marine exposure
again, while all Wilma point pairs represent marexposure. The plots indicate that the Public
wind field model realistically simulates decay betmaximum wind speed during the landfall
process, as well as subsequent strengtheningexiter
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Figure 21 Observed (green) and modeled (black) maximum stzned surface winds as a function
of time for 2004 Hurricanes Charley (left) and Frarces (right). Landfall is represented by the
vertical dash-dot red line at the left and time okxit as the red line on the right.
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Figure 22 Observed (green) and modeled (black) maximum swushed surface winds as a function
of time for Hurricanes Jeanne (2004, top left), Kaina (2005 in South Florida, top right), and 2005
Wilma (lower left). Landfall is represented by thevertical dash-dot red line at the left and time of
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M-5.6 The spatial distribution of model-generatednals should be demonstrated to be
consistent with observed winds.

See comparisons of modeled and observed wind fielBssclosure 2.10

M-5.7 Document any differences between the treatmarthe model of decay rates for
stochastic hurricanes compared to historical huranes affecting Florida.

In the FPHLM model, decay is defined as the changeinimum sea-level pressure (Pmin) with
time after landfall. The input file for the winéefd model consists of a hurricane track file that
contains storm position, Pmin, Rmax, and HollandtB.h frequency. The wind field model is
exactly the same for scenario (historical) or séstic events. When running the model in
scenario mode for historical hurricanes affectirigriBla, we use a set of historical hurricane
tracks as input to the model. When running the ehad stochastic mode, the input hurricane
tracks are provided by the track and intensity rhodehe track and intensity model uses the
Vickery 2005 pressure decay after landfall. Whdmaicane exits land, the Pmin over water is
determined based on the Markov process as desanligidclosure G1.2

The historical tracks based on HURDAT are detadledur web site at:
http://www.aoml.noaa.gov/hrd/lossmodel/

For historical hurricane tracks the landfall preess determined from HURDAT or from the Ho
et al., (1987) report. If post-landfall pressumadare available in HURDAT, we interpolate
pressure values over land. If post-landfall presslata are not available, we apply the Vickery
(2005) pressure decay model to the landfall pressiter the storm exits land, the pressure is
based on HURDAT data. Therefore, decay rates &iphcal hurricanes are based on HURDAT
data if available, or the Vickery decay rate moajablied to the HURDAT or Ho et al, (1987)
landfall Pmin, while decay rates for stochasticivanes are based on Vickery 2005.

M-5.8 Provide a completed Form M-2, Maps of Maximuwinds.

Form M2 is attached.
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Form M-2: Maps of Maximum Winds

A. Provide a color contour map of the maximum widor the modeled version of the Base
Hurricane Storm Set.

B. Provide a color contour map of the maximum wimdor a 100-year return period from the
stochastic storm set.

C. Provide the maximum winds plotted on each comntawap.

Maximum winds in these maps are defined as the maxi one-minute sustained winds over the
terrain as modeled and recorded at each location.

The same color contours and increments should eé s both maps.
Use the following seven isotach values:

40 mph
75 mph
95 mph
110 mph
130 mph
140 mph
155 mph

NouokrwhE

Note:

Two versions of Forms M2A and M2B were created esponding to actual terrain and open
terrain. The open terrain maps show the maximundsvior 100 year return period winds that
would represent an upper envelope of winds thatdcouacur for areas with wind exposures

typical of an airport runway. The actual terraiapa show the affect of incorporating land-use
land-cover data to determine, relative to the wdir@ction associated with the maximum wind

speed, a roughness that takes into account elempstieam of the zip code centroid. The open
terrain maps show the statewide variation of ham&risk without the complication factor of

roughness variation. The actual terrain maps ghevcombined effects of climatological risk as

well as roughness variation, for example due toentiie cover in the northwest part of the state.
The actual terrain acts as a mean condition dtleetaipstream smoothing methodology. Within
a zip code assigned a relatively high roughnes® tbeuld be small areas with open terrain that
would experience higher winds.
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Map of Form M2-A

Maxirmum Yinds for the Modeled Yersion
of the Base Hurricane Storm Set (06/08/2007)

Legend
FLzip06a_region

M2A.ZIPATWS1

i -0

B -7 i
R w2

[ Jes-10 .

I 110130 Max wind 156.7 mph
B o040 at 33001 Storm 2,
Bl 40155 1935
-

Figure 23. Maximum 1 min sustained surface (10 myind speeds (mph) for the hurricanes

in the official base set for 1900-2005. Winds repsent flow overactual terrain roughness

based on remotely sensed land-use / land-cover datacation of maximum is denoted by *
symbol.
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Map of Form M2-A
Maximum Winds for the Modeled Yersion
of the Base Hurricane Storm Set (04/25£2007)
: .r-/'/
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Figure 24. Maximum 1 min sustained surface (10 myind speeds (mph) for the hurricanes
in the official base set for 1900-2005. Winds repsent flow overopen terrain roughness
(0.03 m). Location of maximum is denoted by * syndd.
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Map of Form M2-B

haximum Yinds for a 100-Year Return Period
from the 50,000-Year Stochastic Storm Set (061 0/2007)

Legend
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Figure 25. 100 Year return period maximum 1 min satained surface (10 m) actual terrain
wind speeds (mph) based on a 50,000 year simulatioh06-10-2007. Location of maximum
is denoted by * symbol.
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Map of Form M2-B
Maxirmurn Winds for a 100-Year Return Period
Frorm the 50,000-Year Stochastic Storm Set (06/10/2007)
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Figure 26. 100 Year return period maximum 1 min suined surface (10 m) open terrain
wind speeds (mph) based on a 50,000 year simulatioh06/10/2007. Location of maximum
is denoted by * symbol.
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M-6 Logical Relationships of Hurricane Characteris  tics

A. The magnitude of asymmetry shall increase as the translation speed increases,
all other factors held constant

The storm translation speed causes a major riffh{llmoking in the direction the storm is
moving) asymmetry in the wind field which in turauses an asymmetry in surface friction since
the surface stress is wind speed dependent. Tlgaitude of the asymmetry increases as the
translation speeds increases; there is no asymrfatry stationary storm except for possible
land friction effects if a storm becomes stationayile a large percentage of its circulation is
over both land and water.

B. The mean wind speed shall decrease with increas  ing surface roughness
(friction), all other factors held constant.

All other factors held constant, the mean wind dpekecreases with increasing surface
roughness. However, the gust factor, which is usegktimate the peak one min wind and the
peak 3 s gust over the time period correspondinpaanodel mean wind increases as a function
of turbulence intensity, which increases with scefaoughness (Paulsen et al., 2003, Masters
2004, Powell et al., 2004). For roughness valegsesentative of zip codes in Florida with
residential roughness values on the order of @3 1n, the roughness effect on decreasing the
mean wind speed overwhelms the enhanced turbuieteesity effect that increases the gust
factor.

M-6.1. Provide a completed Form M-3, Radius of Menuim Winds.

Form M-3 follows.

FPHLM V2.6 2007 107



Form M-3: Radius of Maximum Winds

A. For the central pressures in the table belowpypide ranges for radius of maximum winds
used by the model to create the stochastic stortn se
B. ldentify the other variables that influence Rma

Table 7. Stochastic central pressures and Rmax range. Rmas sampled from a Gamma
distribution. The parameters of the distribution depend on Pmin

Central Pressure (mb) Range of Rmax
(sm)

900 4-11

910 7-19
920 4-21
930 7-48
940 6- 55
950 6 - 60
955 7-58

960 7-58

965 5-59
970 5-58

975 4 -54
980 5-56
985 4 -54
990 4-51
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C. Provide a representative scatter plot of CentRakessure (x-axis) versus Rmax (y-axis) to
demonstrate relative populations and continuity sampled hurricanes in the stochastic
storm set. “Representative” means that the relatidistribution of hurricane frequencies

across both Central Pressure and Rmax ranges shdwdevident.

607 B
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Prmin (mb)

Figure 27. Form M3 representative plot of landfall radiusof maximum surface wind speed
(Rmax) in statute miles vs. landfall minimum centrdsea-level pressure (Pmin) in millibars from a

10,600 year simulation conducted on 8 June, 2007.
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VULNERABILITY STANDARDS

V-1 Derivation of Vulnerability Functions

A. Development of the wvulnerability functions is to be based on a
combination of the following: (1) historical data, (2) tests, (3) structural
calculations, (4) expert opinion, or (5) site inspe  ctions. Any
development of the vulnerability functions based on structural
calculations or expert opinion shall be supported b y tests, site
inspections, or historical data.

v" The development of the vulnerabilities is baseca@omponent approach that
combines engineering modeling and simulations \eitigineering judgment
and observed (historical) data. The determinatibnexternal damage to
buildings is based on structural calculations, stesitnd Monte Carlo
simulations. The wind loads and strength of thddmg components in the
simulations are based on laboratory and in-sitistemanufacturer’s data,
expert opinion based on site inspections of aaddaatage post-hurricane, and
code and standards. The internal and content daaragextrapolated from the
external damage based upon expert opinion, andrewd using historical
claims data and site inspections of areas impdntedcent hurricanes.

B. The method of derivation of the vulnerability fu nctions shall be
theoretically sound.

v" The method used in the derivation is based on pod@ting the results of
Monte Carlo simulations of physical exterior damadblrough simple
equations based on engineering judgment, expeniand, and claims data.
Uncertainties at each stage are accounted byhliittg the damage according
to reasonable probability distributions and vakahtvith claims data.

C. Any modification factors/functions to the vulner ability functions or
structural characteristics and their corresponding effects shall be
clearly defined and be theoretically sound.

v" The Monte Carlo component models take into accemahy variations in
structural characteristics and the result cleailjers through the cost
estimation model. There are also different and rijtea@efined costing
considerations applied to each structural typesélajustments come directly
from resources developed exclusively for definiegair costs to structures
and therefore are theoretically sound.
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D. Construction type and construction characteristi cs shall be used in the
derivation and application of vulnerability functio ns.

v' A detailed exposure study was carried out to defim® most significant

(prevalent) construction types and characterisiicghe Florida residential
building stock, for different regions of the StateThe corresponding
engineering models were built for each of the idieot common structural
types. The models include differing wall types (wWoponasonry) of varying
strengths (e.g., reinforced or not, various s#itplconnection types), differing
roof shapes (hip and gable end) and their affecuplift loading, various
strengths of roof to wall connections (toe nail tlyough straps), varying
window types and sizes, opening protection systerasying garage door
pressure capacities, and one and two story houses.

Models of varying combinations of the above chamastics (e.g. wood frame,
gable end, no window shutters) were created for ftiferent regions in
Florida, where the region dictates the square gmfaotprint of the model. In
all cases, the probabilistic capacities of the o@si components were
determined by a variety of sources, including labany testing, literature
search of testing, in-field data collection (postritane damage evaluations),
manufacturer's specifications as well as manufactsir test data when
available, and expert opinion.

E. In the derivation and application of vulnerabili ty functions, assumptions
concerning building code revisions and building cod e enforcement
shall be reasonable and be theoretically sound.

v

FPHLM V2.6 2007

The structural models include options that alloe tepresentation of building
code revisions. Three models were derived for estalctural type: weak
construction, medium construction, and strong caesbn (post-SSTD 10
deemed to comply standard). For example, the nfodelorthern wood frame
and gable roof homes has weak, medium and strorgjome of that same
model. The assignment of a given strength levieased on the assumed age of
the home being modeled and the available informadio construction practice
in that region of the state in that era of congdtamc Florida Building Code
requirements that apply to the repair of existimgnks are also taken into
consideration when computing the repair costs sti@cture. Separate models
were also developed for manufactured housing coectel based on pre and
post 1994 HUD regulations, and for different wirahes.

In addition to the various models that reflect ¢omdion type, region of
Florida, and era of construction (weak, medium toorgy construction), each
model has numerous additional strength featurelscdma be adjusted before
simulations are conducted in order to representowar combinations of
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mitigation features. For example, weak construdteche in central Florida
with masonry walls (no reinforcing) may have beenently re-roofed with
modern code approved shingles. The simulation misdepable of reflecting
this combination of weak original construction withew strong roof
mitigation.

F. Vulnerability functions shall be separately deri ved for building
structures, mobile homes, appurtenant structures, c ontents, and
additional living expenses.

v

This requirement is fully met. The building stnuets, mobile homes and
appurtenant structures are independently derividte contents and additional
living expenses are separate vulnerabilities, wiaigh functions of (receiving
input from) the results of structure vulnerabikiynulations.

G. The minimum wind speed that generates damage sha |l be reasonable.

v

FPHLM V2.6 2007

The minimum one-minute average sustained wind speedvhich some
damage is observed is 38 mph (3 second gust 50 rgohappurtenant
structures. Site-built and manufactured homes laavery small probability of
some very minor damage at 42 mph (3 second gust@f. This probability
becomes more significant at 46 mph (3 second g@sinph) and increases
from there. Simulations are run for a series oe8esd gusts from 50 mph to
250 mph.
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Disclosures

1. Provide a flow chart documenting the process by @hithe vulnerability functions

are derived and implemented.

The following flow chart summarizes the proceduszdiin the Monte Carlo simulations to
predict the external damage to the different stmatttypes. The random variables include wind
speed, pressure coefficients, and the resistaridbg @arious building components (roof cover,

roof sheathing, openings, walls, connections).

| Selection of Structural Type, Definition of Geometry |
[

Loop for Angle

A 4

—{ Define Angle of Incidence |<—

Loop for Wind Speed

Define Wind Speed

Loop for Building

Simulate an Individual Home:
Randomize Wind Speed, Cp’s
Sample Resistances

'

| Calculate Initial Loads |

v

Initial Failure Check:
Sheathing, Openings, Walls

'

Calculate Internal Pressure
from Opening Failures and
Recalculate Structural Loads

'

Final Failure Check:
Openings, Sheathing
Roof Cover
Connections, Walls

v
Write 1 Row of

Repeat until all simulations complete

Damage Array

Save Damage File

Repeat until all speeds complete, then go to next angle

Repeat until all angles complete

Figure 28. Monte Carlo Simulation Procedure to Pretct Damages
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The following flow chart summarizes the procedusedito convert the results of
the Monte Carlo simulations of physical externamdge into a vulnerability
matrix.

MANTE CARLOQ OUTPUT

Corvert phy=sical darmage
values into percentages of

physical darmge

Apply nterior and utdity
equaticns to esurete cost
percartage of amermbly darmage

Adjust darmage percertages
baszed on building code requirermnents
e apply thrazhalds)

FEPLACEMENT
RATICS —

hsltiply each adusted damsge
percartasg by its corvesponding
replacement ratio

Surmreplacernert ratios
for each modeled component,
ptericr, and utiitiss

Deterrne the parcentage
falling within each damage ratio
mncremrent, for each windgpesd

VULNERABILITY J
MATETH

Figure 29. Procedure to create vulnerability matrix
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2. Describe the nature and extent of actual insurancims data used to develop the
model’s vulnerability functions. Describe in detavhat is included, such as, number
of policies, number of insurers, and number of usif dollar exposure, separated
into personal lines, commercial, and mobile home.

At the request of the FDFS, four insurance compapievided insurance claims data for several
hurricanes that impacted Florida prior to 2004|udmg Andrew. The companies provided two
types of files:

» Sample files with 10% of the exposure selectedmdom, plus the claims on this 10%
exposure, since 1996.

* Hurricane files with premium files for all hurricarclaims since 1996, plus all the
corresponding claim data since 1996

Because of a confidentiality agreement these cormpanill remain anonymous (they will be
referred to as company A, B, C, and D). They regmedetween 75 and 85% of the insured
exposure in the State, and approximately 70% oftcthens. Most of the data provided comes
only from minor hurricanes and tropical storms thgbacted Florida between 1994 and 2002.

The only significant data was provided by companynAarticular for Hurricane Andrew. As
shown in Table 8 and Figure 30, this data coveescttimplete range of structural and contents
losses. Wind speed measurements are also avaiablealidation efforts were primarily
concentrated on the use of this data. Attempts wede to make use of additional data from
Hurricane Opal and other storms; however for thestmpart, the amount of processed data
available was too small to be statistically sigraft for validation.

Table 8. Summary of processed claims data (hnumbef olaims provided)

Tropical | Tropical
Hurricane | Hurricane | Hurricane | Storm Storm | Hurricane
Andrew Georges Opal Irene Earl Erin
Company A
Concrete 78636 266 1973 3638 59 11460
Timber 1603 1078 9166 776 89 11878
Manufactured 1775 0 256 184 16 690
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Note: Only building, contents, and appurtenantcstme claims were provided by company A
(ALE was not provided).




Company & - Hurricane Andrew
Contents Loss Ratio vs. Structural Loss Ratio

09
08
07
06|
DS . .I ......... . ;I. .

0.4

Contents Damage Ratio

03

0z

0.1

: T4 e P T i T PRGN K T a1
a 01 0z 0.3 0.4 0.s 0B o7 0.s 09 1
Structural Damage Ratio

Figure 30. Company A, Hurricane Andrew structure vs contents losses

Claim data for the 2004 hurricane season, fronriasef insurance companies, was also used to
validate FPHLPM. Although 21 companies submittathdfor a total of almost 675,000 claims,
only two main companies are detailed here. Thegedompanies (they will be referred as
Company 1 and Company 2) represent 386,000 clamasly for site-built homes. These claims
are divided between hurricanes Charley, Franceas Jaanne for central Florida, and hurricane
lvan for the Panhandle. The validation consista &feries of comparisons between the actual
claim data and the FPHLPM results (i.e. model tekul The damage from all these hurricanes
was reported to the insurance companies (by theens), who provided the claims files. Table 9
to Table 11 give the number of policies providedtihy two Companies, for the four different
hurricanes in 2004. As expected, there is more migsdaims in Central Florida, and more
timber claims in the Panhandle.
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Table 9. Company 1: Claim Number for each year builcategory

Actual Number of

Company Hurricane [Construction Ylear Built Claims

Company 1 | Charley Masonry yb<1970 5026
Company 1 | Charley Masonry 1970<=yb<1984 8216
Company 1 | Charley Masonry 1984<=yb<1994 11850
Company 1 | Charley Masonry yb>=1994 8110
Company 1 | Charley Frame yb<1970 956
Company 1 | Charley Frame 1970<=yb<1984 1232
Company 1 | Charley Frame 1984<=yb<1994 3044
Company 1 | Charley Frame yb>=1994 677
Company 1 | Charley Manufactured | yb<1970 2966
Company 1 | Charley Manufactured | yb>=1994 212
Company 1 | Frances Masonry yb<1970 5009
Company 1 | Frances Masonry 1970<=yb<1984 6989
Company 1 | Frances Masonry 1984<=yb<1994 7903
Company 1 | Frances Masonry yb>=1994 4384
Company 1 | Frances Frame yb<1970 902
Company 1 | Frances Frame 1970<=yb<1984 2081
Company 1 | Frances Frame 1984<=yb<1994 5648
Company 1 | Frances Frame yb>=1994 721
Company 1 | Frances Manufactured | yb<1970 3186
Company 1 | Frances Manufactured | yb>=1994 222
Company 1 | lvan Masonry yb<1970 2029
Company 1 | Ivan Masonry 1970<=yb<1984 2099
Company 1 | Ivan Masonry 1984<=yb<1994 1719
Company 1 | Ivan Masonry yb>=1994 1769
Company 1 | lvan Frame yb<1970 3048
Company 1 | Ivan Frame 1970<=yb<1984 3956
Company 1 | Ivan Frame 1984<=yb<1994 4829
Company 1 | Ivan Frame yb>=1994 3890
Company 1 | Ivan Manufactured | yb<1970 634
Company 1 | lvan Manufactured | yb>=1994 79
Company 1 | Jeanne Masonry yb<1970 3601
Company 1 | Jeanne Masonry 1970<=yb<1984 5274
Company 1 | Jeanne Masonry 1984<=yb<1994 5698
Company 1 | Jeanne Masonry yb>=1994 4999
Company 1 | Jeanne Frame yb<1970 825
Company 1 | Jeanne Frame 1970<=yb<1984 1386
Company 1 | Jeanne Frame 1984<=yb<1994 3430
Company 1 | Jeanne Frame yb>=1994 674
Company 1 | Jeanne Manufactured | yb<1970 2717
Company 1 | Jeanne Manufactured | yb>=1994 177
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Table 10. Company 2: Claim Number for each year bt category

Actual Number of

Company Hurricane [Construction Ylear Built Claims

Company 2 | Charley Masonry yb<1970 8677
Company 2 | Charley Masonry 1970<=yb<1984 15085
Company 2 | Charley Masonry 1984<=yb<1994 18324
Company 2 | Charley Masonry yb>=1994 6376
Company 2 | Charley Frame yb<1970 1920
Company 2 | Charley Frame 1970<=yb<1984 1782
Company 2 | Charley Frame 1984<=yb<1994 3786
Company 2 | Charley Frame yb>=1994 443
Company 2 | Charley Manufactured | yb<1970 1843
Company 2 | Charley Manufactured | yb>=1994 159
Company 2 | Frances Masonry yb<1970 8276
Company 2 | Frances Masonry 1970<=yb<1984 11978
Company 2 | Frances Masonry 1984<=yb<1994 11394
Company 2 | Frances Masonry yb>=1994 3224
Company 2 | Frances Frame yb<1970 1453
Company 2 | Frances Frame 1970<=yb<1984 3202
Company 2 | Frances Frame 1984<=yb<1994 7731
Company 2 | Frances Frame yb>=1994 601
Company 2 | Frances Manufactured | yb<1970 1590
Company 2 | Frances Manufactured | yb>=1994 131
Company 2 | lvan Masonry yb<1970 1399
Company 2 | Ivan Masonry 1970<=yb<1984 746
Company 2 | Ivan Masonry 1984<=yb<1994 449
Company 2 | Ivan Masonry yb>=1994 275
Company 2 | lvan Frame yb<1970 4004
Company 2 | Ivan Frame 1970<=yb<1984 5546
Company 2 | Ivan Frame 1984<=yb<1994 4637
Company 2 | Ivan Frame yb>=1994 2229
Company 2 | Ivan Manufactured | yb<1970 171
Company 2 | lvan Manufactured | yb>=1994 41
Company 2 | Jeanne Masonry yb<1970 6907
Company 2 | Jeanne Masonry 1970<=yb<1984 10767
Company 2 | Jeanne Masonry 1984<=yb<1994 9629
Company 2 | Jeanne Masonry yb>=1994 4176
Company 2 | Jeanne Frame yb<1970 1555
Company 2 | Jeanne Frame 1970<=yb<1984 2087
Company 2 | Jeanne Frame 1984<=yb<1994 4561
Company 2 | Jeanne Frame yb>=1994 484
Company 2 | Jeanne Manufactured | yb<1970 1401
Company 2 | Jeanne Manufactured | yb>=1994 128
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Table 11. Company 1 and Company 2: Claim Numbers Qobined

Actual Number of

Company Hurricane  |Construction Claims

Company 1 Charley Masonry 33202
Company 1 Charley Frame 5909
Company 1 Charley Manufactured 3178
Company 1 Charley Other 260
Company 1 Frances Masonry 24285
Company 1 Frances Frame 9352
Company 1 Frances Manufactured 3408
Company 1 Frances Other 566
Company 1 Ilvan Masonry 7616
Company 1 Ilvan Frame 15723
Company 1 Ivan Manufactured 713
Company 1 Ivan Other 100
Company 1 Jeanne Masonry 19572
Company 1 Jeanne Frame 6315
Company 1 Jeanne Manufactured 2894
Company 1 Jeanne Other 331
Company 2 Charley Masonry 48691
Company 2 Charley Frame 7981
Company 2 Charley Manufactured 2002
Company 2 Charley Other 582
Company 2 Frances Masonry 35036
Company 2 Frances Frame 13015
Company 2 Frances Manufactured 1721
Company 2 Frances Other 1134
Company 2 Ilvan Masonry 2875
Company 2 Ilvan Frame 16466
Company 2 Ivan Manufactured 212
Company 2 Ilvan Other 87
Company 2 Jeanne Masonry 31705
Company 2 Jeanne Frame 8716
Company 2 Jeanne Manufactured 1529
Company 2 Jeanne Other 1167

In addition, the claims are divided by the typeco¥erage for structure and contents.
Company 1 has two types of coverage, replacemestt emd actual cash value,
without specifying if for each claim both structuamd contents have the same
coverage for each claim.

For company 2, there are 6 types of coverage asrshelow.

ACV S/ACV C Structure Actual-Cash-Value, CongeAttual-Cash-Value

ACV S/RC C Structure Actual-Cash-Value, Contd¢placement-Cost

RC S/ACV C Structure Replacement-Cost, Contéotsal-Cash-Value

RC S/RC C  Structure Replacement-Cost, ContegpgalRement-Cost

SV S/IRC C Structure Stated-Value, Contents Rephent-Cost
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SV S/SV C  Structure Stated-Value, Contents 8t&fue
Table 12 and Table 13 summarize the distributiotiaams in both companies.

Table 12. Distribution of coverage for Company 1

Premium Policy

Coverage Count Claim Policy Count

A 44020 1% 2759 2%
R 3706219 99% 163692 98%
Total 3750240 166451

Table 13. Distribution of coverage for Company 2

Premium Policy Claim Policy
Coverage  Count Count
ACV
S/ACV C 13173 3% 3496 3%
ACV S/RC
C 44805 10% 12150 9%
RC S/ACV
C 162122 35% 41484 30%
RC S/RCC 232688 51% 77146 57%
SVS/RCC 235 0% 69 0%
SVS/SVC 6019 1% 1717 1%
Total 459042 100% 136062 100%

In addition, there is 29,372 claims with $0 los§es, Loss structure+Loss app+Loss
contents + Loss ALE = 0) though they are listethim claim file of company 2. They
probably correspond to claims whose losses wererltivan the deductible.

3. Summarize site inspections, including the sour@nd a brief description of the
resulting use of these data in development, validat or verification of vulnerability
functions.

Several damage surveys were done in 2004. DamageGharley was reported all
across the state with the most severe being whereyte made landfall near the cities
of Punta Gorda and Port Charlotte. The extent efsthuctural damage to homes and
manufactured homes in these cities was surveyedl tegm that consisted of around
30 members from UF, FIU, Clemson, and FIT and wesduacted under the
leadership of the Institute for Business and Hora&etg (IBHS). For several days
following the storm the team conducted a detaitatistical survey of damage in the
impacted areas. Results of this survey can be foandthe IBHS website
http://www.ibhs.org/ and other information regarding the damage ofrlghaand
other storms can be found at the Florida Tech Vdindl Hurricane Impact Research
Laboratory websitehttp://www.fit.edu/research/whirl/
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Damage from Frances was surveyed in areas froma&Beach to Stuart in eastern
FL. Although damage from Frances was not nearlgeagre as from Charley the
same extensive survey conducted in Punta Gorda Rort Charlotte was also

conducted in the impacted areas. Great efforts wexde to monitor the strength and
resulting damage from the storm, as part of theiddoCoastal Monitoring Program.

Towers were set up to record wind speeds all atbagcoast in locations where the
storm was forecast to make landfall. Sensors tordethe wind induced pressure
were deployed on the roofs of several homes. Fatigwwhe storm, members of the
same team that surveyed Charley, photographedemodded damage throughout the
area. Areas of Fort Pierce appeared to be hardestith severe damage to many
homes in some areas.

Similar efforts as were taken for Frances to marttie winds and survey the damage
were taken for Jeanne. Towers and pressure sewsoesagain deployed at various
locations near where landfall was forecast. Falhgwhe storm members of the team
surveyed areas from Stuart to Cocoa Beach. Thaseys consisted primarily of
cataloging and photographing various observatidrdamage in the impacted areas,
as was done with Frances. Damage from Hurricanang&ein many locations was
very similar to what was seen from Hurricane Frandea many cases damage to
structures that was initially caused by Frances seaspounded by Jeanne. Fatigue of
structures from the winds of two hurricanes witthinee weeks most likely played a
roll in the most severe cases of damage in thesasaah as Vero Beach and Fort
Pierce. On a positive note, in some areas modteofMeak trees and components of
home (shingles, screened porches, fences, etce) allerady “cleaned up” by Frances
so when Jeanne hit little or no further damage seen. Without knowledge of the
area it would be very difficult to tell what damagms caused by Jeanne and what
was caused by Frances.

Additionally, engineers working on the physical daga model performed a detailed
residential damage study after the 2004 hurricagss@ in order to assess the
performance of housing built to the Florida Builgi@ode and the Standard Building
Code. The data was collected as a part of a stodgucted by UF and sponsored by
the Florida Building Commission. Site built singi@mily homes constructed after
Andrew-related changes to the standard building aeere in effect were targeted for
a detailed investigation of damage as a resulthef 2004 hurricane season. The
purpose of this study was to provide a quantitastatistical comparison of the
relative performance of homes built between 199 2001 with those built after the
2001 Florida Building Code replaced the StandarddiBig Code. This evaluation
was accomplished through a systematic survey ofelsoouilt from 1994 to 2004 in
the areas that experienced the highest wind speausthe 2004 storms (Charlotte,
St. Lucie, Escambia and Santa Rosa counties). thstatally significant number of
homes were surveyed (close to 200) in these regionsder to define correlations
between damage, age and construction type. Théstonships are referenced to
maximum 3-second gust wind speed via wind swathsmaépe data from this study
was used to modify the residential component céipacas this model evolved. The

FPHLM V2.6 2007 121



final report from this study was submitted in therisg of 2006 to the Florida
Building Commission.

Another source of field data is the aerial imageoilected after Hurricane Katrina.
These images were used to validate the roof cougub from the physical damage
model.

4. Describe the research used in the development efrtiodel’s vulnerability functions

The engineering team adopted a so-called comp@mpgmbach in the development of
the vulnerability functions. Although a numberomimmercial loss projection models
have been developed, only a handful of studiesseadable in the public domain to
predict damage for hurricane prone areas. Boswaell. €1999) attempted to predict
the public costs of emergency management and recowvghout taking into account
losses to individual homeowners. In 1985, Berkegletfpresented a computer system
simulating economical and social losses caused lnyichne disasters, and a
Vulnerability Assessment and Mapping System knowVAMS (Berk, Larsen and
Ruch, 1984) enabled the user to consider variopsstyf hurricanes with varying
surge, wind pattern and point of landfall. Thifonmation is of some interest, but it
is not directly applicable to residential constroigtin Florida.

Most studies for residential losses use post-disasvestigations (FEMA, 1993) or
available claim data to fit damage versus wind dpeelnerability curves. For
example, a relationship between home damage frenrance data and wind speed
was proposed for Typhoons Mireille and Flo (Mits@hal. 1996). A study by
Holmes (1996) presents the vulnerability curve ddiully engineered building with
strength assumed to have lognormal distribution, dearly indicates the need for
more thorough post-disaster investigations to bel#déine damage prediction models.
A method for predicting the percentage of damaghiwian area as a function of
wind speed and various other parameters was pszbent Sill and Kozlowski
(1997). The proposed method was intended to mavay arom curve fitting
schemes, but its practical value is hampered hyffiogent clarity and transparency.
Huang et al. (2001) presented a risk assessmeategyr based on an analytical
expression for the vulnerability curve. The expi@ssis obtained by regression
techniques from insurance claim data for hurricAndrew. Khanduri et al. (2003)
also presented a similar method of assessmentlioénability and a methodology to
translate a known vulnerability curves from oneioago another region. Although
such approaches are simple, they are highly dep¢dethe type of construction and
construction practices common to the areas repies$dn the claim data. Recent
changes in building codes or construction practezesiot be adequately reflected by
Huang et al.’s vulnerability curve. In additiorardage curves obtained by regression
from observed data can be misleading, because oftey, as was the case for
hurricane Andrew, few reliable wind speed data arailable. In addition, damage
curves regressed from observed data do not addéguapgesent the influence of
primary storm characteristics such as central presforward velocity, radius of
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maximum wind, the amount of rain, duration, andeotbecondary parameters such as
demand surge and preparedness.

In contrast, a component approach explicitly act®tor both the resistance capacity
of the various building components and the loadatff produced by wind events to
predict damage at various wind speeds. In the oommt approach the resistance
capacity of a building can be broken down into tlesistance capacity of its
components and the connections between them. Dmatodhe structure occurs when
the load effects from wind or flying debris are e than the component’s capacity
to resist them. Once the strength capacities, emiands, and load path(s) are
identified and modeled, the vulnerability of a sture at various wind speeds can be
estimated. Estimations are affected by uncertantegarding on one hand the
behavior and strength of the various components andhe other, the load effects
produced by hurricane winds. A hurricane wind daenggediction model that
incorporates a time-stepping component approachimptkemented for the FEMA
HAZUS project (Lavelle et al., 2003).

5. Describe the number of categories of the differemulnerability functions.
Specifically, include descriptions of the structurg/pes, lines of business, and
coverages in which a unique vulnerability functions used.

Vulnerability matrices were derived for both maratéeed and site built homes.

Table C.1, in Appendix C of Volume llI of the Engering Team final report list the

216 vulnerability matrices developed for site buibmes. They correspond to a
combination of region (Keys, South, Central, or tNjr structural type (concrete

masonry or wood frame), roof type (gable or higpfrcover type (tile or shingle),

opening protection (with or without shutters), neniof stories (1 or 2) and location
(wind borne debris region, high velocity hazardelse).

These 216 matrices were then combined in 30 weadgmi&trices listed in table 5-4, of
the same document. The detail of the weightedgole® is given in section 5.2, of
Volume IIl.

The entire process for site built homes was repefite weak, medium strength, and
strong homes corresponding to homes built in differeras with different building
codes, and different building code enforcement.

Four vulnerability matrices were developed for nfantured homes: pre-1994 tied
down, pre-1994 not tied down, post 1992 zone 2,st-1994 zone 3. The pre-1994
tied down and pre-1994 not tied down were then ¢oetbin a weighted pre-94 matrix.

The detail of the weighted procedure is also givesection 5.2, of Volume Il

A contents matrix and an ALE matrix correspondaohestructure vulnerability matrix.

Finally, one appurtenant structure vulnerabilitytmixawas derived for all site-built
homes, and one for all manufactured homes.
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6. Identify the one-minute average sustained wind spest which the model begins to
estimate damage.

The wind speeds used in the damage model are Bdegusts. The lowest 3-
second gust is 50 mph. The minimum one-minute Bwestavind is approximately
40 mph.

7. Describe how the duration of wind speeds at a partar location over the life of a
hurricane is considered.

Duration of the storm is not explicitly modeled. eTtdamage accumulation
procedures assume sufficient duration of peak ld@dsccount for duration
dependent failures.

8. Provide a completed Form V-1, One Hypothetical Even

See attached form, the results of which are pldieddw for total damage (Figure
31) and building damage (Figure 32). The modealersonfirm that the structures
used in completing the form are identical to thosdhe table provided in the
Standard.
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V-2

Mitigation Measures*
(*Significant Revision due to new Audit language)

A. Modeling of mitigation measures to improve a str ucture’s wind
resistance and the corresponding effects on vulnera bility shall be
theoretically sound. These measures shall include fixtures or
construction technigues that enhance:

Roof strength

Roof covering performance
Roof-to-wall strength
Wall-to-floor-to-foundation strength
Opening protection

Window, door, and skylight strength.

Modeling of mitigation measure to improve a struetsi wind resistance is theoretically
sound and includes the fixtures mentioned abovee dilowing structures were
modeled:

— Base case as defined by Commission

— Mitigated case as defined by Commission

— Base plus one mitigation at a time
The mitigations included gable bracing, rated sleisigstronger sheathing capacity,
stronger roof to wall connections, stronger wallstb connections, masonry reinforced
walls, multiple opening protection options, and evirmissile resistant glass.

B. Application of mitigation measures shall be empi rically justified both
individually and in combination.

The base cases are very weak cases, where th@rmdamage is governed by the
sheathing loss at low to moderate wind speeds. lidgipn of mitigation measures are
justified and the results show the following.

Bracing the gable end or using rated shingles attwes not provide any benefit in the
context of weak sheathing connections. In otherdajoregardless of the type of roof
cover used, if the home loses its sheathing pattedse will be no benefit in mitigating
the roof cover or gable end alone. The observegathee values in form V-2

corresponding to the braced gable end mitigatienfaom round off of smaller values
within the uncertainty scatter of the model, ardigate zero change.

The hip roof has a greater impact in reducing tdssés, especially in the case of frame
structures. Because the base frame structurdéseantly weaker, there is comparatively
a higher gain with the hip timber structure thathvihe hip masonry structure.

Improving the roof sheathing capacity (8d nails)nal reduces the damage at wind
speeds up to 130 and 150 mph gusts for wood andmmastructures, respectively, but at
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higher wind speeds the mitigation becomes couritectere (Figure 33 and Figure 34).
The behavior of the damage curve with mitigatedaitieg after 130 (wood) and 150
(masonry) mph gusts is due to the still very weadf to wall connections. Loss of
sheathing reduces the uplift on the roof to walhreections. Thus the stronger deck
results in higher loads on the connections, whigy tare not prepared to absorb.

Clips and straps are very effective for frame dtnes, less so for masonry structures.
The model puts a lot of emphasis on interior danthgeto loss of sheathing, roof cover
or gable end, which are all independent of the toafall connection strength. So, if the
strength of the plywood deck and roof cover areimateased, increasing the roof to wall
connections alone will do little good at low to neodte wind speeds. At higher wind
speeds, the integrity of the box system in the &atnucture is improved by the stronger
connection. Hence, a more pronounced benefitfibramasonry.

Clips and straps for wall to sill plate are veryeetive at high wind speeds for frame
structures. They improve the integrity of the system. Similarly the reinforcing of
the walls for masonry structures is more effecivligh wind speeds.

Opening protections are effective, and more sogiteln wind speeds.

As expected, a mitigated structure with a combamatf individual mitigations (as per
standards definition) shows improved performancar tive base structure and each of the
individual mitigations.

The non-zero damage between 50 and 75 mph gustsharonvergence of the base and
all mitigation cases in this wind speed range,exfl the incorporation of non-exterior
damage related losses in the model. Water perwirdtrough windows and doors is
possible even without window or door breach. Thugipn of the model is not dependent
upon mitigations, thus the convergence of curveBigure 33 & Figure 34 in that wind
speed range.

Disclosures

1. Provide a completed Form V-2, Mitigation Meass — Range of Changes in
Damage.
See V2
2. Provide a description of the mitigation measunesed by the model that are
not listed in Form V-2.
See V3
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Form V-1
60%
*
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S 30%
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Wind speed mph (3 sec gust actual terrain)
Figure 31. Total damage vs. wind speed
Form V-1
70.0%
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2 50.0% » Building damage only . .
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Form V-1: One Hypothetical Event

Part A
Wind Speed (mph) Estimated Damage/
3 Sec Gust Wind Subject Exposure
41-50 0.00%
51-60 0.75%
61-70 2.35%
71-80 3.48%
81-90 6.24%
91-100 10.01%
101-110 20.33%
111-120 25.66%
121-130 36.36%
131-140 42.25%
141-150 46.66%
151-160 51.43%
161-170 55.83%
Part B
Construction Estimated Damage/
Type Subject Exposure
Wood Frame 3.41%
Masonry 2.66%
Mobile Home 7.99%

The structures used in completing the form aretidahto those in the table provided.
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Form V-2: Mitigation Measures — Range of Changes i

n Damage

PERCENTAGE CHANGES IN DAMAGE

(REFERENCE DAMAGE RATE - MITIGATED DAMAGE RATE)/(REERENCE DAMAGE

INDIVIDUAL RATE)"100
MITIGATION MEASURES FRAME STRUCTURE MASONRY STRUCTURE
WIND SPEED (MPH) WIND SPEED (MPH)
60 | 85| 110 135 160 60 85 114 134 16
REFERENCE STRUCTURE - - - - - - - - - -
T
w0
SZ | BRACED GABLE ENDS 0% | 1% | 2% | 0% 0% | 0% | 0% | -1% | -1% | 0%
o
= | HIP ROOF 1% | 3% | 12% | 14% | 18% | 1% | 2% | 8% 3% 7%
0
Lz mL';D SHINGLES (110 0% | 0% | 0% | 0% | 0% | 0% | 1% | 1% | 0% | 0%
ox
OY | MEMBRANE
8 | NAILING OF DECK 8d 1% | 8% | 33% | 6% | 8% | 1% | 8% | 38% | 17% | -6%
|
ié CLIPS 0% | 0% | 4% | 13% | 20% | 1% | 0w | 1% 1% 6%
26 | STRAPS 0% | 1% | 5% | 16% | 25% | 0% | 0% | o% 1% 7%
I
429 [TiESOR
282 0, 0, 0, 0, 0,
%‘EE LIPS 0% | 0% | 0% 8% 7%
® | STRAPS 0% | 1% 0% 9% 12%
p=4
OI
25 | LARGER ANCHORS ] ) ) ) )
2 £Z | OR CLOSER SPACING
Zx
38'6 STRAPS - - - - -
* | VERTICAL REINFORCING - - - - - 1% | 0% | -2% | ow 4%
o z PLYWOOD = 0% | 0% | 1% 5% 3% | 0% | 0% | 2% 6% 5%
= | WINDOW
'_
58 SHUTTERS STEEL 1% | 1% | 2% 9% 5% | 1% | 0% | 3% 9% 7%
s ENGINEERED -1% | 0% | 3% | 11% | 7% | 0% | 0% | 3% | 13% | 10%
o
x DOOR ég?/ESF*g“GHT 0% | 0% | 0% | 0% | 0% | 0% | 0% | 1% | 0% | 1%

WINDOWS LAMINATED

0%

1% 1% 9%

6%

0% | 0% 2% 9%

9%

IMPACT
GLASS

0%

0% 2% 9%

8%

0% | -1% 4% 10%

11%

WINDOW DOOR,
SKYLIGHT
STRENGTH

PERCENTAGE CHANGES IN DAMAGE
(REFERENCE DAMAGE RATE - MITIGATED DAMAGE RATE)/(REERENCE DAMAGE

RATE)*100
M'T'GACEE)AEM%%:\IRES IN FRAME STRUCTURE MASONRY STRUCTURE
WIND SPEED (MPH) WIND SPEED (MPH)

60 | 85| 110 135 16( g0 g5 110 135 160
F |
= MITIGATED|STRUCTURE 0% | 9% | 51% | 43% | 37% | 1% | 9% | 49% | 36% | 22%
&
(%)
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Form V-3: Mitigation Measures — Mean Damage Ratio
Trade Secret List Item

MEAN DAMAGE RATIO
INDIVIDUAL
MITIGATION MEASURES FRAME STRUCTURE MASONRY STRUCTURE
WIND SPEED (MPH WIND SPEED (MPH
60 | 85| 110| 135| 160 6d 8% 11p 135 14
REFERENCE STRUCTURE | 3% | 7% | 14% | 33% | 51% | 3% | 7% | 13% | 27% | 38%
[©)
=
S Wz ["BRACED GABLE ENDS 3% | 7% | 14% | 33% | 51% | 3% | 7% | 13% | 27% | 38%
cH HIP ROOF 3% | 7% | 12% | 29% | 42% | 3% | 7% | 11% | 26% | 35%
o
w2 EIADL'?D SHINGLES (110 3% | 7% | 14% | 33% | 51% | 3% | 7% | 12% | 27% | 38%
©Y [ MEMBRANE
S [ NAILING OF DECK 8d 3% | 6% | 9% | 31% | 55% | 3% | 6% | 8% | 22% | 40%
_ |
RO
9 § Dz CLIPS 3% | 7% | 13% | 29% | 41% | 3% | 7% | 12% | 26% | 36%
®=5% | STRAPS 3% | 7% | 13% | 28% | 38% | 3% | 7% | 12% | 26% | 35%
48 5 TIES OR
252 0 0 0 0 0
%‘EE LIPS 3% | 7% | 14% | 31% | 48%
» | STRAPS 3% | 7% | 14% | 30% | 45%
8  [TARGER ANCHORS
= - - - - -
222 | OR CLOSER SPACING
£z g STRAPS - - - - -
O & | VERTICAL ] i ] ] ] ol . . )
2 REINFORCING 3% | 7% | 13% | 27% | 36%
o 5 WINDOW |_PLYWOOD | 3% [ 7% [ 14% | 32% | 50% [ 3% | 7% | 12% | 25% | 36%
25 | SHUTTERS STEEL 3% | 7% | 14% | 30% | 49% | 3% | 7% | 12% | 24% | 35%
& ENGINEERED | 3% | 7% | 14% | 30% | 48% | 3% | 7% | 12% | 23% | 34%
o
o DOORAND SKYLIGHT | 500 | 704 | 149% | 33% | 51% | 3% | 7% | 12% | 27% | 38%
& COVERS
'_ .
§ 3 '9 WINDOWS LAII\'\//III:D\IAAC'I:'ED 3% | 7% | 14% | 31% | 48% | 3% | 7% | 12% | 24% | 35%
zZ3s 3% | 7% | 14% | 30% | 47% | 3% | 7% | 12% | 24% | 34%
so%¢E GLASS
MEAN DAMAGE RATIO
MITIGATION MEASURES IN FRAME STRUCTURE MASONRY STRUCTURE
COMBINATION WIND SPEED (MPH WIND SPEED (MPH
60 | g5 | 110| 135| 160| 0| o | 110| 135| 160
Sw
& & | MITIGATED STRUCTURE | 3% | 6% | 7% | 19% | 32% | 3% | 6% | 6% | 17% | 30%
n k- |
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Graphical Representation
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Figure 33. Mitigation measures for masonry homes
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Vulnerability Curves for Reference Frame Structure -1
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Figure 34. Mitigation measures for frame homes
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ACTUARIAL STANDARDS

A-1 Modeled Loss Costs

Modeled loss costs shall reflect all damages from s torms that reach
hurricane strength and produce minimum damaging win d speeds or
greater on land in Florida.

Modeled loss costs are computed for all hurricadhasaffect the State of Florida. Damages are
computed for affected land areas in which wind dpexceed a minimum level.

Disclosure

1. Describe how damage from model generated stormsd&alling and by-passing) is
excluded or included in the calculation of loss d¢edor the state of Florida.

Damages are computed for all Florida land falling aertain bypassing storms in the stochastic
set that attain hurricane level wind speeds. BhHewing bypassing hurricanes are included:

* Non-land falling hurricanes in regions A, B, C, B pr F with open terrain winds greater
than 30 mph in at least one Florida zip code.

* Land falling hurricanes in regions E or F with ogerrain winds greater than 30 mph in
at least one Florida zip code.

The Actuaries checked a sample of bypassing sténons the stochastic set to see if they were
correctly included or excluded. From the file ach storm they could see the wind speed by
zip code for each day and hour of the storm. Thers they selected from the excluded set
either had no Florida zip codes impacted, or hadidé zip codes with very low wind speeds.
The included storms selected all had one or mayadd zip codes with winds over 30 mph.
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A-2 Underwriting Assumptions

A. When used in the modeling process or for verific ation purposes,
adjustments, edits, inclusions, or deletions to ins urance company input
data used by the modeler shall be based upon accept ed actuarial,
underwriting, and statistical procedures.

Input data from insurance companies, used for deweént or validation, were requested and
provided in a standardized format. Any adjustmesd#s, inclusions or deletions are based upon
accepted actuarial, underwriting, and statisticatpdures.

Exposure and claim data used in the validation gs®avere collected via a data call issued by
the Florida Office of Insurance Regulation. In tese of the 2004 hurricane, the data call
requested policies in force on any of four specdates in 2004 (i.e. the landfall dates for
Frances, Charley, Ilvan and Jeanne), and any as=sbeiand claims occurring on those dates.
Since the four storms occurred so closely togettiner,OIR determined there was no need for
companies to supply four separate in force filesve®al companies supplied separate in force
files for each date anyway, but most companiestbendne in force file requested.

All of the data files received were edited for:

. duplicate records
. valid entries in each field.

Deletions:

A few duplicate records were found and deletedhéreview process, the Actuaries located and
examined several sets of records where a duplicadebeen purged from the original data set.
These were cases where the policy number and lidlydevel characteristics were identical. In
the process of reviewing these policies, they ntitatl there did appear to be some policies with
legitimate multiple dwellings related to the san@iqy number, i.e. dwellings with different
construction years, coverage A amount of insuragte, Therefore it's possible that some or all
of the “duplicates” dropped were not actually dogles, but a second dwelling with the same
policy number.

Policies (and any accompanying claims) with inv&ildrida zip codes were also deleted. The
Actuaries examined the invalid zip codes foundha Company D data set. They sampled
among the deleted zip codes, especially those wiitiple policies reported, and checked
against their own list of valid Florida zips to edain that they were indeed invalid. For
example, only .05% of Company D records and .8%ahpany A records were dropped due to
invalid zip code. The dropped record count foreottompanies was reportedly similar to
Companies A and D.

Policies excluding wind were dropped. These wepsrted by two companies even though the

data call requested only policies including winde@ge. Such policies were identified by “Ex
Wind” or similar identifiers in the hurricane dedite field.
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Adjustments

The construction categories and deductible categaeported by the individual companies were
mapped to those of the model. The engineers detediihow company construction categories
should be mapped. The Actuaries examined the mgpmha sample of policies to verify that
they were executed as planned.

Percentage deductibles were converted to dollauatsdy multiplying by the structure amount
of insurance. The Actuaries examined a samplbeasfe conversions.

Companies B and D did not provide limits for Addital Living Expense in their in force files.
Company B subsequently recommended 30% of struettn@unt of insurance as a reasonable
estimate of the limit. For Company D a limit of%0of structure amount of insurance was
selected. This selection was later verified asarable based on exposure data submitted with a
2006 Company D rate filing. In that filing the aszge ALE limit reported by the company was
10.5%. The Actuaries reviewed the corresponderitte @ompany B, and verified the ratio of
ALE limit to structure limit from the 2005 Compamyrate filing data file.

The edits, deletions and adjustments describedeabslate to the validation data. The same
approach, though, is used with exposures provigecbmpanies in conjunction with rate filings
pending with the OIR.

B. For loss cost estimates derived from or validate d with historical insured
hurricane losses, the assumptions in the derivation s concerning (1)

construction characteristics, (2) policy provisions , (3) claim payment
practices, and (4) relevant underwriting practices underlying those
losses, as well as any actuarial modifications, sha Il be appropriate.

The damages calculated by the model, that substydilenv into the loss costs, depend on the
following characteristics of each exposure:

* Region/Sub-region and zip code

» Construction type (Masonry, Frame, Mobile Home,&dth
* Year of Construction

» Coverages (e.g. contents only or full package hawmeos)
» Deductible

» Limits by coverage.
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The following assumptions are implicit in the desaf the model:

» Each structure can be appropriately categorizegither Masonry, Frame, Mobile Home
or Other.

» Within construction types, the relative strengttanfexposure can be approximated by
the year of construction.

* The values of structures, contents and appurtestardtures are each equal to their
policy limit.

» There is no difference in loss under Actual Castlu¥ar Replacement Cost coverage.
(The damage model is calibrated to a mix of som& AGd mostly RC.)

» Claim practices are stable and do not vary by campa

» A company’s underwriting practices relating to alyer risk characteristic not
considered in the model (i.e. those listed abovl)wat impact hurricane damages.

» The impact on losses of roof type, shutters andraikk characteristics not yet widely
available from insurance companies can be apprdginasing weighted damage
matrices.

In responding to this standard the Actuaries regawodel flow charts, manual calculations of
losses for specific policies, and sample vulnditgbnatrices.

Disclosures

1. ldentify the assumptions used to develop loss cdsts unknown residential
construction types

The unknown matrix is called “other” matrix in odocuments and programs. Loss costs for
unknown construction types are estimated usingeralility matrices specifically developed

for unknown construction types. These are weigldagdrage of the various vulnerability

matrices developed for a given region. The weiglgpend on the prevailing proportions of

various construction types in the region. The propos were estimated from survey data
provided by various counties and policy data predidy insurance companies. Vulnerability
matrices for Mobiles homes are not used.

2. Describe how the modeled loss costs take into atersition storm surge and flood
damage to the infrastructure.

The modeled loss costs do not contain provisionstorm surge losses. There is certainly a
chance that some storm surge claims were paid mialha paid under wind coverage in the
validation data, and therefore influenced the damamptrices to some extent. However, we
specifically excluded Ivan data from the validatiprocess due to suspected storm surge
contamination, and focused on Frances and Chaléyns which the meteorologists felt were
less likely to be contaminated.
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There is also no specific provision for “ALE onlglaims that are due to storm surge damage to
the infrastructure with no insured damage to tteaied property. To the extent “ALE only”
claims were present in the validation data, théocation of the damage model will have allowed
for such claims. Thus, the model does not dististy@xplicitly between direct and indirect loss
to the structure, but the function is calibrateciagt claim data that includes both types of
losses.

3. Describe the assumptions included in model develepin and validation
concerning insurance company claim payment pracsce

The implicit assumption is that such practices siedble over time. An option is available that
converts any damages over 50% to 100% damage thelassumption that claim adjusters may
declare a dwelling uninhabitable. This option i$ nged in the development or validation of the
model. Analysis indicates that activating this optwill lead to only slight increase in loss costs.

Computer code showing that this option is turnddrothe production of Commission loss costs
can be provided by the Computer Science team.

4. ldentify depreciation assumptions and descrilbe tmethods and assumptions used
to reduce insured losses on account of depreciatidProvide a sample calculation
for determining the amount of depreciation and tlaetual cash value (ACV) losses.

For both replacement cost and ACV policies the ealfistructures and contents are generally
assumed to equal the insured limit. In the rare e@sere data on property value is available and
it exceeds the limit, the value is used to estinthaee ground-up damages. Depreciation is
considered in the model, but not explicitly. Thendae ratios applied to those values, however,
were calibrated to insured losses that containmikaof mostly replacement cost and some ACV
coverages. Consequently there is an implicit alloseafor depreciation (of an unknown degree)
built into the modeled losses.

5. ldentify property value assumptions and describee tmethods and assumptions
used to determine the true property value and assied losses. Provide a sample
calculation for determining the property value anguaranteed replacement cost
losses.

The model assumes that the insured value is teevalue of the property.
6. Describe how loss adjustment expenses are constlengthin the loss cost
estimates.
Loss adjustment expenses are not included in estsnmaf loss costs. The loss data used for

validation do not include loss adjustment expen$hs. OIR data call required losses excluding
LAE.
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A-3 Loss Cost Projections*
(*Significant Revision)

A. Loss cost projections produced by hurricane loss projection models
shall not include expenses, risk load, investment i ncome, premium
reserves, taxes, assessments, or profit margin.

Loss cost estimates do not include expenses, oeslis| investment income, premium reserves,
taxes, assessments, or profit margins. The moddupes pure loss costs.

B. Loss cost projections shall not make a prospecti ve provision for
economic inflation.

Loss cost estimates do not consider economic ioflat

Disclosures

1. Describe the method or methods used to estimateuahross costs needed for
ratemaking. ldentify any source documents used aedearch performed.

Expected annual losses are estimated for individahties in the portfolio. They are estimated
for structure, appurtenant structure, contentsAdrid based on their exposures and by using the
respective vulnerability matrices for the constiaettypes. There are two methods available for
estimating expected losses that theoretically predhe same results. In the first method, for
each policy, losses are estimated for all the banes in the stochastic set by using appropriate
damage matrices and policy exposure data. Thedam® then summed over all hurricanes and
divided by the number of years in the simulationgtd the annual expected loss. These are
aggregated at the zip code, county, territory,astfplio level and then divided by the respective
level of aggregated exposure to get the loss cbhts.is a computationally demanding method.

The second method derives the probability distrdsutof winds for each zip code from the
simulated set of hurricanes. These distributions #ren applied directly to the damage
(vulnerability) matrices, and using the insuredueabnd deductible, the expected losses are
estimated for each policy. These are then aggreégat@eeded.

The distribution of losses is driven by both thetidbution of damage ratios generated by the
engineering component and by the distribution afidvspeeds generated by the meteorology
component. The engineering group has produced eralbility matrices. Damage ratios are
grouped and intervals (or classes) of various leage used. Furthermore, damages probabilities
for damage intervals are produced for a whole rasfgeind speeds. Vulnerability matrices are
provided for building structure, contents, appuatgnstructures and additional living expenses
for a variety of residential construction types &mdpolicy types.
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To generate expected loss the model starts witivengset of exposure, determine their zip
codes and construction types and extract relevatearology, engineering and insurance data.
The starting point for the computations is the dgenaatrix with its set of damage intervals and
associated probabilities. For a given a wind spéadgeach of the mid point of the damage
intervals the ground up loss is computed, dedwegilaind limits are applied, and the loss net of
deductible is calculated. Care is taken to enduaé et of deductible losses are non-negative.
The net loss is multiplied by the probability iretborresponding cell to get the expected loss for
the given damage ratio. The results are then agdragross the possible damages for the given
wind speed. Next, the wind probability weightedsles calculated to produce the expected loss
for the property. The expected losses are thersttjlby the appropriate expected demand surge
factor. The expected losses can be summed actostsuatures of the type in the zip code and
also across zip codes to get expected aggregateTlbs losses can also be aggregated by policy
form, counties, rating territories etc.

The following sources were used in the research:
Hogg and Klugmanl,.oss Distribution 1984, particularly Ch. 4 and 5 and the appendix,
Klugman, Panjer and WillmoLoss Models1998

Foundations of Casualty Actuarial Sciencéedition, 2001, Casualty Actuarial Society.

2. ldentify the highest level of resolution for whichoss costs can be provided.
Identify the resolution used for the reported outptanges

Loss costs can be provided at individual policyelesr for the portfolio, by zip code, by county,
by region, by rating territory or statewide. Themu ranges are estimated at zip code level.
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A-4 Demand Surge
A. Demand surge shall be included in the model's ca Iculation of loss
costs.
Demand surge is included in the calculation of losss.

B. The methods, data, and assumptions used in the e  stimation of demand
surge shall be actuarially sound.

The method, data, and assumptions used in thea&gimof demand surge are actuarially sound.
Disclosures
1. Describe how the model incorporates demand surgéhim calculation of loss costs.
How Demand Surge is Incorporated in Loss Cost Caldation

Weighted average demand surge factors acrossatieastic set of storms are applied to the
modeled losses. There are factors by coveragesafdr of five regions. The regions are:

* Northeast / North Central

* Northwest

* Central

» South (except Monroe County)
* Monroe County

For each storm in the stochastic set demand sarggsumed to be a function of coverage, region
and the storm’s estimated statewide losses betsideration of demand surge.

General Form of the Demand Surge Functions
The functions applied to determine the demand siamgeach storm are of the form:

Structure: Surge Factor = ¢ + pl x In (statewideratlosses) + p2,
where c is a constant
p2 varies by region (Noftbmbined Northeast / North Central, and Northyyest
Central, South (except Monroe), Monroe)
pl is a constant for aljions except Monroe County,
“statewide storm losse® the estimated losses, before demand
surge, for the storm uncamsideration.

Appurtenant Structures: Surge Factor = Structural Factor.
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Contents: Surge Factor = [ (Structuralteae- 1) x 30% | + 1.

Additional Living Expenses: Surge Factor = 1.5 x Structural Factor. - .5

Development of the Structural Demand Surge Function

To estimate the impact of demand surge on theesattht cost of structural claims following a
hurricane we used a quarterly construction cad¢xnproduced barshall & Swift/Boeckh
We considered the history of the index from firstager 1992 through second quarter 2007.
There is an index for each of 52 zip codes in Bnvith forty-two counties represented. We
grouped the indices to produce a set of regiondices, weighting each zip code index with
population.

The approach to estimating structural demand swage to examine the index for specific
regions impacted by one or more hurricanes sin@2.19From the history of the index we
projected what the index would have been in theodefollowing the storm had no storm
occurred. Any gap between the predicted and adctdaix was assumed to be due to demand
surge. In total we examined ten storm/region cowions. From these ten observations of
structural demand surge we generalized to the ifumadtrelationship shown above.

Monroe County was treated as an exception. Thene wo storms of any severity striking
Monroe during the time period of our observatiok¥e believe, though, that the location of and
limited access to the Keys will result in an undlsuligh surge in reconstruction costs after a
storm, particularly since the Overseas Highway @¢da¢ damaged by storm surge. We have
therefore judgmentally selected surge parametersiémroe in excess of those indicated for the
remainder of South Florida.

Development of the Contents Demand Surge Function

The approach to determining the contents demangesfumction was to relate any surge in
consumer prices in Southeast Florida following fvames Katrina and Wilma to the estimated
structural demand surge following those storm#é/e used the Miami-Ft. Lauderdale Consumer
Price Index for this purpose, and compared theeptef and actual index after the storms. Since
the surge in consumer prices was roughly 30% ofstirge in construction costs, we selected
that percentage as the relationship between stal@nd contents demand surge.

Development of Additional Living Expense (ALE) Demad Surge Function

To estimate ALE demand surge we first examinede¢haionship between structural losses and
ALE losses in the validation data set. This datairscludes losses from three storms (Andrew,
Charley and Frances) and eleven insurance compaWleshen compared the predicted increase
in ALE losses associated with various increasesstmctural losses. That generalized

relationship is the ALE demand surge function shawave.
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ALE demand surge is related to structural demamgesin following sense: Structural surge is
caused by an inability of the local constructiodustry to meet the sudden demand for materials
and labor following a storm. A high surge innstruction costs suggests a more serious
mismatch between the demand for repairs and thglysop materials and labor. This mismatch
translates into longer delays in the completiomeplairs and rebuilding, which in turn implies a
higher surge in ALE costs.

Because ALE surge is determined as a functionratstral surge, Monroe County ALE surge
factors are higher than those for the remainde8afth Florida. We believe this is reasonable
because of the unusual delays in repair/rebuilttiag will occur following a major storm in the
Keys, especially if there is storm surge damadgSdl or to bridges connecting the islands.

Treatment of Demand Surge for Storms Impacting boththe Florida Panhandle and
Alabama

The Northwest region is segregated from the rensaiofl the North to allow for demand surge
that is a function of combined Florida/Alabama &ss$rom storms impacting both states. The
Northwest region consists of all Panhandle countiest of Leon and Wakulla. The definition of
this region was selected by considering which desnéxperienced losses from Ivan, Frederic
and Elena, i.e. from storms that impacted bothestatlot all counties in the Northwest region
experienced losses from these three specific stdootslosses in neighboring counties suggest
that that they are nevertheless at risk for inolusn a combined Florida/Alabama event.

Demand surge factors for the Northwest region &terchined as an upward adjustment to the
factors for the Northeast/North Central region. plepose of this adjustment is to correct for an
understatement of demand surge that occurs whentbal Florida losses from a combined
Florida/Alabama event are used to determine thel lev\demand surge from a storm.
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A-5 User Inputs

All modifications, adjustments, assumptions, and de faults necessary to
use the inputs in the model shall be actuarially so und and included with the
model output. Treatment of missing values for user inputs required to run
the model shall be actuarially sound and described with the model output.

The insurance companies provide policy data in amdardized format. The input format
description is available for audit. If observatiarsthe input variables are missing, the provider
is often solicited for the information and a deteration is made if the data has zero value or is
missing. If the data on many key variables are imgsthe record is dropped from the analysis,
otherwise appropriate assumptions are made tordtairecord. If, for example, the year built is
missing, then weighted average damage matriceasa@, with the weights determined by the
policy location and construction type. The insufadit is assumed to be the value of the
property, and therefore no adjustments are madbecexposure data for building structure,
appurtenant structure, contents or additional ¢\@xpense. In the rare case, when property value
data is available and it exceeds the limit, thei@a$ used to calculate the ground-up damage. If
limit on ALE is time based and no exposure is paed for ALE, then depending on the policy
type, ALE is assumed to be a percentage of eitteestructure or content coverage for one year.
No loss costs are reported for zip codes that arénnthe geo-coded set. The number of records
deleted and adjustments to the data set are do¢echen

Disclosures

1. Describe the methods used to distinguish among @oliform types (e.g.,
homeowners, dwelling property, mobile home, tenamtsndo unit owners).

The client provides the data on exposure by coeetgge, and identifies construction type,
policy form, rating territory etc. The model canopess any combination of policy type,
construction type, deductibles, coverage limits &tee client is assumed to provide the correct
data, though outliers may be investigated. The inodéput reports include separate loss
estimates for structure, content, appurtenant tstrecand ALE. These losses are also reported
by construction type (e.g. masonry, frame, manufact homes), by county or zip code, by
policy form (e.g., HO-3, HO-4 etc.), by rating t&sry, and combinations thereof.
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2. Disclose, in a model output report, the specifipéyof input that is required to use
the model or model output in a personal residentm@bperty insurance rate filing.
Such input includes, but is not limited to, optioh&atures of the model, type of
data to be supplied by the model user and neededktove loss projections from the
model, and any variables that a model user is authed to set in implementing the
model. Include the model name and version number the model output report.
All items included in the output form submitted tthe Commission should be
clearly labeled and defined.

Table 14. Output report for OIR data processing

Output Report for OIR Data Processing
Florida Public Hurricane Loss Model: Release 2.6
OIR Data Processing Results: <Company Name: OliRg-Nlumber>

Report Content:

- Original Number of the policies in data set

- Process steps to formalize the data set

- Numbers of policies which are excluded due tdatereason, e.g. invalid zipcodes, invalid fornedt,
- Numbers of: Construction Types, Territory Codeslicy Forms, Program Codes, etc.

- Number of policies to generate the estimatedel®ss

- Number of files in the final results

The results are aggregated by different combinatiggon counties, zipcodes, policy forms, progradespand
territory codes.

In case if there are:

- more than 1 construction type
- more than 1 policy forms

- more than 1 program codes

- more than 1 territory codes

There will be 47 files in the final results withmas as below:

<CompanyName>_ PILM_Loss_ConstType.xIs
<CompanyName>_PILM_Loss_County.xls
<CompanyName>_PILM_Loss_PolicyForm.xls
<CompanyName>_PILM_Loss_ProgramCode.xls
<CompanyName>_PILM_Loss_TerritoryCode.xls
<CompanyName>_PILM_Loss_Zipcode.xls
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<CompanyName>_ PILM_Loss_ConstType_PolicyForm.xls

<CompanyName>_ PILM_Loss_ConstType_ProgramCode.xls
<CompanyName>_PILM_Loss_ConstType_TerritoryCode.xls
<CompanyName>_PILM_Loss_County_ConstType.xls
<CompanyName>_PILM_Loss_County PolicyForm.xls
<CompanyName>_PILM_Loss_Zipcode_ ConstType.xls
<CompanyName>_PILM_Loss_County ProgramCode.xls
<CompanyName>_PILM_Loss_County_TerritoryCode.xls
<CompanyName>_PILM_Loss_Zipcode_PolicyForm.xls
<CompanyName>_PILM_Loss_PolicyForm_ProgramCode.xls
<CompanyName>_PILM_Loss_PolicyForm_TerritoryCode.x|
<CompanyName>_PILM_Loss_TerritoryCode_ProgramCdsle.x
<CompanyName>_PILM_Loss_Zipcode_ ProgramCode.xls
<CompanyName>_PILM_Loss_Zipcode_TerritoryCode.xls
<CompanyName>_ PILM_Loss ConstType_PolicyForm_Prmo@ade.xls
<CompanyName>_PILM_Loss_ConstType_PolicyForm_Tany€ode.xls
<CompanyName>_PILM_Loss_ConstType_TerritoryCodegRrmCode.xls
<CompanyName>_PILM_Loss_County_ ConstType_PolicyFdam
<CompanyName>_PILM_Loss_County ConstType_PrograraGxi
<CompanyName>_PILM_Loss_County ConstType_Territogex|s
<CompanyName>_PILM_Loss_County PolicyForm_Prograde>ds
<CompanyName>_PILM_Loss_County PolicyForm_Terri@oge.xls
<CompanyName>_PILM_Loss County_TerritoryCode_ Pnogade.xls
<CompanyName>_PILM_Loss_Zipcode_ ConstType_Policyfxls
<CompanyName>_PILM_Loss_Zipcode ConstType_PrograteGts
<CompanyName>_PILM_Loss_Zipcode_ ConstType_TerrEoge.xls
<CompanyName>_PILM_Loss_Zipcode_PolicyForm_Progradexls
<CompanyName>_PILM_Loss_Zipcode_PolicyForm_TeryiBwde.xls
<CompanyName>_ PILM_Loss_Zipcode_TerritoryCode PFangtode.xls
<CompanyName>_PILM_Loss_ConstType_PolicyForm_Tamwy€ode ProgramCode.xls
<CompanyName>_PILM_Loss_County_ ConstType_PolicyFétragramCode.xls
<CompanyName>_PILM_Loss _County_ConstType_PolicyFdrenritoryCode.xls
<CompanyName>_ PILM_Loss_County ConstType_TerritogeC ProgramCode.xls
<CompanyName>_ PILM_Loss_County PolicyForm_Terri@ogde ProgramCode.xls
<CompanyName>_PILM_Loss_Zipcode_ ConstType_PolicyFétrogramCode.xls
<CompanyName>_ PILM_Loss_Zipcode_ ConstType_PolicyFdrerritoryCode.xls
<CompanyName>_PILM_Loss_Zipcode_ ConstType_Terrfoge ProgramCode.xls
<CompanyName>_PILM_Loss_PolicyForm_TerritoryCod®gPamCode.xls
<CompanyName>_PILM_Loss_Zipcode_PolicyForm_Teryi@nde_ProgramCode.xIs
<CompanyName>_ PILM_Loss_County ConstType_PolicyFdrenritoryCode ProgramCode.xls
<CompanyName>_ PILM_Loss_Zipcode_ConstType_PolicyFdrerritoryCode_ProgramCode.xls

The final results are zipped and protected by upagsword

Note: PILM is Probabilistic Insured Loss Model
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Provide a copy of the input form used by a modetuso provide input criteria to be used in
the model. The modeler should demonstrate that ttygut form relates directly to the model
output. Include the model name and version numlmer the input form. All items included in
the input form submitted to the Commission should dearly labeled and defined.

Table 15. Input form for Florida Public Hurricane L oss Model

Florida Public Hurricane Loss Model  Version 26
The portfolios should be saved in .txt files wilte tfollowing format:

PolicyID,Zipcode,YearBuilt,ConstructionType,Prog&falue, StructureCoverage,AppCoverage,
ContentCoverage,ALECoverage,Deductible,Hurricane@tble,NatureOfCoverage,County

1. Attribute Explanation:

PolicylID: the unique ID for this certain portfolio

Zipcode: 5-digit zipcode where this certain property boeje

YearBuilt: 4-digit year number when this property was built

ConstructionType: the construction type for this certain propertfich is with one of the following fouf
types:Frame Masonry Manufactured or Other

PropertyValue: the dollar amount value for this certain property

StructureCoverage: the structure coverage amount in dollars

AppCoverage: the appurtenant coverage amount in dollars

ContentCoverage: the content coverage amount in dollars

ALECoverage: the ALE coverage amount in dollars

Deductible: deductible amount in dollars for other typesostes

HurricaneDeductible:  hurricane deductible amount in dollars

NatureOfCoverage: using one letteR or A to represent Replacement Cost or Actual Cash Vedispectively

County: the name of the county where the property bedong

Note the attributes should be separated by comitya on

2. Examples
1,33143,1977,Masonry,162000,162000,16200,12400280)R,Miami-Dade

Note:
The company may provide more columns, Bglicy Form, Program Code and Territory Code.

FPHLM V2.6 2007 146



3. Describe actions performed to ensure the validitiyimsurer data used for model
inputs or validation/verification

We developed a set of programs to check and valitte¢ data processing. These programs
include the Validation Automation Program and MatlRlotting Program. Sometimes the

computer test results are compared with manyatigessed results. The following check list
is also implemented:

Table 16. Check List for the Pre-processing

Field Name Check that... Checked

* There are no null values.
PolicylD

*

All duplicates (if any) have valid policy information.

* There are no null values.
Zipcode

*

All values belong to the set of 5-digit zipcodes in Florida.

* There are no null values (Note: policies with no YearBuilt should have for value 0).

*

All values are 4-digit numbers.
YearBuilt
* There are no values exceeding the current year.

* There are no non-zero values less than 1700.

* There are no null values.
ConstType

*

All values are either masonry, frame, manufactured, or other.

* There are no null values.

* There are no negative values.

*

PropValue If all values are equal to 0, then they are updated to equal LMs.

*

The actual Property Values will be updated to the larger numeric value between

Property Value and Structure Limit

* There are no null or non-numeric values.
LMs
* There are no negative values.

* There are no null or non-numeric values.

LMapp * There are no negative values.

*

If all values are equal to 0, then they are updated to 10% of LMs.

* There are no null or non-numeric values.
LMc
* There are no negative values.

LMale * There are no null or non-numeric values.

* There are no negative values.
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*

If all values are equal to 0, then they are updated to 20% of LMs.

*

There are no null or non-numeric values.

*

There are no negative values.
Deduc

*

All percentages are converted to numeric values. (Sometimes the percentages are

represented as 2, 5, 10, 02, 05, 000002, 000005, 000010 instead of 2%, 5%, 10%)

*

There are no null or non-numeric values.

*

There are no negative values.

*

HurrDeduc All percentages are converted to numeric values. (Sometimes the percentages are

represented as 2, 5, 10, 02, 05, 000002, 000005, 000010 instead of 2%, 5%, 10%)

*

Normally Hurricane Deductible should be no less than 500.

*

There are no null values.
Coverage

*

The format is correct (i.e. value is equal to A or R).

*

There are no null values.

*

All county names are spelled only one way (i.e. all caps & no spelling errors, etc.).

*

County All names are counties in Florida.

*

For counties as Miami-Dade (Miami Dade, Dade), St. Johns (Saint Johns, St Johns),

St. Lucie (Saint Lucie, St Lucie), make sure only one type of spelling is used.

*

If the field is present, values cannot be null.
PolicyForm

*

The format is correct (i.e. value is equal to DP-3, HO-6, etc.).

*

If the field is present, values cannot be null.
ProgramCode

*

The format is correct (i.e. value is equal to A, B, etc.).

*

If the field is present, values cannot be null or non-numeric.
TerritoryCode

*

The format is correct (i.e. value is equal to 36, 11, etc.).

Note: LMs is coverage limit for building structureMapp is coverage limit for appurtenant
structure, LMc is coverage limit for contents; drMale is coverage limit for ALE.
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A-6 Logical Relationship to Risk
A. Loss costs shall not exhibit an illogical relati on to risk, nor shall loss
costs exhibit a significant change when the underly ing risk does not
change significantly.

The lost costs produced by the FPHLM model do hotsillogical relations to risk nor do they
change significantly when the underlying risk doeschange.

B. Loss costs produced by the model shall be positi ve and non-zero for all
valid Florida ZIP Codes.

The model produces positive and non-zero loss ¢ostdl valid zip codes in the geo-coded set.

C. Loss costs cannot increase as the quality of con struction type,
materials and workmanship increases, all other fact  ors held constant.

Loss cost decrease as the quality of constructioreases.
D. Loss costs cannot increase as the presence of fi  xtures or construction
techniques designed for hazard mitigation increases , all other factors
held constant.

Loss cost decreases if loss mitigation measurescm&dered. See form V-2.

E. Loss costs cannot increase as the quality of bui Iding codes and
enforcement increases, all other factors held const ant.

Loss cost decreases as the quality of building £adé enforcement increases.

F. Loss costs shall decrease as deductibles increas e, all other factors held
constant.

Loss cost decrease as deductibles increase, all faittors held constant. See form A-6.

G. The relationship of loss costs for individual co verages, (e.g., structures
and appurtenant structures, contents, and loss of u se/additional living
expense) shall be consistent with the coverages pro  vided.

Relationship of loss costs for structure, appumé&nacontents, and ALE are consistent with
coverages provided.
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Disclosures

1. Demonstrate that loss cost relationships by type odverage (structures,
appurtenant structures, contents, additional livingxpenses) are consistent with
actual insurance data.

The structures loss consists of external and iatdasses. Contents losses and additional living
expenses are a function of the interior structuresés. Appurtenant losses are derived
independently. All the losses are based on a awettibn of engineering principles, empirical

equations, and engineering judgment. They weredatdd against claim data from Andrew,

Charley, and Frances. The results are shown irgthghs below, for hurricane Charley and
Frances. Each dot represents an insurance portiidlie square symbols correspond to Charley,
while the diamonds corresponds to Frances.

Model vs Actual - Structure Loss Ratios
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4% A

3% A

2% A X

Modeled Structure Losses

1% 4

0% T T T T
0% 1% 2% 3% 4% 5%

Actual Structure Losses

Figure 35 Model vs. Actual—Structure Loss Ratios
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Model vs Actual - Content Loss Ratios
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Figure 36. Model vs. Actual—Content Loss Ratios

Model vs Actual - ALE Loss Ratios
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Figure 37. Model vs. Actual—ALE Loss Ratios
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Model vs Actual - APP Loss Ratios
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Figure 38 Model vs. Actual—APP Loss Ratios

2. Demonstrate that loss cost relationships by constion type or vulnerability
function (frame, masonry, and mobile home) are castent with actual insurance
data.

The validations described above were done for aohmasonry and frame structures for each

portfolio. In addition, portfolios of manufacturdtbmes were validated separately. In general
loss costs for masonry are lower than for frameckviare lower than for mobile homes.
Table 17. Modeled vs. Historical Loss by Construatin Type
Hurricane = Charley
Exposure = Total Exposure (for all the policies in the zipcode s with over certain wind speeds)
Actual Modeled
Construction Exposure Loss Loss/Exposure Exposure Loss Lgss/Expo sure Difference

Frame $2,134,563,899 $42,847,537 0.02007 $2,134,563,899 $43,183,794 0.020230734 -0.000160734

Masonry $11,097,347,026 | $213,394,399 0.01923 $11,097,347,026 | $180,708,703 0.016283955 0.002946045

Other $109,524,829 $1,924,457 0.01757 $109,524,829 $1,724,157 0.015742161 0.001827839
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Hurricane = Charley

Exposure = Total Exposure (for all the policies in the zipcode

s with over certain wind speeds)

Actual Modeled
Construction Exposure Loss Loss/Exposure Exposure Loss 0ss/Expo  sure Difference
Frame $697,847,220 $9,567,616 0.01371 $697,847,220 $11,349,118 0.016263041 -0.002553041
Masonry $2,912,553,977 | $45,463,407 0.01561 $2,912,553,977 $39,098,781 0.013424225 0.002185775
Hurricane = Charley
Exposure = Total Exposure
Actual Modeled
County Exposure Loss Loss/Exposure Exposure Loss Loss/Expo sure Difference
LEE $1,299,368,560 $8,570,535 0.0066 $1,299,368,560 $10,205,376 0.007854104 -0.001254104
ORANGE | $2,246,093,610 | $21,750,913 0.00968 $2,246,093,610 $28,293,336 0.012596686 -0.002916686
COLLIER $1,077,191,486 $688,935 0.00064 $1,077,191,486 $194,735 0.00018078 0.00045922
OSCEOLA | $1,719,708,929 | $21,458,193 0.01248 $1,719,708,929 $18,348,471 0.010669521 0.001810479

Also see Standard S5 and Form S3.

3. Loss cost relationships among coverages, territeyiand regions are consistent and
reasonable.

Loss costs in regions that have relatively highdnisal frequency of hurricanes are usually
higher. Similarly, the loss costs for inland cosestion the average are lower than coastal
counties. Also loss costs for northern region areer than the central and southern region. This
is shown in Form A-2 for structural coverage faiethtypes of construction.

4. Explain any anomalies or special circumstances thaight preclude any of the
above conditions from occurring.
For some inland zip codes the loss costs may lghehithan neighboring zip codes that are
closer to the coast because of lower terrain roeghinSimilarly a frame structure may have
lower lost cost than masonry if the frame is near built under a stronger building code.

5. Provide a completed Form A-1, Loss Costs.

See Form A-1.
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6. Provide a completed Form A-2, Zero Deductible L&3ssts by ZIP Code.
See Form A-2.

7. Provide a completed Form A-3, Base Hurricane Sto®et Average Annual Zero
Deductible Statewide Loss Costs.

See Form A-3.

8. Provide a completed Form A-4, Hurricane Andrew Pert of Losses.

See Form A-4.

9. Provide a completed Form A-5, Distribution of Huanes by Size of Loss.

See Form A-5.
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A-7 Deductibles and Policy Limits

A. The methods used in the development of mathemati  cal distributions to
reflect the effects of deductibles and policy limit s shall be actuarially
sound.

In practice the insurance companies often allodatiictibles to structure, content, AP, and ALE
on a pro-rata loss basis. Thus, if for examplajcstre and content damages before deductible
are $20,000 and $6,000 respectively, and the dibdiics $3,000, then (20,000/26,000)(3,000) =
$2,308 is allocated to structure and (6,000/26,@0000) = $692 is allocated to contents. This
means that the various damages have to be congidacedeductibles applied simultaneously.
The deductibles must be allocated among the diffdosses and the truncation applied to each
loss separately on a pro-rata basis.

For pro-rata deductible method to work optimalhg functional relationships between structure
damage and others should be estimated, and forietekial or class of structural damage, the
corresponding mean and variance of the C, AP, Alrl damages should be specified. The
conditional probabilities for C, AP, and ALE wilhén be the same as those for structural
damage. An independent content matrix is somewhablgmatic and may create biases in
estimates of net of deductible losses. For strastwe are likely to have damage ratio ranges or
intervals of 0 to 2%, 2% to 4%, 4% to 6% etc. Facheof these intervals (and its mid points),
ideally we may want to use the mean and variancéhefcorresponding damage ratios for
contents, AP and ALE. In practice, since the dammaggix for different types of losses are not
directly related, we need to use the mean of thetecd, or AP, or ALE damage vector
conditional on wind speeds, since the wind speddesonly common frame of reference to the

various types of damages.
L+Ds

Expected Structure Loss = EJl= > (DM; - Ds) ps (xw) + 2 LMsps (xw)
oY

FPHLM V2.6 2007 155



L+G
Expected Content Loss = Efl= X (f(Xi) - Dc) pc (xw) + 2 LMc pc (xw)
Cs

Expected Appurtenant Loss = R = 2 (g(Xi) - Dap) ps (W) + 2 LMap ps (Xjw)
Expected ALE Loss = E(@e) = 2 (h(X) - Dace) ps (Xiw) + X LMaie ps (x;w)
Expected Loss = E (L) = E@QL+ E(Lc) + E(Lap) + E(LaLe)

Where, each of the losses net of deductiblezdreAnd where the deductibles;, D¢, Dap, DaLe
are applied on a pro-rata basis to the respectiveades as follows:

Ds =[DMs/(DMs+ C + AP + ALE)] * D
Dc =[C/(DMs+ C + AP + ALE)] *D

Dap = [AP /(DMs+ C + AP + ALE)] * D
Dae =[ALE /(DMs+ C + AP + ALE)] * D

For this method to work, ideally, the joint probdies of the losses must be estimated and used.
In practice such joint probabilities are hard tdireate and validate. Thus, the engineering

component should ideally provide for each strudtdeanage interval, and given a wind speed,

the mean and variance of damage ratio for confédt, ALE. The model uses the mean C, AP,

and ALE for the given wind speed to determine thecation of deductible to various coverage.

B. The relationship among the modeled deductible lo ss costs shall be
reasonable.

The relationship among the modeled deductibledosss is reasonable.

C. Deductible loss costs shall be calculated in acc ordance with s.
627.701(5)(a), F.S.

The deductible loss costs are calculated in acooelwith s. 627.701(5)(a), F.S.

Disclosures
1. Describe the methods used in the model to treat udéitdles (both flat and

percentage), policy limits, replacement costs, amgsurance-to-value when
projecting loss costs.
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In the probabilistic damage matrices, for each ibptsslamage ratio there is a set of probabilities
for different wind speeds. For each damage outcthreedamage ratio is multiplied by insured

value to get dollar damages, the deductible is ceduand net of deductible loss is estimated
subject to the constraint that net loss39 and< limit. Percentage deductibles are converted
into dollar damage. Both the replacement cost amgbgrty value are assumed to equal the
coverage limit.

2. Provide an example of how insurer loss (loss net d#ductibles) is calculated.
Discuss data or documentation used to confirm ofigtate the method used by the

model.
Example:
(A) (B) ©) (D)=(A)*(C) (E)=(D)-(B)
Structure Policy Damage | Zero Deductible Loss Net of
Value Limit Deductible Ratio Loss Deductible
100,000 | 90,000 500 2% 2,000 1,500

Once the damage ratios are generated, then:
Loss net of deductible = (Damage Ratio x Bldg Valugeductible
and Los<< Limit. If net loss is < 0 then replace it with per

Example

Bldg value = $200,000. Limit = $180,000. Deduletis $3,000. ) Damage ratio = 5%.

Loss net of deductible = .05 x 200,000 - 3,000 08@. If the  Damage ratio = 1%, then loss
net of deductible = 0. If the damage ratio is 9%#ntthe loss net of deductible is = $180,000 -
$3,000 = $177,000.

3. Describe how the model calculates annual deductible
If there are multiple hurricanes in a year in ttechkastic set, the wind deductibles are applied to

the first hurricane, and any remaining amount enthpplied to the second hurricane. If none
remains then the general peril deductible can lpdeap
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A-8 Contents

A. The methods used in the development of contents loss costs shall be
actuarially sound.

B. The relationship between the modeled structure a  nd contents loss costs

shall be reasonable, based on the relationship betw een historical
structure and contents losses.

A. The methods used in the development of conlestscosts is actuarially sound

B. The relationship between the modeled structandecantents loss costs is reasonable, based on
the relationship between historical structure amutents losses.

Disclosure

1. Describe the methods used in the model to calculats costs for contents coverage

associated with personal residential structuresqlinding mobile homes), tenants,
and condo unit owners.

In all cases, contents losses are a function ointieenal damage. These empirical functions are

based on engineering judgment, and were validajathst claim data for hurricane Andrew,
Charley, and Frances.
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Yulnerability Curves: Claim Data vs Modeled
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Figure 39. Modeled vs. Actual Relationship betweeStructure and Content Damage Ratios
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A-9 Additional Living Expense (ALE)

A. The methods used in the development of Additiona | Living Expense
(ALE) loss costs shall be actuarially sound.

B. ALE loss cost derivations shall consider the est imated time required to
repair or replace the property.

C. The relationship between the modeled structure a nd ALE loss costs
shall be reasonable, based on the relationship betw een historical
structure and ALE losses.

D. ALE loss costs produced by the model shall appro priately consider ALE
claims arising from damage to the infrastructure.

A. The methods used in the development of Additidneing Expense (ALE) loss costs are
actuarially sound.

B. ALE loss cost derivations consider the estimaiete required to repair or replace the
property.

C. The model uses ALE vulnerability function dedvfrom the relationship between structural
damage and ALE. The ALE vulnerability functions babeen calibrated using historical
claim data on structure and ALE.

D. ALE loss costs produced by the model approdsiatensider ALE claims arising from
damage to the infrastructure. The model does raiinduish explicitly between direct and

indirect loss to the structure, but the functiorcadibrated against claim data that includes
both types of losses.

Disclosures

1. Describe the methods used to develop loss costafdditional living expense
coverage. State whether the model considers botiealliand indirect loss to the
structure. For example, direct loss is for expengesd to house policyholders in an
apartment while their home is being repaired. Imdct loss is for expenses
incurred for loss of power (e.g., food spoilage).

The additional living expenses are based on anr@apiunctional relationship of the interior
damage to the structure. The model does not digsh explicitly between direct and indirect

loss to the structure, but the function is calibdaagainst claim data that includes both types of
losses.
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2. State the minimum threshold at which ALE loss islcalated (e.g., loss is estimated
for structure damage greater than 20% or only foategory 3, 4, 5 events). Provide
documentation of validation test results to veritye approach used.

The ALE loss is calculated as a function of intedamage. There is no minimum threshold at

which ALE loss is calculated, since it is beliexbdt even with minimum interior damage, some
ALE losses might exist when residents are subgeatrhandatory evacuation.
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A-10 Output Ranges
A. Output ranges shall be logical and any deviation s supported.
Output ranges generated by the model are logialidiions are explained.

B. All other factors held constant, output ranges p roduced by the model
shall reflect lower loss costs for:

1. masonry construction versus frame construction,

Output ranges produced by the model reflect lovsss Icosts for masonry versus frame
construction. Deviations are explained.

2. residential risk exposure versus mobile home ris k exposure,

Output ranges produced by the model reflect lowss kosts for residential versus mobile home
risk exposure.

3. in general, inland counties versus coastal count  ies, and

In general output ranges produced by the modeéaelower loss costs for inland counties
versus coastal counties.

4. in general, northern counties versus southern co unties.
In general output ranges produced by the modetaetbwer loss costs for northern counties
versus southern counties.
Disclosures

1. Provide an explanation for all anomalies in the Isscosts that are not consistent
with the requirements of this Standard

Loss costs for masonry are lower than frame foryezigp code. But the county weighted average
loss cost for masonry may sometimes exceed frarnause there is more masonry exposure,
and hence the weights are greater, in zip codds wgh loss costs. Such is also the case for
statewide weighted average masonry versus frarsg closts.

In a few cases in form A-1, loss costs are higloerzip codes that are more inland than their

neighbors (e.g., 33186 versus 33156 in Miami Daety). The reason is that terrain roughness
coefficients are significantly lower in these maorkand zip codes.
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2. Provide an explanation of the differences in the tput ranges between the prior
year and the current year submission.

A demand surge model was introduced in version Zle meteorology and vulnerability
components changed between version 1.5 and 2dawd:

Changes in the Meteorology component between vefisi®and 2.0

1)Value of air density constant representative wfibane conditions 1.14 kg#n(version 1.5
used air density of 1.22)

2)New version of Rmax model. Version 1.5 was aBowell et al., 2005.

3)New conversion of marine winds to open terraiarsion 1.5 used Simiu and Scanlon method.
4)Uses Vickery 2005 pressure decay model. Versidnwhs based on Vickery and Twisdale
2000.

The boundary layer depth and influence coeffici@gma) vary between the storm over sea
(450 m and .3) and after landfall (1 km and 0.9rsion 1.5 did not specify these quantities.

6) The reduction factor from the mean boundaryrasdue to the surface wind speed is 0.775.
In version 1.5 the reduction value was 0.73.

7) Drag coefficient varies with wind speed and apmed at high winds ( version 1.5 did not
implement a specified drag coefficient).

8) After landfall Drag coefficient changes to aualrepresentative of a roughness of 0.2 m.
Version 1.5 had no change after landfall.

Changes in the Vulnerability component betweeniger$.5 and 2.0

1) modeling of interior and content damage due atewpenetration at low wind speeds

2) recalibration of the interior damage equatione tb validation against the 2004 claim data
combined with the new wind field. This includes timerior damage due to sheathing, roof
cover, and gable ends.

3) recalibration of the contents, appurtenant, &hdf damage equations due to validation
against the 2004 claim data combined with the navd\fireld

4) reduction of the external damage values due owel air density adopted by the

meteorological team, more representative of hungozonditions. The reduction is by a factor of
0.94 (equal to the ratio of hurricane air densitgranormal air density).

The R-Max model of the meteorology component arddbémand surge model were changed
between version 2.0 and 2.5

Meteorology model changes from v2.5t0 2.6

1. The stochastic tracks are initialized by ushmghistorical storm location, central sea-level
pressure, and motion 36 h before landfall. Smaatlom error terms are added to these data and
the historical record is recycled such that thodsasf years of stochastic tracks are generated.
The landfall frequency peak is shifted to Miami-Bambunty and the central pressures at landfall
tend to be higher than v2.5.

2. The roughness for a zip code is determinedhtggrating the effective roughness (a
roughness determined from integrating high resotutipstream land use elements over a wind
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direction octant) over the entire zip code and ypplthe result to the population weighted
centroid of the zip code.

3. The pressure decay model now includes the Yyol@905) models for the Gulf

coast (applied to the Florida panhandle) and Aitacdast (applied to NE Florida). In general
the pressures decay (fill) faster than v2.5 resylin weaker inland winds for regions A and D.
4. We have implemented new roughness based ardkatly released MRLC 2001

land cover database.

Vulnerability model changes from v2.5t0 2.6

The actual vulnerability functions have not chandgddw they may be combined has changed.
The engineering team has developed weak, mediunstaodg vulnerability matrices based on

criteria that are contingent on year built. Whee ylear built is not available, which is the case
when analyses are performed on the hypothetical aladl Cat Fund data used for the actuarial
tests and forms, the matrices are combined basé&uedouilding age statistics of the region.

After processing close to 1.5 million propertiesnir different insurance portfolios, we got new
statistics for both frame and masonry, these sttisvere further updated recently with

additional data. In general, the new statisticduitle less pre-1970 buildings. Therefore, the
weights used to combine the matrices have beergeddan

In addition, for the particular case of the Keyse tallocation of the different age group to
different strength categories has been reviseéftect the larger diversity of the building stock
in that region and the subsequent increased umnugrta

In general, the new weighting resulted in lowes&ss particularly for mobile homes.

Actuarial model changes from v2.5t0 2.6

1. The demand surge model has been completely revised.
2. We are now using the same Appurtenant matrix agision 1.5.

3. Provide justification for changes from the prior $umission of greater than ten
percent in weighted average loss costs for any dguspecifically by county.

First time submission. See above A-10.2.

4. Provide justification for changes from the prior sumission of ten percent or less in
the weighted average loss costs for any countythmaggregate.

First time submission. See A-10.2

5. Provide a completed Form A-6, Output Ranges.

FPHLM V2.6 2007 164



See Form A-6.
6. Provide a completed Form A-7, Percentage Chang®miput Ranges.

See Form A-7.
7. Provide a completed Form A-8, Percentage Chang®mtput Ranges by County.

Not applicable. First time submission.
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Form A-2: Zero Deductible Loss Costs by Zipcode
for Owners Frame

Legend =

FLzip06a_region

A2_1_AVG.AVG_STRUCT

I ooo- 200

o200

o400

[ Jaor-500

[ 501-800 i
[ 6.071- 700

o -coo

- 8.01 and up

Figure 40. A-2: Zero Deductible Loss Cost by Zip 6de for Owners Frame.
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Form A-2: Zero Deductible Loss Costs by Zipcode
for Owners Masonry

Legend

FLzip06a_region
A2_2_AVG.AVG_STRUCT
B ooo-zo0
o300

B cor-400

[ J401-500

[ ] 501-800 i
[ 601-700

- 7.00 and up

Figure 41. A Zero Deductible Costs by Zip Code foOwners Masonry
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Form A-2: Zero Deductible Loss Costs by Zipcode
for Mobile Homes

Legend
FLzip06a_region
A2_3_AVG.AVG_STRUCT
I ooo-500

B0 - 000

I 1001-15.00

[ ]1m-2000 -
B o001 - 2500

B 200 and up

Figure 42. Zero Deductible Loss Costs by Zip Coder Mobile Home
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Form A-3: Base Hurricane Storm Set Average Annual Z  ero Deductible

Statewide Loss Costs

Date Year Name Loss Contribution
8/10/1901 1901 NoName4 $299,389,638 $2,824,430.55
9/11/1903 1903 NoName3 $5,827,985,874  $54,980,998.81
6/16/1906 1906 NoName2 $983,453,651 $9,277,864.63
9/25/1906 1906 NoName6 $329,959,510 $3,112,825.57
10/8/1906 1906 NoNameS8 $6,249,286,503  $58,955,533.05

10/11/1909 1909 NoNamelO $818,140,367 $7,718,305.35
10/17/1910 1910 NoNameb $7,588,064,164  $71,585,510.98
8/8/1911 1911 NoName2 $162,493,991 $1,532,962.18
8/23/1911 1911 NoName3 $0 $0.00
9/11/1912 1912 NoName3 $1,841,519 $17,372.82
9/3/1915 1915 NoName4 $288,732,014 $2,723,886.92
7/4/1916 1916 NoNamel $1,065,556 $10,052.41
10/17/1916 1916 NoNamel3 $397,868,832 $3,753,479.55
11/15/1916 1916 NoNamel4 $198,696,466 $1,874,494.96
9/26/1917 1917 NoName3 $606,129,563 $5,718,203.43
9/9/1919 1919 NoName2 $657,326,342 $6,201,191.90
10/24/1921 1921 NoName6  $10,749,136,819 $101,406,951.12
9/13/1924 1924 NoName4 $100,562,138 $948,699.41
10/20/1924 1924 NoName7 $4,838,791,605 $45,648,977.41
11/30/1925 1925 NoName2 $1,644,579,441  $15,514,900.38
7/27/1926 1926 NoNamel $4,605,917,777  $43,452,054.50
9/18/1926 1926 NoName6  $18,011,043,325 $169,915,503.07
10/20/1926 1926 NoNamelO $254,563,582 $2,401,543.22
8/7/1928 1928 NoNamel $3,634,017,714  $34,283,185.98
9/16/1928 1928 NoName4  $18,818,854,666 $177,536,364.77
9/27/1929 1929 NoName2 $9,250,554,914  $87,269,385.98
8/29/1932 1932 NoName3 $739,144,060 $6,973,057.17
7/29/1933 1933 NoNameb $1,033,113,861 $9,746,357.18
9/3/1933 1933 NoNamel2 $6,239,440,681  $58,862,647.93
9/2/1935 1935 NoName2 $5,578,082,487  $52,623,419.69
11/4/1935 1935 NoName6 $3,967,037,452  $37,424,881.62
7/27/1936 1936 NoNameb $380,813,557 $3,592,580.72
8/11/1939 1939 NoName2 $3,262,740,849  $30,780,574.04
8/5/1940 1940 NoName3 $0 $0.00
10/5/1941 1941 NoName5  $11,693,955,649 $110,320,336.32
10/18/1944 1944 NoNamell $11,923,927,734 $112,489,884.28
6/22/1945 1945 NoNamel $5,791,373,582  $54,635,599.83
9/15/1945 1945 NoName9 $9,606,055,826  $90,623,168.17
10/7/1946 1946 NoNameb $6,043,240,357 $57,011,701.48
9/17/1947 1947 NoName4  $11,423,120,614 $107,765,288.81
10/11/1947 1947 NoNameS8 $3,925,669,037  $37,034,613.55
9/21/1948 1948 NoName7 $3,121,319,641  $29,446,411.71
10/5/1948 1948 NoNameS8 $1,169,199,043  $11,030,179.65
8/26/1949 1949 NoName2  $11,345,531,877 $107,033,319.59
8/29/1950 1950 BAKER $217,541,789 $2,052,281.03
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9/3/1950
10/17/1950
9/25/1953
9/24/1956
9/9/1960
9/14/1960
8/26/1964
9/9/1964
10/14/1964
9/7/1965
6/8/1966
9/21/1966
10/16/1968
8/16/1969
6/18/1972
9/22/1975
9/3/1979
9/12/1979
8/29/1985
11/20/1985
10/12/1987
8/24/1992
8/1/1995
10/3/1995
7/16/1997
9/1/1998
9/25/1998
10/15/1999
8/13/2004
9/4/2004
9/14/2004
9/20/2004
9/25/2004
7/7/2005
8/24/2005
9/18/2005
10/20/2005
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1950
1950
1953
1956
1960
1960
1964
1964
1964
1965
1966
1966
1968
1969
1972
1975
1979
1979
1985
1985
1987
1992
1995
1995
1997
1998
1998
1999
2004
2004
2004
2004
2004
2005
2005
2005
2005

EASY
KING

FLORENCE

FLOSSY
DONNA
ETHEL
CLEO
DORA
ISBELL
BETSY
ALMA
INEZ
GLADYS
CAMILLE
AGNES
ELOISE
DAVID
FREDERIC
ELENA
KATE
FLOYD
ANDREW
ERIN
OPAL
DANNY
EARL
GEORGES
IRENE
CHARLEY
FRANCES
IVAN
IVAN
JEANNE
DENNIS
KATRINA
RITA
WILMA

$7,180,906,962
$2,538,375,420
$239,125,418
$330,768,820
$11,344,147,796
$0
$6,172,721,727
$2,763,158,684
$4,967,591,708
$3,338,568,630
$5,751,800,513
$231,427,885
$2,916,682,642
$0
$150,610,944
$521,981,739
$4,603,570,950
$455,633,837
$153,812,274
$210,207,970
$88,632,763
$11,691,525,110
$3,258,549,159
$1,166,002,638
$45,059,841
$12,213,630
$330,283,192
$2,597,518,921
$5,043,339,894
$6,224,695,323
$360,095,778
$0
$6,661,889,086
$393,813,195
$2,382,728,166
$113,342,244
$9,253,267,876

170

$67,744,405.30
$23,946,937.92
$2,255,900.17
$3,120,460.56
$107,020,262.23
$0.00
$58,233,223.84
$26,067,534.76
$46,864,072.71
$31,495,930.47
$54,262,268.99
$2,183,281.94
$27,515,873.98
$0.00
$1,420,857.97
$4,924,356.02
$43,429,914.62
$4,298,432.42
$1,451,059.19
$1,983,094.06
$836,158.15
$110,297,406.70
$30,741,029.81
$11,000,024.89
$425,092.84
$115,222.92
$3,115,879.17
$24,504,895.49
$47,578,678.24
$58,723,540.78
$3,397,129.98
$0.00
$62,848,010.24
$3,715,218.82
$22,478,567.61
$1,069,266.45
$87,294,979.96



Form A-4: Hurricane Andrew Percent of Losses

Zipcode V3mph Total loss Percent_loss

41 70 $0 0.00%

43 131 $0 0.00%

53 54 $0 0.00%

97 131 $0 0.00%

98 68 $0 0.00%
33001 37 $0 0.00%
33002 95 $26,689 0.00%
33004 77 $10,062,864 0.09%
33008 85 $57,193 0.00%
33009 86 $26,906,260 0.23%
33010 104 $27,092,326 0.23%
33011 105 $39,843 0.00%
33012 98 $44,045,634 0.38%
33013 99 $29,266,694 0.25%
33014 96 $34,917,608 0.30%
33015 91 $43,561,340 0.37%
33016 92 $26,396,647 0.23%
33017 89 $75,797 0.00%
33018 93 $35,508,548 0.30%
33019 91 $28,836,714 0.25%
33020 80 $24,360,684 0.21%
33021 79 $58,082,900 0.50%
33022 82 $95,660 0.00%
33023 82 $52,862,858 0.45%
33024 79 $60,209,865 0.52%
33025 84 $41,193,249 0.35%
33026 80 $44,231,873 0.38%
33027 84 $65,923,359 0.56%
33028 80 $45,814,431 0.39%
33029 81 $78,818,199 0.67%
33030 130 $84,585,752 0.72%
33031 136 $70,188,294 0.60%
33032 135 $88,943,332 0.76%
33033 132 $81,776,793 0.70%
33034 124 $38,513,529 0.33%
33035 127 $12,047,456 0.10%
33036 45 $0 0.00%
33037 70 $53,775,649 0.46%
33039 130 $1,167,660 0.01%
33040 31 $0 0.00%
33041 29 $0 0.00%
33042 38 $0 0.00%
33043 33 $0 0.00%
33045 29 $0 0.00%
33050 41 $0 0.00%
33051 36 $0 0.00%
33052 36 $0 0.00%
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33054
33055
33056
33060
33061
33062
33063
33064
33065
33066
33067
33068
33069
33070
33071
33072
33073
33074
33075
33076
33077
33081
33082
33083
33084
33090
33092
33093
33097
33101
33102
33107
33109
33110
33111
33112
33114
33116
33119
33121
33122
33124
33125
33126
33127
33128
33129
33130
33131
33132

93
88
89
63
64
71
62
60
62
62
62
64
63
49
63
63
60
65
60
59
62
80
78
79
78
127
137
63
61
113
110
110
143
102
137
110
119
147
126
139
107
97
115
117
108
116
138
117
142
142

$14,016,398
$36,283,023
$23,298,389
$16,288,304
$91,765
$28,554,286
$24,990,598
$27,617,580
$24,799,407
$7,268,776
$30,279,772
$23,088,241
$7,731,744
$0
$43,074,067
$9,305
$15,835,327
$19,177
$33,180
$28,084,185
$14,034
$24,658
$60,523
$28,016
$61,030
$216,135
$123,147
$7,635
$3,016
$563,457
$204,150
$11,392
$41,826,327
$10,702
$110,035
$54,383
$1,082,246
$421,137
$12,307
$89,886
$87,470
$34,724
$43,662,865
$32,908,959
$14,454,501
$1,671,319
$94,193,947
$6,338,378
$23,156,597
$8,275,001

172

0.12%
0.31%
0.20%
0.14%
0.00%
0.24%
0.21%
0.24%
0.21%
0.06%
0.26%
0.20%
0.07%
0.00%
0.37%
0.00%
0.14%
0.00%
0.00%
0.24%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.36%
0.00%
0.00%
0.00%
0.01%
0.00%
0.00%
0.00%
0.00%
0.00%
0.37%
0.28%
0.12%
0.01%
0.81%
0.05%
0.20%
0.07%
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33133
33134
33135
33136
33137
33138
33139
33140
33141
33142
33143
33144
33145
33146
33147
33148
33149
33150
33151
33152
33153
33154
33155
33156
33157
33158
33159
33160
33161
33162
33163
33164
33165
33166
33167
33168
33169
33170
33172
33173
33174
33175
33176
33177
33178
33179
33180
33181
33182
33183

132
126
114
114
117
102
115
118
120
110
140
122
124
137
102
131
154
103
102
110
100

99
128
154
145
146
128
108

96

91

87

88
132
111

97

93

88
138
121
144
122
132
150
146
107

87

92

98
120
140

$243,115,726
$192,259,957
$28,305,753
$3,494,811
$20,551,675
$31,579,797
$53,125,483
$104,415,771
$49,259,105
$28,186,643
$417,450,090
$55,060,209
$85,798,994
$175,785,827
$24,787,921
$388,642
$258,780,472
$13,971,366
$46,647
$414,691
$78,731
$26,507,863
$236,396,151
$941,068,315
$589,050,301
$147,573,401
$338,461
$50,608,812
$29,030,751
$27,467,919
$55,291
$20,140
$272,283,666
$34,386,424
$11,898,411
$18,204,784
$24,523,544
$50,795,317
$32,503,700
$314,902,033
$52,666,539
$269,552,202
$706,121,698
$346,054,395
$48,557,976
$31,602,439
$28,134,805
$16,164,526
$43,547,844
$205,930,523

173

2.08%
1.64%
0.24%
0.03%
0.18%
0.27%
0.45%
0.89%
0.42%
0.24%
3.57%
0.47%
0.73%
1.50%
0.21%
0.00%
2.21%
0.12%
0.00%
0.00%
0.00%
0.23%
2.02%
8.05%
5.04%
1.26%
0.00%
0.43%
0.25%
0.23%
0.00%
0.00%
2.33%
0.29%
0.10%
0.16%
0.21%
0.43%
0.28%
2.69%
0.45%
2.31%
6.04%
2.96%
0.42%
0.27%
0.24%
0.14%
0.37%
1.76%
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33184
33185
33186
33187
33189
33190
33193
33194
33195
33196
33197
33199
33231
33233
33234
33238
33239
33242
33243
33245
33247
33255
33256
33257
33261
33265
33266
33269
33280
33283
33296
33299
33301
33302
33303
33304
33305
33306
33307
33308
33309
33310
33311
33312
33313
33314
33315
33316
33317
33318

126
132
145
148
141
140
141
129
115
145
138
123
139
134
119
103
121
108
134
124
110
132
150
137
94
130
105
87
94
141
150
108
69
72
72
71
68
70
65
66
66
66
67
73
68
75
72
83
72
68

$77,350,284
$90,204,950
$569,732,724
$212,117,085
$118,199,925
$21,756,529
$195,673,280
$419,881
$136,337
$350,261,536
$196,300

$0

$166,316
$83,164
$12,423
$24,164
$9,991
$2,062
$71,776
$40,959
$3,742
$69,277
$191,610
$25,030

$0

$42,645
$14,795
$25,742
$28,687
$76,607
$13,902

$0
$25,408,023
$57,073
$49,937
$15,216,792
$15,557,741
$5,526,217
$58,694
$36,300,596
$18,880,976
$190,577
$19,250,692
$48,884,056
$21,046,836
$14,512,815
$11,273,963
$27,692,577
$41,468,469
$141,190

174

0.66%
0.77%
4.87%
1.81%
1.01%
0.19%
1.67%
0.00%
0.00%
3.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.22%
0.00%
0.00%
0.13%
0.13%
0.05%
0.00%
0.31%
0.16%
0.00%
0.16%
0.42%
0.18%
0.12%
0.10%
0.24%
0.35%
0.00%
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33319
33320
33321
33322
33323
33324
33325
33326
33327
33328
33329
33330
33331
33332
33334
33335
33336
33337
33338
33339
33340
33345
33346
33348
33349
33351
33355
33359
33388
33394
33401
33402
33403
33404
33405
33406
33407
33408
33409
33410
33411
33412
33413
33414
33415
33416
33417
33418
33419
33420

68
66
66
68
68
72
72
72
71
77
74
77
77
76
63
65
66
71
71
67
66
67
77
72
72
66
73
70
71
67
45
53
44
45
47
48
45
47
47
44
45
44
47
47
47
49
47
46
43
43

$31,410,582
$44,739
$30,370,072
$39,959,871
$22,581,143
$40,227,080
$34,307,533
$39,629,409
$43,229,765
$40,424,332
$106,577
$29,725,550
$45,572,512
$17,762,990
$17,405,471
$7,988

$0

$20,426
$30,159
$49,967
$857
$23,370
$34,061
$1,010
$3,491
$18,142,959
$7,735
$201

$460
$4,919

$0

$92,069

$0

$0

$0

$0

$0

$0

$0

$0

$0

$0

$0

$0

$0

$0

$0

$0

$0

$0

175

0.27%
0.00%
0.26%
0.34%
0.19%
0.34%
0.29%
0.34%
0.37%
0.35%
0.00%
0.25%
0.39%
0.15%
0.15%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.16%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
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33421
33422
33424
33425
33426
33427
33428
33429
33430
33431
33432
33433
33434
33435
33436
33437
33438
33439
33440
33441
33442
33443
33444
33445
33446
33447
33448
33454
33458
33459
33460
33461
33462
33463
33464
33465
33466
33467
33468
33470
33471
33474
33476
33477
33478
33480
33481
33482
33483
33484

45
46
50
50
51
57
59
61
46
54
62
60
57
52
51
52
42
44
48
60
60
59
53
53
55
54
54
48
42
47
49
47
49
50
49
52
50
48
44
45
44
50
44
45
41
56
57
54
58
54

$0

$0

$1,300
$393
$108,432
$227,567
$31,562,042
$109,519
$0
$10,518,053
$23,880,929
$39,698,794
$15,397,356
$38,708
$303,932
$558,916
$0

$0

$0
$10,820,178
$14,564,400
$35,035
$5,776,597
$13,280,059
$15,988,373
$64,642
$46,061

$0

$0

$0

$0

$0

$0
$247,627
$0

$308

$763

$0

$0

$0

$0

$990

$0

$0

$0
$35,494,684
$27,687
$68,297
$16,421,625
$11,826,182
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0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.27%
0.00%
0.00%
0.09%
0.20%
0.34%
0.13%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.09%
0.12%
0.00%
0.05%
0.11%
0.14%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.30%
0.00%
0.00%
0.14%
0.10%
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33486
33487
33488
33493
33496
33497
33498
33499
33901
33902
33903
33904
33905
33906
33907
33908
33909
33910
33911
33912
33913
33914
33915
33916
33917
33918
33919
33920
33921
33922
33924
33927
33928
33930
33931
33932
33935
33936
33938
33944
33945
33946
33947
33948
33949
33950
33951
33952
33953
33954

57
56
62
47
55
57
56
56
52
52
49
55
50
54
54
57
53
51
52
56
55
55
51
51
51
56
55
50
58
54
60
46
59
55
62
62
48
53
43
44
54
49
48
46
47
46
45
44
45
45

$12,083,669
$12,866,010
$35,617

$0
$29,501,475
$72,140
$13,806,289
$22,489
$100,372
$2,127

$0
$20,722,446
$124,842
$22,864
$5,506,555
$18,112,822
$3,984,966
$530

$267
$22,171,976
$4,245,724
$19,214,441
$480
$32,182
$174,059
$57,436
$14,534,767
$0
$10,747,529
$1,804,544
$4,947,516
$0
$15,012,921
$175,433
$11,780,015
$35,461

$0
$7,758,985
$0

$0
$133,624
$0

$0

$0

$0

$0

$0

$0

$0

$0
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0.10%
0.11%
0.00%
0.00%
0.25%
0.00%
0.12%
0.00%
0.00%
0.00%
0.00%
0.18%
0.00%
0.00%
0.05%
0.15%
0.03%
0.00%
0.00%
0.19%
0.04%
0.16%
0.00%
0.00%
0.00%
0.00%
0.12%
0.00%
0.09%
0.02%
0.04%
0.00%
0.13%
0.00%
0.10%
0.00%
0.00%
0.07%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
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33955
33956
33957
33960
33965
33970
33971
33972
33975
33980
33981
33982
33983
33990
33991
33993
33994
34101
34102
34103
34104
34105
34106
34107
34108
34109
34110
34112
34113
34114
34116
34117
34119
34120
34133
34134
34135
34136
34137
34138
34139
34140
34141
34142
34143
34145
34146
34223
34224
34229

50
56
58
41
59
52
53
53
48
46
a7
45
46
52
54
53
50
73
75
70
75
72
73
73
68
70
63
77
82
87
71
70
68
67
62
63
63
64
94
125
109
110
102
57
58
100
98
45
a7
40

$0
$2,536,721
$20,708,570
$0

$624

$986
$3,917,986
$4,185,988
$0

$0

$0

$0

$0

$200,120
$4,842,716
$2,230,273
$262
$621,620
$55,235,406
$27,686,707
$27,524,267
$27,742,308
$230,478
$65,680
$56,296,918
$38,578,624
$31,441,777
$35,813,506
$22,696,872
$25,047,924
$19,565,069
$14,126,721
$46,497,096
$19,926,460
$108,563
$43,891,433
$37,015,327
$57,536
$187,571
$1,663,679
$2,748,237
$1,783,064
$140,524
$1,090,122
$168,884
$74,777,082
$399,409

$0

$0

$0
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0.00%
0.02%
0.18%
0.00%
0.00%
0.00%
0.03%
0.04%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.04%
0.02%
0.00%
0.01%
0.47%
0.24%
0.24%
0.24%
0.00%
0.00%
0.48%
0.33%
0.27%
0.31%
0.19%
0.21%
0.17%
0.12%
0.40%
0.17%
0.00%
0.38%
0.32%
0.00%
0.00%
0.01%
0.02%
0.02%
0.00%
0.01%
0.00%
0.64%
0.00%
0.00%
0.00%
0.00%
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34231
34232
34233
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34239
34241
34242
34269
34272
34274
34275
34277
34284
34285
34286
34287
34288
34289
34292
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40
40
40
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42
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44
44
44
44
44
44
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0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
0.00%
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0.00%
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Form A-4: Hurricane Andrew Percentage of Loss
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Figure 43. Map for Form A4: Hurricane Andrew Percerntage of Losses
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Form A-5: Distribution of Hurricanes by Size of Los S

We estimated the losses, using exposure data mewg Cat Fund, for each of the 44,020
hurricanes in the simulated stochastic set. Thedaumes were then grouped by ranges of loss
size. The return period, for a given loss sizehesreciprocal of the probability of equaling or
exceeding the loss size.. To smooth out the relship between return period and loss size, the
return period is defined as the mean of a geomeisicibution, where the probability is based on
Poisson distribution.

RangeStart  RangeEnd TotalLoss Aveloss Number ExpeAnnual Loss ReturnTime
(Million) (Million) (Million) (Million) OfHurricanes (Million) (Years)

0 500 1,790,961.21 194.16 9224 35.82 2.48
500 1000 2,388,431.59 717.68 3328 47.77 3.08
1000 1500 2,059,856.69 1,229.77 1675 41.20 3.43
1500 2000 2,107,576.30 1,736.06 1214 42.15 3.69
2000 2500 2,420,329.29 2,247.29 1077 48.41 3.93
2500 3000 2,457,746.16 2,743.02 896 49.15 4.17
3000 3500 2,717,905.10 3,251.08 836 54.36 4.42
3500 4000 3,155,718.23 3,743.44 843 63.11 4.69
4000 4500 3,415,885.91 4,248.61 804 68.32 5.00
4500 5000 3,891,281.27 4,739.68 821 77.83 5.35
5000 6000 8,477,680.23 5,494.28 1543 169.55 5.97
6000 7000 9,102,235.81 6,483.07 1404 182.04 7.01
7000 8000 8,745,461.31 7,493.97 1167 174.91 8.29
8000 9000 7,790,171.88 8,495.28 917 155.80 9.84
9000 10000 7,199,820.42 9,473.45 760 144.00 11.60
10000 11000 6,440,794.37 10,489.89 614 128.82 13.52
11000 12000 6,710,111.50 11,470.28 585 134.20 15.97
12000 13000 6,091,920.64 12,509.08 487 121.84 18.98
13000 14000 5,397,204.03 13,493.01 400 107.94 22.55
14000 15000 4,863,023.22 14,473.28 336 97.26 26.99
15000 16000 3,819,487.81 15,463.51 247 76.39 31.79
16000 17000 3,671,666.68 16,464.87 223 73.43 37.11
17000 18000 3,503,695.58 17,518.48 200 70.07 43.72
18000 19000 2,996,341.50 18,495.94 162 59.93 51.47
19000 20000 2,923,530.74 19,490.20 150 58.47 61.40
20000 21000 2,211,567.19 20,477.47 108 44.23 73.07
21000 22000 2,255,170.51 21,477.81 105 45.10 86.12
22000 23000 1,594,840.54 22,462.54 71 31.90 102.13
23000 24000 1,456,917.29 23,498.67 62 29.14 116.25
24000 25000 1,367,722.27 24,423.61 56 27.35 136.01
25000 26000 1,094,789.60 25,460.22 43 21.90 156.27
26000 27000 1,164,676.78 26,469.93 44 23.29 181.67
27000 28000 1,128,630.30 27,527.57 41 22.57 213.27
28000 29000 1,024,176.96 28,449.36 36 20.48 254.32
29000 30000 1,033,354.48 29,524.41 35 20.67 311.07
30000 35000 2,599,137.04 32,088.11 81 51.98 500.52
35000 40000 1,108,213.50 36,940.45 30 22.16 1,087.49
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40000
45000
50000
55000
60000
65000
70000
75000
80000
90000
100000

45000
50000
55000
60000
65000
70000
75000
80000
90000
100000
Maximum
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636,641.67
471,782.55
312,953.30
0.00
61,398.36
0.00

0.00

0.00

0.00

0.00

0.00

42,442.78
47,178.26
52,158.88
0.00
61,398.36
0.00
0.00
0.00
0.00
0.00
0.00
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0.00
1.23
0.00
0.00
0.00
0.00
0.00
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1,852.41
3,846.78
12,500.92

25,001.33
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Form A-6: Output Ranges
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LOSS COSTS PER $1,000

Personal Residential -- Owners -- FRAME

$0 $0 $0 DEDUCTIBLE $0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
DEDUCTIBLE DEDUCTIBLE APPURTENANT ADDITIONAL DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE
COUNTY LOSS COSTS STRUCTURE CONTENTS STRUCTURE LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*
Alachua LOW 1.0653 0.1125 0.0737 0.0277 0.8858 0.4948 0.2653 0.4948 0.3055 0.1406
HIGH 1.3227 0.1496 0.0935 0.0397 1.1477 0.6925 0.3995 0.6925 0.4540 0.2294
WGHTD AVE 1.1751 0.1287 0.0814 0.0328 0.9962 0.5767 0.3196 0.5767 0.3657 0.1757
Baker Low 0.6479 0.0631 0.0428 0.0142 0.5086 0.2513 0.1230 0.2513 0.1426 0.0617
HIGH 0.9922 0.1041 0.0679 0.0254 0.8198 0.4520 0.2396 0.4520 0.2762 0.1257
WGHTD AVE 0.9514 0.0994 0.0649 0.0241 0.7834 0.4283 0.2259 0.4283 0.2605 0.1184
Bay Low 1.3351 0.1487 0.0935 0.0390 1.1477 0.6814 0.3850 0.6814 0.4394 0.2153
HIGH 3.9559 0.7736 0.2216 0.2841 4.5640 3.8947 3.2281 3.8947 3.3876 2.6676
WGHTD AVE 2.2424 0.3191 0.1484 0.1032 2.2194 1.6335 1.1598 1.6335 1.2613 0.8290
Bradford LOW 1.0269 0.1076 0.0697 0.0261 0.8457 0.4631 0.2436 0.4631 0.2812 0.1270
HIGH 1.2283 0.1375 0.0858 0.0356 1.0542 0.6233 0.3509 0.6233 0.4008 0.1961
WGHTD AVE 1.0552 0.1114 0.0721 0.0271 0.8730 0.4822 0.2552 0.4822 0.2944 0.1337
Brevard Low 3.2329 0.2353 0.1162 0.0684 3.1079 2.5654 1.7213 2.5654 1.9861 0.8936
HIGH 6.7303 0.9957 0.2364 0.3453 7.5710 6.8461 5.5539 6.8461 5.9630 4.1524
WGHTD AVE 4.0453 0.3234 0.1454 0.0986 3.9820 3.3573 2.3362 3.3573 2.6581 1.3017
Broward Low 6.4789 0.7506 0.1914 0.2645 6.9528 6.2224 4.7905 6.2224 5.2510 3.2443
HIGH 9.5429 1.5254 0.2671 0.5561 11.0770 10.2647 8.5552 10.2647 9.1065 6.5896
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WGHTD AVE 7.6019 1.0024 0.2219 0.3622 8.4216 7.6521 6.0893 7.6521 6.5930 4.3559
Calhoun Low 1.1140 0.1185 0.0766 0.0296 0.9295 0.5225 0.2807 0.5225 0.3232 0.1492
HIGH 1.4011 0.1654 0.1012 0.0453 1.2368 0.7627 0.4483 0.7627 0.5062 0.2647
WGHTD AVE 1.2460 0.1371 0.0871 0.0353 1.0631 0.6225 0.3451 0.6225 0.3957 0.1881
Charlotte LOW 4.0674 0.3143 0.1518 0.0958 4.0067 3.3861 2.3505 3.3861 2.6776 1.2867
HIGH 6.5275 0.9133 0.2290 0.3200 7.2702 6.5526 5.2628 6.5526 5.6712 3.8587
WGHTD AVE 47711 0.4260 0.1723 0.1400 4.8265 4.1637 3.0290 4.1637 3.3879 1.8396
Citrus LOW 2.6749 0.1633 0.0918 0.0431 2.4998 2.0289 1.3087 2.0289 1.5349 0.6080
HIGH 3.5984 0.2593 0.1272 0.0764 3.4909 2.9227 1.9996 2.9227 2.2911 1.0606
WGHTD AVE 3.2557 0.2188 0.1138 0.0618 3.1127 2.5780 1.7242 2.5780 1.9935 0.8695
Clay Low 0.9998 0.1045 0.0676 0.0253 0.8223 0.4489 0.2371 0.4489 0.2731 0.1251
HIGH 1.3594 0.1545 0.0962 0.0409 1.1832 0.7174 0.4128 0.7174 0.4700 0.2343
WGHTD AVE 1.1056 0.1208 0.0758 0.0308 0.9348 0.5388 0.3008 0.5388 0.3431 0.1685
Collier LOW 4.8153 0.3641 0.1829 0.1112 4.7488 4.0264 2.7960 4.0264 3.1853 1.5180
HIGH 6.9611 0.8451 0.2638 0.2969 7.5636 6.7621 5.2896 6.7621 5.7565 3.6687
WGHTD AVE 5.3237 0.4778 0.2026 0.1561 5.4256 4.6970 3.4158 4.6970 3.8218 2.0524
Columbia LOW 0.6947 0.0674 0.0453 0.0152 0.5441 0.2679 0.1320 0.2679 0.1526 0.0674
HIGH 1.0177 0.1113 0.0701 0.0283 0.8596 0.4939 0.2734 0.4939 0.3125 0.1515
WGHTD AVE 0.9488 0.1012 0.0649 0.0250 0.7889 0.4395 0.2366 0.4395 0.2716 0.1274
De Soto Low 4.0700 0.2673 0.1463 0.0763 3.9154 3.2731 2.2031 3.2731 2.5419 1.1072
HIGH 4.5544 0.3523 0.1674 0.1095 4.5142 3.8471 2.7081 3.8471 3.0691 1.5144
WGHTD AVE 4.2058 0.2986 0.1520 0.0889 4.0974 3.4517 2.3710 3.4517 2.7132 1.2554
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Dixie Low 1.0761 0.1251 0.0734 0.0338 0.9378 0.5693 0.3388 0.5693 0.3809 0.2064
HIGH 1.8856 0.2793 0.1247 0.0892 1.8726 1.3684 0.9791 1.3684 1.0605 0.7136
WGHTD AVE 1.3019 0.1658 0.0873 0.0467 1.1888 0.7791 0.5032 0.7791 0.5562 0.3340
Duval LOW 0.6645 0.0640 0.0434 0.0145 0.5192 0.2544 0.1253 0.2544 0.1447 0.0643
HIGH 1.6914 0.2844 0.1015 0.0966 1.7685 1.3652 1.0636 1.3652 1.1259 0.8496
WGHTD AVE 1.0657 0.1216 0.0731 0.0324 0.9178 0.5450 0.3200 0.5450 0.3599 0.1934
Escambia LOW 1.6943 0.2215 0.1263 0.0680 1.6082 1.1081 0.7263 1.1081 0.8038 0.4751
HIGH 5.0357 1.0713 0.2594 0.4024 6.0558 5.3444 4.5841 5.3444 4.7702 3.9082
WGHTD AVE 2.8549 0.4763 0.1847 0.1679 3.0596 2.4394 1.8846 2.4394 2.0085 1.4626
Flagler Low 3.1617 0.2028 0.1127 0.0564 3.0110 2.4844 1.6435 2.4844 1.9086 0.8051
HIGH 4.0768 0.3790 0.1505 0.1229 4.1409 3.5547 2.5794 3.5547 2.8869 1.5690
WGHTD AVE 3.4836 0.2758 0.1251 0.0839 3.4142 2.8696 1.9931 2.8696 2.2688 1.1101
Franklin LOW 1.9787 0.2882 0.1358 0.0939 1.9623 1.4302 1.0185 1.4302 1.1037 0.7381
HIGH 3.4451 0.6968 0.1838 0.2544 3.9921 3.4062 2.8639 3.4062 2.9889 24178
WGHTD AVE 2.5011 0.4274 0.1531 0.1481 2.6705 2.1137 1.6484 2.1137 1.7497 1.3028
Gadsen LOW 0.8421 0.0857 0.0566 0.0203 0.6808 0.3588 0.1825 0.3588 0.2115 0.0926
HIGH 1.1669 0.1278 0.0819 0.0328 0.9935 0.5797 0.3198 0.5797 0.3671 0.1732
WGHTD AVE 0.9042 0.0942 0.0612 0.0230 0.7420 0.4035 0.2122 0.4035 0.2445 0.1117
Gilchrist Low 1.0022 0.1090 0.0677 0.0276 0.8417 0.4787 0.2657 0.4787 0.3029 0.1497
HIGH 1.3395 0.1599 0.0942 0.0444 1.1964 0.7566 0.4584 0.7566 0.5157 0.2781
WGHTD AVE 1.2387 0.1447 0.0854 0.0392 1.0894 0.6728 0.4003 0.6728 0.4515 0.2394
Glades LOW 4.6389 0.3097 0.1675 0.0895 4.4792 3.7551 2.5443 3.7551 2.9278 1.2971
HIGH 4.8229 0.3362 0.1746 0.0994 4.6905 3.9504 2.7037 3.9504 3.0987 1.4152
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WGHTD AVE 4.8119 0.3347 0.1743 0.0988 4.6781 3.9390 2.6944 3.9390 3.0887 1.4083
Gulf Low 1.4300 0.1716 0.1025 0.0483 1.2759 0.8014 0.4869 0.8014 0.5454 0.2999
HIGH 2.0371 0.2891 0.1425 0.0920 1.9917 1.4249 0.9897 1.4249 1.0786 0.6990
WGHTD AVE 1.9461 0.2644 0.1304 0.0838 1.8688 1.3178 0.9033 1.3178 0.9870 0.6304
Hamilton LOW 0.6098 0.0595 0.0401 0.0135 0.4794 0.2377 0.1175 0.2377 0.1358 0.0600
HIGH 0.8538 0.0912 0.0585 0.0227 0.7108 0.3975 0.2155 0.3975 0.2470 0.1174
WGHTD AVE 0.7579 0.0785 0.0511 0.0190 0.6184 0.3324 0.1751 0.3324 0.2013 0.0936
Hardee LOW 4.1243 0.2693 0.1487 0.0768 3.9650 3.3130 2.2300 3.3130 2.5729 1.1192
HIGH 4.5023 0.3352 0.1657 0.1026 4.4348 3.7659 2.6260 3.7659 2.9873 1.4361
WGHTD AVE 4.2089 0.2802 0.1525 0.0809 4.0619 3.4039 2.3045 3.4039 2.6527 1.1730
Hendry Low 4.7412 0.3298 0.1731 0.0976 4.6170 3.8947 2.6700 3.8947 3.0583 1.3999
HIGH 5.4557 0.4326 0.2002 0.1359 5.4386 4.6552 3.2964 4.6552 3.7276 1.8674
WGHTD AVE 5.0979 0.3790 0.1864 0.1157 5.0227 4.2713 2.9800 4.2713 3.3896 1.6291
Hernando LOW 3.0032 0.1791 0.1052 0.0469 2.8186 2.2934 1.4807 2.2934 1.7362 0.6825
HIGH 3.6347 0.2610 0.1307 0.0774 3.5317 2.9619 2.0292 2.9619 2.3238 1.0773
WGHTD AVE 3.2945 0.2247 0.1170 0.0643 3.1621 2.6250 1.7657 2.6250 2.0367 0.9021
Highlands LOW 3.9113 0.2319 0.1384 0.0616 3.6841 3.0275 1.9765 3.0275 2.3081 0.9223
HIGH 4.6796 0.3163 0.1694 0.0921 4.5284 3.8018 2.5824 3.8018 2.9687 1.3268
WGHTD AVE 4.2135 0.2661 0.1516 0.0741 4.0238 3.3431 2.2257 3.3431 25791 1.0894
Hillsborough Low 3.1915 0.2142 0.1141 0.0612 3.0619 2.5450 1.7101 2.5450 1.9736 0.8677
HIGH 5.0109 0.5169 0.1853 0.1754 5.2409 4.5956 3.4648 4.5956 3.8231 2.2498
WGHTD AVE 3.7618 0.2901 0.1366 0.0889 3.7075 3.1382 2.1908 3.1382 2.4904 1.2140
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Holmes Low 1.2897 0.1445 0.0917 0.0384 1.1190 0.6756 0.3837 0.6756 0.4379 0.2146
HIGH 1.6791 0.2110 0.1184 0.0626 1.5529 1.0369 0.6651 1.0369 0.7395 0.4280
WGHTD AVE 1.3837 0.1595 0.0982 0.0437 1.2184 0.7537 0.4452 0.7537 0.5038 0.2613
Indian River LOW 4.1958 0.3186 0.1528 0.0955 4.0980 3.4356 2.3528 3.4356 2.6943 1.2625
HIGH 6.6378 0.9536 0.2246 0.3297 7.4113 6.6788 5.3815 6.6788 5.7920 3.9793
WGHTD AVE 5.0216 0.4713 0.1828 0.1539 5.1168 4.4128 3.2140 4.4128 3.5931 1.9672
Jackson LOW 0.8504 0.0845 0.0560 0.0195 0.6761 0.3440 0.1704 0.3440 0.1979 0.0853
HIGH 1.3562 0.1549 0.0970 0.0418 1.1897 0.7317 0.4252 0.7317 0.4836 0.2429
WGHTD AVE 1.1086 0.1183 0.0769 0.0297 0.9280 0.5250 0.2837 0.5250 0.3263 0.1515
Jefferson Low 0.7269 0.0761 0.0491 0.0187 0.5975 0.3261 0.1754 0.3261 0.2007 0.0962
HIGH 0.8737 0.0972 0.0599 0.0260 0.7415 0.4417 0.2601 0.4417 0.2929 0.1568
WGHTD AVE 0.7445 0.0786 0.0503 0.0195 0.6151 0.3392 0.1844 0.3392 0.2106 0.1022
Lafayette LOW 0.8140 0.0875 0.0550 0.0221 0.6793 0.3818 0.2117 0.3818 0.2410 0.1200
HIGH 0.9736 0.1084 0.0669 0.0281 0.8303 0.4855 0.2759 0.4855 0.3134 0.1585
WGHTD AVE 0.9668 0.1076 0.0665 0.0279 0.8242 0.4813 0.2733 0.4813 0.3105 0.1570
Lake LOW 2.5385 0.1402 0.0871 0.0341 2.3251 1.8526 1.1583 1.8526 1.3753 0.4968
HIGH 4.4292 0.3315 0.1609 0.1011 4.3525 3.6846 2.5615 3.6846 29171 1.3996
WGHTD AVE 3.5558 0.2183 0.1272 0.0595 3.3640 2.7703 1.8196 2.7703 2.1195 0.8684
Lee Low 4.3444 0.3311 0.1632 0.1010 4.2805 3.6237 2.5160 3.6237 2.8664 1.3686
HIGH 6.3060 0.7625 0.2354 0.2649 6.8260 6.0849 4.7449 6.0849 5.1696 3.2804
WGHTD AVE 5.1726 0.4454 0.1879 0.1495 5.2316 4.5246 3.2915 4.5246 3.6822 1.9834
Leon LOW 0.6461 0.0637 0.0425 0.0147 0.5111 0.2570 0.1289 0.2570 0.1486 0.0669
HIGH 1.0500 0.1177 0.0729 0.0307 0.9022 0.5350 0.3045 0.5350 0.3467 0.1731
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WGHTD AVE 0.8618 0.0905 0.0583 0.0225 0.7121 0.3955 0.2135 0.3955 0.2448 0.1159
Levy Low 0.9996 0.1104 0.0693 0.0280 0.8398 0.4744 0.2620 0.4744 0.2980 0.1487
HIGH 1.6615 0.2172 0.1152 0.0652 1.5612 1.0655 0.7019 1.0655 0.7757 0.4709
WGHTD AVE 1.3844 0.1695 0.0953 0.0484 1.2494 0.8054 0.5047 0.8054 0.5624 0.3221
Liberty LOW 1.0742 0.1135 0.0735 0.0279 0.8901 0.4932 0.2606 0.4932 0.3007 0.1360
HIGH 1.1135 0.1208 0.0774 0.0308 0.9410 0.5415 0.2997 0.5415 0.3415 0.1692
WGHTD AVE 1.0763 0.1147 0.0739 0.0285 0.8973 0.5032 0.2699 0.5032 0.3105 0.1436
Madison LOW 0.6253 0.0629 0.0419 0.0147 0.5012 0.2594 0.1313 0.2594 0.1520 0.0674
HIGH 0.8310 0.0897 0.0572 0.0227 0.6969 0.3952 0.2185 0.3952 0.2494 0.1220
WGHTD AVE 0.7791 0.0824 0.0532 0.0202 0.6446 0.3563 0.1915 0.3563 0.2197 0.1036
Manatee Low 3.7225 0.3053 0.1401 0.0955 3.7048 3.1484 2.2235 3.1484 25153 1.2651
HIGH 5.9871 0.8256 0.2118 0.2860 6.6233 5.9384 4.7487 5.9384 5.1241 3.4643
WGHTD AVE 4.2680 0.3959 0.1555 0.1312 4.3404 3.7510 2.7539 3.7510 3.0687 1.7072
Marion LOW 2.0964 0.1094 0.0703 0.0245 1.8826 1.4670 0.8835 1.4670 1.0650 0.3474
HIGH 3.6105 0.2558 0.1272 0.0747 3.4985 29311 1.9953 29311 2.2913 1.0440
WGHTD AVE 3.1096 0.1857 0.1066 0.0488 2.9128 2.3779 1.5377 2.3779 1.8024 0.7101
Martin LOW 5.5927 0.4913 0.1747 0.1637 5.6792 4.9384 3.5277 4.9384 3.9808 2.0621
HIGH 9.0596 1.3742 0.2590 0.4970 10.3523 9.5170 7.7988 9.5170 8.3520 5.8713
WGHTD AVE 6.4568 0.6819 0.1959 0.2361 6.7893 6.0202 4.5162 6.0202 4.9999 2.9146
Miami-Dade Low 6.0118 0.6557 0.1807 0.2300 6.3835 5.6907 4.3272 5.6907 4.7660 2.8533
HIGH 11.9496 2.3406 0.3158 0.8529 14.5190 13.6790 11.9097 13.6790 12.4704 9.8520
WGHTD AVE 7.9611 1.1158 0.2315 0.4093 8.9673 8.2092 6.6297 8.2092 7.1395 4.8457
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Monroe Low 6.6051 0.6976 0.1874 0.2638 7.1082 6.4642 5.0501 6.4642 5.5102 3.4266
HIGH 11.3428 2.0133 0.2937 0.7760 13.4577 12.6995 11.0600 12.6995 11.5921 9.0878
WGHTD AVE 8.8130 1.3916 0.2474 0.5041 10.2120 9.5161 7.9497 9.5161 8.4591 6.1021
Nassau LOW 0.6843 0.0700 0.0465 0.0166 0.5503 0.2852 0.1473 0.2852 0.1688 0.0793
HIGH 0.9989 0.1178 0.0680 0.0329 0.8805 0.5456 0.3370 0.5456 0.3754 0.2144
WGHTD AVE 0.8939 0.1002 0.0606 0.0262 0.7604 0.4419 0.2565 0.4419 0.2883 0.1546
Okaloosa LOW 1.6289 0.2093 0.1197 0.0631 1.5241 1.0293 0.6657 1.0293 0.7380 0.4323
HIGH 3.3588 0.5902 0.2111 0.2143 3.7118 3.0512 2.4198 3.0512 2.5656 1.9172
WGHTD AVE 28121 0.4546 0.1821 0.1601 2.9815 2.3626 1.8078 2.3626 1.9320 1.3868
Okeechobee Low 4.2445 0.2792 0.1556 0.0781 4.0458 3.3369 2.2063 3.3369 2.5621 1.0804
HIGH 4.5765 0.3206 0.1692 0.0935 4.4232 3.6888 2.4906 3.6888 2.8685 1.2776
WGHTD AVE 4.5068 0.3063 0.1668 0.0877 4.3316 3.5975 2.4074 3.5975 2.7825 1.2096
Orange LOW 3.1401 0.1802 0.1091 0.0451 2.9535 2.4057 1.5297 2.4057 1.8052 0.6727
HIGH 4.3363 0.3153 0.1561 0.0944 4.2341 3.5684 2.4581 3.5684 2.8095 1.3167
WGHTD AVE 3.7224 0.2283 0.1324 0.0621 3.5265 2.9086 1.9107 2.9086 2.2259 0.9095
Osceola LOW 3.5334 0.2037 0.1238 0.0527 3.3090 2.7070 1.7484 2.7070 2.0508 0.7941
HIGH 41213 0.2696 0.1471 0.0765 3.9536 3.2952 2.2107 3.2952 2.5538 1.1064
WGHTD AVE 3.7800 0.2287 0.1327 0.0612 3.5731 2.9463 1.9321 2.9463 2.2526 0.9117
Palm Beach Low 5.8206 0.5762 0.1783 0.1962 6.0379 5.3052 3.9012 5.3052 4.3521 2.4306
HIGH 10.0862 1.6153 0.2848 0.5866 11.6943 10.8179 8.9799 10.8179 9.5723 6.8918
WGHTD AVE 7.0084 0.8240 0.2153 0.3022 7.5695 6.7894 5.2454 6.7894 5.7421 3.5814
Pasco LOW 3.0775 0.1945 0.1104 0.0513 2.9483 2.4349 1.6254 2.4349 1.8797 0.7582
HIGH 3.8923 0.2908 0.1408 0.0897 3.8042 3.2063 2.2145 3.2063 2.5281 1.1941
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WGHTD AVE 3.5029 0.2512 0.1272 0.0740 3.3985 2.8418 1.9357 2.8418 2.2216 1.0172
Pinellas Low 3.2659 0.2451 0.1211 0.0731 3.1888 2.6710 1.8321 2.6710 2.0963 0.9789
HIGH 6.4579 1.0052 0.2280 0.3551 7.3654 6.6960 5.5168 6.6960 5.8889 4.2277
WGHTD AVE 3.8975 0.3578 0.1441 0.1158 3.9467 3.3844 2.4510 3.3844 2.7453 1.4866
Polk LOW 3.5786 0.2093 0.1267 0.0543 3.3709 2.7658 1.7975 2.7658 2.1031 0.8198
HIGH 4.9308 0.3893 0.1816 0.1220 4.9090 4.1967 2.9692 4.1967 3.3585 1.6796
WGHTD AVE 4.0206 0.2606 0.1450 0.0739 3.8552 3.2130 2.1546 3.2130 2.4893 1.0746
Putnam LOW 1.1615 0.1245 0.0806 0.0308 0.9724 0.5497 0.2945 0.5497 0.3397 0.1543
HIGH 1.4512 0.1704 0.1036 0.0469 1.2920 0.8141 0.4869 0.8141 0.5504 0.2880
WGHTD AVE 1.3594 0.1547 0.0961 0.0412 1.1858 0.7223 0.4181 0.7223 0.4755 0.2388
St. Johns Low 1.0133 0.1093 0.0684 0.0276 0.8481 0.4799 0.2665 0.4799 0.3036 0.1506
HIGH 1.7944 0.2517 0.1211 0.0801 1.7514 1.2577 0.8815 1.2577 0.9600 0.6256
WGHTD AVE 1.3965 0.1803 0.0951 0.0534 1.2882 0.8552 0.5618 0.8552 0.6180 0.3801
St. Lucie LOW 5.1127 0.4189 0.1607 0.1366 5.1236 4.4208 3.1010 4.4208 3.5244 1.7430
HIGH 6.9365 0.8150 0.2085 0.2870 7.4672 6.6897 5.1480 6.6897 5.6441 3.4823
WGHTD AVE 5.9529 0.5751 0.1840 0.1961 6.1563 5.4089 3.9642 5.4089 4.4286 2.4426
Santa Rosa LOW 1.6524 0.2023 0.1200 0.0590 1.5193 1.0068 0.6299 1.0068 0.7061 0.3886
HIGH 3.4991 0.6255 0.2168 0.2285 3.8985 3.2289 2.5827 3.2289 2.7329 2.0623
WGHTD AVE 2.6610 0.4244 0.1730 0.1466 2.7924 2.1872 1.6574 2.1872 1.7746 1.2618
Sarasota Low 3.5906 0.2936 0.1342 0.0915 3.5655 3.0231 2.1276 3.0231 2.4100 1.2060
HIGH 4.6637 0.4333 0.1756 0.1415 4.7636 4.1151 2.9993 4.1151 3.3523 1.8258
WGHTD AVE 4.1563 0.3664 0.1572 0.1179 4.1992 3.6019 2.5903 3.6019 2.9098 1.5344
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Seminole Low 3.2791 0.1958 0.1175 0.0508 3.0623 2.4837 1.5891 2.4837 1.8700 0.7166
HIGH 3.7314 0.2596 0.1356 0.0746 3.5854 2.9720 1.9910 2.9720 2.2998 1.0104
WGHTD AVE 3.4720 0.2129 0.1254 0.0566 3.2648 2.6648 1.7231 2.6648 2.0192 0.7962
Sumter LOW 3.1819 0.1860 0.1106 0.0481 2.9719 2.4196 1.5577 2.4196 1.8290 0.7092
HIGH 3.7381 0.2416 0.1332 0.0677 3.5695 2.9622 1.9741 2.9622 2.2863 0.9766
WGHTD AVE 3.3809 0.2048 0.1191 0.0550 3.1824 2.6118 1.7057 2.6118 1.9913 0.8048
Suwanee LOW 0.6769 0.0677 0.0451 0.0157 0.5401 0.2769 0.1396 0.2769 0.1615 0.0717
HIGH 1.1628 0.1341 0.0804 0.0361 1.0155 0.6194 0.3655 0.6194 0.4127 0.2171
WGHTD AVE 0.8131 0.0856 0.0551 0.0211 0.6707 0.3694 0.1995 0.3694 0.2284 0.1095
Taylor Low 0.8014 0.0866 0.0547 0.0220 0.6720 0.3812 0.2119 0.3812 0.2415 0.1195
HIGH 1.2871 0.1656 0.0886 0.0484 1.1792 0.7707 0.4990 0.7707 0.5499 0.3345
WGHTD AVE 1.0272 0.1228 0.0704 0.0345 0.9127 0.5745 0.3577 0.5745 0.3981 0.2286
Union LOW 0.8028 0.0798 0.0529 0.0183 0.6377 0.3239 0.1616 0.3239 0.1871 0.0821
HIGH 1.0955 0.1183 0.0760 0.0294 0.9193 0.5216 0.2815 0.5216 0.3240 0.1497
WGHTD AVE 1.0724 0.1155 0.0742 0.0286 0.8978 0.5063 0.2722 0.5063 0.3134 0.1445
Volusia LOW 2.6570 0.1505 0.0924 0.0377 2.4537 1.9721 1.2490 1.9721 1.4756 0.5521
HIGH 4.5874 0.4683 0.1641 0.1561 4.7357 4.1219 3.0637 4.1219 3.3939 1.9883
WGHTD AVE 3.5442 0.2457 0.1256 0.0712 3.4125 2.8447 1.9243 2.8447 2.2147 0.9953
Wakulla Low 0.8499 0.0910 0.0583 0.0228 0.7096 0.3990 0.2186 0.3990 0.2500 0.1207
HIGH 1.6639 0.2302 0.1143 0.0728 1.6172 1.1551 0.8013 1.1551 0.8753 0.5608
WGHTD AVE 1.0250 0.1126 0.0649 0.0312 0.8807 0.5393 0.3251 0.5393 0.3647 0.2001
Walton LOW 1.4463 0.1700 0.1046 0.0477 1.2991 0.8287 0.5005 0.8287 0.5658 0.2956
HIGH 3.3941 0.5843 0.2118 0.2111 3.7280 3.0565 2.4098 3.0565 2.5616 1.8917
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WGHTD AVE 2.2015 0.3283 0.1464 0.1082 2.2132 1.6396 1.1787 1.6396 1.2765 0.8558

Washington Low 1.2654 0.1415 0.0880 0.0373 1.0877 0.6456 0.3685 0.6456 0.4190 0.2103
HIGH 2.1426 0.3099 0.1491 0.1004 2.1219 1.5439 1.0882 1.5439 1.1828 0.7778

WGHTD AVE 1.5988 0.1980 0.1137 0.0578 1.4667 0.9663 0.6084 0.9663 0.6796 0.3830

STATEWIDE LOW 0.6098 0.0595 0.0401 0.0135 0.4794 0.2377 0.1175 0.2377 0.1358 0.0600
HIGH 11.9496 2.3406 0.3158 0.8529 14.5190 13.6790 11.9097 13.6790 12.4704 9.8520

WGHTD AVE 3.2994 0.3177 0.1356 0.1060 3.2614 2.7048 1.9469 2.7048 2.1701 1.2148
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LOSS COSTS PER $1,000

PERSONAL RESIDENTIAL -Owners -- MASONRY

0% 0% $0 DEDUCTIBLE $0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
DEDUCTIBLE DEDUCTIBLE APPURTENANT ADDITIONAL DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE
COUNTY LOSS COSTS STRUCTURE CONTENTS STRUCTURE LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*
Alachua Low 1.0308 0.1107 0.0737 0.0270 0.8499 0.4601 0.2409 0.4601 0.2761 0.1287
HIGH 1.2689 0.1456 0.0935 0.0381 1.0899 0.6361 0.3565 0.6361 0.4045 0.2036
WGHTD AVE 1.1230 0.1246 0.0806 0.0313 0.9417 0.5262 0.2832 0.5262 0.3234 0.1556
Baker LOW 0.6339 0.0628 0.0428 0.0141 0.4947 0.2380 0.1147 0.2380 0.1319 0.0593
HIGH 0.9614 0.1025 0.0679 0.0248 0.7879 0.4212 0.2181 0.4212 0.2503 0.1157
WGHTD AVE 0.9255 0.0985 0.0651 0.0236 0.7564 0.4012 0.2069 0.4012 0.2374 0.1097
Bay LOwW 1.2833 0.1450 0.0935 0.0376 1.0925 0.6276 0.3451 0.6276 0.3931 0.1927
HIGH 3.5270 0.6518 0.2216 0.2421 3.9751 3.3095 2.6735 3.3095 2.8194 2.1583
WGHTD AVE 2.0314 0.2829 0.1469 0.0893 1.9661 1.3879 0.9461 1.3879 1.0344 0.6554
Bradford Low 0.9957 0.1062 0.0697 0.0256 0.8137 0.4322 0.2223 0.4322 0.2553 0.1174
HIGH 1.1814 0.1343 0.0858 0.0344 1.0043 0.5749 0.3152 0.5749 0.3589 0.1759
WGHTD AVE 1.0255 0.1102 0.0724 0.0267 0.8421 0.4517 0.2338 0.4517 0.2685 0.1240
Brevard LOW 2.8730 0.2023 0.1162 0.0559 2.7053 2.1656 1.4179 2.1656 1.6476 0.7039
HIGH 5.6314 0.7331 0.2364 0.2541 6.1235 5.4039 4.2487 5.4039 4.6083 3.0316
WGHTD AVE 3.5796 0.2756 0.1466 0.0810 3.4563 2.8347 1.9264 2.8347 2.2072 1.0310
Broward LOW 4.9005 0.4506 0.1914 0.1518 4.9763 4.2604 3.0852 4.2604 3.4547 1.8776
HIGH 6.8793 0.8606 0.2671 0.3128 7.5237 6.7297 5.3191 6.7297 5.7649 3.7839
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WGHTD AVE 5.5941 0.5717 0.2195 0.1990 5.8308 5.0782 3.7959 5.0782 4.2003 2.4467
Calhoun LOW 1.0773 0.1165 0.0766 0.0288 0.8913 0.4854 0.2547 0.4854 0.2919 0.1364
HIGH 1.3395 0.1602 0.1012 0.0432 1.1696 0.6973 0.3977 0.6973 0.4487 0.2334
WGHTD AVE 1.2015 0.1344 0.0872 0.0342 1.0159 0.5762 0.3113 0.5762 0.3559 0.1700
Charlotte Low 3.5776 0.2640 0.1518 0.0767 3.4508 2.8337 1.9143 2.8337 2.1990 0.9975
HIGH 5.4531 0.6760 0.2290 0.2360 5.8802 5.1682 4.0173 5.1682 4.3754 2.8023
WGHTD AVE 3.9509 0.3187 0.1700 0.0972 3.8837 3.2322 2.2421 3.2322 2.5492 1.2409
Citrus Low 2.3992 0.1478 0.0918 0.0371 2.2049 1.7362 1.0994 1.7362 1.2953 0.4970
HIGH 3.1798 0.2218 0.1272 0.0621 3.0236 2.4586 1.6404 2.4586 1.8937 0.8330
WGHTD AVE 2.9268 0.1945 0.1152 0.0524 2.7505 2.2144 1.4505 2.2144 1.6868 0.7066
Clay LOW 0.9695 0.1030 0.0676 0.0248 0.7914 0.4189 0.2165 0.4189 0.2480 0.1154
HIGH 1.3033 0.1502 0.0962 0.0393 1.1228 0.6588 0.3685 0.6588 0.4189 0.2082
WGHTD AVE 1.0803 0.1202 0.0771 0.0305 0.9073 0.5090 0.2779 0.5090 0.3160 0.1563
Collier Low 4.2318 0.3071 0.1829 0.0889 4.0902 3.3719 2.2794 3.3719 2.6185 1.1785
HIGH 5.8421 0.6373 0.2638 0.2206 6.1669 5.3717 4.0607 5.3717 4.4687 2.6656
WGHTD AVE 4.5971 0.3823 0.2011 0.1201 45712 3.8491 2.7135 3.8491 3.0666 1.5430
Columbia Low 0.6797 0.0670 0.0453 0.0151 0.5293 0.2537 0.1229 0.2537 0.1410 0.0646
HIGH 0.9819 0.1090 0.0701 0.0274 0.8218 0.4571 0.2466 0.4571 0.2810 0.1371
WGHTD AVE 0.9188 0.0995 0.0650 0.0245 0.7576 0.4092 0.2151 0.4092 0.2459 0.1168
De Soto LOW 3.6054 0.2344 0.1463 0.0632 3.4083 2.7695 1.8216 2.7695 2.1162 0.8803
HIGH 3.9793 0.2941 0.1674 0.0869 3.8623 3.1992 2.1890 3.1992 2.5032 1.1642
WGHTD AVE 3.7367 0.2610 0.1540 0.0740 3.5803 2.9356 1.9714 2.9356 2.2709 1.0050
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Dixie LOW 1.0317 0.1208 0.0734 0.0322 0.8887 0.5214 0.3014 0.5214 0.3386 0.1820
HIGH 1.7533 0.2522 0.1247 0.0799 1.7060 1.2040 0.8336 1.2040 0.9063 0.5930
WGHTD AVE 1.1605 0.1413 0.0826 0.0389 1.0240 0.6278 0.3791 0.6278 0.4227 0.2382
Duval Low 0.6504 0.0637 0.0434 0.0144 0.5053 0.2411 0.1168 0.2411 0.1340 0.0616
HIGH 1.5479 0.2475 0.1015 0.0838 1.5770 1.1753 0.8869 1.1753 0.9432 0.6915
WGHTD AVE 1.0182 0.1164 0.0727 0.0304 0.8650 0.4944 0.2802 0.4944 0.3153 0.1668
Escambia Low 1.5915 0.2093 0.1263 0.0631 1.4905 0.9929 0.6301 0.9929 0.6986 0.4048
HIGH 4.4140 0.8842 0.2594 0.3379 5.1871 4.4800 3.7528 4.4800 3.9242 3.1284
WGHTD AVE 2.6587 0.4390 0.1871 0.1529 2.8137 2.1935 1.6585 2.1935 1.7721 1.2671
Flagler LOW 2.8118 0.1796 0.1127 0.0472 2.6324 2.1084 1.3646 2.1084 1.5944 0.6445
HIGH 3.5375 0.3040 0.1505 0.0950 3.5022 2.9195 2.0530 2.9195 2.3209 1.1820
WGHTD AVE 29921 0.2221 0.1238 0.0637 2.8606 2.3246 1.5598 2.3246 1.7955 0.8146
Franklin Low 1.8389 0.2640 0.1358 0.0850 1.7918 1.2622 0.8702 1.2622 0.9460 0.6171
HIGH 3.0551 0.5781 0.1838 0.2136 3.4458 2.8629 2.3441 2.8629 2.4584 1.9332
WGHTD AVE 2.3625 0.4016 0.1586 0.1394 2.5067 1.9517 1.5015 1.9517 1.5949 1.1768
Gadsen Low 0.8195 0.0849 0.0566 0.0200 0.6579 0.3369 0.1680 0.3369 0.1934 0.0871
HIGH 1.1240 0.1252 0.0819 0.0318 0.9484 0.5359 0.2882 0.5359 0.3297 0.1565
WGHTD AVE 0.8741 0.0924 0.0610 0.0224 0.7113 0.3748 0.1926 0.3748 0.2209 0.1027
Gilchrist LOwW 0.9681 0.1067 0.0677 0.0268 0.8053 0.4435 0.2400 0.4435 0.2727 0.1354
HIGH 1.2771 0.1538 0.0942 0.0421 1.1272 0.6892 0.4052 0.6892 0.4558 0.2430
WGHTD AVE 1.1892 0.1403 0.0856 0.0376 1.0344 0.6184 0.3576 0.6184 0.4030 0.2120
Glades Low 4.1026 0.2700 0.1675 0.0737 3.8913 3.1712 2.0981 3.1712 2.4315 1.0265
HIGH 4.2505 0.2893 0.1746 0.0809 4.0569 3.3209 2.2161 3.3209 2.5596 1.1097
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WGHTD AVE 4.2465 0.2888 0.1744 0.0807 4.0523 3.3167 2.2128 3.3167 2.5560 1.1074
Gulf LOwW 1.3633 0.1651 0.1025 0.0457 1.2017 0.7201 0.4293 0.7291 0.4808 0.2616
HIGH 1.8998 0.2662 0.1425 0.0835 1.8257 1.2613 0.8473 1.2613 0.9263 0.5855
WGHTD AVE 1.7657 0.2383 0.1310 0.0723 1.6617 1.1214 0.7374 1.1214 0.8092 0.5003
Hamilton Low 0.5964 0.0592 0.0401 0.0134 0.4660 0.2250 0.1094 0.2250 0.1255 0.0574
HIGH 0.8261 0.0896 0.0585 0.0221 0.6819 0.3694 0.1955 0.3694 0.2232 0.1071
WGHTD AVE 0.7495 0.0790 0.0521 0.0191 0.6079 0.3184 0.1645 0.3184 0.1881 0.0891
Hardee Low 3.6534 0.2364 0.1487 0.0637 3.4516 2.8032 1.8437 2.8032 2.1416 0.8896
HIGH 3.9433 0.2826 0.1657 0.0821 3.8067 3.1417 2.1313 3.1417 2.4456 1.1100
WGHTD AVE 3.7127 0.2426 0.1518 0.0661 3.5160 2.8620 1.8895 2.8620 2.1916 0.9200
Hendry LOW 4.1762 0.2836 0.1731 0.0794 3.9918 3.2737 2.1879 3.2737 2.5256 1.0972
HIGH 4.7546 0.3585 0.2002 0.1073 4.6397 3.8610 2.6562 3.8610 3.0313 1.4294
WGHTD AVE 4.5487 0.3303 0.1894 0.0963 4.4036 3.6479 2.4862 3.6479 2.8478 1.3076
Hernando Low 2.6854 0.1631 0.1052 0.0405 2.4857 1.9646 1.2457 1.9646 1.4671 0.5594
HIGH 3.2058 0.2231 0.1307 0.0628 3.0534 2.4868 1.6605 2.4868 1.9164 0.8428
WGHTD AVE 2.9969 0.2055 0.1206 0.0570 2.8383 2.2984 1.5234 2.2984 1.7631 0.7633
Highlands Low 3.4963 0.2105 0.1384 0.0529 3.2423 2.5890 1.6585 2.5890 1.9463 0.7524
HIGH 4.1333 0.2747 0.1694 0.0756 3.9280 3.2055 2.1248 3.2055 2.4607 1.0467
WGHTD AVE 3.7356 0.2349 0.1510 0.0617 3.5054 2.8294 1.8419 2.8294 2.1482 0.8679
Hillsborough LOW 2.8299 0.1870 0.1141 0.0506 2.6653 2.1510 1.4120 2.1510 1.6406 0.6882
HIGH 4.2751 0.4024 0.1853 0.1329 4.3527 3.7120 2.7076 3.7120 3.0199 1.6643
WGHTD AVE 3.2946 0.2401 0.1365 0.0697 3.1716 2.6039 1.7627 2.6039 2.0235 0.9230
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Holmes LOW 1.2370 0.1407 0.0917 0.0369 1.0624 0.6208 0.3436 0.6208 0.3913 0.1917
HIGH 1.5880 0.2004 0.1184 0.0586 1.4494 0.9354 0.5815 0.9354 0.6475 0.3682
WGHTD AVE 1.3159 0.1531 0.0971 0.0414 1.1438 0.6818 0.3898 0.6818 0.4410 0.2261
Indian River Low 3.7050 0.2698 0.1528 0.0769 3.5435 2.8848 1.9248 2.8848 2.2215 0.9846
HIGH 5.5687 0.7040 0.2246 0.2430 6.0110 5.2837 4.1247 5.2837 4.4851 2.9075
WGHTD AVE 4.4324 0.3882 0.1816 0.1220 4.4071 3.7031 2.6270 3.7031 2.9609 1.5374
Jackson Low 0.8302 0.0841 0.0560 0.0194 0.6561 0.3249 0.1583 0.3249 0.1825 0.0815
HIGH 1.2977 0.1503 0.0970 0.0401 1.1266 0.6703 0.3786 0.6703 0.4300 0.2149
WGHTD AVE 1.0656 0.1147 0.0762 0.0284 0.8808 0.4804 0.2519 0.4804 0.2889 0.1347
Jefferson LOW 0.7050 0.0749 0.0491 0.0182 0.5746 0.3040 0.1596 0.3040 0.1820 0.0882
HIGH 0.8423 0.0940 0.0599 0.0248 0.7067 0.4053 0.2319 0.4053 0.2608 0.1386
WGHTD AVE 0.7158 0.0764 0.0498 0.0187 0.5852 0.3116 0.1647 0.3116 0.1876 0.0915
Lafayette Low 0.7871 0.0855 0.0550 0.0214 0.6506 0.3541 0.1913 0.3541 0.2170 0.1086
HIGH 0.9375 0.1056 0.0669 0.0271 0.7915 0.4478 0.2476 0.4478 0.2806 0.1419
WGHTD AVE 0.9341 0.1052 0.0667 0.0270 0.7887 0.4459 0.2465 0.4459 0.2793 0.1412
Lake Low 2.2939 0.1312 0.0871 0.0306 2.0701 1.5996 0.9863 1.5996 1.1740 0.4178
HIGH 3.8841 0.2795 0.1609 0.0809 3.7391 3.0751 2.0801 3.0751 2.3890 1.0825
WGHTD AVE 3.3734 0.2144 0.1355 0.0566 3.1600 2.5432 1.6543 2.5432 1.9295 0.7842
Lee LOW 3.8210 0.2790 0.1632 0.0808 3.6886 3.0354 2.0518 3.0354 2.3568 1.0630
HIGH 5.3161 0.5767 0.2354 0.1971 5.5881 4.8526 3.6592 4.8526 4.0304 2.3969
WGHTD AVE 4.2578 0.3328 0.1842 0.1009 4.1779 3.4836 24113 3.4836 2.7445 1.3169
Leon Low 0.6312 0.0633 0.0425 0.0145 0.4959 0.2425 0.1194 0.2425 0.1370 0.0634
HIGH 1.0095 0.1146 0.0729 0.0296 0.8587 0.4926 0.2730 0.4926 0.3100 0.1548
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WGHTD AVE 0.8357 0.0891 0.0585 0.0219 0.6850 0.3691 0.1947 0.3691 0.2224 0.1066
Levy LOwW 0.9657 0.1080 0.0693 0.0271 0.8036 0.4393 0.2363 0.4393 0.2676 0.1346
HIGH 1.5662 0.2044 0.1152 0.0606 1.4506 0.9569 0.6111 0.9569 0.6765 0.3990
WGHTD AVE 1.2986 0.1584 0.0955 0.0435 1.1498 0.7055 0.4202 0.7055 0.4706 0.2579
Liberty Low 1.0372 0.1119 0.0735 0.0273 0.8553 0.4597 0.2374 0.4597 0.2727 0.1254
HIGH 1.0742 0.1185 0.0774 0.0299 0.8996 0.5015 0.2693 0.5015 0.3065 0.1519
WGHTD AVE 1.0410 0.1128 0.0738 0.0279 0.8603 0.4675 0.2447 0.4675 0.2805 0.1313
Madison Low 0.6095 0.0624 0.0419 0.0145 0.4853 0.2440 0.1213 0.2440 0.1394 0.0635
HIGH 0.8028 0.0878 0.0572 0.0220 0.6671 0.3664 0.1974 0.3664 0.2246 0.1105
WGHTD AVE 0.7538 0.0810 0.0531 0.0197 0.6185 0.3313 0.1739 0.3313 0.1986 0.0949
Manatee LOW 3.2591 0.2522 0.1401 0.0753 3.1714 2.6181 1.7964 2.6181 2.0507 0.9706
HIGH 5.0280 0.6129 0.2118 0.2110 5.3815 4.7015 3.6400 4.7015 3.9689 2.5285
WGHTD AVE 3.6013 0.3055 0.1541 0.0955 3.5665 2.9851 2.1073 2.9851 2.3791 1.2157
Marion Low 1.9091 0.1051 0.0703 0.0229 1.6911 1.2773 0.7627 1.2773 0.9192 0.3018
HIGH 3.1920 0.2199 0.1272 0.0611 3.0337 2.4694 1.6403 2.4694 1.8976 0.8225
WGHTD AVE 2.7745 0.1678 0.1071 0.0418 2.5573 2.0268 1.2862 2.0268 1.5148 0.5778
Martin Low 4.4082 0.3241 0.1747 0.0985 4.2758 3.5486 2.3914 3.5486 2.7541 1.2432
HIGH 6.6276 0.7894 0.2590 0.2828 7.1392 6.3218 4.9023 6.3218 5.3500 3.3922
WGHTD AVE 4.9344 0.4190 0.1956 0.1362 4.9258 4.1725 2.9401 4.1725 3.3273 1.6913
Miami-Dade LOwW 4.5653 0.3976 0.1807 0.1318 4.5944 3.9153 27977 3.9153 3.1491 1.6491
HIGH 8.4272 1.3222 0.3158 0.4905 9.7019 8.9133 7.4643 8.9133 7.9233 5.8379
WGHTD AVE 5.7832 0.6219 0.2242 0.2198 6.1054 5.3667 4.0758 5.3667 4.4836 2.6969
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Monroe LOW 6.3758 0.6366 0.1874 0.2432 6.7974 6.1535 4.7079 6.1535 5.1791 3.0621
HIGH 10.4750 1.6574 0.2937 0.6544 12.1878 11.4018 9.5812 11.4018 10.1611 7.5894
WGHTD AVE 9.1421 1.3476 0.2644 0.5145 10.5252 9.7928 8.0993 9.7928 8.6510 6.1011
Nassau Low 0.6665 0.0692 0.0465 0.0163 0.5321 0.2675 0.1352 0.2675 0.1540 0.0740
HIGH 0.9547 0.1128 0.0680 0.0311 0.8307 0.4968 0.2975 0.4968 0.3315 0.1869
WGHTD AVE 0.8381 0.0928 0.0588 0.0234 0.6979 0.3857 0.2134 0.3857 0.2405 0.1256
Okaloosa Low 1.5356 0.1984 0.1197 0.0588 1.4176 0.9249 0.5791 0.9249 0.6430 0.3699
HIGH 3.0306 0.5209 0.2111 0.1893 3.2933 2.6364 2.0352 2.6364 2.1672 1.5774
WGHTD AVE 25218 0.4025 0.1818 0.1394 2.6290 2.0156 1.4922 2.0156 1.6027 1.1151
Okeechobee LOW 3.7867 0.2466 0.1556 0.0652 3.5461 2.8407 1.8384 2.8407 2.1476 0.8677
HIGH 4.0577 0.2773 0.1692 0.0765 3.8480 3.1177 2.0549 3.1177 2.3835 1.0094
WGHTD AVE 4.0030 0.2665 0.1661 0.0721 3.7748 3.0446 1.9898 3.0446 2.3157 0.9584
Orange Low 2.8065 0.1673 0.1091 0.0400 2.5943 2.0542 1.2978 2.0542 1.5365 0.5611
HIGH 3.8159 0.2683 0.1561 0.0763 3.6525 2.9906 2.0069 2.9906 2.3122 1.0263
WGHTD AVE 3.2929 0.2025 0.1303 0.0517 3.0645 2.4528 1.5760 2.4528 1.8474 0.7233
Osceola Low 3.1677 0.1870 0.1238 0.0460 2.9230 2.3238 1.4753 2.3238 1.7377 0.6549
HIGH 3.6554 0.2368 0.1471 0.0636 3.4457 2.7906 1.8301 2.7906 2.1281 0.8813
WGHTD AVE 3.4182 0.2104 0.1355 0.0537 3.1886 2.5593 1.6494 2.5593 1.9314 0.7587
Palm Beach LOwW 4.5331 0.3675 0.1783 0.1162 4.4746 3.7555 2.6021 3.7555 2.9639 1.4464
HIGH 7.3176 0.9218 0.2848 0.3337 7.9987 7.1420 5.6223 7.1420 6.1023 3.9862
WGHTD AVE 5.2974 0.5038 0.2078 0.1710 5.4107 4.6499 3.3865 4.6499 3.7838 2.0908
Pasco Low 2.7399 0.1769 0.1104 0.0442 2.5749 2.0639 1.3464 2.0639 1.5673 0.6204
HIGH 3.4247 0.2424 0.1408 0.0713 3.2788 2.6843 1.8055 2.6843 2.0779 0.9289
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WGHTD AVE 3.0432 0.2144 0.1254 0.0602 2.8980 2.3525 1.5639 2.3525 1.8077 0.7893
Pinellas LOW 2.8824 0.2084 0.1211 0.0591 2.7556 2.2407 1.4966 2.2407 1.7264 0.7655
HIGH 5.3517 0.7321 0.2280 0.2600 5.8921 5.2280 4.1728 5.2280 4.5002 3.0536
WGHTD AVE 3.2921 0.2711 0.1397 0.0826 3.2280 2.6765 1.8618 2.6765 2.1136 1.0478
Polk Low 3.1881 0.1912 0.1267 0.0473 29711 2.3691 1.5118 2.3691 17771 0.6753
HIGH 4.2992 0.3230 0.1816 0.0964 4.1900 3.4819 2.3935 3.4819 27321 1.2863
WGHTD AVE 3.5676 0.2292 0.1451 0.0613 3.3613 2.7218 1.7835 2.7218 2.0745 0.8551
Putnam Low 1.1227 0.1225 0.0806 0.0300 0.9322 0.5107 0.2671 0.5107 0.3069 0.1413
HIGH 1.3843 0.1644 0.1036 0.0447 1.2188 0.7425 0.4314 0.7425 0.4873 0.2526
WGHTD AVE 1.3096 0.1512 0.0966 0.0400 1.1319 0.6688 0.3775 0.6688 0.4286 0.2151
St. Johns LOwW 0.9792 0.1069 0.0684 0.0267 0.8117 0.4446 0.2405 0.4446 0.2732 0.1361
HIGH 1.6758 0.2325 0.1211 0.0732 1.6090 1.1171 0.7593 1.1171 0.8292 0.5275
WGHTD AVE 1.3766 0.1793 0.0993 0.0531 1.2632 0.8212 0.5290 0.8212 0.5818 0.3548
St. Lucie Low 4.0715 0.2846 0.1607 0.0839 3.9080 3.2177 2.1352 3.2177 2.4741 1.0700
HIGH 5.2592 0.4919 0.2085 0.1657 5.3609 4.5987 3.3303 4.5987 3.7293 2.0266
WGHTD AVE 4.5673 0.3588 0.1815 0.1126 4.4895 3.7612 2.5872 3.7612 2.9556 1.4104
Santa Rosa Low 1.5645 0.1933 0.1200 0.0555 1.4210 0.9106 0.5525 0.9106 0.6199 0.3357
HIGH 3.1478 0.5485 0.2168 0.2008 3.4465 2.7808 2.1653 2.7808 2.3015 1.6908
WGHTD AVE 2.5284 0.4036 0.1769 0.1346 2.6271 2.0173 1.4997 2.0173 1.6087 1.1268
Sarasota LOwW 3.1468 0.2430 0.1342 0.0722 3.0549 2.5156 1.7204 2.5156 1.9662 0.9260
HIGH 4.0346 0.3466 0.1756 0.1091 4.0196 3.3752 2.3838 3.3752 2.6913 1.3729
WGHTD AVE 3.6488 0.3015 0.1587 0.0931 3.6031 3.0051 2.0987 3.0051 2.3795 1.1808
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Seminole LOW 2.9534 0.1790 0.1175 0.0441 2.7158 2.1400 1.3470 2.1400 1.5910 0.5938
HIGH 3.3189 0.2257 0.1356 0.0615 3.12901 2.5187 1.6486 2.5187 1.9171 0.8028
WGHTD AVE 3.1225 0.1931 0.1255 0.0486 2.8895 2.2916 1.4555 2.2916 1.7130 0.6546
Sumter Low 2.8555 0.1703 0.1106 0.0419 2.6263 2.0766 1.3141 2.0766 1.5494 0.5847
HIGH 3.3218 0.2133 0.1332 0.0566 3.1168 25128 1.6380 25128 1.9091 0.7809
WGHTD AVE 3.0981 0.1926 0.1227 0.0498 2.8823 2.3056 1.4847 2.3056 1.7386 0.6886
Suwanee Low 0.6602 0.0671 0.0451 0.0155 0.5233 0.2607 0.1291 0.2607 0.1482 0.0677
HIGH 1.1139 0.1297 0.0804 0.0345 0.9620 0.5673 0.3252 0.5673 0.3669 0.1918
WGHTD AVE 0.7817 0.0833 0.0547 0.0203 0.6387 0.3398 0.1788 0.3398 0.2038 0.0986
Taylor LOW 0.7742 0.0847 0.0547 0.0213 0.6431 0.3531 0.1913 0.3531 0.2172 0.1080
HIGH 1.2200 0.1561 0.0886 0.0449 1.1006 0.6934 0.4342 0.6934 0.4793 0.2862
WGHTD AVE 0.9632 0.1149 0.0689 0.0318 0.8431 0.5105 0.3070 0.5105 0.3422 0.1925
Union Low 0.7837 0.0793 0.0529 0.0182 0.6187 0.3056 0.1499 0.3056 0.1724 0.0780
HIGH 1.0586 0.1162 0.0760 0.0287 0.8809 0.4843 0.2551 0.4843 0.2923 0.1367
WGHTD AVE 1.0402 0.1138 0.0744 0.0280 0.8634 0.4723 0.2480 0.4723 0.2842 0.1328
Volusia Low 2.3930 0.1394 0.0924 0.0333 2.1763 1.6970 1.0579 1.6970 1.2541 0.4591
HIGH 3.9484 0.3653 0.1641 0.1189 3.9709 3.3611 2.4145 3.3611 2.7091 1.4827
WGHTD AVE 3.1550 0.2128 0.1270 0.0574 2.9782 2.4086 1.5867 2.4086 1.8409 0.7821
Wakulla LOW 0.8219 0.0892 0.0583 0.0221 0.6798 0.3703 0.1977 0.3703 0.2254 0.1097
HIGH 1.5552 0.2131 0.1143 0.0666 1.4870 1.0270 0.6904 1.0270 0.7566 0.4730
WGHTD AVE 0.9829 0.1103 0.0688 0.0287 0.8385 0.4971 0.2914 0.4971 0.3267 0.1779
Walton Low 1.3764 0.1637 0.1046 0.0453 1.2224 0.7529 0.4422 0.7529 0.4998 0.2581
HIGH 3.0733 0.5172 0.2118 0.1872 3.3200 2.6525 2.0372 2.6525 2.1746 1.5643
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WGHTD AVE 1.9568 0.2780 0.1394 0.0850 1.8975 1.3397 0.9200 1.3397 1.0025 0.6455

Washington LOwW 1.2164 0.1377 0.0880 0.0359 1.0351 0.5943 0.3299 0.5943 0.3744 0.1877
HIGH 1.9919 0.2853 0.1491 0.0913 1.9403 1.3650 0.9315 1.3650 1.0157 0.6518

WGHTD AVE 1.5147 0.1890 0.1131 0.0542 1.3717 0.8736 0.5337 0.8736 0.5966 0.3314

STATEWIDE Low 0.5964 0.0592 0.0401 0.0134 0.4660 0.2250 0.1094 0.2250 0.1255 0.0574
HIGH 10.4750 1.6574 0.3158 0.6544 12.1878 11.4018 9.5812 11.4018 10.1611 7.5894

WGHTD AVE 4.1282 0.3562 0.1649 0.1140 4.0873 3.4426 2.4544 3.4426 2.7604 1.4547
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LOSS COSTS PER $1,000
PERSONAL RESIDENTIAL - MOBILE HOMES
$0 $0 $0 DEDUCTIBLE $0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
DEDUCTIBLE DEDUCTIBLE APPURTENANT ADDITIONAL DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE
COUNTY LOSS COSTS STRUCTURE CONTENTS STRUCTURE LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*
Alachua Low 3.2012 0.4176 0.0738 0.1488 3.2112 2.8736 2.1448 3.2112 2.8736 2.1448
HIGH 4.5896 0.6940 0.0936 0.2600 4.8934 4.4756 3.5542 4.8934 4.4756 3.5542
WGHTD AVE 3.7423 0.5246 0.0815 0.1919 3.8667 3.4973 2.6928 3.8667 3.4973 2.6928
Baker LOW 1.5144 0.1562 0.0428 0.0492 1.3656 1.1720 0.7746 1.3656 1.1720 0.7746
HIGH 2.9298 0.3770 0.0680 0.1346 2.9240 2.6136 1.9484 2.9240 2.6136 1.9484
WGHTD AVE 2.5499 0.3234 0.0615 0.1127 2.5175 2.2377 1.6435 2.5175 2.2377 1.6435
Bay Low 4.4730 0.6538 0.0936 0.2446 4.7084 4.2874 3.3630 4.7084 4.2874 3.3630
HIGH 17.4168 4.3294 0.2216 1.6920 22.4580 21.6496 19.7426 22.4580 21.6496 19.7426
WGHTD AVE 8.0216 1.5119 0.1311 0.5818 9.2897 8.7260 7.4449 9.2897 8.7260 7.4449
Bradford LOW 2.9614 0.3742 0.0698 0.1322 2.9314 2.6114 1.9264 2.9314 2.6114 1.9264
HIGH 4.0342 0.5812 0.0858 0.2142 4.2176 3.8310 2.9818 4.2176 3.8310 2.9818
WGHTD AVE 3.0928 0.3956 0.0721 0.1410 3.0799 2.7502 2.0420 3.0799 2.7502 2.0420
Brevard Low 10.1984 1.5638 0.1162 0.6248 11.3902 10.5336 8.4584 11.3902 10.5336 8.4584
HIGH 25.6434 5.9292 0.2364 2.3638 32.2848 30.9624 27.8268 32.2848 30.9624 27.8268
WGHTD AVE 14.4123 2.5580 0.1491 1.0411 16.8487 15.8186 13.2739 16.8487 15.8186 13.2739
Broward LOW 20.4132 4.1194 0.1914 1.7054 24.9388 23.7124 20.6362 24.9388 23.7124 20.6362
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HIGH 31.8024 7.6340 0.2672 3.1478 41.1940 39.7870 36.1656 41.1940 39.7870 36.1656

WGHTD AVE 24.0932 5.1994 0.2159 2.1502 30.1005 28.8023 25.5043 30.1005 28.8023 25.5043

Calhoun Low 3.3688 0.4442 0.0766 0.1612 3.4012 3.0526 2.3004 3.4012 3.0526 2.3004
HIGH 5.1722 0.8086 0.1012 0.3082 5.6070 5.1560 4.1504 5.6070 5.1560 4.1504

WGHTD AVE 3.9427 0.5425 0.0847 0.2006 4.0645 3.6795 2.8377 4.0645 3.6795 2.8377

Charlotte LOW 14.8556 2.5734 0.1518 1.0500 17.3570 16.3142 13.7048 17.3570 16.3142 13.7048
HIGH 26.9484 6.4744 0.2290 2.5934 34.7652 33.5172 30.3242 34.7652 33.5172 30.3242

WGHTD AVE 17.0939 3.1517 0.1698 1.2924 20.3527 19.2367 16.4314 20.3527 19.2367 16.4314

Citrus Low 7.3718 0.8922 0.0918 0.3514 7.7430 7.0140 5.2682 7.7430 7.0140 5.2682
HIGH 11.3538 1.7750 0.1272 0.7166 12.8106 11.9074 9.6978 12.8106 11.9074 9.6978

WGHTD AVE 9.9900 1.4420 0.1157 0.5812 11.0215 10.1687 8.0935 11.0215 10.1687 8.0935

Clay LOW 2.8526 0.3562 0.0676 0.1248 2.8044 2.4920 1.8266 2.8044 2.4920 1.8266
HIGH 4.7308 0.7168 0.0962 0.2686 5.0514 4.6222 3.6742 5.0514 4.6222 3.6742

WGHTD AVE 3.4088 0.4637 0.0757 0.1684 3.4763 3.1307 2.3830 3.4763 3.1307 2.3830

Collier Low 18.1212 3.1838 0.1830 1.3082 21.3142 20.0888 17.0036 21.3142 20.0888 17.0036
HIGH 31.2222 7.3954 0.2638 2.9990 40.2282 38.8186 35.1850 40.2282 38.8186 35.1850

WGHTD AVE 22.1146 4.4780 0.2063 1.8350 27.1309 25.8750 22.6732 27.1309 25.8750 22.6732

Columbia LOW 1.6090 0.1688 0.0454 0.0532 1.4514 1.2452 0.8254 1.4514 1.2452 0.8254
HIGH 3.1592 0.4390 0.0700 0.1592 3.2412 2.9242 2.2368 3.2412 2.9242 2.2368

WGHTD AVE 2.8365 0.3788 0.0661 0.1351 2.8591 2.5610 1.9213 2.8591 2.5610 1.9213

De Soto Low 12,9952 1.9670 0.1464 0.8020 14.5972 13.5634 11.0114 14.5972 13.5634 11.0114
HIGH 16.0348 2.8746 0.1674 1.1730 18.8848 17.7974 15.0940 18.8848 17.7974 15.0940

FPHLM V2.6 2007

206




WGHTD AVE 13.9073 2.2729 0.1519 0.9259 15.9392 14.8986 12.3265 15.9392 14.8986 12.3265

Dixie Low 3.4936 0.5336 0.0734 0.1964 3.7024 3.3756 2.6618 3.7024 3.3756 2.6618
HIGH 7.5606 1.4832 0.1246 0.5704 8.8826 8.3620 7.1746 8.8826 8.3620 7.1746

WGHTD AVE 4.0443 0.6612 0.0809 0.2487 4.4044 4.0492 3.2665 4.4044 4.0492 3.2665

Duval LOW 1.5142 0.1582 0.0434 0.0494 1.3588 1.1628 0.7662 1.3588 1.1628 0.7662
HIGH 6.5582 1.4516 0.1014 0.5542 7.9872 7.5840 6.6758 7.9872 7.5840 6.6758

WGHTD AVE 3.0056 0.4261 0.0663 0.1539 3.0878 2.7899 2.1504 3.0878 2.7899 2.1504

Escambia Low 7.6702 1.4554 0.1264 0.5730 8.9652 8.4368 7.2324 8.9652 8.4368 7.2324
HIGH 21.8760 5.7482 0.2594 2.2406 28.8244 27.9224 25.7698 28.8244 27.9224 25.7698

WGHTD AVE 12.4377 2.7950 0.1766 1.0873 15.4319 14.7428 13.1422 15.4319 14.7428 13.1422

Flagler LOW 9.7116 1.4012 0.1128 0.5656 10.7132 9.8804 7.8588 10.7132 9.8804 7.8588
HIGH 14.9206 2.8968 0.1506 1.1708 17.9356 16.9822 14.6198 17.9356 16.9822 14.6198

WGHTD AVE 12.0448 2.1508 0.1223 0.8681 14.0463 13.1588 10.9824 14.0463 13.1588 10.9824

Franklin Low 8.2014 1.6536 0.1358 0.6430 9.7180 9.1712 7.9430 9.7180 9.1712 7.9430
HIGH 13.6338 3.3964 0.1838 1.3168 17.4960 16.8380 15.3218 17.4960 16.8380 15.3218

WGHTD AVE 11.1323 2.5898 0.1628 1.0118 13.9181 13.3093 11.9221 13.9181 13.3093 11.9221

Gadsen LOW 2.2180 0.2542 0.0566 0.0868 2.1118 1.8528 1.3066 2.1118 1.8528 1.3066
HIGH 3.8020 0.5324 0.0820 0.1976 3.9452 3.5756 2.7656 3.9452 3.5756 2.7656

WGHTD AVE 2.5397 0.3151 0.0612 0.1110 2.4933 2.2136 1.6177 2.4933 2.2136 1.6177

Gilchrist Low 3.0000 0.4138 0.0676 0.1486 3.0524 2.7446 2.0834 3.0524 2.7446 2.0834
HIGH 4.8616 0.7904 0.0942 0.2988 5.3214 4.9064 3.9826 5.3214 4.9064 3.9826

WGHTD AVE 4.2734 0.6721 0.0858 0.2492 4.6031 4.2221 3.3814 4.6031 4.2221 3.3814
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Glades LOW 15.0916 2.3522 0.1676 0.9606 17.0916 15.9248 13.0404 17.0916 15.9248 13.0404
HIGH 16.0090 2.6048 0.1746 1.0626 18.3376 17.1394 14.1712 18.3376 17.1394 14.1712

WGHTD AVE 15.9804 2.5968 0.1744 1.0595 18.2988 17.1015 14.1360 18.2988 17.1015 14.1360

Gulf Low 5.2314 0.8620 0.1024 0.3290 5.7340 5.2922 4.3250 5.7340 5.2922 4.3250
HIGH 8.4694 1.6434 0.1426 0.6400 9.9174 9.3322 8.0140 9.9174 9.3322 8.0140

WGHTD AVE 6.4252 1.1442 0.1153 0.4381 7.2534 6.7595 5.6648 7.2534 6.7595 5.6648

Hamilton LOW 1.4300 0.1508 0.0400 0.0478 1.2960 1.1142 0.7424 1.2960 1.1142 0.7424
HIGH 2.5372 0.3396 0.0586 0.1216 2.5582 2.2938 1.7260 2.5582 2.2938 1.7260

WGHTD AVE 1.9692 0.2405 0.0495 0.0827 1.9039 1.6802 1.2099 1.9039 1.6802 1.2099

Hardee Low 13.2758 2.0272 0.1488 0.8276 14.9462 13.8986 11.3148 14.9462 13.8986 11.3148
HIGH 15.6996 2.7524 0.1658 1.1248 18.3742 17.2848 14.5774 18.3742 17.2848 14.5774

WGHTD AVE 13.9825 2.1944 0.1549 0.8995 15.8699 14.7975 12.1458 15.8699 14.7975 12.1458

Hendry LOW 16.6212 2.7374 0.1730 1.1228 19.1754 17.9644 14.9350 19.1754 17.9644 14.9350
HIGH 20.3026 3.7332 0.2002 1.5258 24.1562 22.8276 19.4794 24.1562 22.8276 19.4794

WGHTD AVE 18.9683 3.3500 0.1912 1.3688 22.3219 21.0385 17.8113 22.3219 21.0385 17.8113

Hernando Low 8.5626 1.0640 0.1052 0.4252 9.0822 8.2654 6.3020 9.0822 8.2654 6.3020
HIGH 11.8152 1.9116 0.1308 0.7744 13.4658 12.5560 10.3254 13.4658 12.5560 10.3254

WGHTD AVE 10.1536 1.5161 0.1161 0.6118 11.2998 10.4519 8.3916 11.2998 10.4519 8.3916

Highlands LOW 11.6676 1.5472 0.1384 0.6276 12.6388 11.6020 9.0798 12.6388 11.6020 9.0798
HIGH 15.3714 2.4370 0.1694 0.9952 17.4872 16.3130 13.4086 17.4872 16.3130 13.4086

WGHTD AVE 12.9021 1.8410 0.1497 0.7511 14.2629 13.1877 10.5508 14.2629 13.1877 10.5508
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Hillsborough Low 10.0252 1.5172 0.1140 0.6140 11.2130 10.3928 8.3916 11.2130 10.3928 8.3916
HIGH 19.5796 4.2258 0.1852 1.7126 24.3792 23.3116 20.6378 24.3792 23.3116 20.6378

WGHTD AVE 13.3623 2.3184 0.1427 0.9401 15.5524 14.6001 12.2489 15.5524 14.6001 12.2489

Holmes LOW 4.5054 0.6626 0.0918 0.2498 4.7682 4.3522 3.4360 4.7682 4.3522 3.4360
HIGH 6.6214 1.1810 0.1184 0.4562 7.5146 7.0058 5.8612 7.5146 7.0058 5.8612

WGHTD AVE 5.0623 0.8070 0.0986 0.3050 5.5077 5.0700 4.0986 5.5077 5.0700 4.0986

Indian River Low 13.9942 2.2966 0.1528 0.9278 16.0132 14.9436 12.3058 16.0132 14.9436 12.3058
HIGH 24.7366 5.7794 0.2246 2.3054 31.5410 30.3150 27.2132 31.5410 30.3150 27.2132

WGHTD AVE 16.7061 3.0787 0.1718 1.2434 19.7766 18.6465 15.8335 19.7766 18.6465 15.8335

Jackson LOW 2.0828 0.2204 0.0560 0.0718 1.9156 1.6568 1.1186 1.9156 1.6568 1.1186
HIGH 4.9108 0.7594 0.0970 0.2896 5.3028 4.8718 3.9148 5.3028 4.8718 3.9148

WGHTD AVE 3.6081 0.4839 0.0804 0.1791 3.6856 3.3231 2.5342 3.6856 3.3231 2.5342

Jefferson Low 2.0418 0.2658 0.0492 0.0934 2.0220 1.8008 1.3330 2.0220 1.8008 1.3330
HIGH 2.7738 0.4232 0.0600 0.1558 2.9292 2.6688 2.1068 2.9292 2.6688 2.1068

WGHTD AVE 2.1476 0.2840 0.0506 0.1008 2.1427 1.9151 1.4324 2.1427 1.9151 1.4324

Lafayette LOW 2.3912 0.3280 0.0550 0.1174 2.4202 2.1726 1.6450 2.4202 2.1726 1.6450
HIGH 3.0766 0.4486 0.0670 0.1640 3.2034 2.9040 2.2550 3.2034 2.9040 2.2550

WGHTD AVE 3.0573 0.4434 0.0667 0.1624 3.1780 2.8803 2.2352 3.1780 2.8803 2.2352

Lake Low 6.6972 0.6580 0.0872 0.2558 6.7992 6.0530 4.2706 6.7992 6.0530 4.2706
HIGH 15.1166 2.6124 0.1610 1.0630 17.5860 16.5046 13.8290 17.5860 16.5046 13.8290

WGHTD AVE 10.8287 1.5045 0.1269 0.6081 11.8510 10.9098 8.6187 11.8510 10.9098 8.6187

Lee LOW 16.0080 2.7738 0.1632 1.1354 18.7322 17.6248 14.8414 18.7322 17.6248 14.8414
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HIGH 27.2202 6.2906 0.2354 2.5502 34.7704 33.4786 30.1662 34.7704 33.4786 30.1662

WGHTD AVE 18.4962 3.4249 0.1807 1.4068 22.0685 20.8883 17.9082 22.0685 20.8883 17.9082

Leon Low 1.5282 0.1672 0.0426 0.0536 1.4000 1.2082 0.8152 1.4000 1.2082 0.8152
HIGH 3.4400 0.4974 0.0730 0.1836 3.5978 3.2692 2.5518 3.5978 3.2692 2.5518

WGHTD AVE 2.8131 0.3791 0.0633 0.1367 2.8541 2.5667 1.9469 2.8541 2.5667 1.9469

Levy LOW 3.0690 0.4220 0.0692 0.1520 3.1282 2.8156 2.1412 3.1282 2.8156 2.1412
HIGH 6.5306 1.1782 0.1152 0.4514 7.4428 6.9472 5.8278 7.4428 6.9472 5.8278

WGHTD AVE 5.0147 0.8244 0.0959 0.3140 5.5087 5.0854 4.1425 5.5087 5.0854 4.1425

Liberty Low 3.1394 0.3984 0.0736 0.1426 3.1236 2.7872 2.0636 3.1236 2.7872 2.0636
HIGH 3.5034 0.4858 0.0774 0.1788 3.6002 3.2508 2.4904 3.6002 3.2508 2.4904

WGHTD AVE 3.2505 0.4307 0.0743 0.1560 3.2841 2.9468 2.2183 3.2841 2.9468 2.2183

Madison LOW 1.5862 0.1796 0.0418 0.0596 1.4906 1.3004 0.9044 1.4906 1.3004 0.9044
HIGH 2.5216 0.3442 0.0572 0.1242 2.5648 2.3078 1.7546 2.5648 2.3078 1.7546

WGHTD AVE 2.1433 0.2734 0.0507 0.0961 2.1167 1.8858 1.3949 2.1167 1.8858 1.3949

Manatee Low 13.9590 2.5380 0.1402 1.0354 16.5300 15.5982 13.2710 16.5300 15.5982 13.2710
HIGH 24.2876 5.7206 0.2118 2.2966 31.1060 29.9354 26.9792 31.1060 29.9354 26.9792

WGHTD AVE 15.4805 2.9861 0.1507 1.2152 18.6467 17.6769 15.2473 18.6467 17.6769 15.2473

Marion LOW 4.9692 0.3890 0.0702 0.1432 4.7204 4.1000 2.6642 4.7204 4.1000 2.6642
HIGH 11.3342 1.7462 0.1272 0.7048 12.7514 11.8418 9.6042 12.7514 11.8418 9.6042

WGHTD AVE 8.4974 1.0412 0.1042 0.4147 8.9861 8.1693 6.2028 8.9861 8.1693 6.2028

Martin Low 17.0324 2.8812 0.1748 1.2012 19.7770 18.5430 15.4658 19.7770 18.5430 15.4658
HIGH 29.9704 6.9006 0.2590 2.8472 38.2718 36.8340 33.1496 38.2718 36.8340 33.1496
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WGHTD AVE 21.8931 4.0821 0.2015 1.7311 26.1789 24.8626 21.5403 26.1789 24.8626 21.5403
Miami-Dade Low 19.1188 3.7798 0.1806 1.5720 23.2380 22.0732 19.1476 23.2380 22.0732 19.1476
HIGH 39.7552 10.3416 0.3158 4.2368 52.9348 51.4542 47.5898 52.9348 51.4542 47.5898
WGHTD AVE 25.9307 5.8458 0.2270 2.3994 32.8981 31.6051 28.2895 32.8981 31.6051 28.2895
Monroe Low 20.9890 4.3968 0.1874 1.9192 26.1860 25.0892 22.2864 26.1860 25.0892 22.2864
HIGH 37.1642 9.3754 0.2936 4.0356 49.2720 47.8950 44.3090 49.2720 47.8950 44.3090
WGHTD AVE 32.6065 8.2286 0.2536 3.4594 43.0229 41.7367 38.4024 43.0229 41.7367 38.4024
Nassau Low 1.8224 0.2208 0.0464 0.0746 1.7508 1.5416 1.1058 1.7508 1.5416 1.1058
HIGH 3.3620 0.5572 0.0680 0.2076 3.6542 3.3586 2.7184 3.6542 3.3586 2.7184
WGHTD AVE 2.2674 0.2977 0.0540 0.1048 2.2569 2.0133 1.4978 2.2569 2.0133 1.4978
Okaloosa Low 7.0234 1.2942 0.1198 0.5062 8.1018 7.5940 6.4442 8.1018 7.5940 6.4442
HIGH 15.9440 3.8204 0.2112 1.4974 20.2888 19.4970 17.6350 20.2888 19.4970 17.6350
WGHTD AVE 10.8101 2.3637 0.1568 0.9044 13.2305 12.5971 11.1356 13.2305 12.5971 11.1356
Okeechobee Low 13.6240 2.0080 0.1556 0.8152 15.1506 14.0202 11.2578 15.1506 14.0202 11.2578
HIGH 15.3530 2.4438 0.1692 0.9944 17.4558 16.2738 13.3584 17.4558 16.2738 13.3584
WGHTD AVE 14.7600 2.2533 0.1658 0.9166 16.5917 15.4135 12.5186 16.5917 15.4135 12.5186
Orange Low 8.7860 0.9908 0.1092 0.3944 9.1220 8.2408 6.1238 9.1220 8.2408 6.1238
HIGH 14.3636 2.3782 0.1562 0.9658 16.5018 15.4286 12.7802 16.5018 15.4286 12.7802
WGHTD AVE 11.2860 1.5740 0.1301 0.6407 12.3696 11.3906 9.0010 12.3696 11.3906 9.0010
Osceola Low 10.1632 1.2530 0.1238 0.5056 10.8148 9.8664 7.5626 10.8148 9.8664 7.5626
HIGH 12.9816 1.9388 0.1472 0.7876 14.5090 13.4546 10.8630 14.5090 13.4546 10.8630
WGHTD AVE 11.8412 1.6309 0.1387 0.6625 12.9674 11.9484 9.4520 12.9674 11.9484 9.4520
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Palm Beach Low 17.8520 3.2094 0.1782 1.3320 21.0754 19.8516 16.7928 21.0754 19.8516 16.7928
HIGH 33.5624 7.9436 0.2848 3.2744 43.2754 41.7536 37.8266 43.2754 41.7536 37.8266
WGHTD AVE 21.3238 4.2573 0.2041 1.7498 25.9853 24.6857 21.4081 25.9853 24.6857 21.4081
Pasco Low 9.5476 1.2244 0.1104 0.4934 10.2500 9.3718 7.2406 10.2500 9.3718 7.2406
HIGH 12.9620 2.1748 0.1408 0.8810 14.9308 13.9702 11.6036 14.9308 13.9702 11.6036
WGHTD AVE 11.0794 1.7026 0.1257 0.6868 12.4508 11.5591 9.3779 12.4508 11.5591 9.3779
Pinellas Low 11.5258 1.8964 0.1210 0.7702 13.2376 12.3698 10.2250 13.2376 12.3698 10.2250
HIGH 26.9166 6.5896 0.2280 2.6264 34.8678 33.6466 30.5366 34.8678 33.6466 30.5366
WGHTD AVE 13.2729 2.4097 0.1339 0.9769 15.6769 14.7690 12.5105 15.6769 14.7690 12.5105
Polk Low 10.5040 1.3088 0.1268 0.5286 11.2068 10.2354 7.8748 11.2068 10.2354 7.8748
HIGH 17.6040 3.2204 0.1816 1.3146 20.8628 19.6962 16.7852 20.8628 19.6962 16.7852
WGHTD AVE 12.8874 1.9498 0.1446 0.7938 14.4592 13.4242 10.8805 14.4592 13.4242 10.8805
Putnam Low 3.5740 0.4710 0.0806 0.1704 3.6184 3.2510 2.4544 3.6184 3.2510 2.4544
HIGH 5.4234 0.8778 0.1036 0.3340 5.9468 5.4896 4.4696 5.9468 5.4896 4.4696
WGHTD AVE 4.8539 0.7456 0.0971 0.2809 5.2130 4.7798 3.8218 5.2130 4.7798 3.8218
St. Johns Low 2.9898 0.4038 0.0684 0.1446 3.0212 2.7114 2.0488 3.0212 2.7114 2.0488
HIGH 7.4036 1.4730 0.1210 0.5678 8.7296 8.2256 7.0832 8.7296 8.2256 7.0832
WGHTD AVE 4.9402 0.8664 0.0925 0.3253 5.5193 5.1172 4.2280 55193 5.1172 4.2280
St. Lucie Low 15.2848 2.4510 0.1608 1.0226 17.4836 16.3188 13.4274 17.4836 16.3188 13.4274
HIGH 22.2554 4.4658 0.2086 1.8530 27.1946 25.8760 22.5358 27.1946 25.8760 22.5358
WGHTD AVE 20.6892 4.0004 0.1969 1.6753 24.9998 23.7191 20.4861 24.9998 23.7191 20.4861
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Santa Rosa Low 6.8402 1.1964 0.1200 0.4670 7.7566 7.2370 6.0612 7.7566 7.2370 6.0612
HIGH 16.6726 4.0578 0.2168 1.5906 21.3348 20.5284 18.6316 21.3348 20.5284 18.6316

WGHTD AVE 10.7156 2.3193 0.1596 0.9101 13.0993 12.4571 10.9752 13.0993 12.4571 10.9752

Sarasota LOW 13.2924 2.3922 0.1342 0.9734 15.6784 14.7720 12.5140 15.6784 14.7720 12.5140
HIGH 18.4642 3.6762 0.1756 1.4970 22.4802 21.3752 18.5836 22.4802 21.3752 18.5836

WGHTD AVE 16.8185 3.2639 0.1627 1.3308 20.3191 19.2759 16.6518 20.3191 19.2759 16.6518

Seminole Low 9.6310 1.1884 0.1176 0.4774 10.2294 9.3204 7.1210 10.2294 9.3204 7.1210
HIGH 11.9846 1.8122 0.1356 0.7320 13.4070 12.4284 10.0318 13.4070 12.4284 10.0318

WGHTD AVE 10.5015 1.3776 0.1244 0.5571 11.3308 10.3820 8.0744 11.3308 10.3820 8.0744

Sumter LOW 8.9866 1.0890 0.1106 0.4362 9.4930 8.6308 6.5520 9.4930 8.6308 6.5520
HIGH 11.6184 1.7002 0.1332 0.6894 12.8954 11.9266 9.5596 12.8954 11.9266 9.5596

WGHTD AVE 11.0655 1.5862 0.1275 0.6416 12.2101 11.2660 8.9606 12.2101 11.2660 8.9606

Suwanee Low 1.7024 0.1934 0.0450 0.0642 1.5958 1.3910 0.9662 1.5958 1.3910 0.9662
HIGH 3.9426 0.6102 0.0804 0.2274 4.2180 3.8602 3.0746 4.2180 3.8602 3.0746

WGHTD AVE 2.2651 0.2949 0.0542 0.1043 2.2476 2.0028 1.4842 2.2476 2.0028 1.4842

Taylor LOW 24118 0.3356 0.0546 0.1210 2.4604 2.2150 1.6894 2.4604 2.2150 1.6894
HIGH 4.6920 0.8116 0.0886 0.3064 5.2264 4.8426 3.9908 5.2264 4.8426 3.9908

WGHTD AVE 3.6038 0.5953 0.0711 0.2235 3.9334 3.6240 2.9460 3.9334 3.6240 2.9460

Union Low 1.9678 0.2148 0.0530 0.0700 1.8188 1.5764 1.0738 1.8188 1.5764 1.0738
HIGH 3.3906 0.4552 0.0760 0.1648 3.4488 3.1026 2.3506 3.4488 3.1026 2.3506

WGHTD AVE 3.1926 0.4225 0.0730 0.1517 3.2236 2.8916 2.1736 3.2236 2.8916 21736

Volusia LOW 7.2984 0.8378 0.0924 0.3316 7.5728 6.8312 5.0698 7.5728 6.8312 5.0698
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HIGH 16.6424 3.3528 0.1642 1.3542 20.2558 19.2452 16.7206 20.2558 19.2452 16.7206

WGHTD AVE 11.0998 1.7215 0.1241 0.6886 12.4927 11.5932 9.3942 12.4927 11.5932 9.3942

Wakulla Low 2.5262 0.3400 0.0582 0.1220 2.5522 2.2906 1.7300 2.5522 2.2906 1.7300
HIGH 6.9646 1.3808 0.1142 0.5330 8.2086 7.7346 6.6610 8.2086 7.7346 6.6610

WGHTD AVE 2.8366 0.4075 0.0617 0.1478 2.9334 2.6559 2.0574 2.9334 2.6559 2.0574

Walton LOW 5.5178 0.9254 0.1046 0.3542 6.1058 5.6490 4.6344 6.1058 5.6490 4.6344
HIGH 15.8992 3.7774 0.2118 1.4816 20.1690 19.3686 17.4878 20.1690 19.3686 17.4878

WGHTD AVE 7.0688 1.2966 0.1181 0.5097 8.1046 7.5875 6.4203 8.1046 7.5875 6.4203

Washington Low 4.1854 0.6168 0.0880 0.2300 4.4050 4.0096 3.1456 4.4050 4.0096 3.1456
HIGH 9.3422 1.8698 0.1492 0.7298 11.0966 10.4800 9.0664 11.0966 10.4800 9.0664

WGHTD AVE 6.1614 1.0724 0.1129 0.4150 6.9363 6.4487 5.3536 6.9363 6.4487 5.3536

STATEWIDE LOW 1.4300 0.1508 0.0400 0.0478 1.2960 1.1142 0.7424 1.2960 1.1142 0.7424
HIGH 39.7552 10.3416 0.3158 4.2368 52.9348 51.4542 47.5898 52.9348 51.4542 47.5898
WGHTD AVE 12.3944 21777 0.1315 0.8917 14.4520 13.5538 11.3479 14.4520 13.5538 11.3479
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LOSS COSTS PER $1,000

PERSONAL RESIDENTIAL - Renters -- FRAME

$0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
ADDITIONAL DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE
COUNTY LOSS COSTS | CONTENTS LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*
Alachua LOW 0.2252 0.0556 0.0752 0.0688 0.0648 0.0804 0.0752 0.0672
HIGH 0.2992 0.0792 0.1240 0.1132 0.1044 0.1320 0.1240 0.1104
WGHTD AVE 0.2544 0.0644 0.0926 0.0845 0.0788 0.0987 0.0926 0.0827
Baker Low 0.1264 0.0284 0.0332 0.0304 0.0296 0.0352 0.0332 0.0300
HIGH 0.2080 0.0508 0.0672 0.0616 0.0580 0.0720 0.0672 0.0600
WGHTD AVE 0.2014 0.0498 0.0648 0.0594 0.0560 0.0694 0.0648 0.0580
Bay LOW 0.2972 0.0780 0.1160 0.1056 0.0980 0.1236 0.1160 0.1032
HIGH 1.5472 0.5680 1.5740 1.4792 1.3224 1.6332 1.5740 1.4436
WGHTD AVE 0.6473 0.2070 0.4630 0.4282 0.3836 0.4866 0.4630 0.4170
Bradford LOW 0.2152 0.0520 0.0684 0.0624 0.0588 0.0728 0.0684 0.0612
HIGH 0.2752 0.0712 0.1064 0.0968 0.0900 0.1132 0.1064 0.0948
WGHTD AVE 0.2229 0.0538 0.0718 0.0655 0.0620 0.0768 0.0718 0.0643
Brevard Low 0.4704 0.1368 0.2860 0.2640 0.2372 0.3008 0.2860 0.2572
HIGH 1.9916 0.6908 2.1012 1.9856 1.7784 21712 2.1012 1.9400
WGHTD AVE 0.6486 0.1950 0.4510 0.4177 0.3736 0.4734 0.4510 0.4067
Broward LOW 1.5012 0.5292 1.4788 1.3872 1.2352 1.5364 1.4788 1.3528
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HIGH 3.0508 1.1124 3.4148 3.2272 2.8828 3.5280 3.4148 3.1524

WGHTD AVE 1.9333 0.6975 2.0097 1.8902 1.6846 2.0833 2.0097 1.8443

Calhoun LOW 0.2368 0.0592 0.0808 0.0736 0.0692 0.0860 0.0808 0.0720
HIGH 0.3308 0.0904 0.1448 0.1320 0.1212 0.1540 0.1448 0.1288

WGHTD AVE 0.2762 0.0703 0.1020 0.0931 0.0867 0.1090 0.1020 0.0909

Charlotte Low 0.6284 0.1916 0.4136 0.3804 0.3400 0.4360 0.4136 0.3700
HIGH 1.8264 0.6400 1.8840 1.7712 1.5780 1.9532 1.8840 1.7280

WGHTD AVE 0.8695 0.2648 0.6853 0.6359 0.5663 0.7177 0.6853 0.6190

Citrus LOW 0.3268 0.0860 0.1520 0.1400 0.1276 0.1608 0.1520 0.1364
HIGH 0.5188 0.1528 0.3280 0.3032 0.2724 0.3448 0.3280 0.2952

WGHTD AVE 0.4430 0.1248 0.2497 0.2303 0.2078 0.2634 0.2497 0.2244

Clay LOW 0.2088 0.0508 0.0672 0.0616 0.0580 0.0720 0.0672 0.0604
HIGH 0.3088 0.0816 0.1256 0.1144 0.1056 0.1344 0.1256 0.1120

WGHTD AVE 0.2422 0.0619 0.0921 0.0842 0.0782 0.0980 0.0921 0.0823

Collier Low 0.7280 0.2224 0.4728 0.4336 0.3872 0.4996 0.4728 0.4216
HIGH 1.6904 0.5940 1.6300 15184 1.3440 1.7004 1.6300 1.4776

WGHTD AVE 0.9441 0.3095 0.7372 0.6808 0.6044 0.7746 0.7372 0.6619

Columbia LOW 0.1348 0.0304 0.0360 0.0332 0.0320 0.0384 0.0360 0.0328
HIGH 0.2224 0.0564 0.0820 0.0748 0.0696 0.0872 0.0820 0.0732

WGHTD AVE 0.2033 0.0505 0.0693 0.0633 0.0594 0.0739 0.0693 0.0621

De Soto LOW 0.5344 0.1524 0.2912 0.2664 0.2400 0.3088 0.2912 0.2592
HIGH 0.7044 0.2188 0.4844 0.4456 0.3972 0.5108 0.4844 0.4332

WGHTD AVE 0.5968 0.1775 0.3679 0.3381 0.3026 0.3885 0.3679 0.3288
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Dixie LOW 0.2500 0.0676 0.1136 0.1044 0.0960 0.1204 0.1136 0.1020
HIGH 0.5588 0.1784 0.4100 0.3820 0.3440 0.4292 0.4100 0.3728

WGHTD AVE 0.3277 0.0973 0.1814 0.1676 0.1522 0.1913 0.1814 0.1635

Duval Low 0.1280 0.0288 0.0340 0.0316 0.0304 0.0364 0.0340 0.0308
HIGH 0.5688 0.1932 0.4992 0.4684 0.4204 0.5188 0.4992 0.4572

WGHTD AVE 0.2519 0.0674 0.1124 0.1033 0.0950 0.11901 0.1124 0.1009

Escambia Low 0.4428 0.1360 0.2572 0.2348 0.2112 0.2732 0.2572 0.2284
HIGH 2.1424 0.8048 2.3196 2.1856 1.9540 2.4016 2.3196 2.1340

WGHTD AVE 0.9705 0.3413 0.8500 0.7905 0.7041 0.8885 0.8500 0.7697

Flagler LOW 0.4056 0.1128 0.2088 0.1912 0.1728 0.2216 0.2088 0.1860
HIGH 0.7580 0.2456 0.6088 0.5652 0.5032 0.6372 0.6088 0.5504

WGHTD AVE 0.5435 0.1629 0.3698 0.3418 0.3056 0.3889 0.3698 0.3327

Franklin Low 0.5764 0.1876 0.4156 0.3848 0.3448 0.4364 0.4156 0.3748
HIGH 1.3936 0.5088 1.4448 1.3628 1.2224 1.4952 1.4448 1.3316

WGHTD AVE 0.7551 0.2343 0.6283 0.5860 0.5244 0.6560 0.6283 0.5712

Gadsen Low 0.1712 0.0404 0.0500 0.0460 0.0440 0.0536 0.0500 0.0452
HIGH 0.2556 0.0656 0.0932 0.0852 0.0792 0.0996 0.0932 0.0832

WGHTD AVE 0.1896 0.0463 0.0603 0.0552 0.0523 0.0645 0.0603 0.0542

Gilchrist LOW 0.2180 0.0552 0.0812 0.0744 0.0692 0.0864 0.0812 0.0728
HIGH 0.3200 0.0888 0.1512 0.1384 0.1264 0.1604 0.1512 0.1348

WGHTD AVE 0.3030 0.0810 0.1387 0.1270 0.1162 0.1472 0.1387 0.1237

Glades Low 0.6196 0.1788 0.3480 0.3184 0.2860 0.3688 0.3480 0.3096
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HIGH 0.6724 0.1988 0.4036 0.3700 0.3316 0.4268 0.4036 0.3600

WGHTD AVE 0.6699 0.1988 0.4016 0.3681 0.3299 0.4247 0.4016 0.3582

Gulf LOW 0.3432 0.0968 0.1640 0.1500 0.1368 0.1744 0.1640 0.1460
HIGH 0.5780 0.1840 0.3936 0.3636 0.3268 0.4140 0.3936 0.3544

WGHTD AVE 0.4694 0.1402 0.2858 0.2633 0.2376 0.3015 0.2858 0.2566

Hamilton Low 0.1192 0.0272 0.0324 0.0300 0.0288 0.0344 0.0324 0.0292
HIGH 0.1824 0.0452 0.0632 0.0576 0.0540 0.0672 0.0632 0.0564

WGHTD AVE 0.1634 0.0415 0.0542 0.0496 0.0467 0.0576 0.0542 0.0485

Hardee LOW 0.5388 0.1536 0.2908 0.2656 0.2392 0.3088 0.2908 0.2584
HIGH 0.6704 0.2052 0.4400 0.4040 0.3604 0.4644 0.4400 0.3928

WGHTD AVE 0.5701 0.1653 0.3248 0.2970 0.2667 0.3443 0.3248 0.2889

Hendry LOW 0.6596 0.1952 0.3948 0.3616 0.3236 0.4180 0.3948 0.3512
HIGH 0.8652 0.2716 0.6116 0.5632 0.5012 0.6440 0.6116 0.5476

WGHTD AVE 0.7665 0.2303 0.5039 0.4630 0.4131 0.5319 0.5039 0.4500

Hernando Low 0.3584 0.0936 0.1572 0.1440 0.1316 0.1672 0.1572 0.1404
HIGH 0.5220 0.1548 0.3304 0.3052 0.2740 0.3476 0.3304 0.2972

WGHTD AVE 0.4498 0.1273 0.2576 0.2372 0.2135 0.2719 0.2576 0.2310

Highlands LOW 0.4636 0.1232 0.2048 0.1864 0.1700 0.2184 0.2048 0.1816
HIGH 0.6328 0.1840 0.3620 0.3312 0.2972 0.3836 0.3620 0.3220

WGHTD AVE 0.5222 0.1452 0.2606 0.2378 0.2152 0.2771 0.2606 0.2314

Hillsborough LOW 0.4284 0.1224 0.2408 0.2208 0.1988 0.2544 0.2408 0.2152
HIGH 1.0336 0.3508 0.9144 0.8500 0.7536 0.9556 0.9144 0.8268

WGHTD AVE 0.5720 0.1756 0.3878 0.3576 0.3194 0.4081 0.3878 0.3480
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Holmes LOW 0.2888 0.0768 0.1148 0.1048 0.0968 0.1228 0.1148 0.1020
HIGH 0.4220 0.1252 0.2328 0.2136 0.1932 0.2468 0.2328 0.2080

WGHTD AVE 0.3187 0.0830 0.1393 0.1273 0.1167 0.1485 0.1393 0.1240

Indian River Low 0.6372 0.1908 0.4128 0.3808 0.3412 0.4344 0.4128 0.3708
HIGH 1.9072 0.6592 1.9880 1.8768 1.6800 2.0556 1.9880 1.8336

WGHTD AVE 0.8741 0.2705 0.6838 0.6356 0.5669 0.7154 0.6838 0.6191

Jackson Low 0.1692 0.0392 0.0464 0.0428 0.0412 0.0496 0.0464 0.0424
HIGH 0.3096 0.0836 0.1300 0.1184 0.1088 0.1388 0.1300 0.1156

WGHTD AVE 0.2400 0.0604 0.0839 0.0767 0.0718 0.0897 0.0839 0.0751

Jefferson LOW 0.1520 0.0372 0.0516 0.0472 0.0444 0.0548 0.0516 0.0464
HIGH 0.1944 0.0520 0.0852 0.0780 0.0720 0.0904 0.0852 0.0764

WGHTD AVE 0.1552 0.0380 0.0537 0.0492 0.0462 0.0571 0.0537 0.0483

Lafayette Low 0.1748 0.0440 0.0648 0.0596 0.0556 0.0688 0.0648 0.0580
HIGH 0.2168 0.0564 0.0860 0.0788 0.0728 0.0916 0.0860 0.0772

WGHTD AVE 0.2168 0.0564 0.0860 0.0788 0.0728 0.0916 0.0860 0.0772

Lake Low 0.2804 0.0680 0.0940 0.0860 0.0808 0.1004 0.0940 0.0844
HIGH 0.6628 0.2020 0.4368 0.4020 0.3588 0.4608 0.4368 0.3908

WGHTD AVE 0.4706 0.1333 0.2381 0.2176 0.1970 0.2528 0.2381 0.2119

Lee LOW 0.6620 0.2020 0.4300 0.3944 0.3524 0.4548 0.4300 0.3832
HIGH 1.5252 0.5296 1.4668 1.3700 1.2164 1.5280 1.4668 1.3344

WGHTD AVE 0.8222 0.2536 0.6011 0.5546 0.4936 0.6323 0.6011 0.5392

Leon Low 0.1276 0.0292 0.0360 0.0332 0.0316 0.0380 0.0360 0.0324
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HIGH 0.2356 0.0612 0.0940 0.0860 0.0796 0.1000 0.0940 0.0840

WGHTD AVE 0.1963 0.0491 0.0699 0.0641 0.0599 0.0745 0.0699 0.0626

Levy LOW 0.2208 0.0560 0.0820 0.0748 0.0700 0.0872 0.0820 0.0732
HIGH 0.4344 0.1304 0.2680 0.2484 0.2244 0.2816 0.2680 0.2424

WGHTD AVE 0.3326 0.0933 0.1662 0.1525 0.1392 0.1759 0.1662 0.1487

Liberty Low 0.2272 0.0560 0.0740 0.0676 0.0640 0.0792 0.0740 0.0664
HIGH 0.2416 0.0616 0.0916 0.0840 0.0780 0.0976 0.0916 0.0820

WGHTD AVE 0.2300 0.0578 0.0791 0.0723 0.0680 0.0845 0.0791 0.0709

Madison LOW 0.1260 0.0292 0.0360 0.0332 0.0320 0.0388 0.0360 0.0328
HIGH 0.1796 0.0452 0.0656 0.0604 0.0560 0.0700 0.0656 0.0588

WGHTD AVE 0.1655 0.0403 0.0562 0.0513 0.0484 0.0598 0.0562 0.0503

Manatee LOW 0.6108 0.1908 0.4360 0.4024 0.3588 0.4584 0.4360 0.3916
HIGH 1.6512 0.5720 1.6896 1.5908 1.4216 1.7500 1.6896 1.5532

WGHTD AVE 0.7824 0.2471 0.6318 0.5867 0.5223 0.6612 0.6318 0.5711

Marion Low 0.2188 0.0492 0.0612 0.0564 0.0540 0.0652 0.0612 0.0552
HIGH 0.5116 0.1496 0.3132 0.2888 0.2600 0.3296 0.3132 0.2816

WGHTD AVE 0.3653 0.0952 0.1583 0.1448 0.1326 0.1683 0.1583 0.1412

Martin LOW 0.9824 0.3276 0.8024 0.7452 0.6644 0.8400 0.8024 0.7256
HIGH 2.7484 0.9940 3.0108 2.8432 2.5400 3.1124 3.0108 2.7768

WGHTD AVE 1.4322 0.5116 1.3665 1.2800 1.1415 1.4212 1.3665 1.2481

Miami-Dade LOW 1.3112 0.4600 1.2520 1.1712 1.0420 1.3032 1.2520 1.1412
HIGH 4.6812 1.7060 5.5488 5.2792 4.7440 5.7064 5.5488 5.1672

WGHTD AVE 2.3643 0.8533 2.5499 2.4022 2.1416 2.6402 2.5499 2.3445
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Monroe LOW 1.3952 0.5276 1.4092 1.3200 1.1760 1.4656 1.4092 1.2868
HIGH 4.0268 1.5520 4.8400 4.6072 4.1528 4.9772 4.8400 45116

WGHTD AVE 2.9932 0.9924 3.4245 3.2440 2.9116 3.5329 3.4245 3.1719

Nassau Low 0.1400 0.0332 0.0428 0.0392 0.0372 0.0456 0.0428 0.0384
HIGH 0.2356 0.0656 0.1168 0.1076 0.0980 0.1236 0.1168 0.1048

WGHTD AVE 0.2088 0.0544 0.0902 0.0827 0.0761 0.0956 0.0902 0.0808

Okaloosa Low 0.4184 0.1260 0.2348 0.2148 0.1936 0.2492 0.2348 0.2088
HIGH 1.1804 0.4284 1.0920 1.0164 0.9032 1.1404 1.0920 0.9892

WGHTD AVE 0.9493 0.3327 0.8181 0.7593 0.6751 0.8565 0.8181 0.7388

Okeechobee LOW 0.5584 0.1560 0.2892 0.2644 0.2388 0.3072 0.2892 0.2576
HIGH 0.6412 0.1868 0.3716 0.3404 0.3056 0.3936 0.3716 0.3312

WGHTD AVE 0.6139 0.1752 0.3387 0.3100 0.2790 0.3593 0.3387 0.3015

Orange Low 0.3604 0.0904 0.1372 0.1252 0.1160 0.1464 0.1372 0.1224
HIGH 0.6308 0.1888 0.4004 0.3684 0.3300 0.4224 0.4004 0.3584

WGHTD AVE 0.4435 0.1190 0.2044 0.1866 0.1699 0.2175 0.2044 0.1817

Osceola Low 0.4072 0.1056 0.1680 0.1528 0.1404 0.1792 0.1680 0.1492
HIGH 0.5392 0.1528 0.2916 0.2668 0.2408 0.3088 0.2916 0.2600

WGHTD AVE 0.4365 0.1148 0.1932 0.1761 0.1609 0.2058 0.1932 0.1717

Palm Beach LOW 1.1524 0.3924 1.0172 0.9492 0.8460 1.0612 1.0172 0.9248
HIGH 3.2308 1.1732 3.6036 3.4068 3.0456 3.7220 3.6036 3.3284

WGHTD AVE 1.7102 0.5687 1.6902 1.5879 1.4166 1.7540 1.6902 1.5493

Pasco Low 0.3888 0.1024 0.1708 0.1556 0.1424 0.1816 0.1708 0.1516
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HIGH 0.5816 0.1796 0.4064 0.3756 0.3356 0.4272 0.4064 0.3656

WGHTD AVE 0.4939 0.1441 0.3005 0.2766 0.2482 0.3170 0.3005 0.2692

Pinellas LOW 0.4904 0.1460 0.3104 0.2860 0.2560 0.3272 0.3104 0.2780
HIGH 2.0104 0.7104 2.1648 2.0420 1.8216 2.2396 2.1648 1.9936

WGHTD AVE 0.7481 0.2230 0.5995 0.5576 0.4969 0.6268 0.5995 0.5432

Polk Low 0.4184 0.1088 0.1728 0.1572 0.1444 0.1844 0.1728 0.1532
HIGH 0.7784 0.2440 0.5476 0.5044 0.4488 0.5768 0.5476 0.4900

WGHTD AVE 0.5161 0.1464 0.2734 0.2497 0.2251 0.2903 0.2734 0.2429

Putnam LOW 0.2488 0.0616 0.0832 0.0760 0.0712 0.0892 0.0832 0.0744
HIGH 0.3408 0.0940 0.1544 0.1408 0.1288 0.1648 0.1544 0.1372

WGHTD AVE 0.3094 0.0825 0.1278 0.1164 0.1075 0.1364 0.1278 0.1138

St. Johns LOW 0.2188 0.0552 0.0816 0.0752 0.0700 0.0868 0.0816 0.0736
HIGH 0.5032 0.1600 0.3472 0.3212 0.2880 0.3652 0.3472 0.3128

WGHTD AVE 0.3840 0.1141 0.2326 0.2148 0.1941 0.2447 0.2326 0.2096

St. Lucie Low 0.8380 0.2732 0.6432 0.5960 0.5320 0.6748 0.6432 0.5804
HIGH 1.6300 0.5740 1.6060 1.5068 1.3428 1.6684 1.6060 1.4696

WGHTD AVE 1.1988 0.4032 1.0665 0.9954 0.8869 1.1123 1.0665 0.9699

Santa Rosa LOW 0.4048 0.1180 0.2076 0.1892 0.1716 0.2208 0.2076 0.1840
HIGH 1.2508 0.4568 1.1788 1.0980 0.9760 1.2300 1.1788 1.0692

WGHTD AVE 0.9096 0.3112 0.7732 0.7178 0.6390 0.8093 0.7732 0.6986

Sarasota LOW 0.5872 0.1828 0.4168 0.3844 0.3428 0.4388 0.4168 0.3740
HIGH 0.8664 0.2832 0.6968 0.6456 0.5740 0.7304 0.6968 0.6284

WGHTD AVE 0.7229 0.2320 0.5549 0.5136 0.4571 0.5824 0.5549 0.4996
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Seminole LOW 0.3916 0.1016 0.1636 0.1492 0.1368 0.1748 0.1636 0.1456
HIGH 0.5192 0.1492 0.2972 0.2732 0.2460 0.3140 0.2972 0.2660

WGHTD AVE 0.4201 0.1112 0.1847 0.1684 0.1539 0.1968 0.1847 0.1642

Sumter Low 0.3720 0.0964 0.1576 0.1440 0.1324 0.1676 0.1576 0.1404
HIGH 0.4832 0.1356 0.2548 0.2336 0.2112 0.2704 0.2548 0.2272

WGHTD AVE 0.4248 0.1125 0.2025 0.1853 0.1686 0.2150 0.2025 0.1805

Suwanee Low 0.1352 0.0312 0.0384 0.0352 0.0336 0.0408 0.0384 0.0348
HIGH 0.2680 0.0724 0.1180 0.1080 0.0992 0.1256 0.1180 0.1056

WGHTD AVE 0.1633 0.0396 0.0538 0.0492 0.0463 0.0572 0.0538 0.0485

Taylor LOW 0.1732 0.0440 0.0644 0.0592 0.0552 0.0688 0.0644 0.0580
HIGH 0.3312 0.0968 0.1876 0.1732 0.1572 0.1976 0.1876 0.1692

WGHTD AVE 0.2565 0.0714 0.1324 0.1218 0.1107 0.1397 0.1324 0.1189

Union Low 0.1596 0.0368 0.0444 0.0408 0.0392 0.0472 0.0444 0.0400
HIGH 0.2364 0.0588 0.0808 0.0736 0.0692 0.0864 0.0808 0.0720

WGHTD AVE 0.2111 0.0512 0.0687 0.0627 0.0592 0.0733 0.0687 0.0614

Volusia Low 0.3012 0.0756 0.1160 0.1056 0.0976 0.1236 0.1160 0.1032
HIGH 0.9364 0.3124 0.8336 0.7792 0.6940 0.8688 0.8336 0.7592

WGHTD AVE 0.4964 0.1432 0.2957 0.2720 0.2443 0.3121 0.2957 0.2648

Wakulla LOW 0.1820 0.0456 0.0652 0.0596 0.0560 0.0696 0.0652 0.0584
HIGH 0.4604 0.1456 0.3104 0.2864 0.2568 0.3268 0.3104 0.2788

WGHTD AVE 0.2093 0.0513 0.0851 0.0779 0.0722 0.0905 0.0851 0.0762

Walton Low 0.3400 0.0952 0.1572 0.1428 0.1304 0.1676 0.1572 0.1392
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HIGH 1.1684 0.4224 1.0712 0.9968 0.8860 1.1192 1.0712 0.9704

WGHTD AVE 0.6751 0.2259 0.5066 0.4685 0.4186 0.5320 0.5066 0.4561

Washington LOW 0.2828 0.0748 0.1140 0.1040 0.0964 0.1212 0.1140 0.1016
HIGH 0.6200 0.2008 0.4364 0.4032 0.3616 0.4592 0.4364 0.3928

WGHTD AVE 0.4150 0.1217 0.2245 0.2058 0.1862 0.2380 0.2245 0.2002

STATEWIDE Low 0.1192 0.0272 0.0324 0.0300 0.0288 0.0344 0.0324 0.0292
HIGH 4.6812 1.7060 5.5488 5.2792 4.7440 5.7064 5.5488 5.1672

WGHTD AVE 0.5607 0.1658 0.3924 0.3639 0.3263 0.4115 0.3924 0.3546
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LOSS COSTS PER $1,000
PERSONAL RESIDENTIAL - Renters -- MASONRY
$0
DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
ADDITIONAL DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE
couNTY | LosscosTs | conTents | LvING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*
Alachua Low 0.2212 0.0540 0.0708 0.0644 0.0608 0.0756 0.0708 0.0632
HIGH 0.2912 0.0760 0.1136 0.1032 0.0952 0.1212 0.1136 0.1008
WGHTD AVE 0.2490 0.0625 0.0863 0.0785 0.0735 0.0922 0.0863 0.0767
Baker Low 0.1256 0.0284 0.0328 0.0300 0.0292 0.0348 0.0328 0.0296
HIGH 0.2052 0.0496 0.0636 0.0580 0.0548 0.0680 0.0636 0.0568
WGHTD AVE 0.1995 0.0481 0.0614 0.0560 0.0530 0.0657 0.0614 0.0550
Bay Low 0.2900 0.0752 0.1072 0.0972 0.0904 0.1144 0.1072 0.0952
HIGH 1.3036 0.4844 1.2564 1.1696 1.0340 1.3116 1.2564 1.1380
WGHTD AVE 0.6577 0.1865 0.4593 0.4225 0.3762 0.4842 0.4593 0.4107
Bradford Low 0.2124 0.0512 0.0652 0.0592 0.0564 0.0696 0.0652 0.0584
HIGH 0.2684 0.0688 0.0984 0.0896 0.0832 0.1052 0.0984 0.0876
WGHTD AVE 0.2166 0.0517 0.0664 0.0603 0.0574 0.0709 0.0664 0.0591
Brevard Low 0.4048 0.1120 0.2084 0.1912 0.1724 0.2204 0.2084 0.1864
HIGH 1.4660 0.5080 1.4292 1.3372 1.1840 1.4864 1.4292 1.3024
WGHTD AVE 0.5529 0.1593 0.3346 0.3075 0.2749 0.3531 0.3346 0.2991
Broward Low 0.9012 0.3036 0.7268 0.6728 0.5956 0.7620 0.7268 0.6544
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HIGH 1.7212 0.6256 1.7156 1.6012 1.4136 1.7868 1.7156 1.5580

WGHTD AVE 1.1645 0.4007 1.0288 0.9556 0.8444 1.0757 1.0288 0.9293

Calhoun Low 0.2332 0.0576 0.0756 0.0688 0.0652 0.0812 0.0756 0.0676
HIGH 0.3204 0.0864 0.1320 0.1200 0.1104 0.1408 0.1320 0.1168

WGHTD AVE 0.2666 0.0664 0.0927 0.0843 0.0790 0.0993 0.0927 0.0824

Charlotte LOW 0.5280 0.1532 0.2956 0.2700 0.2420 0.3136 0.2956 0.2624
HIGH 1.3520 0.4720 1.2800 1.1916 1.0508 1.3356 1.2800 1.1588

WGHTD AVE 0.6291 0.1891 0.4008 0.3674 0.3270 0.4237 0.4008 0.3568

Citrus Low 0.2956 0.0740 0.1172 0.1076 0.0992 0.1244 0.1172 0.1052
HIGH 0.4436 0.1244 0.2380 0.2184 0.1968 0.2516 0.2380 0.2128

WGHTD AVE 0.3866 0.1040 0.1852 0.1699 0.1541 0.1962 0.1852 0.1656

Clay LOW 0.2060 0.0496 0.0636 0.0580 0.0552 0.0680 0.0636 0.0568
HIGH 0.3004 0.0784 0.1152 0.1048 0.0968 0.1236 0.1152 0.1020

WGHTD AVE 0.2381 0.0604 0.0849 0.0773 0.0723 0.0906 0.0849 0.0758

Collier Low 0.6140 0.1780 0.3380 0.3080 0.2760 0.3596 0.3380 0.2992
HIGH 1.2744 0.4412 1.1072 1.0212 0.8976 1.1628 1.1072 0.9912

WGHTD AVE 0.7512 0.2338 0.5024 0.4600 0.4080 0.5314 0.5024 0.4465

Columbia LOW 0.1340 0.0304 0.0352 0.0324 0.0316 0.0376 0.0352 0.0320
HIGH 0.2180 0.0548 0.0764 0.0696 0.0652 0.0816 0.0764 0.0680

WGHTD AVE 0.1965 0.0487 0.0633 0.0579 0.0546 0.0679 0.0633 0.0566

De Soto Low 0.4688 0.1264 0.2160 0.1964 0.1784 0.2300 0.2160 0.1912
HIGH 0.5880 0.1740 0.3448 0.3148 0.2812 0.3656 0.3448 0.3060
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WGHTD AVE 0.5230 0.1502 0.2792 0.2551 0.2291 0.2964 0.2792 0.2479

Dixie Low 0.2416 0.0644 0.1028 0.0940 0.0864 0.1092 0.1028 0.0916
HIGH 0.5044 0.1596 0.3404 0.3140 0.2812 0.3580 0.3404 0.3060

WGHTD AVE 0.2727 0.0740 0.1250 0.1144 0.1045 0.1326 0.1250 0.1116

Duval LOW 0.1276 0.0288 0.0336 0.0308 0.0300 0.0356 0.0336 0.0304
HIGH 0.4948 0.1676 0.4028 0.3744 0.3332 0.4212 0.4028 0.3648

WGHTD AVE 0.2415 0.0634 0.1005 0.0920 0.0847 0.1068 0.1005 0.0898

Escambia Low 0.4184 0.1264 0.2268 0.2060 0.1852 0.2416 0.2268 0.2000
HIGH 1.7684 0.6760 1.8296 1.7076 1.5076 1.9056 1.8296 1.6616

WGHTD AVE 0.9014 0.3073 0.7531 0.6958 0.6153 0.7906 0.7531 0.6761

Flagler LOW 0.3592 0.0944 0.1560 0.1424 0.1296 0.1664 0.1560 0.1388
HIGH 0.6080 0.1900 0.4240 0.3904 0.3464 0.4468 0.4240 0.3792

WGHTD AVE 0.4431 0.1249 0.2507 0.2300 0.2061 0.2653 0.2507 0.2236

Franklin Low 0.5280 0.1700 0.3532 0.3248 0.2896 0.3728 0.3532 0.3156
HIGH 1.1564 0.4272 1.1336 1.0592 0.9380 1.1808 1.1336 1.0312

WGHTD AVE 0.7427 0.2525 0.6077 0.5627 0.4989 0.6371 0.6077 0.5472

Gadsen LOW 0.1700 0.0400 0.0484 0.0444 0.0428 0.0520 0.0484 0.0436
HIGH 0.2504 0.0636 0.0868 0.0788 0.0740 0.0932 0.0868 0.0772

WGHTD AVE 0.1834 0.0448 0.0561 0.0513 0.0488 0.0600 0.0561 0.0504

Gilchrist Low 0.2132 0.0536 0.0756 0.0688 0.0644 0.0804 0.0756 0.0676
HIGH 0.3076 0.0844 0.1360 0.1240 0.1136 0.1452 0.1360 0.1208

WGHTD AVE 0.2972 0.0814 0.1295 0.1181 0.1083 0.1382 0.1295 0.1151
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Glades LOW 0.5400 0.1476 0.2560 0.2332 0.2112 0.2728 0.2560 0.2268
HIGH 0.5788 0.1620 0.2936 0.2676 0.2412 0.3120 0.2936 0.2600

WGHTD AVE 0.5788 0.1620 0.2936 0.2676 0.2412 0.3120 0.2936 0.2600

Gulf Low 0.3300 0.0916 0.1476 0.1344 0.1228 0.1572 0.1476 0.1308
HIGH 0.5324 0.1672 0.3344 0.3068 0.2748 0.3536 0.3344 0.2984

WGHTD AVE 0.4752 0.1355 0.2783 0.2551 0.2292 0.2947 0.2783 0.2481

Hamilton LOW 0.1184 0.0268 0.0312 0.0288 0.0280 0.0336 0.0312 0.0284
HIGH 0.1792 0.0440 0.0592 0.0540 0.0508 0.0632 0.0592 0.0528

WGHTD AVE 0.1651 0.0413 0.0524 0.0479 0.0453 0.0560 0.0524 0.0470

Hardee Low 0.4728 0.1276 0.2156 0.1960 0.1780 0.2300 0.2156 0.1908
HIGH 0.5652 0.1640 0.3144 0.2868 0.2568 0.3340 0.3144 0.2784

WGHTD AVE 0.4854 0.1319 0.2266 0.2061 0.1868 0.2416 0.2266 0.2005

Hendry LOW 0.5672 0.1588 0.2864 0.2608 0.2352 0.3048 0.2864 0.2536
HIGH 0.7172 0.2144 0.4324 0.3952 0.3524 0.4584 0.4324 0.3836

WGHTD AVE 0.6603 0.1911 0.3754 0.3427 0.3064 0.3986 0.3754 0.3327

Hernando Low 0.3260 0.0812 0.1228 0.1120 0.1036 0.1308 0.1228 0.1096
HIGH 0.4464 0.1256 0.2384 0.2188 0.1964 0.2520 0.2384 0.2128

WGHTD AVE 0.4102 0.1138 0.2103 0.1926 0.1738 0.2227 0.2103 0.1875

Highlands LOW 0.4208 0.1060 0.1588 0.1444 0.1332 0.1700 0.1588 0.1408
HIGH 0.5492 0.1512 0.2652 0.2416 0.2184 0.2824 0.2652 0.2348

WGHTD AVE 0.4589 0.1197 0.1909 0.1735 0.1587 0.2039 0.1909 0.1691
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Hillsborough Low 0.3740 0.1012 0.1776 0.1620 0.1468 0.1888 0.1776 0.1580
HIGH 0.8048 0.2656 0.6284 0.5788 0.5104 0.6612 0.6284 0.5616

WGHTD AVE 0.4791 0.1395 0.2758 0.2525 0.2259 0.2920 0.2758 0.2454

Holmes LOW 0.2812 0.0740 0.1060 0.0960 0.0892 0.1132 0.1060 0.0940
HIGH 0.4008 0.1172 0.2060 0.1880 0.1700 0.2188 0.2060 0.1828

WGHTD AVE 0.3011 0.0801 0.1206 0.1094 0.1010 0.1286 0.1206 0.1070

Indian River Low 0.5396 0.1540 0.2968 0.2720 0.2444 0.3144 0.2968 0.2648
HIGH 1.4080 0.4860 1.3512 1.2628 1.1176 1.4064 1.3512 1.2296

WGHTD AVE 0.7086 0.2156 0.4805 0.4427 0.3936 0.5062 0.4805 0.4303

Jackson LOW 0.1680 0.0388 0.0456 0.0416 0.0404 0.0484 0.0456 0.0412
HIGH 0.3004 0.0800 0.1188 0.1076 0.0992 0.1272 0.1188 0.1048

WGHTD AVE 0.2421 0.0609 0.0822 0.0747 0.0702 0.0880 0.0822 0.0732

Jefferson Low 0.1496 0.0364 0.0488 0.0444 0.0420 0.0520 0.0488 0.0436
HIGH 0.1880 0.0496 0.0772 0.0704 0.0648 0.0820 0.0772 0.0688

WGHTD AVE 0.1518 0.0377 0.0506 0.0461 0.0435 0.0539 0.0506 0.0452

Lafayette LOW 0.1712 0.0428 0.0604 0.0552 0.0516 0.0644 0.0604 0.0540
HIGH 0.2112 0.0544 0.0792 0.0724 0.0672 0.0848 0.0792 0.0708

WGHTD AVE 0.2004 0.0494 0.0736 0.0673 0.0625 0.0787 0.0736 0.0658

Lake Low 0.2624 0.0612 0.0796 0.0732 0.0692 0.0852 0.0796 0.0716
HIGH 0.5588 0.1620 0.3128 0.2856 0.2560 0.3316 0.3128 0.2776

WGHTD AVE 0.4145 0.1093 0.1760 0.1603 0.1464 0.1876 0.1760 0.1562

Lee LOW 0.5580 0.1616 0.3096 0.2820 0.2532 0.3292 0.3096 0.2740
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HIGH 1.1532 0.3944 0.9992 0.9240 0.8144 1.0476 0.9992 0.8976

WGHTD AVE 0.6571 0.1972 0.4061 0.3713 0.3308 0.4301 0.4061 0.3607

Leon Low 0.1264 0.0292 0.0352 0.0324 0.0312 0.0372 0.0352 0.0320
HIGH 0.2292 0.0592 0.0864 0.0788 0.0732 0.0924 0.0864 0.0772

WGHTD AVE 0.1974 0.0488 0.0677 0.0619 0.0580 0.0724 0.0677 0.0605

Levy LOW 0.2160 0.0540 0.0756 0.0692 0.0648 0.0808 0.0756 0.0676
HIGH 0.4088 0.1212 0.2264 0.2080 0.1872 0.2392 0.2264 0.2028

WGHTD AVE 0.2985 0.0821 0.1346 0.1230 0.1125 0.1431 0.1346 0.1200

Liberty Low 0.2240 0.0548 0.0700 0.0640 0.0608 0.0752 0.0700 0.0628
HIGH 0.2368 0.0596 0.0848 0.0772 0.0720 0.0904 0.0848 0.0756

WGHTD AVE 0.2261 0.0556 0.0738 0.0674 0.0637 0.0791 0.0738 0.0661

Madison LOW 0.1248 0.0288 0.0348 0.0320 0.0308 0.0372 0.0348 0.0316
HIGH 0.1756 0.0440 0.0616 0.0560 0.0524 0.0656 0.0616 0.0548

WGHTD AVE 0.1602 0.0379 0.0513 0.0470 0.0444 0.0549 0.0513 0.0460

Manatee Low 0.5044 0.1504 0.3076 0.2820 0.2512 0.3256 0.3076 0.2740
HIGH 1.2260 0.4220 1.1488 1.0712 0.9472 1.1976 1.1488 1.0424

WGHTD AVE 0.6435 0.1848 0.4535 0.4178 0.3705 0.4775 0.4535 0.4060

Marion LOW 0.2100 0.0456 0.0540 0.0500 0.0484 0.0576 0.0540 0.0492
HIGH 0.4400 0.1224 0.2284 0.2092 0.1888 0.2416 0.2284 0.2040

WGHTD AVE 0.3359 0.0834 0.1260 0.1150 0.1064 0.1343 0.1260 0.1124

Martin Low 0.6484 0.1972 0.3964 0.3636 0.3256 0.4188 0.3964 0.3536
HIGH 1.5788 0.5656 1.5208 1.4184 1.2532 1.5852 1.5208 1.3800
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WGHTD AVE 0.8653 0.2719 0.6458 0.5971 0.5305 0.6780 0.6458 0.5806

Miami-Dade Low 0.7952 0.2636 0.6088 0.5620 0.4980 0.6396 0.6088 0.5460
HIGH 2.6444 0.9808 2.9204 2.7468 2.4336 3.0252 2.9204 2.6776

WGHTD AVE 1.4760 0.4937 1.4030 1.3071 1.1542 1.4634 1.4030 1.2715

Monroe LOW 1.2732 0.4864 1.2444 1.1576 1.0228 1.2996 1.2444 1.1256
HIGH 3.3148 1.3088 3.8888 3.6680 3.2580 4.0204 3.8888 3.5788

WGHTD AVE 2.5740 1.0664 2.9118 2.7346 2.4222 3.0195 29118 2.6649

Nassau Low 0.1384 0.0324 0.0408 0.0372 0.0356 0.0436 0.0408 0.0368
HIGH 0.2256 0.0620 0.1044 0.0956 0.0872 0.1108 0.1044 0.0932

WGHTD AVE 0.2034 0.0498 0.0828 0.0755 0.0699 0.0882 0.0828 0.0740

Okaloosa LOW 0.3968 0.1176 0.2076 0.1888 0.1700 0.2212 0.2076 0.1836
HIGH 1.0420 0.3784 0.9116 0.8420 0.7432 0.9564 0.9116 0.8180

WGHTD AVE 0.9199 0.3020 0.7619 0.7027 0.6209 0.8006 0.7619 0.6825

Okeechobee Low 0.4932 0.1304 0.2160 0.1968 0.1792 0.2304 0.2160 0.1916
HIGH 0.5548 0.1528 0.2712 0.2472 0.2232 0.2888 0.2712 0.2404

WGHTD AVE 0.5385 0.1459 0.2522 0.2297 0.2080 0.2688 0.2522 0.2235

Orange LOW 0.3348 0.0800 0.1108 0.1012 0.0948 0.1184 0.1108 0.0992
HIGH 0.5368 0.1524 0.2884 0.2636 0.2368 0.3060 0.2884 0.2564

WGHTD AVE 0.3975 0.1012 0.1556 0.1417 0.1304 0.1660 0.1556 0.1382

Osceola Low 0.3740 0.0920 0.1328 0.1208 0.1124 0.1420 0.1328 0.1180
HIGH 0.4736 0.1272 0.2164 0.1972 0.1792 0.2304 0.2164 0.1920

WGHTD AVE 0.4086 0.1041 0.1590 0.1447 0.1333 0.1698 0.1590 0.1412
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Palm Beach LOW 0.7348 0.2324 0.5032 0.4640 0.4132 0.5300 0.5032 0.4508
HIGH 1.8436 0.6672 1.8312 1.7104 1.5112 1.9068 1.8312 1.6648

WGHTD AVE 1.0585 0.3548 0.8885 0.8249 0.7305 0.9296 0.8885 0.8023

Pasco Low 0.3540 0.0884 0.1328 0.1208 0.1116 0.1416 0.1328 0.1180
HIGH 0.4848 0.1424 0.2884 0.2644 0.2364 0.3052 0.2884 0.2572

WGHTD AVE 0.4258 0.1192 0.2237 0.2047 0.1842 0.2371 0.2237 0.1991

Pinellas LOW 0.4168 0.1180 0.2236 0.2048 0.1840 0.2372 0.2236 0.1992
HIGH 1.4644 0.5200 1.4664 1.3692 1.2072 1.5268 1.4664 1.3324

WGHTD AVE 0.5525 0.1628 0.3686 0.3391 0.3014 0.3886 0.3686 0.3296

Polk Low 0.3824 0.0944 0.1360 0.1236 0.1148 0.1456 0.1360 0.1208
HIGH 0.6460 0.1928 0.3876 0.3540 0.3156 0.4108 0.3876 0.3440

WGHTD AVE 0.4555 0.1222 0.2036 0.1851 0.1682 0.2171 0.2036 0.1802

Putnam LOW 0.2448 0.0600 0.0784 0.0712 0.0672 0.0840 0.0784 0.0696
HIGH 0.3288 0.0892 0.1396 0.1268 0.1160 0.1492 0.1396 0.1236

WGHTD AVE 0.3042 0.0803 0.1198 0.1088 0.1004 0.1282 0.1198 0.1062

St. Johns Low 0.2140 0.0536 0.0760 0.0696 0.0648 0.0808 0.0760 0.0680
HIGH 0.4652 0.1464 0.2984 0.2740 0.2448 0.3152 0.2984 0.2664

WGHTD AVE 0.3738 0.1090 0.2111 0.1935 0.1742 0.2233 0.2111 0.1883

St. Lucie LOW 0.5692 0.1680 0.3208 0.2936 0.2640 0.3396 0.3208 0.2856
HIGH 0.9836 0.3312 0.7956 0.7372 0.6528 0.8340 0.7956 0.7168

WGHTD AVE 0.7675 0.2424 0.5385 0.4966 0.4419 0.5666 0.5385 0.4828
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Santa Rosa Low 0.3864 0.1112 0.1852 0.1680 0.1524 0.1976 0.1852 0.1636
HIGH 1.0968 0.4016 0.9784 0.9044 0.7980 1.0260 0.9784 0.8784

WGHTD AVE 0.9407 0.2818 0.7875 0.7273 0.6428 0.8269 0.7875 0.7065

Sarasota LOW 0.4860 0.1444 0.2948 0.2696 0.2408 0.3120 0.2948 0.2620
HIGH 0.6932 0.2180 0.4836 0.4440 0.3936 0.5100 0.4836 0.4312

WGHTD AVE 0.5885 0.1813 0.3909 0.3587 0.3186 0.4128 0.3909 0.3483

Seminole Low 0.3580 0.0884 0.1292 0.1176 0.1092 0.1380 0.1292 0.1148
HIGH 0.4512 0.1228 0.2184 0.1996 0.1808 0.2320 0.2184 0.1944

WGHTD AVE 0.3846 0.0966 0.1457 0.1326 0.1224 0.1557 0.1457 0.1295

Sumter LOW 0.3404 0.0836 0.1236 0.1132 0.1048 0.1320 0.1236 0.1104
HIGH 0.4268 0.1132 0.1904 0.1736 0.1580 0.2028 0.1904 0.1692

WGHTD AVE 0.3979 0.1041 0.1691 0.1543 0.1410 0.1802 0.1691 0.1504

Suwanee Low 0.1340 0.0308 0.0368 0.0340 0.0328 0.0396 0.0368 0.0336
HIGH 0.2596 0.0692 0.1072 0.0980 0.0900 0.1144 0.1072 0.0956

WGHTD AVE 0.1633 0.0398 0.0521 0.0478 0.0452 0.0558 0.0521 0.0470

Taylor LOW 0.1696 0.0424 0.0600 0.0548 0.0512 0.0640 0.0600 0.0536
HIGH 0.3124 0.0900 0.1636 0.1500 0.1360 0.1732 0.1636 0.1464

WGHTD AVE 0.2338 0.0660 0.1104 0.1011 0.0922 0.1172 0.1104 0.0986

Union Low 0.1584 0.0364 0.0432 0.0396 0.0380 0.0460 0.0432 0.0388
HIGH 0.2324 0.0572 0.0756 0.0688 0.0648 0.0812 0.0756 0.0676

WGHTD AVE 0.1990 0.0465 0.0606 0.0552 0.0524 0.0649 0.0606 0.0542

Volusia LOW 0.2788 0.0664 0.0928 0.0848 0.0792 0.0992 0.0928 0.0828

FPHLM V2.6 2007

233




HIGH 0.7304 0.2376 0.5756 0.5324 0.4712 0.6036 0.5756 0.5176

WGHTD AVE 0.4506 0.1162 0.2337 0.2139 0.1927 0.2476 0.2337 0.2082

Wakulla Low 0.1784 0.0444 0.0608 0.0556 0.0524 0.0652 0.0608 0.0544
HIGH 0.4260 0.1332 0.2668 0.2444 0.2184 0.2820 0.2668 0.2376

WGHTD AVE 0.2748 0.0542 0.1310 0.1200 0.1090 0.1391 0.1310 0.1169

Walton LOW 0.3276 0.0904 0.1416 0.1284 0.1172 0.1516 0.1416 0.1248
HIGH 1.0344 0.3744 0.8968 0.8284 0.7312 0.9416 0.8968 0.8048

WGHTD AVE 0.8503 0.2426 0.6870 0.6337 0.5606 0.7224 0.6870 0.6157

Washington Low 0.2756 0.0720 0.1048 0.0952 0.0884 0.1116 0.1048 0.0932
HIGH 0.5708 0.1828 0.3732 0.3424 0.3060 0.3944 0.3732 0.3332

WGHTD AVE 0.3885 0.1112 0.1954 0.1783 0.1615 0.2081 0.1954 0.1737

STATEWIDE LOW 0.1184 0.0268 0.0312 0.0288 0.0280 0.0336 0.0312 0.0284
HIGH 3.3148 1.3088 3.8888 3.6680 3.2580 4.0204 3.8888 3.5788

WGHTD AVE 0.7115 0.2151 0.5200 0.4808 0.4273 0.5460 0.5200 0.4676
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LOSS COSTS PER $1,000

PERSONAL RESIDENTIAL - CONDO -- FRAME

$0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
ADDITIONAL DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE
COUNTY LOSS COSTS | STRUCTURE | CONTENTS LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*
Alachua LOW 0.1066 0.2250 0.0554 0.1496 0.0810 0.0702 0.3426 0.2984 0.2278
HIGH 0.1322 0.2992 0.0794 0.2202 0.1358 0.1178 0.4586 0.4070 0.3190
WGHTD AVE 0.1144 0.2481 0.0626 0.1705 0.0965 0.0838 0.3785 0.3317 0.2554
Baker Low 0.0648 0.1262 0.0284 0.0760 0.0348 0.0308 0.1906 0.1616 0.1204
HIGH 0.0992 0.2082 0.0508 0.1364 0.0724 0.0628 0.3166 0.2752 0.2092
WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
Bay LOW 0.1336 0.2974 0.0780 0.2124 0.1264 0.1094 0.4560 0.4032 0.3130
HIGH 0.3956 1.5472 0.5682 1.9624 1.7668 1.5960 2.4302 2.3492 21772
WGHTD AVE 0.2535 0.7515 0.2598 0.8062 0.6606 0.5835 1.1908 1.1188 0.9761
Bradford LOW 0.1026 0.2152 0.0522 0.1396 0.0732 0.0640 0.3270 0.2838 0.2152
HIGH 0.1228 0.2750 0.0712 0.1952 0.1156 0.1002 0.4202 0.3714 0.2880
WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
Brevard Low 0.3232 0.4706 0.1368 0.4990 0.3248 0.2836 0.8594 0.7886 0.6586
HIGH 0.6730 1.9914 0.6906 2.6788 2.3716 2.1610 3.2566 3.1582 2.9518
WGHTD AVE 0.4017 0.6631 0.2006 0.7498 0.5357 0.4708 1.1842 1.1024 0.9458
Broward LOW 0.6478 1.5012 0.5290 1.9854 1.6846 1.5076 2.5786 2.4796 2.2612
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HIGH 0.9542 3.0508 1.1122 4.2676 3.8660 3.5144 5.0040 4.8908 4.6242
WGHTD AVE 0.7566 1.9882 0.7124 2.6997 2.3605 2.1273 3.3522 3.2468 3.0078
Calhoun LOW 0.1114 0.2370 0.0592 0.1586 0.0868 0.0754 0.3616 0.3156 0.2410
HIGH 0.1402 0.3308 0.0906 0.2496 0.1588 0.1374 0.5076 0.4538 0.3572
WGHTD AVE 0.1308 0.2908 0.0000 0.2050 0.1204 0.1040 0.4456 0.3938 0.3046
Charlotte Low 0.4068 0.6286 0.1916 0.6968 0.4722 0.4090 1.1448 1.0626 0.9018
HIGH 0.6528 1.8266 0.6400 2.4426 2.1354 1.9262 3.0218 2.9244 2.7176
WGHTD AVE 0.4685 1.2090 0.3411 1.3749 1.1127 0.9907 1.8870 1.7967 1.6128
Citrus LOW 0.2674 0.3266 0.0862 0.3164 0.1724 0.1498 0.6186 0.5572 0.4478
HIGH 0.3598 0.5186 0.1528 0.5646 0.3740 0.3268 0.9558 0.8808 0.7392
WGHTD AVE 0.3249 0.4403 0.1256 0.4580 0.2824 0.2458 0.8196 0.7491 0.6182
Clay LOW 0.1000 0.2090 0.0506 0.1366 0.0722 0.0628 0.3174 0.2752 0.2092
HIGH 0.1360 0.3090 0.0818 0.2258 0.1376 0.1190 0.4736 0.4206 0.3288
WGHTD AVE 0.1103 0.2409 0.0618 0.1703 0.0995 0.0866 0.3684 0.3239 0.2512
Collier Low 0.4816 0.7282 0.2224 0.8060 0.5412 0.4660 1.3358 1.2400 1.0486
HIGH 0.6962 1.6902 0.5938 2.2098 1.8602 1.6466 2.8714 2.7626 2.5262
WGHTD AVE 0.5266 0.9496 0.3078 1.1298 0.8467 0.7381 1.6854 1.5883 1.3883
Columbia LOW 0.0694 0.1348 0.0304 0.0818 0.0380 0.0336 0.2036 0.1726 0.1290
HIGH 0.1018 0.2226 0.0566 0.1546 0.0890 0.0774 0.3396 0.2980 0.2302
WGHTD AVE 0.0889 0.1900 0.0455 0.1222 0.0645 0.0563 0.2849 0.2469 0.1876
De Soto LOW 0.4070 0.5346 0.1526 0.5564 0.3338 0.2860 1.0086 0.9236 0.7596
HIGH 0.4554 0.7046 0.2190 0.8014 0.5560 0.4806 1.2900 1.2012 1.0246
WGHTD AVE 0.4240 0.6130 0.1862 0.6704 0.4402 0.3798 1.1337 1.0476 0.8801
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Dixie LOW 0.1076 0.2502 0.0676 0.1930 0.1248 0.1092 0.3836 0.3418 0.2714

HIGH 0.1886 0.5586 0.1784 0.5688 0.4574 0.4078 0.8670 0.8086 0.6978

WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000

Duval Low 0.0664 0.1280 0.0290 0.0782 0.0362 0.0320 0.1938 0.1640 0.1228

HIGH 0.1692 0.5688 0.1932 0.6500 0.5582 0.5038 0.8842 0.8372 0.7512

WGHTD AVE 0.1112 0.2568 0.0686 0.1961 0.1255 0.1098 0.3929 0.3490 0.2767

Escambia Low 0.1694 0.4430 0.1360 0.3942 0.2866 0.2470 0.6906 0.6328 0.5218

HIGH 0.5036 2.1426 0.8048 2.8366 2.6058 2.3658 3.3636 3.2764 3.0822

WGHTD AVE 0.3159 1.1657 0.4074 1.3787 1.2069 1.0789 1.8075 1.7318 1.5720

Flagler LOW 0.3162 0.4056 0.1128 0.4110 0.2388 0.2046 0.7658 0.6966 0.5682

HIGH 0.4076 0.7580 0.2458 0.9082 0.6942 0.6116 1.3336 1.2558 1.1032

WGHTD AVE 0.3467 0.5936 0.1764 0.6626 0.4744 0.4155 1.0436 0.9714 0.8345

Franklin Low 0.1978 0.5764 0.1878 0.5832 0.4650 0.4104 0.9002 0.8386 0.7204

HIGH 0.3446 1.3936 0.5088 1.7840 1.6192 1.4736 2.1766 2.1064 1.9616

WGHTD AVE 0.3077 1.1929 0.4124 1.4729 1.3189 1.1954 1.8485 1.7802 1.6413

Gadsen Low 0.0842 0.1714 0.0406 0.1074 0.0536 0.0468 0.2600 0.2238 0.1682

HIGH 0.1166 0.2556 0.0656 0.1766 0.1012 0.0876 0.3910 0.3442 0.2650

WGHTD AVE 0.0928 0.0000 0.0000 0.1324 0.0728 0.0636 0.3002 0.2614 0.2000

Gilchrist LOW 0.1002 0.2180 0.0552 0.1524 0.0882 0.0770 0.3326 0.2914 0.2256

HIGH 0.1340 0.3198 0.0888 0.2524 0.1666 0.1448 0.4924 0.4422 0.3532

WGHTD AVE 0.0000 0.3198 0.0000 0.2524 0.1666 0.1448 0.4924 0.4422 0.3532

Glades Low 0.4638 0.6194 0.1790 0.6528 0.3990 0.3416 1.1660 1.0700 0.8842
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HIGH 0.4822 0.6724 0.1988 0.7254 0.4630 0.3976 1.2550 1.1568 0.9650
WGHTD AVE 0.4822 0.6724 0.0000 0.7254 0.4630 0.3976 1.2550 1.1568 0.9650
Gulf LOW 0.1430 0.3432 0.0966 0.2722 0.1804 0.1562 0.5288 0.4748 0.3792
HIGH 0.2038 0.5782 0.1840 0.5630 0.4390 0.3866 0.9002 0.8346 0.7084
WGHTD AVE 0.2038 0.5782 0.1840 0.5630 0.4390 0.3866 0.9002 0.8346 0.7084
Hamilton Low 0.0610 0.1190 0.0270 0.0724 0.0340 0.0300 0.1800 0.1528 0.1142
HIGH 0.0854 0.1824 0.0454 0.1232 0.0684 0.0594 0.2778 0.2422 0.1858
WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
Hardee LOW 0.4124 0.5386 0.1536 0.5594 0.3336 0.2848 1.0182 0.9318 0.7658
HIGH 0.4502 0.6704 0.2052 0.7490 0.5052 0.4348 1.2366 1.1476 0.9714
WGHTD AVE 0.4256 0.5788 0.1696 0.6170 0.3840 0.3282 1.0866 0.9998 0.8294
Hendry LOW 0.4742 0.6596 0.1952 0.7118 0.4530 0.3882 1.2326 1.1366 0.9482
HIGH 0.5456 0.8652 0.2718 0.9954 0.7020 0.6074 1.5778 1.4732 1.2624
WGHTD AVE 0.5214 0.8084 0.2432 0.9041 0.6214 0.5363 1.4672 1.3655 1.1615
Hernando Low 0.3004 0.3582 0.0938 0.3432 0.1792 0.1538 0.6846 0.6160 0.4922
HIGH 0.3634 0.5220 0.1548 0.5680 0.3778 0.3294 0.9646 0.8894 0.7460
WGHTD AVE 0.3392 0.4487 0.1254 0.4816 0.3026 0.2626 0.8476 0.7768 0.6445
Highlands LOW 0.3912 0.4638 0.1232 0.4490 0.2342 0.1988 0.8914 0.8050 0.6448
HIGH 0.4680 0.6326 0.1842 0.6712 0.4156 0.3556 1.1880 1.0920 0.9044
WGHTD AVE 0.4266 0.5251 0.1438 0.5349 0.3041 0.2592 1.0061 0.9163 0.7455
Hillsborough LOW 0.3192 0.4284 0.1224 0.4480 0.2750 0.2372 0.8014 0.7334 0.6056
HIGH 0.5010 1.0338 0.3508 1.3022 1.0452 0.9208 1.7988 1.7122 1.5342
WGHTD AVE 0.3670 0.5614 0.1716 0.6271 0.4299 0.3733 1.0243 0.9502 0.8067
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Holmes LOW 0.1290 0.2890 0.0768 0.2098 0.1254 0.1082 0.4444 0.3938 0.3074

HIGH 0.1680 0.4220 0.1252 0.3642 0.2586 0.2248 0.6558 0.5966 0.4882

WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000

Indian River Low 0.4196 0.6372 0.1910 0.6970 0.4698 0.4098 1.1600 1.0728 0.9054

HIGH 0.6638 1.9072 0.6594 2.5522 2.2460 2.0432 3.1312 3.0320 2.8252

WGHTD AVE 0.4947 0.9585 0.2965 1.1349 0.8740 0.7736 1.6539 1.5602 1.3731

Jackson Low 0.0850 0.1690 0.0390 0.1030 0.0490 0.0432 0.2558 0.2186 0.1632

HIGH 0.1356 0.3098 0.0836 0.2300 0.1424 0.1226 0.4768 0.4244 0.3330

WGHTD AVE 0.0936 0.0000 0.0000 0.1170 0.0572 0.0502 0.2854 0.2450 0.1838

Jefferson LOW 0.0726 0.1522 0.0374 0.1022 0.0558 0.0488 0.2316 0.2010 0.1540

HIGH 0.0874 0.1944 0.0520 0.1476 0.0934 0.0814 0.2986 0.2644 0.2094

WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000

Lafayette Low 0.0814 0.1750 0.0442 0.1222 0.0706 0.0618 0.2670 0.2332 0.1806

HIGH 0.0974 0.2168 0.0562 0.1560 0.0936 0.0816 0.3314 0.2922 0.2276

WGHTD AVE 0.0974 0.2168 0.0000 0.1560 0.0936 0.0816 0.3314 0.2922 0.2276

Lake Low 0.2538 0.2804 0.0682 0.2498 0.1060 0.0910 0.5410 0.4798 0.3748

HIGH 0.4430 0.6630 0.2022 0.7396 0.5010 0.4328 1.2192 1.1306 0.9572

WGHTD AVE 0.3981 0.5479 0.1632 0.5806 0.3635 0.3125 1.0222 0.9383 0.7786

Lee LOW 0.4344 0.6622 0.2020 0.7342 0.4942 0.4244 1.2114 1.1240 0.9520

HIGH 0.6306 1.5250 0.5298 1.9860 1.6706 1.4868 2.5852 2.4848 2.2708

WGHTD AVE 0.4938 0.9451 0.2814 1.0727 0.8016 0.7004 1.6066 1.5123 1.3202

Leon Low 0.0646 0.1274 0.0294 0.0792 0.0382 0.0338 0.1930 0.1644 0.1236
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HIGH 0.1050 0.2354 0.0614 0.1700 0.1024 0.0892 0.3602 0.3184 0.2484
WGHTD AVE 0.0979 0.2149 0.0548 0.1505 0.0875 0.0762 0.3281 0.2884 0.2233
Levy LOW 0.1000 0.2208 0.0560 0.1532 0.0886 0.0774 0.3356 0.2942 0.2270
HIGH 0.1662 0.4344 0.1304 0.3908 0.2980 0.2640 0.6736 0.6166 0.5114
WGHTD AVE 0.1516 0.4176 0.1274 0.3908 0.2980 0.2640 0.6450 0.5934 0.4988
Liberty Low 0.1074 0.2270 0.0558 0.1486 0.0792 0.0688 0.3456 0.3008 0.2282
HIGH 0.1114 0.2416 0.0616 0.1684 0.0994 0.0864 0.3694 0.3242 0.2490
WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
Madison LOW 0.0626 0.1258 0.0294 0.0786 0.0386 0.0340 0.1906 0.1634 0.1228
HIGH 0.0830 0.1794 0.0454 0.1248 0.0716 0.0624 0.2740 0.2398 0.1852
WGHTD AVE 0.0830 0.1794 0.0454 0.1248 0.0716 0.0624 0.2740 0.2398 0.1852
Manatee LOW 0.3722 0.6106 0.1910 0.6988 0.4982 0.4340 1.1000 1.0262 0.8822
HIGH 0.5988 1.6512 0.5720 2.1950 1.9122 1.7296 2.7294 2.6372 2.4470
WGHTD AVE 0.4479 1.0513 0.3188 1.2594 1.0239 0.9126 1.7179 1.6363 1.4723
Marion Low 0.2096 0.2188 0.0490 0.1802 0.0676 0.0590 0.4238 0.3704 0.2824
HIGH 0.3610 0.5116 0.1494 0.5510 0.3568 0.3110 0.9468 0.8716 0.7282
WGHTD AVE 0.3227 0.3852 0.1009 0.3723 0.1970 0.1689 0.7372 0.6651 0.5328
Martin LOW 0.5592 0.9826 0.3274 1.1960 0.9170 0.8052 1.7698 1.6704 1.4576
HIGH 0.9060 2.7484 0.9940 3.7990 3.4072 3.0954 4.5328 4.4176 4.1508
WGHTD AVE 0.6715 1.4635 0.5102 1.9186 1.6005 1.4294 2.5511 2.4459 2.2130
Miami-Dade LOW 0.6012 1.3114 0.4600 1.7146 1.4296 1.2712 2.2784 2.1842 1.9768
HIGH 1.1950 4.6812 1.7058 6.6804 6.2402 5.7534 7.4492 7.3346 7.0588
WGHTD AVE 0.8804 2.6468 0.9967 3.7235 3.3489 3.0383 4.4193 4.3116 4.0588

FPHLM V2.6 2007 240




Monroe LOW 0.6606 1.3952 0.5276 1.9212 1.6280 1.4428 2.4940 2.4052 2.1916

HIGH 1.1342 4.0266 1.5520 5.8808 5.4816 5.0444 6.5840 6.4814 6.2258

WGHTD AVE 0.9949 2.7481 1.1507 4.0586 3.6828 3.3466 4.7482 4.6464 4.3932

Nassau Low 0.0684 0.1400 0.0332 0.0894 0.0456 0.0400 0.2118 0.1820 0.1376

HIGH 0.0998 0.2356 0.0658 0.1916 0.1292 0.1130 0.3632 0.3250 0.2622

WGHTD AVE 0.0936 0.2149 0.0578 0.1645 0.1051 0.0919 0.3291 0.2917 0.2315

Okaloosa Low 0.1628 0.4186 0.1262 0.3648 0.2614 0.2258 0.6508 0.5938 0.4868

HIGH 0.3358 1.1804 0.4286 1.4116 1.2298 1.0930 1.8660 1.7870 1.6178

WGHTD AVE 0.3056 1.1136 0.3769 1.2807 1.1061 0.9812 1.7217 1.6442 1.4798

Okeechobee LOW 0.4244 0.5584 0.1562 0.5640 0.3298 0.2830 1.0458 0.9528 0.7788

HIGH 0.4576 0.6412 0.1870 0.6762 0.4246 0.3652 1.1890 1.0922 0.9068

WGHTD AVE 0.4468 0.5956 0.1686 0.6086 0.3618 0.3098 1.1142 1.0176 0.8348

Orange Low 0.3140 0.3604 0.0902 0.3302 0.1552 0.1326 0.6968 0.6228 0.4900

HIGH 0.4336 0.6306 0.1888 0.6922 0.4584 0.3966 1.1646 1.0764 0.9054

WGHTD AVE 0.3658 0.4404 0.1181 0.4305 0.2304 0.1966 0.8438 0.7635 0.6134

Osceola Low 0.3534 0.4074 0.1054 0.3850 0.1912 0.1626 0.7868 0.7076 0.5618

HIGH 0.4122 0.5392 0.1530 0.5586 0.3340 0.2864 1.0170 0.9300 0.7640

WGHTD AVE 0.3761 0.4478 0.1194 0.4369 0.2310 0.1969 0.8611 0.7787 0.6248

Palm Beach LOW 0.5820 1.1524 0.3924 1.4488 1.1604 1.0280 2.0320 1.9334 1.7182

HIGH 1.0086 3.2306 1.1732 4.5004 4.0734 3.7094 5.2904 5.1688 4.8824

WGHTD AVE 0.7158 1.7307 0.6151 2.3215 1.9930 1.7933 2.9663 2.8601 2.6233

Pasco Low 0.3078 0.3890 0.1026 0.3742 0.1946 0.1662 0.7464 0.6730 0.5382
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HIGH 0.3892 0.5816 0.1794 0.6568 0.4632 0.4048 1.0526 0.9754 0.8342
WGHTD AVE 0.3502 0.4946 0.1457 0.5329 0.3448 0.2984 0.9161 0.8433 0.7048
Pinellas LOW 0.3266 0.4902 0.1462 0.5328 0.3540 0.3076 0.8964 0.8272 0.6962
HIGH 0.6458 2.0104 0.7102 2.7388 2.4500 2.2238 3.2754 3.1844 2.9940
WGHTD AVE 0.3857 0.7368 0.2331 0.8726 0.6687 0.5913 1.2782 1.2036 1.0580
Polk Low 0.3578 0.4186 0.1086 0.3960 0.1968 0.1672 0.8084 0.7276 0.5780
HIGH 0.4930 0.7786 0.2440 0.8936 0.6286 0.5436 1.4204 1.3254 1.1352
WGHTD AVE 0.3991 0.5106 0.1440 0.5244 0.3061 0.2606 0.9689 0.8846 0.7236
Putnam LOW 0.1162 0.2490 0.0616 0.1650 0.0896 0.0778 0.3788 0.3310 0.2524
HIGH 0.1452 0.3408 0.0938 0.2634 0.1700 0.1466 0.5250 0.4702 0.3734
WGHTD AVE 0.1406 0.3274 0.0880 0.2439 0.1525 0.1314 0.5005 0.4460 0.3512
St. Johns LOW 0.1014 0.2186 0.0552 0.1532 0.0888 0.0776 0.3336 0.2918 0.2262
HIGH 0.1794 0.5034 0.1602 0.4966 0.3888 0.3420 0.7858 0.7284 0.6216
WGHTD AVE 0.1513 0.4083 0.1242 0.3790 0.2862 0.2523 0.6322 0.5804 0.4862
St. Lucie Low 0.5112 0.8378 0.2732 0.9936 0.7360 0.6430 1.5282 1.4344 1.2360
HIGH 0.6936 1.6300 0.5740 2.1508 1.8258 1.6364 2.7918 2.6860 2.4504
WGHTD AVE 0.6320 1.3962 0.4882 1.7725 1.4646 1.3048 2.3877 2.2848 2.0582
Santa Rosa LOW 0.1652 0.4046 0.1180 0.3356 0.2302 0.1982 0.6290 0.5700 0.4608
HIGH 0.3500 1.2510 0.4570 1.5146 1.3274 1.1814 1.9778 1.8974 1.7252
WGHTD AVE 0.3325 1.1817 0.4280 1.4148 1.2355 1.1013 1.8628 1.7842 1.6174
Sarasota LOW 0.3590 0.5872 0.1830 0.6698 0.4762 0.4140 1.0574 0.9858 0.8462
HIGH 0.4664 0.8666 0.2830 1.0422 0.7952 0.6978 1.5292 1.4428 1.2676
WGHTD AVE 0.4090 0.7224 0.2302 0.8477 0.6284 0.5491 1.2829 1.2043 1.0479
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Seminole LOW 0.3280 0.3916 0.1016 0.3668 0.1854 0.1586 0.7454 0.6698 0.5330

HIGH 0.3732 0.5192 0.1492 0.5420 0.3380 0.2930 0.9608 0.8800 0.7288

WGHTD AVE 0.3484 0.4237 0.1121 0.4038 0.2107 0.1801 0.8050 0.7260 0.5810

Sumter Low 0.3182 0.3720 0.0962 0.3522 0.1786 0.1534 0.7136 0.6414 0.5106

HIGH 0.3738 0.4832 0.1354 0.4950 0.2914 0.2502 0.9118 0.8318 0.6806

WGHTD AVE 0.3715 0.4809 0.1352 0.4918 0.2889 0.2481 0.9072 0.8274 0.6767

Suwanee Low 0.0676 0.1354 0.0314 0.0840 0.0408 0.0360 0.2048 0.1752 0.1316

HIGH 0.1162 0.2682 0.0722 0.2036 0.1294 0.1126 0.4116 0.3664 0.2898

WGHTD AVE 0.1122 0.2032 0.0643 0.1726 0.1064 0.0927 0.3580 0.3168 0.2488

Taylor LOW 0.0802 0.1732 0.0440 0.1214 0.0700 0.0610 0.2644 0.2314 0.1792

HIGH 0.1288 0.3312 0.0968 0.2882 0.2078 0.1832 0.5100 0.4632 0.3810

WGHTD AVE 0.1288 0.3312 0.0968 0.2882 0.2078 0.1832 0.5100 0.4632 0.3810

Union Low 0.0802 0.1596 0.0366 0.0980 0.0466 0.0412 0.2412 0.2060 0.1544

HIGH 0.1096 0.2366 0.0588 0.1582 0.0872 0.0754 0.3600 0.3148 0.2406

WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000

Volusia Low 0.2658 0.3010 0.0754 0.2758 0.1312 0.1120 0.5794 0.5166 0.4070

HIGH 0.4588 0.9366 0.3122 1.1752 0.9486 0.8448 1.6180 1.5386 1.3794

WGHTD AVE 0.3509 0.5458 0.1539 0.5817 0.3892 0.3389 0.9731 0.8987 0.7574

Wakulla LOW 0.0850 0.1820 0.0456 0.1250 0.0706 0.0616 0.2774 0.2424 0.1868

HIGH 0.1664 0.4604 0.1456 0.4480 0.3470 0.3044 0.7186 0.6650 0.5650

WGHTD AVE 0.1140 0.2666 0.0920 0.2300 0.1604 0.1405 0.4208 0.3798 0.3097

Walton Low 0.1446 0.3400 0.0954 0.2662 0.1732 0.1490 0.5264 0.4726 0.3762
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HIGH 0.3394 1.1686 0.4222 1.3906 1.2066 1.0712 1.8498 1.7694 1.5994

WGHTD AVE 0.2934 0.7671 0.3119 0.8986 0.7483 0.6609 1.2903 1.2180 1.0721

Washington LOW 0.1266 0.2830 0.0746 0.2052 0.1240 0.1076 0.4340 0.3838 0.2994
HIGH 0.2142 0.6198 0.2008 0.6178 0.4880 0.4294 0.9680 0.9008 0.7696

WGHTD AVE 0.1266 0.2830 0.0746 0.2052 0.1240 0.1076 0.4340 0.3838 0.2994

STATEWIDE Low 0.0610 0.1190 0.0270 0.0724 0.0340 0.0300 0.1800 0.1528 0.1142
HIGH 1.1950 4.6812 1.7058 6.6804 6.2402 5.7534 7.4492 7.3346 7.0588

WGHTD AVE 0.4241 0.9298 0.2966 1.1119 0.8948 0.7966 1.5615 1.4807 1.3170
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PERSONAL RESIDENTIAL - CONDO -- MASONRY

LOSS COSTS PER $1,000

$0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
ADDITIONAL DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE
COUNTY LOSS COSTS | STRUCTURE | CONTENTS LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*
Alachua LOW 0.1030 0.2214 0.0540 0.1430 0.0756 0.0656 0.3344 0.2906 0.2200
HIGH 0.1268 0.2912 0.0762 0.2058 0.1232 0.1066 0.4426 0.3912 0.3024
WGHTD AVE 0.1125 0.2473 0.0620 0.1656 0.0919 0.0796 0.3753 0.3283 0.2503
Baker Low 0.0634 0.1256 0.0282 0.0746 0.0338 0.0300 0.1886 0.1598 0.1184
HIGH 0.0962 0.2050 0.0496 0.1308 0.0680 0.0588 0.3096 0.2684 0.2022
WGHTD AVE 0.0962 0.0000 0.0000 0.1308 0.0680 0.0588 0.3096 0.2684 0.2022
Bay LOW 0.1284 0.2900 0.0752 0.2002 0.1156 0.0998 0.4410 0.3886 0.2982
HIGH 0.3526 1.3036 0.4842 1.6004 1.4122 1.2562 2.0606 1.9806 1.8094
WGHTD AVE 0.2379 0.7208 0.2404 0.7450 0.6010 0.5260 1.1297 1.0578 0.9133
Bradford LOW 0.0996 0.2124 0.0512 0.1346 0.0692 0.0604 0.3202 0.2774 0.2086
HIGH 0.1182 0.2686 0.0688 0.1842 0.1064 0.0920 0.4070 0.3586 0.2750
WGHTD AVE 0.1001 0.2393 0.0597 0.1476 0.0782 0.0678 0.3459 0.3008 0.2273
Brevard Low 0.2874 0.4046 0.1118 0.3980 0.2352 0.2032 0.7340 0.6648 0.5456
HIGH 0.5632 1.4662 0.5082 1.9042 1.6226 1.4530 2.4414 2.3456 2.1556
WGHTD AVE 0.3665 0.5946 0.1784 0.6414 0.4356 0.3784 1.0575 0.9764 0.8285
Broward LOW 0.4900 0.9012 0.3036 1.0862 0.8302 0.7282 1.6002 1.5058 1.3212
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HIGH 0.6880 1.7212 0.6256 2.2932 1.9602 1.7452 2.9276 2.8204 2.5942
WGHTD AVE 0.5687 1.1968 0.4146 1.5143 1.2259 1.0832 2.0817 1.9812 1.7779
Calhoun LOW 0.1078 0.2330 0.0576 0.1514 0.0810 0.0704 0.3526 0.3070 0.2324
HIGH 0.1340 0.3204 0.0864 0.2320 0.1432 0.1236 0.4874 0.4338 0.3370
WGHTD AVE 0.1172 0.2330 0.0000 0.1717 0.0953 0.0825 0.3907 0.3423 0.2607
Charlotte Low 0.3578 0.5280 0.1534 0.5440 0.3358 0.2876 0.9586 0.8784 0.7310
HIGH 0.5454 1.3520 0.4720 1.7368 1.4566 1.2910 2.2744 2.1798 1.9894
WGHTD AVE 0.3992 0.6335 0.1927 0.6963 0.4714 0.4067 1.1466 1.0612 0.9010
Citrus LOW 0.2400 0.2956 0.0742 0.2672 0.1316 0.1140 0.5492 0.4892 0.3894
HIGH 0.3180 0.4436 0.1242 0.4476 0.2696 0.2330 0.8122 0.7388 0.6094
WGHTD AVE 0.2938 0.3934 0.1060 0.3835 0.2170 0.1875 0.7234 0.6540 0.5334
Clay LOW 0.0970 0.2060 0.0496 0.1312 0.0680 0.0590 0.3108 0.2690 0.2028
HIGH 0.1304 0.3004 0.0786 0.2114 0.1254 0.1078 0.4566 0.4040 0.3122
WGHTD AVE 0.1076 0.2420 0.0619 0.1672 0.0968 0.0840 0.3666 0.3217 0.2477
Collier Low 0.4232 0.6142 0.1778 0.6290 0.3844 0.3276 1.1210 1.0274 0.8520
HIGH 0.5842 1.2746 0.4412 1.5820 1.2650 1.1008 2.1940 2.0884 1.8710
WGHTD AVE 0.4602 0.7803 0.2436 0.8710 0.6094 0.5243 1.3889 1.2940 1.1096
Columbia LOW 0.0680 0.1340 0.0302 0.0802 0.0368 0.0328 0.2012 0.1706 0.1268
HIGH 0.0982 0.2180 0.0548 0.1468 0.0822 0.0714 0.3298 0.2888 0.2206
WGHTD AVE 0.0877 0.1855 0.0445 0.1184 0.0614 0.0536 0.2801 0.2423 0.1826
De Soto LOW 0.3606 0.4688 0.1264 0.4520 0.2446 0.2086 0.8724 0.7894 0.6394
HIGH 0.3980 0.5882 0.1738 0.6196 0.3928 0.3360 1.0728 0.9860 0.8248
WGHTD AVE 0.3814 0.5392 0.1586 0.5558 0.3383 0.2893 0.9928 0.9081 0.7526
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Dixie LOW 0.1032 0.2416 0.0644 0.1788 0.1120 0.0974 0.3674 0.3260 0.2556

HIGH 0.1754 0.5044 0.1598 0.4870 0.3790 0.3334 0.7816 0.7236 0.6130

WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000

Duval Low 0.0650 0.1274 0.0288 0.0766 0.0352 0.0312 0.1918 0.1620 0.1206

HIGH 0.1548 0.4950 0.1676 0.5396 0.4506 0.4006 0.7710 0.7242 0.6382

WGHTD AVE 0.1062 0.2491 0.0653 0.1838 0.1149 0.1000 0.3777 0.3344 0.2624

Escambia Low 0.1592 0.4186 0.1262 0.3544 0.2502 0.2144 0.6468 0.5894 0.4786

HIGH 0.4414 1.7684 0.6758 2.2812 2.0600 1.8402 2.7994 2.7130 2.5202

WGHTD AVE 0.3063 1.0768 0.3880 1.2659 1.0944 0.9669 1.6990 1.6226 1.4599

Flagler LOW 0.2812 0.3592 0.0944 0.3374 0.1766 0.1508 0.6678 0.6002 0.4828

HIGH 0.3538 0.6080 0.1900 0.6802 0.4828 0.4188 1.0754 0.9996 0.8596

WGHTD AVE 0.3202 0.5294 0.1561 0.5639 0.3819 0.3305 0.9316 0.8595 0.7292

Franklin Low 0.1838 0.5280 0.1700 0.5076 0.3932 0.3432 0.8206 0.7596 0.6416

HIGH 0.3056 1.1562 0.4272 1.4326 1.2740 1.1404 1.8196 1.7500 1.6058

WGHTD AVE 0.2525 0.7741 0.2947 0.9159 0.7799 0.6909 1.2661 1.2006 1.0695

Gadsen Low 0.0820 0.1698 0.0400 0.1044 0.0512 0.0450 0.2558 0.2200 0.1640

HIGH 0.1124 0.2504 0.0636 0.1676 0.0934 0.0808 0.3800 0.3334 0.2540

WGHTD AVE 0.0840 0.1754 0.0418 0.1098 0.0554 0.0484 0.2646 0.2280 0.1708

Gilchrist LOW 0.0968 0.2134 0.0536 0.1444 0.0814 0.0708 0.3228 0.2822 0.2160

HIGH 0.1278 0.3076 0.0842 0.2324 0.1486 0.1286 0.4698 0.4200 0.3308

WGHTD AVE 0.0968 0.2134 0.0536 0.1444 0.0814 0.0708 0.3228 0.2822 0.2160

Glades Low 0.4102 0.5400 0.1474 0.5266 0.2908 0.2474 1.0034 0.9096 0.7400
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HIGH 0.4250 0.5786 0.1618 0.5772 0.3336 0.2844 1.0692 0.9732 0.7980
WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
Gulf LOW 0.1364 0.3302 0.0914 0.2502 0.1610 0.1390 0.5042 0.4506 0.3550
HIGH 0.1900 0.5324 0.1670 0.4914 0.3712 0.3236 0.8244 0.7592 0.6332
WGHTD AVE 0.1364 0.5309 0.0000 0.4580 0.3421 0.2981 0.7801 0.7165 0.5947
Hamilton Low 0.0596 0.1184 0.0268 0.0712 0.0330 0.0292 0.1778 0.1508 0.1122
HIGH 0.0826 0.1792 0.0442 0.1176 0.0636 0.0554 0.2708 0.2356 0.1788
WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
Hardee LOW 0.3654 0.4728 0.1274 0.4548 0.2444 0.2078 0.8808 0.7964 0.6448
HIGH 0.3944 0.5652 0.1642 0.5844 0.3588 0.3056 1.0366 0.9498 0.7888
WGHTD AVE 0.3654 0.0000 0.0000 0.4548 0.2444 0.2078 0.8808 0.7964 0.6448
Hendry LOW 0.4176 0.5672 0.1588 0.5662 0.3260 0.2776 1.0496 0.9558 0.7836
HIGH 0.4754 0.7170 0.2146 0.7646 0.4940 0.4226 1.3046 1.2026 1.0102
WGHTD AVE 0.4625 0.6883 0.1989 0.7217 0.4574 0.3910 1.2499 1.1496 0.9614
Hernando Low 0.2686 0.3262 0.0810 0.2916 0.1376 0.1180 0.6100 0.5428 0.4300
HIGH 0.3206 0.4462 0.1256 0.4498 0.2706 0.2336 0.8186 0.7450 0.6140
WGHTD AVE 0.2959 0.3975 0.1089 0.3919 0.2243 0.1930 0.7332 0.6640 0.5427
Highlands LOW 0.3496 0.4210 0.1058 0.3798 0.1788 0.1520 0.7916 0.7072 0.5610
HIGH 0.4134 0.5494 0.1512 0.5392 0.3014 0.2566 1.0194 0.9252 0.7542
WGHTD AVE 0.3720 0.4570 0.1188 0.4288 0.2167 0.1841 0.8610 0.7742 0.6203
Hillsborough LOW 0.2830 0.3740 0.1012 0.3624 0.2012 0.1724 0.6914 0.6248 0.5080
HIGH 0.4276 0.8048 0.2658 0.9534 0.7184 0.6228 1.4134 1.3290 1.1658
WGHTD AVE 0.3276 0.4840 0.1416 0.5065 0.3209 0.2757 0.8800 0.8069 0.6742
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Holmes LOW 0.1236 0.2814 0.0738 0.1970 0.1148 0.0988 0.4288 0.3786 0.2920

HIGH 0.1588 0.4008 0.1172 0.3298 0.2270 0.1962 0.6180 0.5594 0.4508

WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000

Indian River Low 0.3706 0.5396 0.1538 0.5474 0.3360 0.2898 0.9782 0.8930 0.7396

HIGH 0.5568 1.4080 0.4860 1.8156 1.5350 1.3718 2.3542 2.2576 2.0672

WGHTD AVE 0.4449 0.8062 0.2495 0.9134 0.6658 0.5812 1.4069 1.3141 1.1386

Jackson Low 0.0830 0.1682 0.0388 0.1014 0.0478 0.0422 0.2530 0.2160 0.1602

HIGH 0.1298 0.3006 0.0802 0.2146 0.1290 0.1110 0.4586 0.4070 0.3154

WGHTD AVE 0.0923 0.1973 0.0466 0.1193 0.0585 0.0511 0.2928 0.2514 0.1877

Jefferson LOW 0.0704 0.1498 0.0364 0.0978 0.0522 0.0456 0.2262 0.1958 0.1486

HIGH 0.0842 0.1880 0.0496 0.1374 0.0840 0.0730 0.2866 0.2528 0.1976

WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000

Lafayette Low 0.0788 0.1710 0.0428 0.1158 0.0650 0.0566 0.2592 0.2258 0.1730

HIGH 0.0938 0.2112 0.0542 0.1468 0.0858 0.0744 0.3204 0.2816 0.2172

WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000

Lake Low 0.2294 0.2624 0.0612 0.2210 0.0880 0.0760 0.4928 0.4328 0.3372

HIGH 0.3884 0.5590 0.1618 0.5770 0.3558 0.3046 1.0224 0.9356 0.7774

WGHTD AVE 0.3392 0.4354 0.1151 0.4129 0.2183 0.1862 0.8095 0.7295 0.5885

Lee LOW 0.3820 0.5580 0.1616 0.5730 0.3530 0.3006 1.0162 0.9312 0.7734

HIGH 0.5316 1.1534 0.3942 1.4266 1.1394 0.9972 1.9812 1.8838 1.6870

WGHTD AVE 0.4303 0.6915 0.2088 0.7465 0.5004 0.4296 1.2370 1.1455 0.9708

Leon Low 0.0632 0.1266 0.0290 0.0772 0.0368 0.0324 0.1904 0.1620 0.1208
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HIGH 0.1010 0.2292 0.0592 0.1596 0.0936 0.0812 0.3480 0.3064 0.2364
WGHTD AVE 0.0939 0.2077 0.0526 0.1405 0.0791 0.0687 0.3153 0.2761 0.2111
Levy LOW 0.0966 0.2160 0.0542 0.1450 0.0816 0.0710 0.3258 0.2848 0.2174
HIGH 0.1566 0.4088 0.1212 0.3498 0.2508 0.2196 0.6298 0.5734 0.4682
WGHTD AVE 0.1246 0.3288 0.0772 0.2481 0.1669 0.1455 0.4769 0.4284 0.3426
Liberty Low 0.1038 0.2238 0.0546 0.1428 0.0746 0.0650 0.3382 0.2938 0.2210
HIGH 0.1074 0.2370 0.0598 0.1590 0.0914 0.0792 0.3592 0.3146 0.2392
WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
Madison LOW 0.0610 0.1248 0.0290 0.0766 0.0370 0.0326 0.1878 0.1606 0.1200
HIGH 0.0802 0.1756 0.0440 0.1184 0.0660 0.0576 0.2662 0.2322 0.1776
WGHTD AVE 0.0676 0.1416 0.0340 0.0912 0.0476 0.0418 0.2136 0.1842 0.1392
Manatee LOW 0.3260 0.5044 0.1506 0.5360 0.3504 0.3014 0.9086 0.8366 0.7044
HIGH 0.5028 1.2258 0.4220 1.5642 1.3060 1.1610 2.0606 1.9708 1.7956
WGHTD AVE 0.3858 0.8013 0.2370 0.9126 0.6956 0.6090 1.3397 1.2600 1.1088
Marion Low 0.1910 0.2102 0.0458 0.1666 0.0594 0.0520 0.3944 0.3420 0.2620
HIGH 0.3192 0.4398 0.1222 0.4396 0.2584 0.2232 0.8076 0.7342 0.6034
WGHTD AVE 0.2992 0.3751 0.0972 0.3479 0.1767 0.1513 0.6991 0.6272 0.5023
Martin LOW 0.4408 0.6482 0.1970 0.6914 0.4502 0.3894 1.1910 1.0958 0.9158
HIGH 0.6628 1.5788 0.5656 2.0628 1.7354 1.5438 2.6976 2.5880 2.3610
WGHTD AVE 0.5320 1.0151 0.3283 1.2079 0.9274 0.8156 1.7717 1.6695 1.4668
Miami-Dade LOW 0.4566 0.7952 0.2636 0.9378 0.6956 0.6068 1.4254 1.3358 1.1606
HIGH 0.8428 2.6444 0.9810 3.6896 3.3254 3.0056 4.3548 4.2468 4.0110
WGHTD AVE 0.6486 1.7040 0.5951 2.2279 1.9072 1.7001 2.8399 2.7364 2.5180

FPHLM V2.6 2007 250




Monroe LOW 0.6376 1.2732 0.4864 1.7280 1.4362 1.2572 2.3078 2.2188 2.0016

HIGH 1.0476 3.3148 1.3088 4.8226 4.4274 4.0090 5.5320 5.4294 5.1704

WGHTD AVE 0.9312 2.6523 1.0402 3.8073 3.4204 3.0677 4.5217 4.4175 4.1548

Nassau Low 0.0666 0.1384 0.0326 0.0864 0.0434 0.0380 0.2080 0.1784 0.1338

HIGH 0.0954 0.2256 0.0622 0.1756 0.1146 0.0998 0.3452 0.3074 0.2446

WGHTD AVE 0.0900 0.2077 0.0550 0.1525 0.0941 0.0821 0.3157 0.2787 0.2181

Okaloosa Low 0.1536 0.3968 0.1176 0.3292 0.2288 0.1966 0.6114 0.5550 0.4482

HIGH 0.3030 1.0418 0.3786 1.1984 1.0234 0.8988 1.6454 1.5674 1.3988

WGHTD AVE 0.2879 1.0022 0.3593 1.1248 0.9541 0.8368 1.5635 1.4865 1.3208

Okeechobee LOW 0.3786 0.4932 0.1304 0.4624 0.2442 0.2080 0.9110 0.8202 0.6608

HIGH 0.4058 0.5546 0.1530 0.5414 0.3076 0.2624 1.0184 0.9238 0.7544

WGHTD AVE 0.3979 0.5241 0.1403 0.4968 0.2671 0.2272 0.9676 0.8732 0.7060

Orange Low 0.2806 0.3346 0.0800 0.2886 0.1238 0.1062 0.6304 0.5578 0.4368

HIGH 0.3816 0.5366 0.1526 0.5456 0.3284 0.2814 0.9842 0.8982 0.7420

WGHTD AVE 0.3268 0.3991 0.1016 0.3638 0.1766 0.1506 0.7483 0.6698 0.5330

Osceola Low 0.3168 0.3740 0.0920 0.3310 0.1488 0.1272 0.7052 0.6278 0.4948

HIGH 0.3656 0.4736 0.1272 0.4548 0.2452 0.2094 0.8810 0.7960 0.6444

WGHTD AVE 0.3344 0.4078 0.1029 0.3697 0.1771 0.1511 0.7638 0.6835 0.5432

Palm Beach LOW 0.4534 0.7350 0.2324 0.8212 0.5730 0.4990 1.3284 1.2342 1.0516

HIGH 0.7318 1.8436 0.6674 2.4444 2.0890 1.8634 3.1270 3.0116 2.7676

WGHTD AVE 0.5502 1.1291 0.3813 1.3866 1.1014 0.9735 1.9556 1.8534 1.6491

Pasco Low 0.2740 0.3538 0.0884 0.3176 0.1492 0.1274 0.6634 0.5926 0.4694
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HIGH 0.3424 0.4848 0.1426 0.5074 0.3278 0.2828 0.8880 0.8106 0.6712
WGHTD AVE 0.2988 0.4241 0.1205 0.4266 0.2566 0.2206 0.7733 0.7040 0.5809
Pinellas LOW 0.2882 0.4168 0.1182 0.4202 0.2538 0.2182 0.7584 0.6908 0.5710
HIGH 0.5352 1.4642 0.5200 1.9316 1.6680 1.4868 2.4304 2.3420 2.1664
WGHTD AVE 0.3496 0.6221 0.1901 0.7100 0.5176 0.4518 1.0937 1.0202 0.8843
Polk Low 0.3188 0.3824 0.0946 0.3400 0.1530 0.1304 0.7206 0.6428 0.5082
HIGH 0.4300 0.6460 0.1928 0.6872 0.4424 0.3784 1.1758 1.0828 0.9090
WGHTD AVE 0.3541 0.4524 0.1206 0.4301 0.2263 0.1921 0.8442 0.7616 0.6143
Putnam LOW 0.1122 0.2450 0.0600 0.1578 0.0838 0.0724 0.3698 0.3220 0.2432
HIGH 0.1384 0.3288 0.0894 0.2438 0.1528 0.1314 0.5026 0.4484 0.3514
WGHTD AVE 0.1312 0.2930 0.0764 0.2075 0.1222 0.1053 0.4502 0.3980 0.3072
St. Johns LOW 0.0980 0.2138 0.0534 0.1450 0.0816 0.0712 0.3236 0.2822 0.2166
HIGH 0.1676 0.4650 0.1464 0.4370 0.3322 0.2894 0.7222 0.6654 0.5588
WGHTD AVE 0.1483 0.3964 0.1205 0.3532 0.2594 0.2260 0.6126 0.5597 0.4623
St. Lucie Low 0.4072 0.5692 0.1678 0.5878 0.3636 0.3132 1.0540 0.9640 0.7958
HIGH 0.5260 0.9838 0.3314 1.1842 0.9078 0.7978 1.7402 1.6394 1.4394
WGHTD AVE 0.4868 0.8313 0.2666 0.9544 0.6926 0.6048 1.4865 1.3884 1.1969
Santa Rosa LOW 0.1564 0.3866 0.1110 0.3060 0.2036 0.1744 0.5956 0.5370 0.4280
HIGH 0.3148 1.0970 0.4016 1.2784 1.0986 0.9656 1.7340 1.6548 1.4834
WGHTD AVE 0.2956 1.0107 0.3642 1.1545 0.9832 0.8640 1.5932 1.5160 1.3505
Sarasota LOW 0.3146 0.4860 0.1444 0.5142 0.3356 0.2882 0.8746 0.8044 0.6770
HIGH 0.4034 0.6932 0.2182 0.7784 0.5514 0.4766 1.2302 1.1460 0.9852
WGHTD AVE 0.3591 0.5952 0.1837 0.6552 0.4524 0.3905 1.0602 0.9834 0.8395
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Seminole LOW 0.2954 0.3580 0.0882 0.3142 0.1442 0.1232 0.6674 0.5934 0.4682

HIGH 0.3318 0.4514 0.1230 0.4372 0.2470 0.2120 0.8272 0.7482 0.6098

WGHTD AVE 0.3137 0.3856 0.0968 0.3440 0.1629 0.1390 0.7185 0.6413 0.5084

Sumter Low 0.2856 0.3406 0.0838 0.3020 0.1390 0.1192 0.6388 0.5682 0.4486

HIGH 0.3322 0.4266 0.1132 0.4054 0.2154 0.1840 0.7934 0.7150 0.5770

WGHTD AVE 0.3270 0.4153 0.1097 0.3928 0.2060 0.1760 0.7747 0.6973 0.5614

Suwanee Low 0.0660 0.1342 0.0310 0.0818 0.0392 0.0346 0.2018 0.1724 0.1288

HIGH 0.1114 0.2594 0.0690 0.1894 0.1166 0.1010 0.3952 0.3502 0.2736

WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000

Taylor LOW 0.0774 0.1694 0.0426 0.1150 0.0648 0.0562 0.2568 0.2242 0.1718

HIGH 0.1220 0.3122 0.0898 0.2582 0.1798 0.1572 0.4778 0.4314 0.3490

WGHTD AVE 0.1220 0.3122 0.0898 0.2582 0.1798 0.1572 0.4778 0.4314 0.3490

Union Low 0.0784 0.1586 0.0364 0.0960 0.0454 0.0400 0.2382 0.2032 0.1514

HIGH 0.1058 0.2324 0.0574 0.1512 0.0814 0.0706 0.3510 0.3064 0.2318

WGHTD AVE 0.0784 0.1586 0.0364 0.0960 0.0454 0.0400 0.2382 0.2032 0.1514

Volusia Low 0.2392 0.2788 0.0666 0.2400 0.1040 0.0890 0.5232 0.4620 0.3618

HIGH 0.3948 0.7306 0.2378 0.8648 0.6560 0.5748 1.2758 1.1984 1.0524

WGHTD AVE 0.3420 0.5444 0.1594 0.5830 0.3902 0.3381 0.9710 0.8954 0.7576

Wakulla LOW 0.0822 0.1784 0.0442 0.1188 0.0654 0.0568 0.2700 0.2350 0.1794

HIGH 0.1556 0.4262 0.1332 0.3946 0.2964 0.2576 0.6616 0.6086 0.5086

WGHTD AVE 0.1556 0.4262 0.1332 0.3946 0.2964 0.2576 0.6616 0.6086 0.5086

Walton Low 0.1376 0.3274 0.0906 0.2454 0.1548 0.1328 0.5024 0.4492 0.3528
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HIGH 0.3074 1.0344 0.3744 1.1850 1.0076 0.8842 1.6368 1.5572 1.3882

WGHTD AVE 0.2785 0.8514 0.3129 0.9640 0.8040 0.7044 1.3802 1.3049 1.1487

Washington LOW 0.1216 0.2754 0.0718 0.1928 0.1132 0.0978 0.4192 0.3694 0.2848
HIGH 0.1992 0.5706 0.1826 0.5404 0.4150 0.3612 0.8860 0.8196 0.6886

WGHTD AVE 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000

STATEWIDE Low 0.0596 0.1184 0.0268 0.0712 0.0330 0.0292 0.1778 0.1508 0.1122
HIGH 1.0476 3.3148 1.3088 4.8226 4.4274 4.0090 5.5320 5.4294 5.1704

WGHTD AVE 0.4741 1.0191 0.3197 1.2002 0.9441 0.8321 1.7091 1.6169 1.4348
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Form A-7: Percentage Change In Output Ranges (V1.5 to V2.6)
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LOSS COSTS PER $1,000

Personal Residential -- Owners -- FRAME

$0 $0 $0 DEDUCTIBLE $0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
DEDUCTIBLE DEDUCTIBLE APPURTENANT ADDITIONAL DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE
COUNTY LOSS COSTS STRUCTURE CONTENTS STRUCTURE LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*

-48.52040% -64.44962%  -70.15569%  -64.44962%  -69.15892%  -69.85655%
-44.41506% -63.14755%  -69.48156%  -63.14755%  -68.41136%  -69.17086%

-9.04814% -23.29819%  -25.18627%  -23.29819%  -24.90414%  -16.84840%
-49.50808% -66.53755%  -72.86508%  -66.53755%  -71.77713%  -73.58356%
-44.67787% -49.49241%  -58.14893%  -49.49241%  -54.40708%  -71.03486%

-4.24288% _ -0.45808% -16.31380%

-62.87768%  -55.65749%  -61.55637%  -62.82526%

Alachua WGHTD AVE -24.13045% -79.65351%
Baker WGHTD AVE -16.64298% -78.76737%
Bay WGHTD AVE -58.13206%
Bradford WGHTD AVE -24.01869% -80.41128%
Brevard WGHTD AVE -21.39876% -85.14114%
Broward WGHTD AVE -57.76089%
Calhoun WGHTD AVE | -6.56639% -74.91463%

-65.57119%

-36.37191% -55.65749%

Charlotte WGHTD AVE -70.94890% -0.75370% -5.49615% -0.75370% -1.37407% -16.64409%
Citrus WGHTD AVE = -78.06014% -6.58705% -13.89419% -6.58705% -8.32383% -31.21662%
Clay WGHTD AVE -25.75180% -80.15332% -50.02443% -65.78076%  -71.57139%  -65.78076%  -70.53583%  -72.17346%
Collier WGHTD AVE h -71.23559% -3.20796% -9.86006% -3.20796% -5.40074% -23.89412%

Columbia WGHTD AVE | -24.07241% -80.28504% -49.26939% -66.04639%  -71.77638%  -66.04639%  -70.87186%  -71.01262%

De Soto WGHTD AVE -78.21474% -7.05087% -11.57267%  -18.98287%  -11.57267%  -13.95994%  -35.59545%
Dixie WGHTD AVE -27.02712% -77.23503% -47.50030% -59.77556%  -62.30614%  -59.77556%  -62.07956%  -56.79945%
Duval WGHTD AVE -37.15458% -82.51634% -3.31789% -57.99114% -71.09401%  -76.46252%  -71.09401%  -75.49884%  -78.26804%

Escambia WGHTD AVE -29.17025%
Flagler WGHTD AVE -76.90729% -19.27944% -11.42146% -17.00083%  -26.72527%  -17.00083%  -21.33228%  -44.67344%
Franklin WGHTD AVE -49.79154% -4.87996% _ -4.87996% -0.74090% _

-48.78203% -66.54166%  -72.92283%  -66.54166%  -71.89904%  -73.18021%
-44.41406% -59.25969%  -63.57645%  -59.25969% = -62.88496%  -60.11674%
Glades WGHTD AVE -81.58677% -22.03100% -27.59082%  -37.80243%  -27.59082%  -32.78904%  -55.81988%

Gulf WGHTD AVE -60.50404% -7.72133% -23.32371%  -22.39233%  -23.32371%  -23.08063% -3.38638%
Hamilton WGHTD AVE | -40.73442% -85.03505% _ -61.12423% -74.91462%  -79.62190%  -74.91462%  -78.94721%  -79.21469%
Hardee WGHTD AVE -79.13779% -5.99127% -11.00499%  -19.65960%  -11.00499%  -14.14733%  -38.74589%
Hendry WGHTD AVE -16.47806% -84.77200% -45.16508%  -54.27200%  -45.16508%  -50.35262%  -68.40862%

Gadsen WGHTD AVE -22.54553% -80.22822%
Gilchrist WGHTD AVE -20.69729% -77.34439%

-36.88319%

-61.00947% -40.32658%

Hernando WGHTD AVE -76.78566% -1.25898% -7.39045% -1.25898% -1.97618% -23.12772%
Highlands WGHTD AVE -80.45237% -3.10197% -8.08644% -13.79070%  -23.73215%  -13.79070%  -17.84573%  -44.60878%
Hillsborough WGHTD AVE -74.58327% -1.37028% -6.35771% -1.37028% -1.64144% -19.74933%
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Holmes WGHTD AVE -70.64674% -26.97605% -46.44879%  -52.56113%  -46.44879%  -51.48960%  -49.15078%
Indian River WGHTD AVE -24.58830% -82.92474% -66.67345% -46.02946% -50.53075%  -58.81511%  -50.53075%  -55.49018%  -70.24540%
Jackson WGHTD AVE -22.63789% -79.72903% _ -48.70575% -65.84684%  -72.85576%  -65.84684%  -71.65461%  -74.54082%
Jefferson WGHTD AVE -44.28258% -85.64589% -3.26630% -63.09785% -75.64578%  -79.78777%  -75.64578%  -79.18494%  -79.17257%
Lafayette WGHTD AVE -24.12415% -79.45998% -48.08765% -63.68198%  -68.18477%  -63.68198%  -67.56448%  -64.61140%

Lake WGHTD AVE -81.84811% -11.85039% -12.79581% -18.66871%  -28.68062%  -18.66871%  -22.79749%  -49.40575%
Lee WGHTD AVE -75.15993% -12.08751% -15.89240% -20.08203%  -27.70437%  -20.08203%  -23.56969%  -41.58216%
Leon WGHTD AVE -31.65638% -82.52829% -54.62822% -69.73808%  -74.85789%  -69.73808%  -74.05108%  -74.26228%
Levy WGHTD AVE -25.97053% -78.16611% -47.78719% -60.59771%  -64.20494%  -60.59771%  -63.65459%  -60.93172%
Liberty WGHTD AVE -16.42453% -78.28795% -44.16428% -62.56629%  -69.26105%  -62.56629%  -68.18769%  -68.97345%

Madison WGHTD AVE -38.93793% -84.22108% -59.46218% -73.18278%  -78.00651%  -73.18278%  -77.24864%  -77.94382%

Manatee WGHTD AVE -72.63489% -8.13889% -11.32906%  -15.86219%  -11.32906%  -12.21124%  -25.96931%
Marion WGHTD AVE -81.60169% -8.66503% -14.72798%  -24.46432%  -14.72798%  -18.26699%  -45.73435%
Martin WGHTD AVE -68.33459% -22.72526% -8.83173% -12.38772%  -22.75486%  -12.38772%  -17.50603%  -40.53492%

Miami-Dade WGHTD AVE -50.66542% -4.76614%
Monroe WGHTD AVE -26.37975%

Nassau WGHTD AVE | -56.86659% -88.31870% -17.79295% -47.36410% -71.90067% -81.31554%  -85.37462%  -81.31554%  -84.69501%  -87.03282%

Okaloosa WGHTD AVE _ -41.80892%

Okeechobee WGHTD AVE -24.18627% -87.76937% -4.46982% -71.83628% -47.79182% -53.09413%  -62.52016%  -53.09413%  -58.60496%  -76.31908%
Orange WGHTD AVE -83.26627% -34.35137% -19.82015% -25.61233%  -36.09122%  -25.61233%  -30.39405%  -56.55896%
Osceola WGHTD AVE -82.15503% - -13.72476% -12.64107% -18.20622%  -28.08314%  -18.20622%  -22.12034%  -49.44646%

Pam Beaeh | WOHTD AVE cosonsas | aagsaasve  a2axiaeSEsae e AEae0w ] 21604 [[aaeoah I 2ERO] 10967

Pasco WGHTD AVE -76.76476% _ -0.27993% -4.71852% -10.93504% -4.71852% -5.77572% -26.26028%

Pinellas WGHTD AVE -70.46165% -0.69511% -4.17392% -0.69511% -0.25977% -13.24280%

Polk WGHTD AVE -79.62195% -5.59309% -10.59540%  -18.88563%  -10.59540%  -13.30631%  -37.95532%

-46.02268% -61.09491%  -66.64420%  -61.09491%  -65.54494%  -66.62675%
-54.19470% -65.52448%  -70.18865%  -65.52448%  -69.28498%  -71.48588%

Putnam WGHTD AVE -22.05818% -78.30432%

St. Johns WGHTD AVE -34.54557% -79.47290% _ -14.16215%

St. Lucie WGHTD AVE -68.66943% -13.33018% -1.77832% -5.40520% -16.55215% -5.40520% -10.52640%  -36.97667%
Santa Rosa WGHTD AVE -47.66354% -4.57209% -3.55992% -4.57209% -3.87297% _
Sarasota WGHTD AVE -73.24856% -3.70224% -6.86217% -11.25873% -6.86217% -7.26294% -22.10778%
Seminole WGHTD AVE -83.42899% -35.46381% -19.62520% -25.89756%  -36.95395%  -25.89756% = -30.95215%  -58.18447%
Sumter WGHTD AVE -84.86683% -36.24631% -27.13547% -32.91319%  -42.71017%  -32.91319%  -37.56713%  -60.94403%
Suwanee WGHTD AVE -34.92205% -83.25636% -56.89851% -71.56662%  -76.43876%  -71.56662%  -75.73308%  -75.53158%
Taylor WGHTD AVE -24.75257% -78.06935% -46.57403% -59.90663%  -62.21371%  -59.90663%  -62.01774%  -55.62368%
Union WGHTD AVE -20.63721% -79.17578% -46.46268% -63.63530%  -69.61373%  -63.63530%  -68.60109%  -68.82345%

FPHLM V2.6 2007 258



vousia | werTnave 518492006
Wekila | WGHTDAVE | -29.30409%
Walton | WGHTD AVE

Washington WGHTD AVE

STATEWIDE | WGHTD AVE
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-81.99651%
-80.52763%
-56.26548%
-64.22740%
-72.52466%

- -40.59566%
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-23.63296%
-50.98038%
-5.40059%
-13.71853%
-14.80224%

-29.14212%
-64.30568%
-19.30168%
-32.68935%
-20.80908%

-39.12823%
-67.58308%
-19.11794%
-36.54917%
-26.53528%

-29.14212%
-64.30568%
-19.30168%
-32.68935%
-20.80908%

-33.96358%
-67.14364%
-19.48707%
-35.94935%
-23.04259%

-57.23978%
-63.59935%
-5.64360%
-27.08547%
-36.58993%



LOSS COSTS PER $1,000
PERSONAL RESIDENTIAL -Owners -- MASONRY

0% 0% $0 DEDUCTIBLE $0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
DEDUCTIBLE DEDUCTIBLE APPURTENANT ADDITIONAL DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE
COUNTY LOSS COSTS STRUCTURE CONTENTS STRUCTURE LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*

Alachua WGHTD AVE -23.26316% -80.23072% -49.01830% -65.72397% -71.61118% -65.72397% -70.76417% -70.67007%
Baker WGHTD AVE -14.40836% -78.92064% -43.90602% -63.58663% -70.02651% -63.58663% -69.15104% -68.58920%
Bay WGHTD AVE -60.98427% -10.86847% -26.94344% -29.57997% -26.94344% -29.32012% -20.30349%
Bradford WGHTD AVE -21.55931% -80.47225% -48.75542% -66.71773% -73.13692% -66.71773% -72.23073% -72.77003%
Brevard WGHTD AVE -29.76553% -87.46457% -4.42146% -70.90474% -51.68709% -56.97361% -64.91920% -56.97361% -61.59544% -76.38659%
Broward WGHTD AVE -71.19134% -0.54676% -11.99225% -14.95069% -20.87114% -14.95069% -16.71683% -34.19488%
Calhoun WGHTD AVE | -4.32079% -75.24672% -36.06905% -56.44901% -63.85502% -56.44901% -62.74637% -62.69162%
Charlotte WGHTD AVE -76.60955% -8.92938% -13.94557% -19.36002% -13.94557% -15.16040% -31.30615%
Citrus WGHTD AVE = -79.73427% -8.14420% -14.68814% -21.32412% -14.68814% -16.22314% -36.56525%
Clay WGHTD AVE -23.31495% -80.18170% -49.19816% -65.83429% -71.73845% -65.83429% -70.86171% -71.43526%
Collier WGHTD AVE h -75.22603% -7.53665% -12.63528% -19.17064% -12.63528% -14.87137% -32.53699%
Columbia WGHTD AVE | -21.80963% -80.43530% -48.67367% -66.38351% -72.22962% -66.38351% -71.49477% -70.40518%
De Soto WGHTD AVE -79.91898% -12.87097% -18.61754% -25.36393% -18.61754% -20.71074% -40.21641%
Dixie WGHTD AVE -24.55910% -78.74191% -47.81532% -61.98694% -65.43900% -61.98694% -65.17077% -569.74747%
Duval WGHTD AVE -33.43379% -82.41844% -56.36655% -70.72000% -76.35459% -70.72000% -75.47786% -77.65760%
Escambia WGHTD AVE -34.27647%
Flagler WGHTD AVE -79.58746% -17.64936% -16.55368% -23.50026% -32.82790% -23.50026% -27.58931% -50.22207%
Franklin WGHTD AVE -57.62668% -12.05010% -22.26776% -20.80186% -22.26776% -21.35870% -10.40731%
Gadsen WGHTD AVE -20.95551% -80.59791% -48.71132% -67.25143% -73.67672% -67.25143% -72.85407% -72.93311%
Gilchrist WGHTD AVE -19.06169% -77.85138% -44.43543% -60.22185% -64.84057% -60.22185% -64.26208% -60.69760%
Glades WGHTD AVE -83.00914% -33.94832% -26.40808% -32.95601% -42.48004% -32.95601% -37.76270% -59.26923%
Gulf WGHTD AVE -64.21134% -14.15043% -31.23563% -32.43772% -31.23563% -32.77347% -16.87210%
Hamilton WGHTD AVE | -38.30830% -84.95522% -60.16011% -74.73798% -79.52195% -74.73798% -78.98587% -78.18553%
Hardee WGHTD AVE -80.90403% -12.46318% -18.73227% -26.56878% -18.73227% -21.48147% -43.69557%
Hendry WGHTD AVE -28.64507% -87.53216% -1.43242% -68.96827% -50.16286% -55.37262% -63.59235% -55.37262% -60.21373% -75.71343%

-1.55971% -7.72665% -12.90747% -7.72665% -8.02608% -25.83448%
-14.41431% -21.32157% -30.27147% -21.32157% -24.89397% -48.91663%
-5.95338% -11.15804% -15.89449% -11.15804% -11.43873% -28.04360%

Hernando WGHTD AVE -77.84735%
Highlands WGHTD AVE -81.87007%
Hillsborough WGHTD AVE -77.77708%
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Holmes WGHTD AVE
Indian River WGHTD AVE -31.48043%
Jackson WGHTD AVE -22.06204%
Jefferson WGHTD AVE -43.28860%
Lafayette WGHTD AVE -22.43257%
Lake WGHTD AVE
Lee WGHTD AVE
Leon WGHTD AVE -29.14182%
Levy WGHTD AVE -28.24352%
Liberty WGHTD AVE -12.90171%
Madison WGHTD AVE -37.49034%
Manatee WGHTD AVE
Marion WGHTD AVE
Martin WGHTD AVE
Miami-Dade WGHTD AVE
Monroe WGHTD AVE
Nassau WGHTDAVE | -51.59428%
Okaloosa | WGHTDAVE | 45.32138% |
Okeechobee WGHTD AVE -26.41832%
Orange WGHTD AVE
Osceola WGHTD AVE
Palm Beach WGHTD AVE
Pasco WGHTD AVE
Pinellas WGHTD AVE
Polk WGHTD AVE
Putnam WGHTD AVE -20.64331%
St. Johns WGHTD AVE -33.83100%
St. Lucie WGHTD AVE
Santa Rosa WGHTD AVE
Sarasota WGHTD AVE
Seminole WGHTD AVE
Sumter WGHTD AVE
Suwanee WGHTD AVE -33.69975%
Taylor WGHTD AVE -24.66869%
Union WGHTD AVE -18.51199%
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-71.67451%
-85.75569%
-80.53952%
-85.99423%
-79.82667%
-82.31696%
-77.36426%
-82.54451%
-79.82727%
-78.21759%
-84.35423%
-76.75555%
-81.86396%
-76.82915%
-66.14645%
-34.07482%
-87.59116%
-46.84846%
-88.58427%
-84.06183%
-83.08212%
-72.83186%
-79.07327%
-75.95704%
-81.23772%
-78.71723%
-80.16253%
-76.75754%
-52.54344%
-76.58229%
-84.15462%
-84.30862%
-83.63685%
-79.20194%
-79.40014%

- -71.36488%

-4.51855%

-1.56162%

-34.49414%

-13.13206% -27.82529%

-28.07719%
-52.00577%
-49.63114%
-63.20800%
-47.97638%
-17.49851%
-10.59827%
-53.77078%
-50.66356%
-42.90089%
-59.21092%
-13.94076%
-10.96341%
-18.15910%
-1.41705%

-69.01762%

-48.72447%
-56.99144%
-67.43737%
-76.34319%
-64.45690%
-24.34930%
-15.95698%
-69.78588%
-64.29416%
-62.57265%
-73.62110%
-18.42206%
-18.24291%
-23.40346%
-3.99672%

-80.05806%

-55.30328%
-64.82372%
-74.59102%
-80.59378%
-69.22176%
-33.13826%
-22.64909%
-75.00706%
-68.71794%
-69.50170%
-78.50572%
-22.80410%
-26.38604%
-33.98144%
-9.35673%

-84.55153%

-48.72447%
-56.99144%
-67.43737%
-76.34319%
-64.45690%
-24.34930%
-15.95698%
-69.78588%
-64.29416%
-62.57265%
-73.62110%
-18.42206%
-18.24291%
-23.40346%
-3.99672%

-80.05806%

-54.37093%
-61.75978%
-73.55890%
-80.09367%
-68.72572%
-27.88533%
-18.25165%
-74.34452%
-68.12324%
-68.59920%
-77.88894%
-19.16773%
-20.69150%
-28.50820%
-5.19192%

-83.90178%

-51.30415%
-75.39196%
-75.69640%
-79.40267%
-64.96634%
-51.20241%
-36.49983%
-73.39971%
-66.32779%
-68.08280%
-77.65664%
-32.56360%
-44.89972%
-52.57615%
-22.43983%

-85.90339%

-7.74204% -71.64129%
-26.47442%
-1.20464%
-0.81389%

-24.16134%

-29.27207%
-15.84933%
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-50.19797%
-23.66489%
-17.76806%
-10.87008%
-8.51118%
-8.08597%
-12.28229%
-46.06874%
-54.44871%
-11.58077%

-10.31150%
-23.70522%
-25.76138%
-56.96127%
-47.79956%
-46.03089%

-56.19251%
-30.51989%
-24.36959%
-14.22194%
-14.36471%
-12.83535%
-18.56294%
-61.96866%
-66.18851%
-17.01253%
-12.53230%
-14.79957%
-31.02000%
-32.56549%
-72.33082%
-61.96224%
-64.13069%

-65.12072%
-39.96084%
-32.97015%
-20.97508%
-19.91418%
-16.66383%
-26.02156%
-67.69865%
-70.92658%
-28.00811%
-13.36445%
-18.96160%
-40.94010%
-41.41501%
-77.30192%
-64.75867%
-70.24466%

-56.19251%
-30.51989%
-24.36959%
-14.22194%
-14.36471%
-12.83535%
-18.56294%
-61.96866%
-66.18851%
-17.01253%
-12.53230%
-14.79957%
-31.02000%
-32.56549%
-72.33082%
-61.96224%
-64.13069%

-61.41304%
-34.66093%
-27.58665%
-16.19906%
-15.22716%
-12.80014%
-20.91284%
-66.74530%
-70.11419%
-21.81180%
-13.32827%
-15.15416%
-35.43178%
-36.47156%
-76.74654%
-64.57983%
-69.42104%

-78.21749%
-58.72121%
-51.76985%
-36.13513%
-32.99907%
-25.73203%
-42.93148%
-66.94819%
-71.85824%
-49.13041%
-4.57717%
-28.79154%
-60.23619%
-58.51425%
-75.69117%
-58.20668%
-68.39428%



Volusia woHTDAVE  [0167483%
Wakulla WGHTDAVE | -28.03021%
Walton WGHTD AVE

Washington WGHTD AVE

STATEWIDE | WGHTD AVE
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-83.61164%
-80.88303%
-60.31406%
-65.49907%
-75.61893%

- -36.77038%
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-28.23276%
-51.03817%
-9.11904%
-14.78318%
-14.11625%

-34.77312%
-65.18529%
-25.11236%
-35.13396%
-18.80787%

-44.06036%
-68.77078%
-26.23900%
-39.60351%
-25.26055%

-34.77312%
-65.18529%
-25.11236%
-35.13396%
-18.80787%

-39.21314%
-68.40110%
-26.48073%
-39.10246%
-20.97202%

-60.98484%
-64.30824%
-12.82341%
-29.41794%
-38.72074%



LOSS COSTS PER $1,000

PERSONAL RESIDENTIAL - MOBILE HOMES
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$0 $0 $0 DEDUCTIBLE $0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
DEDUCTIBLE DEDUCTIBLE APPURTENANT ADDITIONAL DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE
COUNTY LOSS COSTS STRUCTURE CONTENTS STRUCTURE LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*
Alachua WGHTD AVE -0.88910%
Baker WGHTD AVE
Bay WGHTD AVE
Brevard WGHTD AVE -21.25107% -6.49352% -6.49352%
Broward WGHTD AVE -3.11776%
Calhoun WGHTD AVE
Charlotte WGHTD AVE
Citrus WGHTD AVE
Clay WGHTD AVE -3.89612%
Collier WGHTD AVE
Columbia WGHTD AVE -3.69149%
De Soto WGHTD AVE
Dixie WGHTD AVE
Duval WGHTD AVE -42.99792% -30.85831% -16.31053% -22.63513% -36.39633% -16.31053% -22.63513% -36.39633%
Escambia WGHTD AVE
Flagler WGHTD AVE
Franklin WGHTD AVE
Gadsen WGHTD AVE -4.13158%
Gilchrist WGHTD AVE
Glades WGHTD AVE
Gulf WGHTD AVE
Hamilton WGHTD AVE -29.94087% -0.24995% -6.89059% _ -20.85111% _ -20.85111%
Hardee WGHTD AVE
Hendry WGHTD AVE -32.42283% -4.87289% -9.86231% -5.91877% -9.80975% -19.77109% -5.91877% -9.80975% -19.77109%
Hernando WGHTD AVE
Highlands WGHTD AVE
Hillsborough WGHTD AVE




Holmes WGHTD AVE
Indian River WGHTD AVE
Jackson WGHTD AVE
Jefferson WGHTD AVE
Lafayette WGHTD AVE
Lake WGHTD AVE
Lee WGHTD AVE
Leon WGHTD AVE
Levy WGHTD AVE
Liberty WGHTD AVE
Madison WGHTD AVE
Manatee WGHTD AVE
Marion WGHTD AVE
Martin WGHTD AVE
Miami-Dade WGHTD AVE
Monroe WGHTD AVE
Nassau WGHTD AVE
Okaloosa WGHTD AVE
Okeechobee WGHTD AVE
Orange WGHTD AVE
Osceola WGHTD AVE
Palm Beach WGHTD AVE
Pasco WGHTD AVE
Pinellas WGHTD AVE
Polk WGHTD AVE
Putnam WGHTD AVE
St. Johns WGHTD AVE
St. Lucie WGHTD AVE
Santa Rosa WGHTD AVE
Sarasota WGHTD AVE
Seminole WGHTD AVE
Sumter WGHTD AVE
Suwanee WGHTD AVE
Taylor WGHTD AVE
Union WGHTD AVE
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-7.24040%

-15.89850%
-18.60642%
-28.23011%

-25.04661%

-3.39581%
-19.60453%

-48.16797%

-51.07935%
-14.03730%
-4.86224%
-11.89566%

-22.14076%
-5.09249%

-10.82608%
-4.94733%
-18.20837%

-2.52815%

-2.71648%

-9.66303%

-1.51214% -1.51214%

-5.96163% -0.45119% -19.03855% -0.45119% -19.03855%

-14.77623% -14.77623%

-3.21750% -3.21750%

-37.58067% -21.38339% -28.10392% -42.64329% -21.38339% -28.10392% -42.64329%

-36.06457% -23.74192% -27.92647% -38.45118% -23.74192% -27.92647% -38.45118%

2om7aze | 099N | 4 A003064% | 09U | -435144%  -16.03084%

-7.85445% -7.85445%
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Volusia WGHTD AVE
Wakulla WGHTD AVE
Walton WGHTD AVE
Washington WGHTD AVE
STATEWIDE WGHTD AVE
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-3.47206%
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LOSS COSTS PER $1,000
PERSONAL RESIDENTIAL - Renters -- FRAME

$0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
ADDITIONAL DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE
COUNTY LOSS COSTS CONTENTS LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*
Alachua WGHTD AVE -80.29053% -86.51963%  -82.37900% -66.16457%  -87.99687%  -86.51963%  -79.69036%

-86.16104%  -81.29265% -60.85280%  -87.77531%  -86.16104%  -78.15161%

Bay WGHTD AVE -58.05659% -52.15090%  -41.87109% -13.11444%  -56.39130%  -52.15090%  -36.23016%
Bradford WGHTD AVE -80.43319% -87.89756%  -84.01774% -68.18958%  -89.23743%  -87.89756%  -81.44080%
Brevard WGHTD AVE -85.56916% -67.48289% -88.46398%  -87.77400% -85.97400%  -88.76519%  -88.46398%  -87.39997%
Broward WGHTD AVE -57.42028% -46.25376%  -41.06832% -30.55111%  -48.83198%  -46.25376%  -38.68347%
Calhoun WGHTD AVE -74.88279% -82.57439%  -77.19150% -56.11822%  -84.45981%  -82.57439%  -73.74633%
Charlotte WGHTD AVE -70.43946% -66.46026%  -60.87788% -46.63837%  -68.90284%  -66.46026%  -57.95218%

Baker WGHTD AVE -78.44406%

Citrus WGHTD AVE -77.95943% -80.18708%  -75.87810% -63.00768%  -81.91070%  -80.18708%  -73.43604%
Clay WGHTD AVE -80.10181% -86.18662%  -82.28935% -68.32228%  -87.61781%  -86.18662%  -79.85857%
Collier WGHTD AVE -70.89655% -68.37022%  -63.77012% -51.91961%  -70.38279%  -68.37022%  -61.34332%
Columbia WGHTD AVE -79.72277% -86.48590%  -81.90680% -62.79296%  -88.07589%  -86.48590%  -78.82645%
De Soto WGHTD AVE -78.22213% -79.82734%  -76.20413% -65.91434%  -81.32505%  -79.82734%  -74.19157%
Dixie WGHTD AVE -76.23163% -76.71521%  -69.88905% -46.68668%  -79.27698%  -76.71521% = -65.81994%
Duval WGHTD AVE -81.26698% -86.43016%  -83.63414% -75.29269%  -87.53348%  -86.43016% = -82.02640%

Escambia WGHTD AVE -29.59585% -7.38150% _

Flagler WGHTD AVE -77.11509% -19.97180% -79.06163%  -76.54736% -70.32875%  -80.17871%  -79.06163%  -75.23095%
Franklin WGHTD AVE -58.74368% -50.30635%  -41.65663% -20.45908%  -54.11886%  -50.30635%  -37.23350%
Gadsen WGHTD AVE -79.89603% -87.53905%  -83.34448% -66.08928%  -88.93739%  -87.53905%  -80.57221%
Gilchrist WGHTD AVE -76.24110% -79.70439%  -73.40460% -49.78236%  -81.99999%  -79.70439%  -69.47010%
Glades WGHTD AVE -81.60218% -37.87500% -85.48110%  -83.88272% -79.41759%  -86.15613%  -85.48110%  -82.98309%

Gulf WGHTD AVE -65.62786% _ -63.57823%  -53.73076% -21.85926%  -67.37070%  -63.57823%  -47.95787%
Hamilton WGHTD AVE -84.52030% -90.02666%  -86.65423% -72.51125%  -91.21835%  -90.02666%  -84.44358%
Hardee WGHTD AVE -78.76011% - -81.87594%  -78.77688% -69.69134%  -83.13647%  -81.87594%  -77.01359%
Hendry WGHTD AVE -85.16775% -60.63134% -88.42850%  -87.68923% -85.54354%  -88.73268%  -88.42850%  -87.26482%
Hernando WGHTD AVE -76.82022% _ -78.18700%  -73.02932% -57.00375%  -80.20786%  -78.18700%  -70.06145%
Highlands WGHTD AVE -80.61985% -2.38833% -85.59683%  -83.24069% -76.11900%  -86.53650%  -85.59683%  -81.86991%

Hillsborough WGHTD AVE -74.42885% -72.84036%  -67.22975% -51.29566% -75.15884%  -72.84036% -64.12778%
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Holmes WGHTD AVE
Indian River WGHTD AVE
Jackson WGHTD AVE
Jefferson WGHTD AVE
Lafayette WGHTD AVE
Lake WGHTD AVE
Lee WGHTD AVE
Leon WGHTD AVE
Levy WGHTD AVE
Liberty WGHTD AVE
Madison WGHTD AVE
Manatee WGHTD AVE
Marion WGHTD AVE
Martin WGHTD AVE
Miami-Dade WGHTD AVE
Monroe WGHTD AVE
Nassau WGHTD AVE
Okaloosa WGHTD AVE
Okeechobee WGHTD AVE
Orange WGHTD AVE
Osceola WGHTD AVE
Palm Beach WGHTD AVE
Pasco WGHTD AVE
Pinellas WGHTD AVE
Polk WGHTD AVE
Putnam WGHTD AVE
St. Johns WGHTD AVE
St. Lucie WGHTD AVE
Santa Rosa WGHTD AVE
Sarasota WGHTD AVE
Seminole WGHTD AVE
Sumter WGHTD AVE
Suwanee WGHTD AVE
Taylor WGHTD AVE
Union WGHTD AVE
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-70.66935%
-82.63685%
-79.98666%
-85.86586%
-79.32087%
-81.31909%
-74.68139%
-80.80009%
-78.89345%
-78.38091%
-84.17568%
-72.98388%
-80.70470%
-68.09697%
-50.67512%
-22.58841%
-88.61323%
-39.20385%
-87.59179%
-83.32157%
-82.57849%
-60.04238%
-76.59549%
-70.42668%
-79.90551%
-78.22442%
-80.11487%
-67.98919%
-47.77657%
-72.86722%
-84.14060%
-84.16382%
-83.63008%
-77.34428%
-81.00735%

-63.19065%

-14.58243%

-23.36865%

-49.66844%

-71.84137%
-33.05696%
-16.11143%

-24.40272%
-12.21963%

-41.26326%
-35.10859%

-76.19784%
-85.07996%
-87.52382%
-90.68189%
-84.07407%
-86.15829%
-74.09536%
-86.74718%
-81.75069%
-85.72626%
-89.76244%
-69.15766%
-86.33127%
-65.47251%
-38.34867%

-92.63806%
-17.89256%
-91.96468%
-88.90842%
-88.35599%
-50.90655%
-77.25002%
-64.95095%
-83.68239%
-83.64322%
-83.13039%
-65.35463%
-34.55541%
-68.95305%
-90.10689%
-89.18530%
-89.53952%
-78.00066%
-87.98027%
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-68.89149%
-84.37444%
-84.14768%
-87.69243%
-78.56366%
-83.99837%
-70.38335%
-82.29647%
-76.95991%
-80.99365%
-86.50625%
-64.33837%
-83.31519%
-63.24501%
-33.30640%

-91.46528%
-0.72879%
-91.48227%
-87.31946%
-86.42075%
-45.94682%
-72.30613%
-58.62782%
-80.69860%
-79.07675%
-80.84176%
-62.42370%
-23.52426%
-63.29765%
-88.79300%
-87.60246%
-86.00230%
-70.97023%
-83.96847%

-41.42797%
-82.53578%
-71.69036%
-75.87897%
-56.25000%
-77.66885%
-60.69785%
-64.47886%
-60.95332%
-61.49270%
-73.42421%
-52.33667%
-73.51065%
-58.53308%
-23.05608%

-87.99218%
| aaouason
-89.90915%
-82.58836%
-80.47853%
-35.83041%
-57.51907%
-42.45510%
-71.67803%
-62.51809%
-74.92645%
-56.07952%

- sezewn
-48.32851%
-84.81080%
-82.87065%
-71.34536%
-45.50903%
-67.22661%

-78.77372%
-85.39247%
-88.72753%
-91.75760%
-85.95953%
-87.02909%
-75.71041%
-88.28061%
-83.58291%
-87.33335%
-90.91919%
-71.29442%
-87.48436%
-66.57518%
-40.88734%
-1.25856%
-93.12373%
-25.15043%
-92.14139%
-89.54146%
-89.11443%
-53.35128%
-79.24018%
-67.70116%
-84.87384%
-85.30506%
-84.13587%
-66.76963%
-39.42004%
-71.36765%
-90.62628%
-89.81866%
-90.77329%
-80.62239%
-89.36817%

-76.19784%
-85.07996%
-87.52382%
-90.68189%
-84.07407%
-86.15829%
-74.09536%
-86.74718%
-81.75069%
-85.72626%
-89.76244%
-69.15766%
-86.33127%
-65.47251%
-38.34867%

-64.36574%
-83.99209%
-82.00010%
-85.71796%
-74.93506%
-82.76271%
-68.41009%
-79.46160%
-74.09818%
-77.88196%
-84.38872%
-61.85147%
-81.52300%
-62.19963%
-31.00039%

-92.63806%
-17.89256%
-91.96468%
-88.90842%
-88.35599%
-50.90655%
-77.25002%
-64.95095%
-83.68239%
-83.64322%
-83.13039%
-65.35463%
-34.55541%
-68.95305%
-90.10689%
-89.18530%
-89.53952%
-78.00066%
-87.98027%

-90.78023%
~ saTeown
-91.18057%
-86.39790%
-85.27857%
-43.65114%
-69.49685%
-55.31644%
-78.97934%
-76.19439%
-79.60536%
-61.02065%
-17.83372%
-60.28426%
-88.01318%
-86.68803%
-83.59809%
-66.62117%
-81.33851%



Volusia WGHTD AVE
Wakulla WGHTD AVE
Walton WGHTD AVE
Washington WGHTD AVE
STATEWIDE | WGHTD AVE
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-82.56918%
-81.23294%
-55.90964%
-62.89744%
-74.11287%

-44.15016%

-86.26452%  -84.77544%

-85.30304%  -80.45196%

-46.59052%  -34.44732%

-62.96230%  -51.64785%

-73.64271%  -69.40272%
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-80.86828%
-61.41673%
-10.77858%
-58.75824%

-86.90330%
-87.00911%
-51.55685%
-67.11833%
-75.49597%

-86.26452%
-85.30304%
-46.59052%
-62.96230%
-73.64271%

-83.96385%
-77.33106%
-27.73087%
-44.75070%
-67.18828%



LOSS COSTS PER $1,000
PERSONAL RESIDENTIAL - Renters -- MASONRY
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$0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
ADDITIONAL DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE
COUNTY | LosscosTs | CONTENTS | LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*
Machia | WGHTDAVE | -80.46260% || 850.7685206 || -67.13371%  -83.08983%  -66.79453%  -83.54953%  -87.13371%  -80.45434%
Baker WGHTDAVE | -78.60027% |  82868506%  -86.78158%  -82.00201%  -61.86820%  -88.35465%  -86.78158%  -78.92598%
Bay WGHTDAVE | -60.44005% |  81124952%  -56.59503%  -48.14431%  -24.84861%  -60.11384%  -56.50503%  -43.53124%
Bradford | WGHTDAVE | -80.93943% _ -88.72584%  -85.10578%  -60.85114%  -90.01192%  -88.72584%  -82.68873%
Brevad | WGHTDAVE | -87.60129% 70.86606% ~ -91.17313%  -90.64506%  -89.13275%  -91.39205%  -91.17313%  -90.33951%
Boward | WGHTDAVE | -70.60004% || 483498% | -6571850%  -6180866%  -53.36612%  -67.57145%  -65.71850%  -50.93045%
Cahown | WGHTDAVE | -75.48565% | 47250248%  -83.81765%  -78.70650%  -5B.04719%  -8556879% -83.81765%  -75.38304%
Chalotte | WGHTDAVE | -77.00659% 77.68730%  -73.55003%  -61.69964%  -79.39238%  -77.68730%  -71.25628%
Citrus WGHTDAVE | -79.79708% 83.90534%  -80.04886%  -67.46394%  -85.30172%  -83.90534%  -77.76450%
Clay WGHTDAVE | -80.16845% 86.79656%  -82.87509%  -67.87123%  -88.19830%  -86.79656%  -80.30363%
Collier WGHTDAVE | -75.62147% 76.28136%  -72.49398%  -61.93015%  -77.86529%  -76.28136%  -70.41505%
Coumbia | WGHTDAVE | -79.81341% | 69350191% | -87.20327% -82.69096%  -63.62663%  -88.67214%  -87.20327%  -79.75448%
DeSolo | WGHTDAVE | -79.88423% 8325117%  -79.98234%  -70.00292%  -84.54770%  -83.25117%  -78.10465%
Dixie WGHTDAVE | -78.93263% 81.98916%  -76.30888%  -54.55059%  -84.06516%  -81.98916%  -72.69437%
Duval WGHTDAVE | -82.24137% 87.87604%  -85.34823%  -77.56371%  -88.86079%  -87.87604%  -83.86955%
Escambia | WGHTDAVE | -34.83336% 80763206 | 1508312%  82.04344%  -17.43865%  -8.07632% | 20.84781% |
Flagler WGHTDAVE | -79.50619% 15.05731%  -83.42693%  -81.00048%  -74.84551%  -84.40099%  -83.42603%  -79.83058%
Frankin | WGHTDAVE | -68.12675% -6.55507% 66.02804%  -62.01217%  -52.47619%  -67.86765%  -66.02894%  -59.97696%
Gadsen | WGHTDAVE | -81.23445% 88.85043%  -85.10983%  -69.61753%  -00.11757%  -88.85043%  -82.64349%
Gichrist | WGHTDAVE | -76.50222% - -80.68686%  -74.50334%  -50.87670%  -82.82246%  -80.68686%  -70.72188%
Glades WGHTDAVE | -83.04032% 34.46602%  -88.10951%  -86.60124%  -82.08556%  -88.72344%  -88.10951%  -85.73936%
Gulf WGHTDAVE | -64.25605% | 43651064%  -62.35737%  -51.43300%  -13.75586%  -66.45617%  -62.35737%  -44.85027%
Hamiton | WGHTDAVE | -84.43846% -90.30544%  -86.92486%  -72.36577%  -O1.45676%  -00.30544%  -84.68157%
Hardee WGHTDAVE | -80.88678% - 85.95380%  -83.21547%  -74.34052%  -87.01037%  -85.95389%  -81.57660%
Hendry WGHTDAVE | -87.45461% 67.22614%  -91.46047%  -90.93502%  -89.24635%  -91.65642%  -91.46047%  -90.61446%
Hemando | WGHTDAVE | -77.86325% | 157.06008% | -80.71206%  -75.81473% -59.41670% -82.59680%  -80.71206%  -72.89337%
Highlends | WGHTDAVE | -8187347% |  14.47849% | -88.14658% -8586610%  -78.33803%  -80.00093%  -88.14658%  -84.48233%
Hilsborough | WGHTDAVE | -77.57184% _ 78.84953%  -74.04675%  -50.13248%  -80.74754%  -78.84953%  -71.27655%



Holmes WGHTD AVE
Indian River WGHTD AVE
Jackson WGHTD AVE
Jefferson WGHTD AVE
Lafayette WGHTD AVE
Lake WGHTD AVE
Lee WGHTD AVE
Leon WGHTD AVE
Levy WGHTD AVE
Liberty WGHTD AVE
Madison WGHTD AVE
Manatee WGHTD AVE
Marion WGHTD AVE
Martin WGHTD AVE
Miami-Dade WGHTD AVE
Monroe WGHTD AVE
Nassau WGHTD AVE
Okaloosa WGHTD AVE
Okeechobee WGHTD AVE
Orange WGHTD AVE
Osceola WGHTD AVE
Palm Beach WGHTD AVE
Pasco WGHTD AVE
Pinellas WGHTD AVE
Polk WGHTD AVE
Putnam WGHTD AVE
St. Johns WGHTD AVE
St. Lucie WGHTD AVE
Santa Rosa WGHTD AVE
Sarasota WGHTD AVE
Seminole WGHTD AVE
Sumter WGHTD AVE
Suwanee WGHTD AVE
Taylor WGHTD AVE
Union WGHTD AVE
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-72.30749%
-84.64841%
-80.38897%
-86.08417%
-80.67460%
-82.29288%
-77.58398%
-80.43467%
-80.34731%
-78.60906%
-84.60228%
-76.72059%
-81.46576%
-76.45496%
-64.61367%
-35.88605%
-88.78192%
-45.87261%
-88.10303%
-84.28719%
-83.13875%
-71.48868%
-78.99640%
-76.38071%
-81.29724%
-78.65007%
-80.11886%
-76.70749%
-54.42207%
-77.22720%
-84.40628%
-83.30507%
-83.77897%
-79.08588%
-81.91375%

-65.03804%

-1.22455%

-34.70064%

-34.10735%

-70.30685%
-27.48346%
-6.19045%

-10.33190%
-24.12456%

-31.73033%
-5.38536%

-79.15978%
-88.12408%
-88.49411%
-91.05966%
-86.11343%
-88.35381%
-79.30167%
-86.84285%
-84.29468%
-86.44402%
-90.50814%
-75.54673%
-88.18578%
-77.97870%
-57.75854%
-15.77551%
-93.01146%
-29.41428%
-93.14282%
-90.72445%
-89.69299%
-67.50928%
-81.75405%
-75.30859%
-86.58005%
-84.56389%
-83.57510%
-78.47139%
-47.08614%
-76.46954%
-91.15583%
-89.07097%
-89.96393%
-81.23907%
-89.22175%
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-72.77084%
-87.50303%
-85.58535%
-88.16179%
-81.27988%
-86.21808%
-75.72974%
-82.33439%
-79.96479%
-81.85091%
-87.36114%
-71.33010%
-85.28275%
-76.13553%
-53.73168%
-8.94625%
-91.85079%
-15.47208%
-92.64280%
-89.19492%
-87.74124%
-63.45808%
-77.47114%
-70.31533%
-83.80949%
-80.17874%
-81.11781%
-76.31036%
-40.06955%
-71.84075%
-89.74063%
-87.06514%
-86.47924%
-75.14093%
-85.56962%

-47.31381%
-85.75418%
-74.78216%
-76.23724%
-61.04571%
-79.41711%
-65.36001%
-63.67939%
-64.71379%
-62.27400%
-74.54390%
-60.07101%
-75.06367%
-71.89256%
-45.23161%

-88.21183%
| 2o
-90.97075%
-84.33629%
-81.36359%
-54.59900%
-63.62103%
-56.10070%
-74.70763%
-63.85530%
-74.40795%
-71.21108%
-23.06266%
-58.57787%
-85.22120%
-80.71616%
-71.96014%
-52.19570%
-70.07960%

-81.46431%
-88.38217%
-89.54137%
-92.09093%
-87.73579%
-89.18877%
-80.76967%
-88.37398%
-85.89165%
-87.96662%
-91.56678%
-77.33737%
-89.26092%
-78.83947%
-59.71568%
-19.20465%
-93.47003%
-35.33118%
-93.32078%
-91.31591%
-90.43993%
-69.40696%
-83.41393%
-77.36235%
-87.64285%
-86.12737%
-84.61448%
-79.45510%
-50.23626%
-78.37314%
-91.69534%
-89.83951%
-91.10112%
-83.42082%
-90.45414%

-79.15978%
-88.12408%
-88.49411%
-91.05966%
-86.11343%
-88.35381%
-79.30167%
-86.84285%
-84.29468%
-86.44402%
-90.50814%
-75.54673%
-88.18578%
-77.97870%
-57.75854%
-15.77551%
-93.01146%
-29.41428%
-93.14282%
-90.72445%
-89.69299%
-67.50928%
-81.75405%
-75.30859%
-86.58005%
-84.56389%
-83.57510%
-78.47139%
-47.08614%
-76.46954%
-91.15583%
-89.07097%
-89.96393%
-81.23907%
-89.22175%

-68.55353%
-87.15043%
-83.69469%
-86.21591%
-78.08546%
-84.93724%
-73.72010%
-79.37678%
-77.30822%
-78.76227%
-85.31885%
-69.07016%
-83.48941%
-75.21857%
-51.83420%
-5.82192%
-91.12516%
-7.98257%
-92.32341%
-88.27531%
-86.56084%
-61.49745%
-74.94757%
-67.55494%
-82.14805%
-77.38759%
-79.75723%
-75.21705%
-36.48014%
-69.27884%
-88.88423%
-85.88140%
-84.15646%
-71.30130%
-83.10379%



Volusia WGHTD AVE
Wakulla WGHTD AVE
Walton WGHTD AVE
Washington WGHTD AVE
STATEWIDE | WGHTD AVE

FPHLM V2.6 2007

-84.55544%
-78.73435%
-55.40380%
-64.32480%
-75.51618%

-38.69210%

-89.00271%
-81.17532%
-45.52862%
-66.27910%
-74.80135%
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-87.76709%
-75.70306%
-35.42285%
-55.64330%
-71.19939%

-84.32907%
-56.58201%
-8.42368%
-15.38373%
-62.44367%

-89.51975%
-83.18847%
-49.81764%
-70.07713%
-76.40597%

-89.00271%
-81.17532%
-45.52862%
-66.27910%
-74.80135%

-87.06799%
-72.36551%
-29.99159%
-48.91811%
-69.35139%



LOSS COSTS PER $1,000
PERSONAL RESIDENTIAL - CONDO -- FRAME

$0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
ADDITIONAL DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE
COUNTY | LOSSCOSTS | STRUCTURE | CONTENTS | LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*
Alachua WGHTDAVE  -26.57761%  -80.45328% _ 81.89806%  -87.20735%  -81.28108%  -72.82389%  -75.28415%  -78.55385%
Baker WGHTDAVE  0.00000% 0.00000% 0.00000% 0.00000% 0.00000%  0.00000% 0.00000% 0.00000% 0.00000%
Bay WGHTDAVE || 1288628% | -56.07720% || 182.74616% | -47.07435%  -49.41169%  -36.91070%  -40.53277%  -42.58502%  -45.40229%
Bradford WGHTDAVE  0.00000% 0.00000% 0.00000% 0.00000% 0.00000%  0.00000% 0.00000% 0.00000% 0.00000%
Brevard WGHTDAVE  -30.30211%  -86.45578% 70.67213% 85.61775%  -88.83436%  -88.23771%  -80.47421%  -81.53375%  -83.36341%
Broward WGHTD AVE _ -57.16659% 43.02330%  -45.04273%  -30.03829%  -41.25022%  -41.99438%  -42.94965%
Calhoun WGHTDAVE  -3.96476%  -73.90524% 0.00000% 75.20525% ~ -81.92735%  -73.71082%  -63.51130%  -66.54774%  -70.87397%
Charlotte | WGHTD AVE -62.03058% 5153753%  -55.03150%  -45.42782%  -47.71705%  -49.00013%  -50.59322%
Citrus WGHTD AVE - -78.47154% 73.26808%  -80.43399%  -74.68888%  -64.53066%  -66.61393%  -69.74873%
Clay WGHTDAVE  -25.76002%  -80.13384% 81.44824%  -86.62183%  -81.08908%  -72.49080%  -74.93262%  -78.16042%
Collier WGHTD AVE _ 71.78676% 63.66724%  -68.91384%  -63.40300%  -57.01015%  -58.53022%  -60.98405%
Columbia | WGHTDAVE  -20.27579%  -79.71452% 81.60042%  -87.71331%  -81.21497%  -71.74950%  -74.54877%  -78.04225%
De Soto WGHTD AVE _ 77.66479% 72.03460%  -78.54609%  -73.60002%  -63.92326%  -65.75507%  -68.67212%
Dixie WGHTDAVE  0.00000% 0.00000% 0.00000% 0.00000% 0.00000%  0.00000% 0.00000% 0.00000% 0.00000%
Duval WGHTDAVE  -20.67819%  -80.51747% 8152645%  -85.86368%  -81.55885%  -73.42470%  -75.62250%  -78.57826%
Escambia | WGHTD AVE -23.88906%
Flagler WGHTD AVE -77.40838% -27.47172% 73.27996%  -78.48971%  -75.64792%  -66.12653%  -67.76455%  -70.32785%
Frankiin WGHTD AVE -13.41956%
Gadsen WGHTDAVE  -11.61905%  0.00000% 0.00000% 78.47854%  -85.01441%  -77.05628%  -67.98208%  -71.00067%  -74.77932%
Gilchrist WGHTDAVE  0.00000%  -74.87824% 0.00000% 73.49206%  -78.22791%  -68.23168%  -64.71263%  -67.14222%  -70.48797%
Glades WGHTD AVE -81.66748% 0.00000% 79.30739%  -85.07415%  -83.16396%  -71.09893%  -72.77349%  -75.68412%
Gulf WGHTD AVE = 55.90071% | 995238100 | -42.98157%  -44.94607%  -18.88376%  -37.24205%  -30.71396%  -42.62109%
Hamilton WGHTDAVE  0.00000% 0.00000% 0.00000% 0.00000% 0.00000%  0.00000% 0.00000% 0.00000% 0.00000%
Hardee WGHTD AVE _ -78.75807% _ 74.18194%  -81.25915%  -77.27147%  -65.23325%  -67.14642%  -70.34256%
Hendry WGHTDAVE  -28.15956%  -87.28168% -69.49051% 86.26969%  -89.73954%  -89.33919%  -80.71826%  -81.78113%  -83.75833%
Hemando | WGHTD AVE 76.03069% || 122.24941% | -68.57450%  -76.25378%  -68.26749%  50.74535%  -6195001%  -65.15055%
Highlands | WGHTD AVE -80.99357% -8.86392% 78.20301%  -85.50211%  -82.73735%  -68.52643%  -70.57186%  -73.97554%
Hillsborough | WGHTD AVE 74.61945% _ -66.15187%  -72.48798%  -64.62523%  -58.93221%  -60.77650%  -63.45295%
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Holmes WGHTD AVE 0.00000%
Indian River WGHTD AVE -18.54815%
Jackson WGHTD AVE -25.47771%
Jefferson WGHTD AVE 0.00000%
Lafayette WGHTD AVE -23.66771%
Lake WGHTD AVE
Lee WGHTD AVE -
Leon WGHTD AVE -20.45785%
Levy WGHTD AVE -1.68612%
Liberty WGHTD AVE 0.00000%
Madison WGHTD AVE -38.33581%
Manatee WGHTD AVE
Marion WGHTD AVE
Martin WGHTD AVE
Miami-Dade WGHTD AVE
Monroe WGHTD AVE
Nassau WGHTD AVE -59.88653%
Okaloosa WGHTD AVE
Okeechobee WGHTD AVE -30.85732%
Orange WGHTD AVE
Osceola WGHTD AVE
Palm Beach WGHTD AVE
Pasco WGHTD AVE
Pinellas WGHTD AVE
Polk WGHTD AVE
Putnam WGHTD AVE -21.78478%
St. Johns WGHTD AVE -40.02086%
St. Lucie WGHTD AVE
Santa Rosa WGHTD AVE
Sarasota WGHTD AVE
Seminole WGHTD AVE
Sumter WGHTD AVE
Suwanee WGHTD AVE -17.23273%
Taylor WGHTD AVE -12.61872%
Union WGHTD AVE 0.00000%
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0.00000%
-82.95584%
0.00000%
0.00000%
-79.32087%
-79.59762%
-75.47732%
-78.63738%
-67.74293%
0.00000%
-83.70572%
-70.54246%
-79.37996%
-67.95604%
-48.83243%
-25.22069%
-88.97305%
-44.04633%
-89.03615%
-83.93096%
-82.43175%
-61.62695%
-77.56257%
-71.54123%
-79.47970%
-77.58402%
-80.33778%
-71.13285%
-55.09615%
-74.27323%
-84.41623%
-82.00706%
-80.26453%
-73.23853%
0.00000%

0.00000%
-64.06725%
0.00000%
0.00000%
0.00000%
-4.87673%

0.00000%

-23.45847%

-55.33290%

-75.78978%
-39.89506%
-13.18147%

-29.41725%
-32.75735%

-45.07892%
-28.23251%

0.00000%

0.00000%
-81.14567%
-84.41247%

0.00000%
-79.53830%
-75.77582%
-68.98833%
-79.34093%
-59.48580%

0.00000%
-84.71712%
-61.72871%
-75.79203%
-60.92494%
-33.90326%

-90.40030%
-26.14725%
-89.28408%
-82.59189%
-80.09309%
-49.11057%
-71.67697%
-60.86644%
-75.26935%
-78.32697%
-80.30342%
-64.86033%
-45.96921%
-65.01964%
-83.62731%
-79.68501%
-78.21295%
-68.73508%
0.00000%
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0.00000%
-84.39088%
-90.40590%

0.00000%
-84.53404%
-82.45496%
-73.81163%
-84.86120%
-61.61772%

0.00000%
-89.06536%
-64.85972%
-84.69911%
-64.58024%
-35.46517%

-92.89691%
-26.17373%
-93.02272%
-89.27804%
-87.67494%
-51.77744%
-78.31248%
-65.17698%
-82.96497%
-83.38249%
-83.06727%
-68.55607%
-47.45241%
-69.87367%
-90.20785%
-86.26888%
-83.20014%
-71.99461%
0.00000%

0.00000%
-83.80077%
-85.34734%

0.00000%
-76.48415%
-79.08365%
-69.87108%
-77.14292%
-42.80763%

0.00000%
-83.95887%
-58.84519%
-80.23070%
-62.32006%
-30.20999%

-91.41485%
-8.82633%
-92.68408%
-87.52925%
-85.02818%
-46.56110%
-72.28895%
-56.68784%
-78.80609%
-77.00801%
-80.22730%
-66.85280%
-40.61197%
-62.90554%
-88.66925%
-83.88351%
-75.12293%
-58.53327%
0.00000%

0.00000%
-75.85987%
-74.55874%

0.00000%
-70.95021%
-67.05927%
-62.51493%
-70.10016%
-54.41052%

0.00000%
-77.28780%
-57.87146%
-64.94603%
-55.77180%
-32.63483%

-85.37554%
-23.39540%
-83.28282%
-73.52403%
-70.38386%
-46.26392%
-63.68802%
-55.94932%
-65.77887%
-69.12429%
-74.21482%
-59.41815%
-41.39677%
-59.33169%
-74.57208%
-70.79170%
-69.53381%
-62.29484%
0.00000%

0.00000%
-76.91472%
-77.31901%

0.00000%
-73.39767%
-68.97241%
-63.93865%
-72.68987%
-56.50836%

0.00000%
-79.37736%
-58.98858%
-67.39084%
-56.87754%
-33.21913%

-86.68258%
-24.92877%
-84.47597%
-75.43003%
-72.46249%
-47.15929%
-65.60027%
-57.41795%
-67.85269%
-71.51071%
-75.74571%
-60.53527%
-42.73863%
-60.80861%
-76.48889%
-72.68646%
-72.01118%
-64.49486%
0.00000%

0.00000%
-78.80908%
-80.76601%

0.00000%
-76.56990%
-72.06779%
-66.29383%
-76.04745%
-58.89237%

0.00000%
-82.04731%
-60.48885%
-71.20384%
-58.89279%
-33.94848%

-88.48314%
-26.67109%
-86.58956%
-78.61162%
-75.86376%
-48.46819%
-68.48322%
-59.33241%
-71.20998%
-74.89586%
-78.05742%
-62.62837%
-44.76666%
-62.94708%
-79.63864%
-75.82935%
-75.20846%
-67.15517%
0.00000%



Volusia WGHTD AVE
Wakulla WGHTD AVE
Walton WGHTD AVE
Washington WGHTD AVE
STATEWIDE WGHTD AVE
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-7.01280%
-27.60479%

-84.51835%
-78.78053%
-54.19289%
-71.21058%
-69.62809%

-56.07726%

-82.69374%
-76.32747%
-40.18253%
-71.21212%
-61.94198%
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-87.12965%
-79.68005%
-41.37163%
-78.06862%
-65.52768%

-85.90023%
-71.12317%
-24.85136%
-66.87192%
-60.29347%

-76.16034%
-69.97760%
-35.41619%
-59.44683%
-57.00226%

-77.54001%
-71.94051%
-37.29329%
-62.73786%
-58.31527%

-79.85630%
-74.38084%
-39.63876%
-67.09890%
-60.26011%



Constructed from Nov 2005 ROA and March 2006 components
PERSONAL RESIDENTIAL - CONDO -- MASONRY
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$0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
ADDITIONAL DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE | DEDUCTBLE | DEDUCTIBLE | DEDUCTIBLE

COUNTY | LOSSCOSTS | STRUCTURE | CONTENTS | LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*
Machua | WGHTDAVE  -24.07681%  -80.45517% _ 82.16761%  -87.65696%  -81.77374%  -72.81434%  -75.31580%  -78.75802%
Baker WGHTDAVE  -9.41620%  0.00000% 0.00000% 79.70835%  -86.65096%  -79.58333%  -68.75883%  -71.81264%  -75.81340%
Bay WGHTDAVE | 1051162% | -60.63894% | 122.07460% | -53.70465%  -56.68574%  -46.00592%  -46.20059%  -48.35620%  -51.49485%
Bradford | WGHTDAVE  -24.00380%  -77.64324% _ -81.00570%  -87.39640%  -80.90365%  -70.84641%  -73.63923%  -77.39181%
Brevad | WGHTDAVE  -40.54875%  -89.05579%  -76.79601%  -88.90282% -91.81793% -91.48470%  -84.21278%  -85.19799%  -86.82485%
Broward | WGHTD AVE _ -70.37845% _ 60.93713%  -64.49240%  -50.87011%  -56.97995%  -58.12387%  -50.66432%
Cahoun | WGHTDAVE  -6.43441%  -77.92306% 0.00000% 78.25463%  -84.94174%  -77.73142%  -66.69866%  -69.71452%  -73.97914%
Charlotte | WGHTD AVE -76.18451% -69.38441%  -75.50268%  -60.21568%  -62.07864%  -63.90462%  -66.49183%
Citrus WGHTD AVE - -79.80758% 75.69317%  -83.43848%  -77.87252%  -66.70762%  -68.95205%  -72.02805%
Clay WGHTDAVE ~ -24.37618%  -80.26275% 81.71480%  -86.94050%  -81.36243%  -72.68143%  -75.13840%  -78.46826%
Collier WGHTD AVE _ -76.19947% 70.30376%  -76.05650%  -71.48437%  -62.99785%  -64.66507%  -67.24518%
Coumbia | WGHTDAVE  -18.56694%  -79.99195% | 765.72286% | -81.95421%  -88.17763% -BL74580%  -72.03534%  -74.83834%  -78.44685%
DeSoo | WGHTDAVE || 212641106 | -79.28088% | 34.08047% | 74.80404%  -BLO5079%  77.36882%  -66.35503%  -68.34309%  -71.20486%
Dixie WGHTDAVE  0.00000% 0.00000% 0.00000% 0.00000%  0.00000%  0.00000%  0.00000%  0.00000%  0.00000%
Duval WGHTDAVE ~ -38.09876%  -83.96897% -7.06532% 85.51782%  -89.34333%  -86.60855%  -78.12520%  -80.03981%  -82.76056%
Escambia | WGHTD AVE -31.96009% _ 3.03344%  -0.73198% _ 424236%  -5.76022%  -6.71881%
Flagler WGHTD AVE 79.87356%  -28.64650%  -76.73221%  -82.12966%  -79.57120%  -69.46733%  -71.16722%  -73.68292%
Frankin | WGHTD AVE -50.62746% 37.71793%  -38.33718%  -23.20682%  -34.97072%  -36.60499%  -38.33669%
Gadsen | WGHTDAVE  -30.23256%  -83.12813% 85.54502%  -90.90611%  -86.46532%  -76.58407%  -79.05952%  -82.28951%
Gichrist | WGHTDAVE  -34.50450%  -83.28110% 84.60226%  -89.18704%  -83.96739%  -76.72675%  -78.88989%  -81.79366%
Glades WGHTDAVE  0.00000% 0.00000% 0.00000% 0.00000%  0.00000%  0.00000%  0.00000%  0.00000%  0.00000%
Gulf WGHTDAVE  -14.21384%  -59.19463% 0.00000% -53.48300%  -57.12956%  -37.65625%  -45.47109%  -48.11197%  -51.71579%
Hamiton | WGHTDAVE  0.00000% 0.00000% 0.00000% 0.00000%  0.00000%  0.00000%  0.00000%  0.00000%  0.00000%
Hardee WGHTD AVE _ 0.00000% 0.00000% 7852488%  -86.31579%  -82.72652%  -69.03171%  -71.17626%  -74.40864%
Hendry WGHTDAVE  -35.58562%  -88.93171%  -73.14243%  -88.83507%  -92.27432% -91.97075%  -83.38893%  -84.47698%  -86.36537%
Henando | WGHTD AVE 77.84617% | 189/63010% | -72.43502%  -80.80889%  -73.63163%  -63.14540%  -65.52575%  -68.73720%
Highlands | WGHTD AVE 82.00574% | 9.60728% | -80.16017%  -88.14742%  -85.17201%  -70.24975%  -72.47007%  -75.83251%
Hilsborough | WGHTD AVE -78.03817% _ 72.04642%  -78.82827%  -72.39729%  -64.35450%  -66.31468%  -69.00527%




Holmes WGHTD AVE
Indian River WGHTD AVE
Jackson WGHTD AVE
Jefferson WGHTD AVE
Lafayette WGHTD AVE
Lake WGHTD AVE
Lee WGHTD AVE
Leon WGHTD AVE
Levy WGHTD AVE
Liberty WGHTD AVE
Madison WGHTD AVE
Manatee WGHTD AVE
Marion WGHTD AVE
Martin WGHTD AVE
Miami-Dade WGHTD AVE
Monroe WGHTD AVE
Nassau WGHTD AVE
Okaloosa WGHTD AVE
Okeechobee WGHTD AVE
Orange WGHTD AVE
Osceola WGHTD AVE
Palm Beach WGHTD AVE
Pasco WGHTD AVE
Pinellas WGHTD AVE
Polk WGHTD AVE
Putnam WGHTD AVE
St. Johns WGHTD AVE
St. Lucie WGHTD AVE
Santa Rosa WGHTD AVE
Sarasota WGHTD AVE
Seminole WGHTD AVE
Sumter WGHTD AVE
Suwanee WGHTD AVE
Taylor WGHTD AVE
Union WGHTD AVE
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0.00000%
-30.99412%
-22.90832%

0.00000%

0.00000%

-19.43665%
-25.29313%
0.00000%
-28.23779%

-58.11241%

-31.52297%

-15.77224%
-36.82933%
-12.85489%

0.00000%

-11.97691%
-38.36478%

0.00000%
-86.18345%
-81.40223%

0.00000%

0.00000%
-82.09412%
-77.77807%
-79.39486%
-76.21255%

0.00000%
-82.63003%
-75.93349%
-81.34765%
-76.41829%
-64.15847%
-35.11963%
-89.04953%
-49.38898%
-89.37549%
-84.53438%
-83.33802%
-70.76200%
-78.95923%
-75.17453%
-81.79199%
-78.73437%
-80.47814%
-82.88335%
-54.32162%
-77.85399%
-85.08355%
-82.79917%

0.00000%
-74.56826%
-85.53184%

0.00000%
-72.24557%

0.00000%
0.00000%
-6.00991%

0.00000%

-41.43746%

-50.87927%

-74.73206%
-32.28280%
-6.19185%

-19.17566%

-59.09382%

-39.09963%
-12.71840%
0.00000%

0.00000%
-85.63388%
-84.31715%

0.00000%

0.00000%
-80.16968%
-72.60007%
-80.46724%
-76.94592%

0.00000%
-83.77801%
-69.23726%
-79.14651%
-72.58621%
-53.67390%
-11.60731%
-90.62619%
-34.44329%
-90.04401%
-83.78218%
-81.74604%
-61.76997%
-73.98014%
-66.89062%
-79.28058%
-79.50079%
-80.57748%
-81.03115%
-44.07928%
-71.24232%
-84.79022%
-81.47830%

0.00000%
-71.31749%
-87.86346%
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0.00000%
-88.74220%
-90.35520%

0.00000%

0.00000%
-87.68385%
-78.68629%
-86.15060%
-80.89213%

0.00000%
-89.18182%
-73.18467%
-87.38328%
-76.92431%
-56.43185%
-13.24121%
-93.26689%
-35.45809%
-94.07337%
-90.81924%
-89.63519%
-65.73062%
-81.21869%
-71.72858%
-87.04753%
-85.05026%
-83.62011%
-85.04797%
-46.11427%
-76.67583%
-91.64040%
-88.64585%

0.00000%
-75.16575%
-92.81418%

0.00000%
-88.47026%
-85.28851%

0.00000%

0.00000%
-84.84902%
-74.20643%
-78.89720%
-72.45639%

0.00000%
-82.72727%
-68.16059%
-83.78601%
-75.36967%
-52.52951%

-5.62602%
-91.72710%
-20.13591%
-93.67216%
-88.93214%
-86.96474%
-60.83597%
-75.14619%
-64.44675%
-83.61449%
-78.56068%
-80.57801%
-84.44824%
-37.47587%
-70.76105%
-90.02147%
-86.17435%

0.00000%
-63.04654%
-89.14813%

0.00000%
-80.53608%
-74.24961%

0.00000%

0.00000%
-70.75489%
-64.92932%
-71.05899%
-69.47364%

0.00000%
-75.62200%
-64.30594%
-69.10095%
-66.42969%
-50.54559%
-10.63218%
-85.40579%
-30.20516%
-83.78681%
-74.69745%
-72.09132%
-57.37130%
-65.61731%
-61.32565%
-69.85460%
-69.80147%
-74.04182%
-74.83328%
-38.43095%
-64.85346%
-75.76187%
-72.27753%

0.00000%
-64.10218%
-79.98656%

0.00000%
-81.57164%
-77.03630%

0.00000%

0.00000%
-72.89646%
-66.67772%
-73.65949%
-71.59065%

0.00000%
-78.10271%
-65.62524%
-71.44276%
-67.76956%
-51.46307%
-11.21571%
-86.74997%
-31.85994%
-85.09563%
-76.72485%
-74.27766%
-58.63032%
-67.72296%
-62.92482%
-71.99479%
-72.31667%
-75.65953%
-76.09675%
-40.06152%
-66.48554%
-77.77932%
-74.35529%

0.00000%
-66.37044%
-82.26257%

0.00000%
-83.35297%
-80.62726%

0.00000%

0.00000%
-76.09205%
-69.36434%
-77.15484%
-74.53464%

0.00000%
-81.07667%
-67.40748%
-74.84591%
-69.98652%
-52.70697%
-12.03097%
-88.66308%
-34.16177%
-87.23646%
-79.79858%
-77.54051%
-60.33243%
-70.61330%
-64.94990%
-75.19766%
-75.94644%
-78.17711%
-78.29431%
-42.63731%
-68.75535%
-80.81974%
-77.48076%

0.00000%
-69.35371%
-85.03361%



Volusia

WGHTD AVE -25.02921%

Wakulla

WGHTD AVE -18.10526%

Walton

Washington

WGHTD AVE 0.00000%

STATEWIDE
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-86.32572%
-73.89120%
-55.34625%
0.00000%
-72.16073%

-64.21510%
0.00000%
-2.29525%

-85.33928%
-70.09247%
-42.82134%
0.00000%
-64.90470%
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-89.13956%
-73.08391%
-44.33554%
0.00000%
-68.88660%

-88.24555%
-64.29166%
-30.24304%
0.00000%
-64.43920%

-79.67049%
-63.66831%
-37.72252%
0.00000%
-59.99129%

-80.89710%
-65.51841%
-39.50704%
0.00000%
-61.28764%

-82.85748%
-68.15279%
-41.97542%
0.00000%
-63.12186%



Form A-7: Percentage Change In Output Ranges (V2.5 to V2.6)
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LOSS COSTS PER $1,000
Personal Residential -- Owners -- FRAME
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$0 $0 $0 DEDUCTIBLE $0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
DEDUCTIBLE DEDUCTIBLE APPURTENANT ADDITIONAL DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE
COUNTY LOSS COSTS STRUCTURE CONTENTS STRUCTURE LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*
Alachua WGHTD AVE -1.86489% -3.65436% -69.94907% -6.30652% -19.71340% -32.77403% -37.47334% -32.77403% -35.28265% -41.89495%
Baker WGHTD AVE -65.77310% -10.58354% -23.58956% -26.08420% -23.58956% -23.69654% -30.18564%
Bay WGHTD AVE -50.16457%
Bradford WGHTD AVE -13.25836% -16.25826% -73.19674% -19.16569% -29.79977% -42.95458% -47.79225% -42.95458% -45.82651% -52.13195%
Brevard WGHTD AVE -12.90664% -16.10988% -72.62827% -14.40661% -20.51738% -22.81286% -26.16902% -22.81286% -24.67511% -32.10567%
Broward WGHTD AVE -10.22918% -9.07928% -75.00988% -2.60711% -15.79787% -16.63182% -17.59755% -16.63182% -17.17212% -18.41740%
Calhoun WGHTD AVE -63.42863% -5.15845% -21.82330% -30.36118% -21.82330% -27.20644% -39.09112%
Charlotte WGHTD AVE -6.29358% -71.07693% -12.18358% -13.32925% -13.77302% -13.32925% -13.40247% -12.97978%
Citrus WGHTD AVE -10.95299% -11.37114% -72.82473% -10.69471% -19.14719% -22.25982% -26.58042% -22.25982% -24.69733% -34.04859%
Clay WGHTD AVE -66.51826% -11.00161% -22.70816% -24.38050% -22.70816% -22.31279% -26.42204%
Collier WGHTD AVE -7.53202% -5.96944% -72.05265% -2.18597% -15.10475% -16.71159% -18.92493% -16.71159% -17.89494% -22.45463%
Columbia WGHTD AVE -11.67028% -15.56722% -73.07903% -20.54647% -29.06755% -42.85969% -48.54973% -42.85969% -46.53040% -53.46915%
De Soto WGHTD AVE -67.10833% -5.29480% -6.38749% -6.68637% -6.38749% -6.26982% -6.10471%
Dixie WGHTD AVE -68.74558% -7.91895% -15.37671% -11.27717% -15.37671% -10.94957% -2.98073%
Duval WGHTD AVE -5.81019% -6.62110% -70.96377% -7.71405% -22.18129% -33.53131% -36.06190% -33.53131% -34.45144% -37.68477%
Escambia WGHTD AVE -37.69130%
Flagler WGHTD AVE -58.18839%
Franklin WGHTD AVE -12.31730% -14.46104% -69.16122% -22.11256% -25.92656% -32.46976% -35.41293% -32.46976% -34.41967% -37.27299%
Gadsen WGHTD AVE -12.98438% -18.26438% -73.77354% -22.58450% -30.85218% -45.36204% -51.37890% -45.36204% -49.39252% -56.25029%
Gilchrist WGHTD AVE -11.32602% -15.17945% -74.07614% -20.33731% -29.02534% -40.68445% -45.33598% -40.68445% -43.61616% -48.46766%
Glades WGHTD AVE -30.37513% -48.44844% -79.48213% -52.63312% -39.71073% -42.99413% -48.84160% -42.99413% -46.54397% -58.94043%
Hamilton WGHTD AVE -19.16980% -22.50205% -75.04435% -25.09317% -34.67927% -47.53483% -51.93408% -47.53483% -50.24326% -55.58204%
Hardee WGHTD AVE -6.50717% -3.37307% -70.30287% _ -13.78638% -15.94109% -18.96321% -15.94109% -17.53011% -24.92015%
Hendry WGHTD AVE -1.03221% _ -68.51957% _ -7.53698% -9.05975% -10.63245% -9.05975% -9.77417% -12.75718%
Hernando WGHTD AVE -1.86411% _ -69.20517% _ -9.16184% -11.61366% -14.26990% -11.61366% -12.96457% -18.10980%
Highlands WGHTD AVE -12.66933% -15.38961% -72.69977% -15.08610% -20.65948% -23.50508% -27.79128% -23.50508% -25.91191% -36.06910%
Hillsborough WGHTD AVE -8.40743% _ -70.93713% _ -14.33783% -15.80736% -16.88620% -15.80736% -16.23777% -17.69603%



Homes | weHTDAVE |[12403994% 25.07881% | 619903206 || 28.70185% | 3.06734% || -0.98882%  -12.42274%  -9.98882%  -10.32043%  -13.30668%
indanRiver | WGHTDAVE | -7.63499%  -13.60163%  -71.80957% 12.76779%  -15.80696%  -17.97131%  -21.56132%  -17.97131%  -20.02431%  -27.69571%
Jackson | WGHTD AVE 62.66419% | 1501940% | -2.40477%  -18.73974%  -24.75667%  -18.73974%  -21.06232%  -30.88675%
Jefferson | WGHTDAVE | -17.33914%  -18.32358%  -74.54371% 17.50495%  -32.24953%  -44.05352%  -46.20981%  -44.05352%  -44.90883%  -46.58590%
Lafayette | WGHTDAVE | -10.24517%  -9.44335%  -73.18975% 7.84621% 26.23698%  -37.55522%  -39.03112%  -37.55522%  -37.78012%  -37.86835%
Lake WGHTDAVE | -2.45949%  -2.60181%  -68.95005% -0.53207% 10.61636%  -13.46549%  -17.67897%  -13.46549%  -15.73195%  -26.31767%
Lee WGHTDAVE | -6.02473%  -4.85356%  -73.19745% | | L.61667% | -14.61298%  -16.04750%  -17.65470%  -16.04750%  -1684917%  -19.79984%
Leon WGHTDAVE | -1455760%  -19.44096%  -74.11565% 22.93300%  -31.70016%  -44.97278%  -49.90907%  -44.97278%  -48.10706%  -53.78421%
Levy WGHTDAVE | -6.27754%  -11.52800%  -73.31147% 15.33091%  -24.30325%  -34.70007%  -38.22520%  -34.70007%  -36.63179%  -40.38606%
Lbety | WGHTDAVE | -11.76413%  -22.11826%  -74.10803% 31.67433%  -32.31038%  -47.94320%  -56.11064%  -47.94320%  -53.00848%  -62.82377%
Madison | WGHTDAVE | -18.89453%  -20.59418%  -75.09089% 21.77616%  -34.05384%  -45.99861%  -49.41462%  -45.09861%  -47.87671%  -51.66470%
Manatee | WGHTDAVE | -882064% || BI06BAS% | -71.83433% | 18.28221% | -14.08378%  -1491758%  -14.36354%  -14.01758%  -14.38758%  -1152176%
Maron | WGHTDAVE | -6.87416%  -12.70665%  -71.34814% 14.66839%  -16.02836%  -19.57227%  -25.03510%  -19.57227%  -22.63819%  -35.83533%
Martin WGHTDAVE | -9.40487%  -23.58614%  -72.58856% 19.17750%  -17.59286%  -19.41005%  -23.43673%  -19.41005%  -21.80946%  -30.27192%

Miami-Dade | WGHTD AVE -69.50096%

Monroe | WGHTD AVE -62.09369%
Nassau | WGHTDAVE | -18.23528%  -22.92623%  -75.12717% 27.56265%  -34.05465%  -45.60509%  -49.73442%  -45.60509%  -48.16225%  -53.05353%

Okaloosa | WGHTD AVE -42.07509%

Okeechobee | WGHTDAVE | -36.68357%  -57.93010%  -81.50198% 62.84581%  -46.50187%  -50.36520%  -56.85426%  -50.36520%  -54.36699%  -67.48440%
Oange | WGHTDAVE | -0.05288%  -13.37168%  -71.23583% 14.09479%  -17.20366%  -20.06120%  -24.52212%  -20.06129%  -22.51691%  -33.87246%
Osceola | WGHTDAVE | -7.60162%  -14.53447%  -70.81363% -14.97080%  -16.18828%  -19.07187%  -23.81752%  -19.07187%  -21.68414%  -34.03195%

PamBeach | WGHTDAVE | -12.68602%  -17.30645%  -74.71946% 10.00211%  -19.12247%  -20.32112%  -22.20202%  -20.32112%  -21.46829%  -24.95820%
Pasco WGHTDAVE | -851437%  -4.21267%  -71.52933% 15.92549%  -18.23303%  -21.23509%  -18.23303%  -19.82721%  -26.21535%
Pinellass | WGHTDAVE | -2.56762% -69.31011% 6.95921%  -7.45574%  -5.73034%  -7.45574%  -6.15619% _

Polk WGHTDAVE | -6.31491%  -2.23688%  -69.71420% 13.43629%  -15.67034%  -18.66608%  -15.67034%  -17.23168%  -24.58701%
Punam | WGHTD AVE -64.01530% 3.81630%  -14.66448%  -17.01253%  -14.66448%  -14.54026%  -20.63007%
StJdohns | WGHTDAVE -65.61881% 1.31533%  7.75337%  -3.64977%  -7.75337%  -2.90367% |  1.81697% |
Stluce | WGHTDAVE | -8.89835%  -22.71736%  -72.74332% -10.08904%  -17.24447%  -19.16157%  -23.35827%  -19.16157%  -21.63520%  -30.67459%

SantaRosa | WGHTD AVE -41.64007%

Sarasota | WGHTDAVE | -7.43210% -70.79153% 12.67750%  -13.54780%  -13.36749%  -13.54780%  -13.20913%  -11.49034%
Seminole | WGHTDAVE | -6.12285%  -7.93180%  -69.74513% -6.89774% 14.16861%  -17.05331%  -21.31408%  -17.05331%  -19.32316%  -30.59408%

Sumter | WGHTDAVE | -35.59857%  -56.72652%  -81.22115% 62.92806%  -45.62302%  -49.61125%  -56.27985%  -49.61125%  -53.68761%  -67.54519%
Suwanee | WGHTDAVE | -20.39756%  -25.44770%  -75.96136% 30.28574%  -36.70869%  -49.73000%  -54.88243%  -49.73000%  -53.17395%  -58.86175%
Taylor WGHTDAVE | -3.56576% -71.10301% 17.49541%  -24.92308%  -20.64511%  -24.92398%  -20.36874%  -12.39019%
Union WGHTD AVE -67.23219% 14.63950%  -27.24520%  -30.80066%  -27.24520%  -28.41398%  -35.33966%
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vousa | woHDave |[13186272% 102444206 -66.2844206 ||| 17.92206% | -3.02502% ~ -4.61227%  -6.59830%  -4.61227%  -5.44609%  -11.01606%
Wakila | WGHTDAVE | -20.16108%  -26.23184%  -76.64986% -30.13248%  -36.54980%  -47.40055%  -51.23471%  -47.40955%  -49.86133%  -53.54279%
Washington | WGHTD AVE 4.32114%  -66.82497% 12.87610%  -14.25523%  -28.00535%  -35.80007%  -28.00535%  -33.32519%  -42.38209%
STATEWIDE | WGHTD AVE 6854102% ||| 6A1378% | -7.30559%  -0.82248%  -10.62278%  -0.82248%  -9.96552%  -10.97478%
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LOSS COSTS PER $1,000

PERSONAL RESIDENTIAL -Owners -- MASONRY

0% 0% $0 DEDUCTIBLE $0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
DEDUCTIBLE DEDUCTIBLE APPURTENANT ADDITIONAL DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE
COUNTY LOSS COSTS STRUCTURE CONTENTS STRUCTURE LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*
Alachua WGHTD AVE -0.44503% -2.04632% -69.40920% -4.02025% -18.99458% -33.05655% -37.58410% -33.05655% -35.46507% -41.48871%
Baker WGHTD AVE -65.69503% -11.01077% -25.08211% -27.61024% -25.08211% -25.31752% -31.32159%
Bay WGHTD AVE -50.28052%
Bradford WGHTD AVE -12.13705% -15.09057% -73.11353% -17.71527% -29.34906% -43.28105% -47.90278% -43.28105% -46.04939% -51.48003%
Brevard WGHTD AVE -12.50519% -14.90653% -72.84898% -13.19607% -21.13162% -23.88049% -27.58137% -23.88049% -25.84913% -34.33561%
Broward WGHTD AVE -17.40534% -18.12982% -75.46576% -13.83303% -24.86586% -26.75382% -28.87641% -26.75382% -27.97286% -31.43099%
Calhoun WGHTD AVE -63.44588% -5.05542% -22.84597% -31.23849% -22.84597% -28.25740% -39.13962%
Charlotte WGHTD AVE -5.62781% -70.66843% -13.14421% -14.95386% -16.50884% -14.95386% -15.54939% -18.46459%
Citrus WGHTD AVE -10.05519% -11.15964% -73.08541% -10.41488% -19.50807% -23.15162% -27.84156% -23.15162% -25.70462% -36.35385%
Clay WGHTD AVE -65.92096% -10.30499% -23.06995% -25.01538% -23.06995% -22.90421% -27.28068%
Collier WGHTD AVE -7.60791% -8.14247% -72.35982% -4.36749% -16.77654% -18.94899% -21.96807% -18.94899% -20.51188% -27.30083%
Columbia WGHTD AVE -10.30263% -14.41847% -73.13598% -19.40852% -28.58495% -43.23115% -48.77790% -43.23115% -46.87899% -52.99007%
De Soto WGHTD AVE -66.97160% -6.35286% -7.92061% -9.06713% -7.92061% -8.15852% -10.91364%
Dixie WGHTD AVE -69.78140% - -14.51397% -24.80875% -23.58575% -24.80875% -22.65375% -19.16649%
Duval WGHTD AVE -2.07919% -2.31008% -69.68923% -2.16283% -19.28449% -31.67046% -33.94801% -31.67046% -32.28483% -35.38491%
Escambia WGHTD AVE -36.57093%
Flagler WGHTD AVE -56.24265%
Franklin WGHTD AVE -3.35882% -7.06275% -70.97223% -7.82075% -19.00021% -26.03431% -28.45544% -26.03431% -27.50339% -29.73699%
Gadsen WGHTD AVE -12.50353% -17.90799% -73.86690% -21.68529% -31.00620% -46.28716% -52.09169% -46.28716% -50.27846% -56.18150%
Gilchrist WGHTD AVE -10.12448% -14.17542% -74.04281% -19.12728% -28.83697% -41.38454% -46.00858% -41.38454% -44.34261% -48.76600%
Glades WGHTD AVE -27.86631% -43.70192% -79.49554% -49.29930% -38.21275% -41.99490% -47.97783% -41.99490% -45.55104% -58.50784%
Gulf WGHTD AVE -63.56300% _ -5.51764% -4.85148% -5.51764% -3.67057% -1.78645%
Hamilton WGHTD AVE -18.37636% -22.00334% -74.96347% -23.83809% -34.49472% -48.09179% -52.46686% -48.09179% -50.86826% -55.68318%
Hardee WGHTD AVE -5.13874% -2.08208% -69.95649% _ -13.50650% -16.12706% -19.62507% -16.12706% -17.86243% -26.96930%
Hendry WGHTD AVE -2.96437% _ -69.24552% _ -10.90749% -13.03272% -15.51709% -13.03272% -14.18425% -19.83669%
Hernando WGHTD AVE -2.97397% _ -69.94985% _ -11.47202% -14.41254% -17.51055% -14.41254% -15.91883% -22.57440%
Highlands WGHTD AVE -9.75736% -9.98820% -71.95666% -8.11688% -18.64269% -21.85483% -26.18434% -21.85483% -24.14636% -34.88638%
Hillsborough WGHTD AVE -9.07942% -0.02915% -71.33267% _ -16.49289% -18.60547% -20.69591% -18.60547% -19.52251% -24.08044%
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Holmes WGHTD AVE _ -62.94947% _ 14.04379%  -16.98679%  -14.04379%  -14.85153%  -18.11912%

Indian River WGHTD AVE | -10.03426% -17.25317% -72.23080% -16.73243% -19.48127% -22.28059% -26.55426% -22.28059% -24.69059% -33.95028%

Jackson WGHTD AVE -63.75444% _ -5.43641% -23.18469% -29.79036% -23.18469% -27.11476% -35.72840%

Jefferson WGHTD AVE -16.74489% -17.99827% -74.45715% -17.34318% -32.19571% -44.82216% -46.87780% -44.82216% -45.61280% -46.98913%
Lafayette WGHTD AVE -10.01464% -9.92665% -73.21804% -8.31119% -26.80792% -39.04258% -40.64761% -39.04258% -39.41785% -39.53314%
Lake WGHTD AVE -4.20935% -6.42406% -70.19790% -5.43013% -13.72403% -17.14758% -21.88514% -17.14758% -19.65472% -31.53956%
Lee WGHTD AVE -11.52690% -11.68835% -73.44783% -9.16832% -20.42797% -22.85001% -26.13014% -22.85001% -24.57754% -31.97359%
Leon WGHTD AVE -11.80372% -16.01050% -73.29831% -18.33044% -29.52763% -43.50061% -47.86799% -43.50061% -46.15837% -50.73253%
Levy WGHTD AVE -11.73416% -18.33802% -74.11838% -24.84255% -30.37729% -42.39523% -47.50073% -42.39523% -45.76976% -51.15152%
Liberty WGHTD AVE -10.19987% -20.07835% -73.92846% -29.26205% -31.53605% -48.04097% -56.03420% -48.04097% -53.98123% -61.94072%
Madison WGHTD AVE -17.81657% -19.62324% -74.82887% -20.14856% -33.57803% -46.32006% -49.57935% -46.32006% -48.10984% -51.33366%
Manatee WGHTD AVE -11.37530% -0.52754% -72.44511% _ -18.39329% -19.95871% -20.81390% -19.95871% -20.17206% -21.26662%
Marion WGHTD AVE -3.61871% -6.42818% -70.52307% -6.75524% -13.54252% -17.50988% -22.97346% -17.50988% -20.42863% -34.09114%
Martin WGHTD AVE -15.08983% -27.48936% -72.72651% -25.86361% -24.24627% -27.14555% -31.93355% -27.14555% -29.97283% -40.15540%

Miami-Dade WGHTD AVE -1.12464% -71.27421% -7.58288% -8.40924% -8.10332% -8.40924% -8.03936% -6.00968%
Monroe WGHTD AVE -58.47374%

Nassau WGHTD AVE -18.93235% -24.06745% -75.37067% -29.44080% -35.45935% -48.17072% -52.68679% -48.17072% -51.13645% -56.00736%
Okaloosa WGHTD AVE -42.46478%

Okeechobee WGHTD AVE -33.45834% -52.08908% -81.30074% -58.89454% -44.26266% -48.57589% -55.13517% -48.57589% -52.55788% -66.14947%
Orange WGHTD AVE -6.14399% -8.22472% -70.54304% -7.71928% -15.15637% -18.38621% -22.94773% -18.38621% -20.74637% -32.89104%
Osceola WGHTD AVE -6.56385% -11.32107% -70.83777% -10.73157% -15.96957% -19.19953% -23.94906% -19.19953% -21.68663% -34.36425%

Palm Beach WGHTD AVE -19.58812% -22.99849% -76.00888% -19.43086% -27.47818% -29.66334% -32.39285% -29.66334% -31.24475% -36.07910%

Pasco WGHTD AVE -9.00558% -5.85839% -72.05159% -1.23674% -17.67747% -20.56960% -24.12993% -20.56960% -22.38737% -30.48031%
Pinellas WGHTD AVE -5.48830% -70.34580% -11.99482% -13.39996% -13.58934% -13.39996% -13.12593% -12.18445%
Polk WGHTD AVE -5.32301% -2.24831% -69.70002% -13.62149% -16.35767% -19.90398% -16.35767% -18.11673% -27.35676%
Putnam WGHTD AVE -64.18663% -5.29372% -17.34620% -20.01733% -17.34620% -17.54103% -23.69426%

64.68773% | 36.53866%  0.35354% | -6.37148%  -100034%  -6.37148%  -0.36356% | 5.36810%

St. Johns WGHTD AVE

St. Lucie WGHTD AVE -14.37527% -24.88983% -72.75846% -23.93183% -23.46785% -26.46392% -31.25980% -26.46392% -29.25141% -39.78671%
Santa Rosa WGHTD AVE -42.23216%
Sarasota WGHTD AVE -8.85795% -71.50359% -15.88908% -17.41630% -18.42422% -17.41630% -17.68196% -19.34261%
Seminole WGHTD AVE -4.53997% -5.36343% -69.57563% -3.42313% -13.54385% -16.85594% -21.31168% -16.85594% -19.10235% -31.26838%
Sumter WGHTD AVE -25.91709% -41.61750% -78.85544% -47.94305% -36.71975% -41.14016% -47.66081% -41.14016% -44.99454% -59.24614%
Suwanee WGHTD AVE -19.48980% -24.58467% -75.95654% -28.90804% -36.41228% -50.20690% -55.13360% -50.20690% -53.57774% -58.46919%
Taylor WGHTD AVE -4.85321% -71.23198% -19.47409% -27.98749% -24.03102% -27.98749% -23.56745% -16.61050%
Union WGHTD AVE -67.22743% -15.06748% -28.65617% -32.16629% -28.65617% -29.91535% -36.13122%
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Volusia worroave |11313345106 77225% |  -66.60504% |||14.95833% || -4.88503%  -7.00778%  -10.02654%  -7.09778%  -8.34669%  -16.83750%
Wekila | WGHTDAVE | -19.25364%  -25.34843%  -76.38907% 20.92969%  -36.50012%  -48.19847%  -52.11150%  -48.19847%  -50.74621%  -54.17269%
Washington | WGHTD AVE 0.81151%  -66.44292% -0.72859% 12.97410%  -27.93138%  -35.73451%  -27.93138%  -33.31500%  -41.88507%
STATEWDE | WGHTDAVE | -886702%  -6.77122%  -72.36438% -0.97272% 17.12665%  -19.32044%  -21.45763%  -19.32044%  -20.39912%  -24.36992%
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LOSS COSTS PER $1,000

PERSONAL RESIDENTIAL - MOBILE HOMES

FPHLM V2.6 2007
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$0 $0 $0 DEDUCTIBLE $0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
DEDUCTIBLE DEDUCTIBLE APPURTENANT ADDITIONAL DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE
COUNTY LOSS COSTS STRUCTURE CONTENTS STRUCTURE LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*

Alachua WGHTD AVE -42.70952% -51.15840% -71.44882% -54.10928% -50.11707% -51.75085% -54.74667% -50.11707% -51.75085% -54.74667%
Baker WGHTD AVE -22.46073% -20.41758% -66.44447% -24.13758% -30.67130% -31.87073% -32.30260% -30.67130% -31.87073% -32.30260%
Bradford WGHTD AVE -47.02382% -53.72898% -73.62845% -57.32159% -54.32346% -55.94545% -58.80396% -54.32346% -55.94545% -58.80396%
Brevard WGHTD AVE -18.03835% -21.36412% -72.09247% -17.90640% -20.76383% -20.97615% -21.32866% -20.76383% -20.97615% -21.32866%
Broward WGHTD AVE -15.80985% -16.37633% -74.21712% -11.18418% -17.32790% -17.32054% -17.02249% -17.32790% -17.32054% -17.02249%
Calhoun WGHTD AVE -25.87066% -38.08293% -63.40515% -41.01116% -35.58237% -37.66657% -41.56668% -35.58237% -37.66657% -41.56668%
Charlotte WGHTD AVE -7.43793% -0.25729% -70.79767% _ -7.56378% -7.10274% -5.26722% -7.56378% -7.10274% -5.26722%
Citrus WGHTD AVE -25.97884% -34.31688% -73.18163% -33.12235% -30.45933% -31.41167% -33.84691% -30.45933% -31.41167% -33.84691%
Clay WGHTD AVE -31.49024% -37.98514% -68.40094% -41.00400% -39.64869% -41.22423% -43.64079% -39.64869% -41.22423% -43.64079%
Collier WGHTD AVE -5.03375% -0.13047% -70.51728% _ -5.34159% -4.93947% -3.47640% -5.34159% -4.93947% -3.47640%
Columbia WGHTD AVE -37.17557% -40.69152% -69.60151% -44.66029% -44.52600% -46.09817% -48.46837% -44.52600% -46.09817% -48.46837%
Dixie WGHTD AVE -34.19184% -34.57803% -69.72781% -37.03042% -39.71159% -40.78251% -41.91955% -39.71159% -40.78251% -41.91955%
Duval WGHTD AVE -45.44296% -53.09946% -73.30641% -55.53125% -52.62535% -54.08030% -56.53648% -52.62535% -54.08030% -56.53648%
Franklin WGHTD AVE -37.27009% -43.07265% -70.49542% -42.57989% -41.62189% -42.45722% -43.78887% -41.62189% -42.45722% -43.78887%
Gadsen WGHTD AVE -49.73350% -58.87735% -73.60641% -62.52653% -57.60189% -59.47417% -63.13465% -57.60189% -59.47417% -63.13465%
Gilchrist WGHTD AVE -48.47344% -56.05530% -74.00050% -58.44613% -54.68746% -56.07895% -58.65058% -54.68746% -56.07895% -58.65058%
Glades WGHTD AVE -44.93960% -57.30900% -79.49531% -55.47051% -49.92392% -50.98607% -53.80468% -49.92392% -50.98607% -53.80468%
Gulf WGHTD AVE -29.24549% -36.23840% -66.26043% -37.71936% -35.94065% -37.25373% -39.19033% -35.94065% -37.25373% -39.19033%
Hamilton WGHTD AVE -55.80378% -64.26646% -76.65291% -67.11063% -63.12041% -64.77748% -67.92251% -63.12041% -64.77748% -67.92251%
Hardee WGHTD AVE -20.31401% -23.49838% -72.21632% -21.24636% -23.19245% -23.54412% -24.20718% -23.19245% -23.54412% -24.20718%
Hendry WGHTD AVE -4.86787% _ -69.76953% _ -5.26072% -4.86387% -3.24941% -5.26072% -4.86387% -3.24941%
Hernando WGHTD AVE -15.41486% -16.43904% -70.11143% -14.59371% -18.31273% -18.66099% -19.16317% -18.31273% -18.66099% -19.16317%
Highlands WGHTD AVE -23.12903% -28.43020% -72.97670% -25.81179% -26.69867% -27.27518% -28.57278% -26.69867% -27.27518% -28.57278%
Hillsborough WGHTD AVE -16.44385% -11.93615% -71.96111% -9.03818% -17.46632% -17.26395% -16.11894% -17.46632% -17.26395% -16.11894%




-14.05363%
-3.12777%
-25.26146%
-47.32396%
-43.87668%
-14.01153%
-13.46888%
-48.75702%
-48.94659%
-52.59115%
-47.06352%
-3.88902%
-20.53938%
-21.04022%
-14.93725%

-14.75532%
-1.78773%
-35.94695%
-47.06978%
-43.06896%
-18.07554%
-12.05344%
-59.86169%
-58.27968%
-64.76792%
-50.44284%
 102008%
-30.23458%
-29.22202%
-16.84753%

Holmes WGHTD AVE
Indian River WGHTD AVE
Jackson WGHTD AVE
Jefferson WGHTD AVE
Lafayette WGHTD AVE
Lake WGHTD AVE
Lee WGHTD AVE
Leon WGHTD AVE
Levy WGHTD AVE
Liberty WGHTD AVE
Madison WGHTD AVE
Manatee WGHTD AVE
Marion WGHTD AVE
Martin WGHTD AVE
Miami-Dade WGHTD AVE
Monroe WGHTD AVE
Nassau WGHTD AVE |
Okaloosa WGHTD AVE
Okeechobee WGHTD AVE
Orange WGHTD AVE
Osceola WGHTD AVE
Palm Beach WGHTD AVE
Pasco WGHTD AVE
Pinellas WGHTD AVE
Polk WGHTD AVE
Putnam WGHTD AVE
St. Johns WGHTD AVE
St. Lucie WGHTD AVE
Santa Rosa WGHTD AVE
Sarasota WGHTD AVE
Seminole WGHTD AVE
Sumter WGHTD AVE
Suwanee WGHTD AVE
Taylor WGHTD AVE
Union WGHTD AVE
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-54.74304%

-50.93444%
-14.08736%
-18.93531%
-19.97853%
-10.09826%
-8.85312%
-15.16759%
-8.09164%
-7.36438%
-0.22714%

-5.15598%
-12.64983%
-35.96688%
-55.25397%
-33.80940%
-27.90161%

-64.86286%

-64.39981%
-17.04289%
-25.67314%
-22.49679%
-5.33064%

-15.04510%
-4.14925%

-0.59661%

-13.50620%
-49.86171%
-62.95884%
-27.87971%
-29.61850%

-61.16136%
-68.04199%
-63.61895%
-74.63402%
-73.15832%
-69.83363%
-72.22711%
-73.96023%
-74.26686%
-73.76079%
-74.40628%
-70.13876%
-71.28392%
-73.75432%
-74.04042%
-61.15814%
-76.53340%
-51.87068%
-81.19199%
-70.16032%
-71.58774%
-74.48174%
-69.15300%
-71.12877%
-70.56011%
-61.43506%
-63.37363%
-68.45502%
-44.13745%
-70.92664%
-69.51965%
-75.77928%
-76.62141%
-71.16110%
-67.46696%

-18.12833%

| 2amen
-38.91090%
-51.17076%
-46.79452%
-15.37879%
-9.34230%
-62.33259%
-60.11442%
-67.38886%
-54.16594%

B
-28.74556%
-23.86586%
-13.44855%

-20.97655%
-4.69935%
-34.87142%
-53.38515%
-49.39007%
-17.52613%
-14.83158%
-56.73961%
-55.26123%
-60.54622%
-53.86512%
-2.27199%
-25.50602%
-24.46746%
-16.79561%

-22.27382%
-4.41663%
-36.89041%
-54.66116%
-50.58469%
-18.01643%
-14.76425%
-58.43351%
-56.59272%
-62.44844%
-55.30300%
-1.22430%
-26.61522%
-24.96937%
-16.88402%

-23.55085%
-3.32753%
-40.46814%
-56.22997%
-52.01549%
-19.09565%
-14.24467%
-61.70142%
-59.15289%
-66.39077%
-57.49161%
| zasran
-29.66518%
-26.30252%
-16.93241%

-20.97655%
-4.69935%
-34.87142%
-53.38515%
-49.39007%
-17.52613%
-14.83158%
-56.73961%
-55.26123%
-60.54622%
-53.86512%
-2.27199%
-25.50602%
-24.46746%
-16.79561%

-22.27382%
-4.41663%
-36.89041%
-54.66116%
-50.58469%
-18.01643%
-14.76425%
-58.43351%
-56.59272%
-62.44844%
-55.30300%
-1.22430%
-26.61522%
-24.96937%
-16.88402%

-23.55085%
-3.32753%
-40.46814%
-56.22997%
-52.01549%
-19.09565%
-14.24467%
-61.70142%
-59.15289%
-66.39077%
-57.49161%
| zaoran
-29.66518%
-26.30252%
-16.93241%

-67.43346%

-62.12914%

-63.77740%

-67.01267%

-62.12914%

-63.77740%

-67.01267%

-62.96365%
-13.30792%
-22.69475%
-17.62446%
-2.39834%

-12.09674%
-6.36155%

-9.88138%

-48.09997%
-66.47518%
-30.65858%
-32.91829%
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-56.27849%
-17.21202%
-22.81126%
-22.05899%
-11.57228%
-8.39347%
-17.42130%
-14.43983%
-11.47179%
-1.61665%

-3.93905%
-15.38938%
-41.60557%
-62.18390%
-38.06430%
-35.61638%

-57.49841%
-17.50844%
-23.37577%
-22.21792%
-11.35999%
-7.75947%
-17.51086%
-15.12891%
-11.60884%
-1.33732%

-3.12158%
-15.53306%
-42.85308%
-63.81433%
-38.68425%
-36.95553%

-60.72658%
-18.03852%
-24.79201%
-22.42233%
-10.16610%
-5.34467%
-17.28434%
-14.32575%
-9.25931%
-0.40352%

-0.19898%
-15.52711%
-46.22108%
-66.91928%
-38.23501%
-38.35374%

-56.27849%
-17.21202%
-22.81126%
-22.05899%
-11.57228%
-8.39347%
-17.42130%
-14.43983%
-11.47179%
-1.61665%

-3.93905%
-15.38938%
-41.60557%
-62.18390%
-38.06430%
-35.61638%

-57.49841%
-17.50844%
-23.37577%
-22.21792%
-11.35999%
-7.75947%
-17.51086%
-15.12891%
-11.60884%
-1.33732%

-3.12158%
-15.53306%
-42.85308%
-63.81433%
-38.68425%
-36.95553%

-60.72658%
-18.03852%
-24.79201%
-22.42233%
-10.16610%
-5.34467%
-17.28434%
-14.32575%
-9.25931%
-0.40352%

-0.19898%
-15.52711%
-46.22108%
-66.91928%
-38.23501%
-38.35374%



Volusia WGHTD AVE 666516206 ||| 1256504% | -0.01921% | 0.73860% | 349111% | -0.01921% | 0.73860% 8491119

Wakula WGHTDAVE | -55.79041%  -62.31875%  -77.16987% -64.89304% 61.76280%  -63.12873%  -65.60002%  -61.76280%  -63.12873%  -65.60002%

Walton WGHTDAVE | -2.43176%  -2.51928% -58.36299% -3.04080% 8.45883%  -0.40265%  -9.82151%  -8.45883%  -0.40265%  -9.82151%
Washington | WGHTDAVE | -31.10027%  -4252400%  -65.90677% -43.79921% 38.79574%  -40.40027%  -43.44508%  -38.79574%  -40.40927%  -43.44598%
STATEWIDE | WGHTDAVE | -14.17492%  -13.41555%  -70.76805% -10.41975% -16.36084%  -16.42066%  -16.05038%  -16.36084%  -16.42066%  -16.05038%
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LOSS COSTS PER $1,000
PERSONAL RESIDENTIAL - Renters -- FRAME

$0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
ADDITIONAL DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE
COUNTY LOSS COSTS CONTENTS LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*

Alachua WGHTD AVE -4.25613% -6.60026% -10.12275% -9.85575% -8.98665% -10.44927%  -10.12275% -9.49009%
Baker WGHTD AVE
Bay WGHTD AVE

Bradford WGHTD AVE -14.74031% -16.44184% -21.51587%  -21.26664%  -20.23307%  -21.69914%  -21.51587%  -20.82378%

Brevard WGHTD AVE -14.36254% -11.64692% -16.74992%  -16.77964%  -16.44280%  -16.68735%  -16.74992%  -16.74292%

Broward WGHTD AVE -5.49456% -1.81789% -1.98499% -1.65042% -1.23009% -2.19896% -1.98499% -1.54015%

-14.51987%

Calhoun WGHTD AVE
Charlotte WGHTD AVE

-14.62472%

-14.69357%  -12.56719%  -14.47791%  -14.62472%

Citrus WGHTD AVE | -11.84536% -11.67809% -14.21691%  -13.50408%  -12.68286%  -14.61278%  -14.21691%  -13.27103%

Clay WGHTD AVE

Collier WGHTD AVE -3.59070% -3.94356% -1.64737% -1.47019% -1.21319% -1.74397% -1.64737% -1.41135%
Columbia WGHTD AVE | -24.96271% -32.10602% -42.84396%  -42.57934%  -41.06672%  -42.81556%  -42.84396% = -42.22580%
De Soto WGHTD AVE

Dixie WGHTD AVE

Duval WGHTD AVE

Escambia WGHTD AVE
Flagler WGHTD AVE

Franklin WGHTD AVE -8.85578% -2.99485% -16.72792% -16.92033% -16.55352% -16.49119% -16.72792% -16.90340%

Gadsen WGHTD AVE -16.07307% -18.51668% -29.77797% -29.10698% -27.42237% -29.70987% -29.77797% -28.71968%

Gilchrist WGHTD AVE -12.54174% -18.49089% -22.47025% -22.06801% -20.97476% -22.75421% -22.47025% -21.82391%

Glades WGHTD AVE -48.49426% -52.89100% -62.73538% -63.09071% -62.57379% -62.42009% -62.73538% -63.04486%
Gulf WGHTD AVE

Hamilton WGHTD AVE -17.52400% -13.85736% -21.68582% -21.32614% -20.75345% -22.06818% -21.68582% -21.44364%

Hendry WGHTD AVE
Hernando WGHTD AVE
Highlands WGHTDAVE | -14.10554% -12.50603% -18.94213%  -18.89083%  -18.23046%  -18.91949%  -18.94213%  -18.73224%
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Hillsborough WGHTD AVE
Holmes WGHTD AVE
Indian River | WGHTD AVE | -9.02793%
Jackson WGHTD AVE
Jefferson WGHTD AVE | -17.83825%
Lafayette WGHTD AVE -9.66667%
Lake WGHTD AVE -0.81799%
Lee WGHTD AVE -3.37317%
Leon WGHTDAVE | -11.41990%
Levy WGHTD AVE | -21.74059%
Liberty WGHTD AVE | -20.55247%
Madison WGHTD AVE | -18.02002%
Manatee WGHTD AVE
Marion WGHTD AVE -6.76742%
Martin WGHTD AVE | -27.96050%
Miami-Dade | WGHTD AVE
Monroe WGHTD AVE
Nassau WGHTDAVE | -22.48079%
Okaloosa WGHTD AVE
Okeechobee | WGHTDAVE | -58.11129%
Orange WGHTD AVE | -12.61810%
Osceola WGHTD AVE -4.43429%
PalmBeach | WGHTDAVE | -13.02568%
Pasco WGHTD AVE
Pinellas WGHTD AVE
Polk WGHTD AVE -1.85118%
Putnam WGHTD AVE
St. Johns WGHTD AVE
St. Lucie WGHTD AVE | -19.54955%
Santa Rosa WGHTD AVE
Sarasota WGHTD AVE
Seminole WGHTDAVE | -10.58019%
Sumter WGHTDAVE | -52.57258%
Suwanee WGHTD AVE -18.73837%
Taylor WGHTD AVE

-4.56015%

-16.66736%
-7.84314%

-1.64980%
-15.01989%
-35.56092%
-27.80141%
-18.10224%

-6.84001%
-25.09473%

-27.67292%

-62.76413%
-12.89423%
-3.23192%
-12.03927%

-16.08051%

-10.00032%
-61.64502%
-22.49211%

-11.10373%

-12.12698%

-11.15994%

-11.49050%

-10.76695%

-11.60844%

-0.46296% _ 0.00000%

-2.89548%

-2.36396%

-11.02735%

-12.79082%
-1.29310%
-2.95406%

-11.10373%

-12.12698%
-0.46296%
-2.97880%

-11.11512%

-10.89715%

-2.80780%

-18.91289%
-39.00531%
-43.87802%
-18.35910%

-14.38222%
-32.54614%

-33.40420%

-73.26198%
-21.15057%
-10.38660%
-12.23869%

-23.42053%

-17.77022%
-70.89754%
-26.07227%

-18.21969%
-39.09323%
-43.71604%
-17.80032%

-14.01339%
-32.89857%

-33.41322%

-73.65467%
-21.20712%
-10.40022%
-12.05922%

-23.64396%

-17.78528%
-71.14243%
-25.47383%

-17.27452%
-38.05694%
-41.56289%
-17.39701%

-12.95061%
-32.86793%

-32.37144%

-73.20420%
-20.30840%
-9.50252%
-11.65987%

-23.36657%

-16.96314%
-70.33134%
-24.78650%

-19.11641%
-38.88198%
-43.81748%
-19.06280%

-14.50237%
-32.26159%

-33.57557%

-72.87922%
-20.98845%
-10.29732%
-12.32836%

-23.20905%

-17.69775%
-70.59639%
-26.27808%

-18.91289%
-39.00531%
-43.87802%
-18.35910%

-14.38222%
-32.54614%

-33.40420%

-73.26198%
-21.15057%
-10.38660%
-12.23869%

-23.42053%

-17.77022%
-70.89754%
-26.07227%

-18.10893%
-38.97960%
-43.25341%
-17.76030%

-13.84939%
-32.97118%

-33.19347%

-73.65731%
-21.07809%
-10.22782%
-11.97943%

-23.65124%

-17.63948%
-71.06657%
-25.04605%
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Union WGHTD AVE -0.65330% -0.41046% -0.53631% -0.41046% -0.03454%
Volusia WGHTD AVE

Wakulla WGHTD AVE | -25.27241% -31.06739% -34.58752% -34.18173% -33.01775% -34.67743% -34.58752% -33.97498%
Washington WGHTD AVE -6.31294% -18.26647% -29.16752% -29.48155% -28.29653% -28.76334% -29.16752% -29.37348%

STATEWIDE | WGHTD AVE
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LOSS COSTS PER $1,000
PERSONAL RESIDENTIAL - Renters -- MASONRY

$0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
ADDITIONAL DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE DEDUCTIBLE
COUNTY LOSS COSTS CONTENTS LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*
Alachua WGHTD AVE -2.30696% -2.85673% -5.45334% -5.03436% -4.47725% -5.88614% -5.45334% -4.97501%
Baker WGHTD AVE
Bay WGHTD AVE
Bradford WGHTD AVE -16.39257% -17.92161% -22.83994%  -22.39871%  -21.29940% = -23.50939% = -22.83994% = -22.23241%
Brevard WGHTD AVE -13.02025% -9.65137% -14.95071%  -14.97188%  -14.58750%  -14.91854%  -14.95071%  -14.91068%
Broward WGHTD AVE -16.16090% -14.44648% -14.73160%  -14.49621%  -14.13922%  -14.87212%  -14.73160%  -14.40647%

-8.54180%

Calhoun WGHTD AVE -10.67905%  -11.04429%  -10.65160%

Charlotte WGHTD AVE

-11.04429%  -10.82904%

Citrus WGHTD AVE -10.97948% -10.36162% -13.23476%  -12.52067%  -11.64460%  -13.68096%  -13.23476%  -12.22685%
Clay WGHTD AVE
Collier WGHTD AVE
Columbia WGHTD AVE -27.25429% -35.40304% -45.66593%  -45.08114%  -43.28305%  -45.53453%  -45.66593%  -44.82281%
De Soto WGHTD AVE
Dixie WGHTD AVE
Duval WGHTD AVE

Escambia WGHTD AVE
Flagler WGHTD AVE

Franklin WGHTD AVE -18.42256% -20.70275% -28.22337% -28.45059% -28.07479% -28.00155% -28.22337% -28.44547%

Gadsen WGHTD AVE -18.87598% -21.62764% -32.82373% -31.91044% -30.15375% -32.91288% -32.82373% -31.64007%

Gilchrist WGHTD AVE -10.89151% -14.87434% -20.20874% -19.66400% -18.45477% -20.25004% -20.20874% -19.32702%

Glades WGHTD AVE -43.80583% -49.37500% -60.53763% -60.78546% -59.88024% -60.26490% -60.53763% -60.72508%
Gulf WGHTD AVE

Hamilton WGHTD AVE -19.64216% -15.52874% -27.33288% -27.02203% -26.18128% -27.40735% -27.33288% -26.90668%

Hendry WGHTD AVE
Hernando WGHTD AVE
Highlands WGHTDAVE | -10.66229% -9.86370% -13.24674%  -12.88750%  -12.23643%  -13.34764% = -13.24674%  -12.73747%
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Hillsborough WGHTD AVE
Holmes WGHTD AVE
Indian River | WGHTDAVE | -11.11204%
Jackson WGHTD AVE
Jefferson WGHTD AVE | -18.43089%
Lafayette WGHTD AVE -7.99932%
Lake WGHTD AVE -0.71373%
Lee WGHTD AVE -5.08634%
Leon WGHTD AVE -6.97136%
Levy WGHTD AVE | -16.46793%
Liberty WGHTD AVE | -18.29331%
Madison WGHTD AVE | -19.96842%
Manatee WGHTD AVE
Marion WGHTD AVE -2.82118%
Martin WGHTD AVE | -31.29070%
Miami-Dade | WGHTD AVE
Monroe WGHTD AVE
Nassau WGHTDAVE | -21.01139%
Okaloosa WGHTD AVE
Okeechobee | WGHTD AVE | -53.52906%
Orange WGHTD AVE | -11.06875%
Osceola WGHTD AVE -4.14704%
PalmBeach | WGHTDAVE | -16.96020%
Pasco WGHTD AVE -3.49683%
Pinellas WGHTD AVE
Polk WGHTD AVE -2.07411%
Putnam WGHTD AVE
St. Johns WGHTD AVE
St. Lucie WGHTD AVE | -21.02156%
Santa Rosa WGHTD AVE
Sarasota WGHTD AVE
Seminole WGHTD AVE -5.99376%
Sumter WGHTDAVE | -29.70627%
Suwanee WGHTD AVE -19.31082%
Taylor WGHTD AVE -1.06887%
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-8.58203%

-18.90250%
-3.64231%

-0.22668%
-10.09993%
-24.82962%
-30.21937%
-19.82371%

-2.17677%
-29.46912%

-29.84379%

-60.07308%
-11.31662%
-2.76579%
-14.28140%

-15.19847%

-14.13111%

-2.91694%

-15.29852%

-13.59152%

-2.84283%

-14.80107%

-13.67298%

-2.17073%

-15.06961%

-14.76009%

-3.05789%

-15.19847%  -15.24295%

-14.13111%  -13.59892%

-2.91694% -2.62877%

-11.02023%
-30.97030%
-42.53575%
-21.02964%

-7.72740%
-39.87329%

-31.49213%

-71.75082%
-19.04792%
-8.70461%
-15.90820%

-10.20753%
-30.76382%
-42.07701%
-20.19298%

-7.15174%
-40.22739%

-31.39223%

-72.04967%
-18.95184%
-8.66456%
-15.65500%

-9.53726%
-29.60570%
-39.73433%
-19.76647%

-6.01311%
-39.87023%

-30.16763%

-71.25482%
-17.84751%
-7.66797%
-15.21803%

-11.39395%
-30.81684%
-42.26790%
-21.45156%

-7.94205%

-39.56547%

-31.55363%

-71.39872%

-19.00481%
-8.78008%

-11.02023%  -10.13583%
-30.97030%  -30.60784%
-42.53575%  -41.59287%
-21.02964%  -20.11813%

-7.72740% -6.92257%

-39.87329%  -40.25295%

-31.49213%  -30.99956%

-71.75082%  -71.97618%

-19.04792%  -18.74497%
-8.70461% -8.43068%

b : : : d -15.90820%  -15.55451%

-19.42160%

-4.07623%
-33.99625%
-19.95856%

-27.73827%

-9.46860%
-47.20182%
-26.27720%

-27.89052%

-9.31357%
-47.14764%
-25.47430%

-27.31573%

-8.48030%
-45.80469%
-24.36135%

-16.05563%

-27.53738%

-9.51473%
-47.00143%
-26.17924%

-27.73827%  -27.84797%

-9.46860% -9.17688%
-47.20182%  -46.93116%
-26.27720%  -25.12985%
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Union

WGHTD AVE -3.17793% -4.64517% -4.46395% -3.97069% -4.24418% -4.66029% -4.46395% -4.04760%

Volusia

WGHTD AVE

Wakulla

Walton

Washington

WGHTD AVE | -24.77200% -31.98928% -35.52092%  -35.39941%  -34.43580%  -35.39403%  -35.52092%  -35.23782%
WGHTD AVE
WGHTD AVE -10.97765% -19.45171%  -19.60155%  -18.13054%  -18.98508%  -19.45171%  -19.41811%

STATEWIDE
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LOSS COSTS PER §$1,000
PERSONAL RESIDENTIAL - CONDO -- FRAME

$0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
ADDITIONAL DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE

COUNTY | LoSscosTs | STRUCTURE | CONTENTS | LIVING EXPENSE TOTAL* TOTAL* TOTAL TOTAL* TOTAL* TOTAL*
Nachua | WGHTDAVE  -0.82164%  -0.70391% -1.05028% 2.40967%  -3.80751%  -2.94904%  -1.30102%  -1.83723%  -2.27703%
Baker WGHTDAVE  0.00000%  0.00000% 0.00000% 0.00000%  0.00000%  0.00000%  0.00000%  0.00000%  0.00000%
Bradford | WGHTDAVE  0.00000%  0.00000% 0.00000% 0.00000%  0.00000%  0.00000%  0.00000%  0.00000%  0.00000%
Brevad | WGHTDAVE  -17.08253%  -22.38721%  -21.07278%  -24.16813%  -27.05317%  -27.15796%  -21.34735%  -21.90478%  -22.63642%
Boward | WGHTDAVE  -9.39232%  -5.68143% 3.35508%  -2.06001%  -1.22670%  -5.27193%  -5.00980%  -4.34182%
Calhoun | WGHTD AVE 0.00000% 7.65766%  -20.47556%  -20.48930%
Charlotte | WGHTDAVE  -5.31809%

Citrus WGHTDAVE  -10.15097%  -11.67320%  -11.11394%  -12.03942%  -13.10793%  -10.74185%  -11.12404%  -11.68291%  -11.75276%
Clay WGHTD AVE
Columbia | WGHTDAVE  -18.22295%  -22.51156%  -25.15106%  -30.53837%  -30.00499%  -38.23461%  -23.34361%  -25.02802%  -27.16818%
DeSoto | WGHTDAVE

Dixie WGHTDAVE  0.00000%  0.00000% 0.00000% 0.00000%  0.00000%  0.00000%  0.00000%  0.00000%  0.00000%
Duval WGHTD AVE
Escambia WGHTD AVE

Flagler WGHTD AVE

Frankin | WGHTDAVE  -6.48450%  -10.70341%  -14.81466%  -14.34121%  -15.51306%  -15.24210%  -11.43066%  -12.02825%  -13.11722%
Gadsen | WGHTDAVE  -8.84086%  0.00000% 0.00000% 13.46405%  -15.03533%  -14.28571%  -11.54979%  -12.51673%  -13.19444%
Gichist | WGHTDAVE  0.00000%  -0.45640% 0.00000% 14.90223%  -18.49315%  -17.35160%  -10.34232%  -11.24047%  -12.83317%
Glades | WGHTDAVE  -30.53875%  -48.70308% 0.00000% 54.83188%  -62.93034%  -63.49614%  -45.50563%  -47.11530%  -50.03624%
Hamiton | WGHTDAVE  0.00000%  0.00000% 0.00000% 0.00000%  0.00000%  0.00000%  0.00000%  0.00000%  0.00000%
Hadee | WGHTDAVE  -835487%  -0.95825% | 6.86761%  2.50305%  058004%  12.16678% @ -2.54709%  -2.15306%  -0.38434%
Hendy | WGHTDAVE  -3.38322%
Hemando | WGHTDAVE  -8.37974%  -0.81722% 2.79523%  -2.73019%  -1.34663%
Hghlands | WGHTDAVE  -8.05464%  -6.39462% -3.94929% 5282300  -3.77282%  -1.78415%  -6.71476%  -6.85710%  -6.10449%
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Holmes WGHTD AVE 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000%
Indian River WGHTD AVE -1.23660% -12.49249% -2.41034% -9.98731% -12.28798% -12.51737% -7.61285% -7.94643% -8.56783%
oon | woroave |MRMBSSIRN oocoocw  oooooos  [NABIGORAN] -osoasv [OOSR SRR Suss s LT
Jefferson WGHTD AVE 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000%
Lafayette WGHTD AVE -10.47794% -9.74188% 0.00000% -5.45455% -0.21322% _ -9.79858% -9.98152% -8.96000%
Lake WGHTD AVE -6.53564% -9.71380% -9.41367% -11.95503% -15.77322% -15.01334% -9.09972% -9.74472% -10.37267%
Lee WGHTD AVE -11.12591% -0.40874% -1.97008% -1.86895% _ -4.46504% -4.21259% -3.20476%
Leon WGHTD AVE -1.17484% -0.95376% -1.31111% -1.27886% -0.86994% -1.42748% -1.83341% -1.91849%
Levy WGHTD AVE
Liberty WGHTD AVE 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000%
Madison WGHTD AVE -18.94531% -19.69561% -19.78799% -18.85566% -17.88991% -16.35389% -19.78923% -20.33223% -20.24117%
Marion WGHTD AVE -0.36985% -5.35713% -2.39378% -9.70972% -18.30592% -17.42672% -3.99955% -5.00844% -6.39157%
Martin WGHTD AVE -9.87197% -23.59016% -19.09341% -24.37494% -27.24380% -28.02576% -20.33439% -20.90208% -22.20437%
Miami-Dade WGHTD AVE
Monroe WGHTD AVE =
Nassau WGHTD AVE -16.46306% -20.50417% -24.27267% -26.08938% -30.70568% -30.05093% -20.97379% -22.07520% -23.62038%
Okeechobee | WGHTD AVE -34.94467% -54.47179% -59.79971% -61.66541% -70.56622% -71.16530% -51.42135% -53.16642% -56.43006%
Orange WGHTD AVE -11.47556% -17.07040% -18.74183% -20.89077% -28.91223% -28.53777% -15.81196% -16.67731% -17.89079%
Osceola WGHTD AVE -1.82275% -2.83754% -0.25478% -3.03783% -5.90873% -4.72028% -2.14392% -2.33555% -2.21030%
Palm Beach WGHTD AVE -12.19638% -13.75915% -7.61290% -11.76518% -11.61201% -11.15834% -12.03777% -12.07662% -11.89044%
Pasco WGHTD AVE -18.42912% -14.32172% -14.78688% -17.88687% -19.21432% -18.14720% -16.77420% -17.21633% -17.37226%
Pinellas WGHTD AVE -6.13275%
Polk WGHTD AVE -4.51780%
Putnam WGHTD AVE -3.17828% -11.30513% -18.53069% -21.04495% -29.27013% -29.78815% -11.34225% -12.80181% -15.87716%
St. Johns WGHTD AVE
St. Lucie WGHTD AVE -1.29605% -4.58944% -4.10253% -5.06984% -5.21097% -3.06825% -3.17696% -3.37907%
Santa Rosa WGHTD AVE
Sarasota WGHTD AVE -6.28687%
Seminole WGHTD AVE -6.78972% -8.52525% -7.33373% -10.35098% -14.85503% -14.17020% -8.10158% -8.58414% -8.88817%
Sumter WGHTD AVE -23.44909% -39.98725% -45.94094% -47.07206% -57.05251% -57.35810% -37.08799% -38.78703% -41.83465%
Suwanee WGHTD AVE -28.67464% -33.84944% -44.44552% -47.11198% -54.97392% -54.56742% -37.22045% -39.21122% -42.35899%
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Union WGHTD AVE 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000%
Wakulla WGHTD AVE -19.91726% -26.38383% -29.15988% -32.26462% -36.51572% -36.15907% -26.71158% -27.98547% -29.75447%
Walton WGHTD AVE
Washington WGHTD AVE
STATEWIDE | WGHTD AVE

-3.56504%
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Constructed from Nov 2005 ROA and March 2006 components

PERSONAL RESIDENTIAL - CONDO -- MASONRY

$0 DEDUCTIBLE $500 $1,000 $2,500 1% 2% 5%
ADDITIONAL DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE | DEDUCTIBLE
COUNTY | LOSSCOSTS | STRUCTURE | CONTENTS | LIVING EXPENSE TOTAL* TOTAL* TOTAL* TOTAL* TOTAL* TOTAL*
Machua | WGHTDAVE  -0.93671% -0.58561% 2.20740%  -3.50854%  -2.67828%  -1.00321%  -1.47450%  -1.94946%
Baker WGHTD AVE 0.00000% 0.00000%
Bay WGHTD AVE
Bradford | WGHTDAVE  -19.76070%  -2.92956% 1178363%  -15.61082%  -19.58424%  -18.71967%  -12.75199%  -13.62942%  -14.50884%
Brevard | WGHTDAVE  -16.48865%  -10.66699%  -18.24580%  -20.8145206 -22.97730% -23.20171%  -18.75245%  -19.15792%  -19.70364%
Broward | WGHTDAVE  -14.77645%  -9.91298% -5.93338% 758245%  -5.34906%  -4.61182%  -10.204550%  -10.03782%  -9.04635%
Calhoun | WGHTD AVE 0.00000% 0.05041%  -8.38183%
Charlotte | WGHTDAVE  -5.16673%
Citrus WGHTDAVE ~ -10.50706%  -11.92617%  -10.65230%  -13.20321%  -14.65997%  -13.26942%  -11.77522%  -12.41337%  -12.71679%
Clay WGHTD AVE
Colier | WGHTDAVE  -4.55044%
Columbia | WGHTDAVE  -14.93869%  -20.40887%  -29.68862%  -27.88244%  -36.04663%  -35.05360%  -21.51822%  -23.07519%  -25.01150%
DeSoto | WGHTDAVE
Dixie WGHTDAVE ~ 0.00000%  0.00000% 0.00000% 0.00000%  0.00000%  0.00000%  0.00000%  0.00000%  0.00000%
Duval WGHTDAVE ~ -2.05073%  -5.18649% -0.12147% 450851%  -4.84450%  -3.92822%  -3.88862%  -4.23860%  -4.49294%
Escambia WGHTD AVE
Flagler WGHTD AVE
Frankin | WGHTDAVE  -11.81772%  -27.18763%  -26.24278%  -31.01739%  -33.73197%  -33.96896%  -25.12685%  -26.23132%  -28.36292%
Gadsen | WGHTDAVE  -10.69407%  -27.21992%  -33.86076%  -36.16279%  -46.21350%  -45.12472%  -27.90191%  -20.88930%  -32.38321%
Gichrist | WGHTDAVE  -20.91503%  -28.96138%  -36.49289%  -38.81356%  -47.68638%  -46.92654%  -29.97831%  -32.00000%  -34.70375%
Glades | WGHTDAVE  0.00000%  0.00000% 0.00000% 0.00000%  0.00000%  0.00000%  0.00000%  0.00000%  0.00000%
Hamiton | WGHTDAVE  0.00000%  0.00000% 0.00000% 0.00000%  0.00000%  0.00000%  0.00000%  0.00000%  0.00000%
Hardee | WGHTDAVE  -0.05470%  0.00000% 000000%  1213018%  24.43992%  25.03008%  5.68754%  6.47050%  8.44265%
Hendy | WGHTDAVE  -4.59114%
Henando | WGHTDAVE  -5.72046%  -1.78375% 2.34031%  -2.19495%  -0.96865%
Hghlands | WGHTDAVE  -7.96400%  -7.22062% -3.75858% 6.18667%  -4.00073%  -3.30520%  -7.19040%  -7.31492%  -6.89055%
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Hillsborough | WGHTD AVE -7.94611%

Holmes WGHTD AVE 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000%
Indian River WGHTD AVE -10.28673% -20.66465% -18.85072% -22.71754% -26.92711% -27.40397% -18.04296% -18.75321% -20.17723%
Jefferson WGHTD AVE 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000%
Lafayette WGHTD AVE 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000%

Lake WGHTD AVE
Lee WGHTD AVE -10.54424% -5.51391% -2.57669% -5.67831% -3.75148% -3.32599% -7.30013% -7.13747% -6.56449%
Leon WGHTD AVE -5.65171% -6.90630% -9.09256% -10.29565% -13.24413% -11.88455% -7.79102% -8.60555% -9.47795%
Levy WGHTD AVE
Liberty WGHTD AVE 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000%

Madison WGHTD AVE -4.24929% -2.47934% -1.83824% -1.28617%

Manatee WGHTD AVE -10.58279% -0.73945%

Marion WGHTD AVE -18.87525%  -29.91944% -36.30752% -37.26001%  -48.55597%  -48.22241%  -28.39132%  -30.04210%  -32.60485%
Martin WGHTD AVE -18.00152%  -32.68055% -29.94298% -35.20482%  -39.72043%  -40.52759% = -29.32433%  -30.26498% = -32.11539%

Miami-Dade | WGHTD AVE
Monroe WGHTD AVE

Nassau WGHTDAVE  -15.45888%  -19.77179% -23.32378% -25.06794%  -29.95272%  -29.20140%  -20.10453%  -21.15410% = -22.74653%
Okeechobee | WGHTDAVE ~ -32.08253%  -49.31316% -56.20453% -57.65941%  -68.37442%  -68.83592%  -46.88575%  -48.76679%  -52.05230%
Orange WGHTDAVE ~ -10.44906%  -14.55905% -15.80133% -17.80551%  -24.89195%  -24.78450%  -13.75017%  -14.47147%  -15.46736%
Osceola WGHTD AVE -3.24798% -4.07398% -2.00565% -5.94777% -9.89997% -9.69960% -4.01306% -4.28228% -4.68036%
PalmBeach | WGHTDAVE  -16.04968%  -11.94925% -8.21706% -10.59191% -8.94834% -8.34612% -12.44062%  -12.36441%  -11.63102%
Pasco WGHTDAVE  -10.53161% -6.48423% -4.28549% -5.84279% -2.47148% -1.49298% -7.67122% -7.68126% -7.05134%
Pinellas WGHTD AVE -6.72644%
Polk WGHTD AVE -5.51203% -2.45086% -0.48450% -2.80236% -2.59984% -1.76440%
Putnam WGHTD AVE
St. Lucie WGHTDAVE ~ -10.73464%  -19.43047% -14.59907% -20.75931%  -24.50187%  -24.97572%  -16.67227%  -17.33912%  -18.47970%
Santa Rosa WGHTD AVE
Seminole WGHTD AVE -5.51739% -6.80533% -5.00231% -7.92413% -11.10019%  -10.69749% -6.36692% -6.71599% -6.93873%
Sumter WGHTDAVE  -23.50877%  -34.76669% -40.57476% -43.63617%  -55.19062%  -55.31422%  -33.69964%  -35.44150%  -38.38057%
Suwanee WGHTD AVE 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000%

Taylor WGHTD AVE
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Union WGHTDAVE ~ -11.71171%
Volusia WGHTD AVE -3.30910%
Wakulla WGHTDAVE  -12.68238%
Walton WGHTD AVE

Washington WGHTD AVE 0.00000%
STATEWIDE | WGHTD AVE -9.29994%

FPHLM V2.6 2007

-13.99132% -15.74074% -16.23037%  -19.78799%  -19.02834%  -14.25486%  -14.97908%  -15.51339%

-20.95697% -26.24585% -29.28315%  -33.98664%  -34.05018%  -21.64851%  -23.02049%  -25.66501%

0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000% 0.00000%
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STATISTICAL STANDARDS

S-1 Modeled Results and Goodness-of-Fit

A. The use of historical data in developing the mod el shall be supported by
rigorous methods published in currently accepted sc ientific literature.

The historical data for the period 1900-2006 waslehed using scientifically accepted methods
that had been published.

B. Modeled and historical results shall reflect agr ~ eement using currently accepted
scientific and statistical methods.

Modeled and historical results are in agreemenindgated by appropriate statistical and
scientific tests. Some of these tests will be dised below.

Disclosures

1. Identify the form of the probability distributionsused for each function or
variable, if applicable. Identify statistical teciques used for the estimates and
the specific goodness-of-fit tests applied. Deseriwhether the p-values
associated with the fitted distributions provider@asonable agreement with the
historical data.

Historical initial conditions are used to provideetseed for storm genesis in the model. Small
uniform random error terms are added to the hisdbstarting positions, intensities and changes
in storm motion. Subsequent storm motion and intgns determined by randomly sampling
empirical probability distribution functions deridérom the HURDAT historical record.

Figure 44 shows the occurrence rate of both modsiechistorical landfalling storms in Florida.
The figure shows a good agreement between hist@ich modeled occurrences. A Chi square
goodness of fit test givespavalue of approximately 0.24 which indicates a géibdAn analysis

of landfalls by each region and intensity in Flarid given in Form M-1.
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Florida Landfall Occurrence Rate
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Figure 44. Comparison of simulated vs historical awirrences
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Figure 45: Comparison between the modeled and obsexd Willoughby and Rahn (2004) B
data set

The random error term for the Holland B is modalsthg a Gaussian distribution with a
standard deviation of 0.286. Figure 45 shows a @ispn between the Willoughby and Rahn
(2004) B data set (see Standard M-4.1) and the lmddesults (scaled to equal the 116
measured occurrences in the observed data setyimdteled results with the error term have a
mean of about 1.38 and are consistent with therebdaesults. The figure indicates excellent
agreement, and the Chi square goodness of fit gipeslue about 0.89.

We develop a nelRmaxmodel using the revised landf&imaxdatabase which includes 108

measurements for storms up to 2005. We have optedbtel theRmaxat landfall rather than
the entire basin for a variety of reasons. Onéhad the distribution of landfaRmaxmay be
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different than that over open water. An analysitheflandfallRmaxdatabase and the 1988-2007
DeMaria Extended Best Track data shows that thgpeas to be a difference in the dependence
of Rmaxon central pressuré(in) between the two data sets. The landfall datgp®tides a
larger set of independent measurements, more tB@nstbrms compared to about 31 storms
affecting the Florida threat area region in the tBBsck Data. Since landfaRmaxis most
relevant for loss cost estimation, and has a lainggpendent sample size, we have chosen to
model the landfall data set. Future studies willraine how the Extended Best Track Data can
be used to supplement the landfall data set.

Based on the semi-boundedness and skewneBsnak we sought to model the distribution
using either a log normal or gamma distributioningsthe maximum likelihood estimation
method, we found the estimated parameters for antmgnal distribution asiz = 315, and

6% =02327, and for the gamma distributiork =5.53547 and 6 =4.67749. With these
estimated values, we show a plot of the observeldeapected distribution for log normal and
gamma in Figure 46. THeRmaxvalues are binned in 5 sm intervals, with xhexis showing the
end value of the interval.

Lognormal vs Observed Gamma vs Observed
225 — 225
20 20 W
175 ] Observed 175 [I] Observed
15 |l Lognormal 15 W Gamma
12.5 125
10 10
7.5 [ 7.5
5 5
25 2.5
0 : J_rﬁ 0 =
5 10 15 20 25 30 35 40 45 50 55 5 10 15 20 25 30 35 40 45 50 55

Figure 46. Observed and expected distribution for bgnormal (left) and Gamma (right)

The gamma distribution showed a better fit. A €duiare goodness of fit test yieldp-galue of
0.41 for lognormal distribution and 0.71 for gamufiatribution. The log normal also has a
longer tail, which inflates the variance somewhat keads to a greater probability of excessively
large storms. On this basis, we have opted to segamma distribution for the stochastic
model.
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2. Provide the source and the number of years of thstbrical data set used to
develop probability distributions for specific hugane characteristics. If any
modifications have been made to the data set, dbscthem in detail and their
appropriateness.

The model uses the National Hurricane Center HURD®E from June 2006 for the period
1900-2005. This information is provided in detailDisclosures M-1.1, M-1.2 and M-2.1. (Met
Standards).

3. Describe the nature and results of the tests penfied to validate the wind
speeds generated.

We compare the cumulative effect of a series ofetextiand observed wind fields by comparing
the peak winds observed at a particular zip codenguhe entire storm life-cycle. We also
compare our modeled wind fields to those that hbeen constructed from all available
observations which are freely available on the NOAAGML-HRD web site. A subsequent
section describes the process for recording th& peadeled and observed wind speeds (wind
swaths) from which the validation statistics areegated. Our validation is based on nine
hurricanes that by-passed or made landfall in &orirhese hurricanes were well observed and
we will have the ability to add new storms and glyicconduct new validation studies as our
validation set grows and we make enhancementstmtudel. In order to run the Loss Model in
“scenario” mode for doing validation studies, wel ha construct detailed storm track histories
for recent storms affecting Florida using the HURDA&Rmax and Holland Beta databases. The
validation suite included 1992 Hurricane Andrew ahd following 2004 and 2005 storms:
Charley, Frances, Jeanne, Ivan, Dennis, Katrini, Rnd Wilma. The validations make use of
the Hurricane Research Division’s Surface Wind Asisl System (H*Wind).

a. H*Wind

The HRD approach to hurricane wind analysis emumlageH*Wind evolved from a series of
peer-reviewed, scientific publications analyzingdtalls of major hurricanes including Frederic
of 1979, Alicia of 1983, Hugo of 1989, and Andrew1®92 (Powell et al., 1991, Powell and
Houston, 1996, 1998, Powell et al., 1998). In Pbwehl., (1991) which described Hurricane
Hugo's landfall, a concept was developed for cotidga real-time analysis of hurricane wind
fields.. The system was first used in real-timeirdyiHurricane Emily in 1993 (Burpee et al.,
1994). Since 1994, HRD wind analyses have beenumed on an experimental basis to create
real time hurricane wind field guidance for fordeas at the National Hurricane Center. During
Hurricane landfall episodes from 1995-2005, HRDestists have conducted research side by
side with hurricane specialists at NHC analyzingpdvbbservations on a regular 3 or 6 hour
schedule consistent with NHC's warning and forecgste.

An HRD wind analysis requires the input of all dabie surface weather observations (e.g.,
ships, buoys, coastal platforms, surface aviategorts, reconnaissance aircraft data adjusted to
the surface, etc.). Observational data are dowelbad a regular schedule and then processed to
fit the analysis framework. This includes the dseat by NOAA P3 and G4 research aircraft
during the HRD hurricane field program, includirge tStep Frequency Microwave Radiometer
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measurements of surface winds and U.S. Air ForceeRes (AFRES) C-130 reconnaissance
aircraft, remotely sensed winds from the polar tomgi SSM/I and ERS, the QuikScat platform
and TRMM microwave imager satellites, and GOES alduft winds derived from tracking low
level near-infrared cloud imagery from these gdastary satellites. These data are composited
relative to the storm over a 4-6 hour period. Adital are quality controlled and processed to
conform to a common framework for height (10 m 8rf8et), exposure (marine or open terrain
over land), and averaging period (maximum sustaibadinute wind speed) using accepted
methods from micrometeorology and wind engineer(Pgpwell et al., 1996, Powell and
Houston, 1996). This framework is consistent withttused by the National Hurricane Center
(NHC), and is readily converted to wind load franoeks used in building codes.

Based on a qualitative examination of various obsgr platforms and methods used to
standardize observations, Powell et al., 2005 sighat the uncertainty of the maximum wind
from a given analysis ranges from 10-20 % dependimthe observing platform. In general the
uncertainty of a given H*Wind analysis is of theler of 10% for analysis of Hurricanes Ivan,
Frances, Jeanne, and Katrina, all of which incafgat more accurate surface wind
measurements from the Stepped Frequency MicrowakoRieter (SFMR) aboard the NOAA
research aircraft. The SFMR data used for thostyses was post-processed during the fall of
2005 using the latest geophysical model functiolatirg wind speed to sea surface foam
emissivity. Hurricanes Charley, Dennis, Rita, Walnrand Andrew did not have the benefit of
SFMR measurements but relied on adjusting Air Foecennaissance observations at the 3 km
altitude to the surface with empirical reductionthoels. The method used was based on how
SFMR measurements compared to flight level wind$ depended on storm relative azimuth.
Preliminary results suggest that this method hasnaertainty of 15%.

We created wind swaths for both the modeled ancrebd winds. We also computed the
maximum winds at zip codes for both the observed modeled winds, and from that we
derived the mean and root-mean-square error (dele I8 and Table 19).
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b. Wind Swaths

For each storm in the validation set, the peakasustl surface wind speed is recorded at each
zip code in Florida for the duration of the stormet. Observed wind fields from H*Wind and
modeled wind fields from the public model are moaézhg the exact same tracks, which are the
observed high-resolution storm tracks assemblech freconnaissance aircraft and radar data.
For each storm, the recorded peak of the obsemédrdeled wind speed is saved at each grid
point as well as of each zip code, and the regultip code comparison pairs provide the basis
for the model validation statistics. The peak graint values are color contoured and mapped as
graphics showing the “swath” of maximum winds swewpt by the storm passage. Wind swaths
are sometimes confused with a wind field. The widdpicted in a wind swath do not have time
continuity, cannot depict a circulation, and therefcannot be described as a wind field. A wind
field represents a vector field that represente@esentative instance of the surface wind
circulation.

Wind swaths were constructed for both the modeled @bserved winds. Maximum marine
exposure winds were compared at all zip codesdtr the observed and modeled winds (Figure
47) from which we derived the mean and root-mearasg error statistics shown in Table 19.
This type of comparison provides an unvarnishedssssent of model performance.

SWATH FOR ANDREW (Modeled in MPH)
81.5 81.0 80.5

B 265

Figure 47. Comparison of modeled (left) and obseed (right) swaths of maximum
sustained open terrain surface winds for HurricaneAndrew of 1992 in South Florida.
Hurricane Andrew observed swath is based on adjustg flight-level winds with the SFMR-
based wind reduction method.
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Table 18 Validation Table based on zip code wind swath comp&on of the Public wind
field model to H*Wind. Mean errors (bias) of modelfor the set of validation wind swaths.
Errors (upper number in each cell) are computed adlodeled — Observed (Obs) at zip
codes where modeled winds were within wind threshd$ (model threshold) or where
observed winds were within respective wind speed tbéshold (H*Wind threshold). Number
of zip codes for the comparisons is indicated aselower number in each cell.

56-74 | 75-112 |>112mpH >56mph| 56-74 | 75-112 | >112mph| >56mph
Storms Yeall Model Model Model Model | H*Wind | H*Wind | H*Wind | H*Wind
Threshold@iThreshold ThresholdThresholdThresholdThreshold Threshold|Thresholg
5.25 13.86 2.73 7.49 10.26 12.47 0.66 7.68
Andrew | 19920 "o, 107 100 299 139 54 88 281
12.96 21.36 -7.36 17.80 8.58 -3.09 -8.91 3.47
Charley 1 2004 15" | 54 13 369 | 122 63 17 202
3.99 -0.99 3.38 -0.59 -4.48 -1.38
Frances 2004 693 96 None 289 372 96 None 168
-6.95 -3.35 -4.59 -5.76 -3.73 -4.44
Ivan 2004 20 38 None 58 29 a1 None 63
6.78 3.95 5.56 2.67 -3.87 0.38
Jeanne 2004 o5 190 None | 440 225 121 None 346
. 2.45 6.98 5.87 5.22 7.57 -4.37 5.87
Dennis 2005 15 46 None 61 9 29 3 61
Dennis Keys | 200% None None None None '1%65 None None '1%65
) -11.43 -2.42 -6.34 -8.93 -11.57 -10.55
Katrina 2005 77 100 None 177 93 149 None 242
. 6.28 14.54 9.38 12.01 12.01
Rita 2005 5 3 None 8 5 None None 5
. 0.44 -9.99 -7.35 6.54 -13.35 -9.77
Wilma 2005|133 394 None | 557 87 396 None 483
Mean Bias N| Al 3.99 2.80 1.56 3.33 2.38 -7.76 -0.98 -2.25
1397 1218 113 2728 1099 949 108 2156
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Table 19. Validation Table based on zip code windxsath comparison of the Public wind
field model to H*Wind. Root mean square (RMS) windspeed errors (mph) of model for
the set of validation wind swaths. Errors are baston Modeled — Observed (Obs) at zip
codes where modeled winds were within wind threshd$ (model threshold) or where
observed winds were within respective wind speed tshold (H*Wind threshold). Number
of zip codes for the comparisons is indicated aselower number in each cell.

56-74 | 75-112 |>112mphl >56mph| 56-74 75-112 (>112mph[ >56mph
Storms Yeal Model Model Model Model | H*Wind | H*Wind | H*Wind | H*Wind
Threshold Threshold Threshold Threshold Threshold Threshold| Threshold Threshold
Andrew 19973 6.11 15.75 7.024 10.81 12.19 14.24 5.8p 11.10
Charley 2004 19.84 26.59 10.08 24.30 16.64 8.60 11.49 14.p1
Frances 20044 8.08 11.20 None 8.52 4.99 10.20 Nonge 6.401
Ivan 2004 7.07 5.20 None 5.91 6.11 5.51 Nong 5.7p
Jeanne 2004 10.14 9.65 None 9.93 10.88§ 6.16 Nonge 9.50
Dennis 2008 3.06 9.19 None 8.12 6.15 9.93 4 54 8.1p
Dennis Keys| 2005 None None None None 12.67 None None 12.67
Katrina 2005y 14.66 8.25 None 11.49 12.5( 17.97 None 16.99
Rita 2005 6.4992 14.54 None 10.28 12.41 None None 12.41
Wilma 2005 14.73 14.05 None 14.22 12.5] 14.83 Norje 14.44
RMS N Al 10.18 14.87 6.26 12.37 9.75 12.79 6.71 11.19
1397 1218 113 2728 1099 949 108 2156

Comparison of model and H*Wind sustained marineosype wind speeds at zip codes
receiving model wind speeds over the given thretsh¢Table 18) indicates a positive bias. For
zip codes where model wind speeds exceeded 56 tmplhpias is +3.3 mph and negative bias
was apparent in Hurricanes Ivan, Katrina, and WilAiaother wind speed thresholds, low bias
is evident for winds > 112 mph in Charley, and veired 75-112 mph in Frances, lvan, Katrina,
and Wilma. For winds of 56-74 mph, low bias isettn Hurricanes Ivan, and Katrina. Errors
for Andrew are relatively high but the lack of obssions for Andrew makes it difficult to
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determine if it was a Cat 4 or Cat 5 hurricane miyiits landfall in South Florida. Rita in the
Keys also shows relatively high bias but observationdicate that there were fluctuations in
intensity over a short period of time during itsgage past the Keys. Model errors for Charley
are also relatively highly likely due to the mogebducing too broad a wind field. When model
winds are compared to H*Wind at zip codes exceedifig/ind, and sustained wind speed
thresholds of 56 mph are considered, the meani®ia®.2 mph. However, bias at other wind
speed thresholds is larger, primarily caused bgelanodel - H*Wind differences in Hurricane
Andrew, Charley, and Rita.

When swaths are evaluated at zip codes, a positind speed bias of ~3 mph is indicated.
However, the model can also under-predict swathifitividual cases. While bias correction is
an accepted practice for numerical weather prexdticthere is no evidence that the model has a
consistent bias. The swath bias is probably assatwmith limitations in specifying the radial
pressure profile after landfall. The tendency fioe Holland pressure profile parameter to
produce too broad an area of strong winds neagybwall is the most likely cause of bias and is
likely a feature found in many of the current riskbdels. Therefore we have decided to forego
any corrective measures at this point.

Our validation set is unique in that the valuesstwirm position, motion, Rmax and Pmin are
observed, and B is determined independently fraerHHWind field. In other words, there is no

tuning dial that we can turn to try to improve eesults. Although additional validation storms
are desired, we believe the positive bias for looatwith winds > 56 mph is a characteristic of
models that use the Holland B pressure profile patar, which tends to produce model fields
that are too broad outside the radius of maximumdsi Our validation method provides an
objective means of assessing model performancedyating the portion of the wind field that

contains damaging winds.

The root mean square (RMS) error (Table 19) praviadetter estimate of model uncertainty.
For zip codes in which model winds were 56-74 ntpk,rms error is +/- 10 mph (~ 15%), for
75-112 mph the error is +/- 15 mph (~16%), and fords > 112 mph the errors is +/- 6 mph (~
5%). In general, for winds > 56 mph, the rms erso#/- 12 mph or ~ 13%. RMS errors are
similar for zip codes in which H*Wind wind speedl into the respective thresholds.
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J. Summary of Wind Field Model Validation

Validation of the winds from the wind model agaitis¢ H*WIND analyses was prepared by
considering winds that would be strong enough tadsociated with damage. Threshold-based
comparisons could miss places where the observedswiere greater than the model and the
model was below the threshold. Conversely, obsewiads over the same thresholds can be
compared to the co-located model grid points butildianiss places where the observed winds
were below the threshold. It is important to easduthe errors both ways to see if a consistent
bias is evident. According to our validation stitss albeit for a relatively small number of
cases, wind swath zip code comparisons show ewdefh@ 3 mph positive bias but it is not
consistent for all storms. The bias is likely tethto the limitations of the Holland B pressure

profile specification. The model uncertainty, asiraated by the RMS error, is on the order of
15%.

4. Provide the date of loss of the insurance comyalata available for validation and
verification of the model.

The following hurricane data from different insucancompanies are used to validate the
different models of the project:

Andrew 1992
Charley 2004
Frances 2004
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5. Provide an assessment of uncertainty in loss tsofor output ranges using
confidence intervals or other accepted scientifitatacterizations of uncertainty.

While the model does not automatically produce iclemfice intervals for the output ranges, the
data does allow for the calculation of confidentervals. The mean and the standard deviation
of the losses are calculated for each county andda@hat the standard errors are within less than
2.5% of the means for all counties. We have caledlghe coefficient of variation (CV) for all
counties and drew a histogram which is provide#igure 48. We noticed that the range of the
CVs is found to be (2.98 to 5.22). The Bootstrap%9confidence interval for the true CV is
found to be between 3.74 and 4.01. The width ofritexval is 0.27.

Histogram of CVs

20

15

10

25 3.0 3.5 4.0 4.5 5.0 55
Ccv

Figure 48. Histogram of the CVs for county wise Ieses

6. Provide graphical comparisons of modeled and histal data and goodness-of-fit
tests. Examples include hurricane frequencies, dka, intensities, and physical
damage

For hurricane frequencies as a function of intgnsyt region, see Form M1 plots and goodness
of fit table. Moreover, the following histogram @feire 49) compares the modeled and historical
annual landfall distribution. The agreement betwé®n two distributions is quite close and
shows a good fit.
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Goodness-of-Fit for Hurricane Frequency in Florida
0.7
0.6 -
0.5 H
2
% 0.4 O Historical Probablity
S 0.3 H @ Modeled Probablity
“ 02-
0.1 H
0 T T = T T T
1 2 3 4 5 6 7 8 9 10 11
Number of events per year
Figure 49. Modeled vs. historical probabilities
Two sample Kolmogorov-Smirnov Test givieS = 0.0909, P-value = 1.00 , Which

shows a very good fit. For KS goodness of fit test,refer Conover (1999) among others. The
histogram supported the KS test procedure.

1. Provide a completed Form S-1, Probability of Hurdnes per Year.

See the completed S-1 form at the end of this@®cti

2. Provide a completed Form S-2, Probable Maximum Loss

See completed form S-2 at the end of this section.
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S-2 Sensitivity Analysis for Model Output

The modeler shall have assessed the sensitivity of temporal and spatial
outputs with respect to the simultaneous variation of input variables using

currently accepted scientific and statistical metho ds and have taken
appropriate action.

We have assessed the sensitivity of temporal aatiasputputs with respect to the simultaneous
variation of input variables using currently ac@gpscientific and statistical methods.

Disclosures

1. Provide a detailed explanation of the sensitivityadyses that have been performed
on the model above and beyond those completed Her driginal submission of
Form S-5 and provide specific results. (Requirenhidar modeling organizations
that have previously provided the Commission withrfh S-5. This disclosure can
be satisfied with an updated Form S-5 that incorptes changes to the model since
the previous submission of the Form).

Since this is our first submission, sensitivity lges has been limited to Form S-5. The
following input variables were used.

» CP = central pressure (in millibars)

* Rmax = radius of maximum winds (in statute miles)

* VT = translational velocity (forward speed in milgsr hour)

» Holland B pressure profile parameter

2. Provide a description of the statistical methodsedsto perform the sensitivity
analysis.

We have followed the procedures as described ipdper “Assessing Hurricane Effects. Part 1.
Sensitivity Analysis,” by Ronald L. Iman, Mark Ebhhson, and Tom Schroeder (2000a).

3. Identify the most sensitive aspect of the model ah@ basis for making this
determination. Provide a full discussion of the gikee to which these sensitivities
affect output results and illustrate with an exanmel

For the sensitivity analysis, some selected grayltke standardized regression coefficients vs
time and for Category 1, 3 and 5 hurricanes areiged in Figure 50- Figure 52. From these
graphs, we observed that the maximum sustainedcivfind speed (MSSWS) is most sensitive
to Rmax parameter followed by VT, Holland B and @Phour 0, MSSWS is the most sensitive
to Rmax, where as at hour 12, MSSWS is the mogtitsento VT. We also noticed that the
sensitivity of MSSWS depends on the time, grichpoand the category of hurricanes.
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Figure 50. Standardized Regression Coefficients vEime at Grid Coordinates (30,0) for

Category 1
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Figure 51. Standardized Regression Coefficients v&ime at Grid Coordinates (30,0) for
Category 3
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Figure 52. Standardized Regression Coefficients v&ime at Grid Coordinates (30,0) for

Category 5

4. Describe how other aspects of the model may havsigmificant impact on the
sensitivities in output results and the basis foaking this determination

Validation studies (described in Standard S1-3iceted that air density, boundary layer
height, fraction of the boundary layer depth ovéich the turbulent stresses act, the drag
coefficient, the averaging time chosen to repredenboundary layer slab winds, and the
reduction factor to adjust slab winds to the swfal have a significant effect on the
output results. These quantities were evaluateithglthe validation process, resulting in
the selection of physically consistent values. Ewxample, the values chosen for air
density, marine boundary layer height , and reduactactor from the mean boundary
layer to the surface are representative of nedacIrGPS dropsonde measurements in
hurricanes.

Model wind speeds are very sensitive to zip codeghaess, which in turn depend on
land use/land cover determined from satellite rems@#nsing, and the assignment of
roughness to mean land use / land cover classifiatis well as the upstream filtering
or weighting factor applied to integrate the upmtneroughness elements within a 45
degree sector to windward of the zip code. Whercedes are updated to reflect annual
changes and population centroids are updated,otinghness table is also updated. Zip
code location changes will generate different wapeteds. Experiments with different
land use land cover filtering factors suggest thdending the filtering further upstream
has the effect of a small reduction in roughnesBlatida zip codes (probably due to
proximity to the coast or smoother Everglades aredth slightly higher wind speeds.
However, loss cost sensitivity was found to be $ra$b0.24B).
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5. Describe actions taken in light of the sensitiviyalyses performed

Not applicable

6. Provide a completed Form S-5, Hypothetical Events $ensitivity and Uncertainty
Analysis (requirement for models submitted by madglorganizations which have

not previously provided the Commission with thisaysis).

See the completed S5 form at the end of this gectio
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S-3 Uncertainty Analysis for Model Output

The modeler shall have performed an uncertainty ana  lysis on the temporal
and spatial outputs of the model using currently ac cepted scientific and
statistical methods and have taken appropriate acti on. The analysis shall
identify and quantify the extent that input variabl es impact the uncertainty
in model output as the input variables are simultan eously varied.

We have performed an uncertainty analysis on tmpdéeal and spatial outputs of the
model using currently accepted scientific and stiail methods.

Disclosures

1. Provide a detailed explanation of the uncertaintynalyses that have been
performed on the model above and beyond those cetegl for the original
submission Form S-5 and provide specific result§Requirement for modeling
organizations that have previously provided the Qumsion with Form S-5. This
disclosure can be satisfied with an updated Fornb$hat incorporates changes to
the model since the previous submission of the Fprm

Since this is our first submission, uncertainty lgsia has been limited to Form S-5. The
following input variables were used.

» CP = central pressure (in millibars)

* Rmax = radius of maximum winds (in statute miles)

* VT = translational velocity (forward speed in milgsr hour)
» Holland B pressure profile parameter

2. Provide a description of the statistical methodsedsto perform the uncertainty
analysis.

We have followed the procedures as described ipdiper “Assessing Hurricane Effects.
Part 2. Uncertainty Analysis,” by Ronald L. Imanai E. Johnson, and Tom Schroeder
(2000b).

3. ldentify the major contributors to the uncertaintin model outputs and the basis
for making this determination. Provide a full disssion of the degree to which
these uncertainties affect output results and ilttete with an example

Expected Percentage Reductions in the variance afilvum Sustained Surface Wind
Speed (MSSWS) for Category 1, 3 and 5 Hurricanesugelime at Coordinate (30,0) are
presented in Figure 53 —Figure 55. The major coution to the uncertainty in the model
is R-max followed by VT, Holland B and CP. At hoQr Rmax produces the most
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uncertainty and at hour 12 VT contributed the hgghecertainty in the model. It is also

noted that at hour 2 there is no uncertainty antbedour parameters except VT.
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Figure 53 Expected Percentage Reductions in the Var(MSSWS)ifa Category 1

Hurricane versus Time at Coordinate (30,0)
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Figure 54. Expected Percentage Reductions in the Var(MSSWS)rfa Category 3
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Figure 55 Expected Percentage Reductions in the Var(MSSWS)rfa Category 5
Hurricane versus Time at Coordinate (30,0)

4. Describe how other aspects of the model may havsigmificant impact on the
uncertainties in output results and the basis foraking this determination

Limitations in the HURDAT record contribute to thacertainty of modeled tracks and
pressures. Surface pressure measurements ardways available in HURDAT and
estimating surface pressures by pressure-windioe$hips are also fraught with
uncertainty since well-observed hurricanes can cdhestnate a large variation in maximum
wind speeds for a given minimum surface pressufbee HURDAT record prior to the
advent of satellites in the mid 1960s probably edssnany hurricanes that affected
Florida in the early 20th century. There is stdhsiderable uncertainty in the assessment
of hurricane intensity, even today. Recent prelemny research results based on SFMR
measurements indicate that some Saffir-SimpsorCatggory hurricanes may be rated
too high while the Category 4 and 5 storms are giobbrated accurately.

Uncertainty in zip code roughness has a significanact on wind uncertainty. For a
given zip code, changing the zip code roughnededdlom 2004 to 2006 demonstrated
some instances of large changes in roughnessdaaime zip code for specific upstream
flow directions. This is due to a shift in the zipde population-weighted centroid
location, and a resulting incorporation of differempstream land use / land cover
elements.

5. Describe actions taken in light of the uncertaingnalyses performed

Not applicable
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6. For models submitted by modeling organizations, wathi have not previously
provided this analysis to the Commission, Form Svas disclosed under Standard
S-2 and will be used in the verification of Stanah&-3.

Complete form S5 has been presented at the elmisafdction
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S-4 County Level Aggregation*

At the county level of aggregation, the contributio n to the error in loss cost
estimates attributable to the sampling process shal | be negligible.

The error in the county level loss costs inducedheysampling process can be quantified
by computing standard errors for the county leesklcosts. These loss costs have been
computed for all counties in the state of Floridgang 50,000 years of simulation. The
results indicate that the standard errors are fleas 2.5% of the average loss cost
estimates for all counties.

Disclosures

3. Describe the sampling plan used to obtain the aygaannual loss costs and
output ranges. For a direct Monte Carlo simulatiprindicate steps taken to
determine sample size. For an importance samplidgsign, describe the
underpinnings of the design.

The number of simulation runs was determined thindhg following process:

The average loss cc7y, and standard deviatior,swvas determined for each county Y
using an initial run of 10,600 simulations. Thee thaximum error of estimate will be
2.5% of the estimated mean loss cost, if the nurabsimulation runs for county Y is:

2
NY = (—j

Based on the initial 10,600 simulation runs, makly = 43526 is obtained for Dixie
County. Therefore, we have decided to use 50,0@0syef simulation for our final
results. From the 50,000 simulation runs two thiags clear (a) the standard errors are
less than 2.5% of the loss cost estimates for @linttes (b) the optimal number of
simulation is found to be 43526, which is less t&Bar000.
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S-5 Replication of Known Hurricane Losses

The model shall estimate incurred losses in an unbi ased manner on a

sufficient body of past hurricane events from more than one company,
including the most current data available to the mo deler. This Standard
applies separately to personal residential and, to the extent data are

available, to mobile homes. Personal residential e  xperience may be used
to replicate structure-only and contents-only losse s. The replications shall
be produced on an objective body of loss data by co unty or an appropriate
level of geographic detail.

The following Table 20 compares the modeled andactotal losses by storm and
company for residential coverage. Moreover, thdéovahg Figure 56 and Figure 57
indicate reasonable agreement between the obsandedhodeled losses (r=0.99, which
indicates a strong positive correlation).

Disclosures

1. Describe the nature and results of the analysesfpened to validate the loss
projections generated by the model.

For model validation purposes, the actual and neatddbsses for some selected
companies and hurricanes are provided in the Tzhle
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Table 20. Actual vs. Model Loss

Model

Company Event Exposure Actual Loss  Actual Loss/ExpModeled Loss| Loss/Exp

A Charley 9818982783 117664943 0.011983415 112%780 0.011505755
A Frances 4419393539 20467905 0.004631383 61365305 0.013885481
B Andrew 28625238943 2984373067 0.104256704 255812 0.089356213
B Charley 5533182960 103687856 0.018739R79 726703 | 0.013133621
B Frances 37848571596 552366042 0.014594105 3409 0.009902736
C Charley 2046506161 64943930 0.031734051 35989352.0.017585704
C Frances 7372090779 125028187 0.016959665 883Ul 0.011979873
D Charley 13635644553 258166394 0.018933p01 2293186 0.016910973
D Frances 8368320528 217156112 0.025949784 128385 0.015342327
E Charley 2960460500 62670760 0.021169261 569302638.0.019230805
E Frances 1032863716 44410625 0.042997565 19413P#30.018795552
D Charley RCS 16700649043 179130119 0.010725938 1Quz®3.1| 0.00976634P
D Frances RCS 8521947715 114715601 0.013461195 4389®1| 0.00926600[
F Charley 15294438720 117568896 0.007687036 304P88 0.019889182
F Frances 15969634450 113227059 0.00709Q0147 4033 0.025129062
G Charley 59609484 1180877 0.01981022 1003747,374016838719
G Frances 384480934 10306853 0.026807/189 4178¥314.10.010868534
H Charley 170044967 6968536 0.040980548 4016173.66023618304
H Frances 427982506 10153846 0.023724P09 53972B4.20.012610993
I Charley 3610401198 55031023 0.015242357 50443498.0.013972934
I Frances 3950558034 136515400 0.034556002 4270201 0.010809109
J Charley 66518355} 2015902 0.003030%595 163006.40%00245055
J Frances 1348805958 2659551 0.001971782 421B|23).000312134
K Charley 3431736788 109841182 0.032007461 196420800.005724821
K Frances 4440649678 76704969 0.017273366 62047156 0.01397254

The following Figure 56 provides a comparison dat@ctual losses vs. total modeled losses by
different hurricanes and Figure 57 provides a campa of total actual loss ratios vs. modeled
loss ratios by different hurricanes. The compawssimdicate a reasonable agreement between
the actual and modeled losses. The correlationd®tvactual and modeled losses is found to be
0.9855241, which indicates a very strong positimeaiation between actual and modeled losses.
The correlation between actual loss ratios and tedd®ss ratios is found to be 0.8494610,
which also indicate a strong positive correlatiogtween actual and modeled loss ratios.
Moreover, when we test the equality of two popolatmeans, both paired (t = 1.3396, df = 24,
p-value = 0.1929 ) and independent t (t = 0.224% 48, p-value = 0.8236) tests provide the
evidence that the average actual and modeledsl@senot statistically different. Two sample
Kolmogorov-Smirnov Test gives, ks = 0.20, p-vatu@.7102, (for total losses) and ks = 0.32, p-
value = 0.1558 (for ratios) which also showed are#gnt fit.
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Scatter Plot Between Total Actual Losses and Modeled Losses
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Figure 56. Scatter plot between Total Actual Lossess. Total Modeled losses

Scatter Plot Between Total Actual Losses/Exposure and Modeled Losses/Exposure
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Figure 57. Scatter plot between Total Actual Loss/¥posure vs. Modeled Losses/Exposure

2. Provide a completed Form S-3, Five Validation Coansons.

See Form S3
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S-6 Comparison of Projected Hurricane Loss Costs

The difference, due to uncertainty, between histori  cal and modeled annual
average statewide loss costs shall be reasonable, g iven the body of data,
by established statistical expectations and norms.

The difference, due to uncertainty, between his&briand modeled annual average
statewide loss costs is reasonable as shown fioflbe/ing description.

Disclosures

1. Describe the nature and results of the tests peniied to validate the expected loss
projections generated. If a set of simulated hwanes or simulation trials was
used to determine these loss projections, spedify ¢convergence tests that were
used and the results. Specify the number of huames or trials that were used.

Loss costs are generated using a simulated botyratanes. The number of trials used
in the simulations were calculated using Standa#] 8hich is found to be 50000. The

standard errors are within less than 2.5% of thenwefor all counties. Extensive

validation tests for generated loss costs are ossiple owing to a lack of a sufficient

body of data. From form S4 we found that, the 9%ffidence interval on the difference

between the mean of the historical and modeledetog®ntains O indicating that the
modeled losses do not differ significantly fromtbrgcal losses. These forms show that
FPHLM (V.2.6) losses are in good agreement with Htstorical losses. More on this

topic, we refer to Tamhane and Dunlop (2000) anathgrs.

2. ldentify differences, if any, in how the model prades loss costs for specific
historical events versus loss costs for eventshim $tochastic hurricane set.

A specific historical event is treated in the secemenode, in which the peak 3s gust wind
speed at a zip code is associated with a partiteNet of damage to a specific types of
structures that are the characteristic of thatcoge. In stochastic mode, the damage is
computed according to the probability of the 3stguiad speed being within wind speed
consecutive 5 mph wind speed bands.

3. Provide a completed Form S-4, Average Annual Zereddctible Statewide Loss
Costs — Historical versus Modeled.

See Form S4
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Form S-1: Probability of Florida Landfalling Hurri canes per Year

Complete the table below showing the probabilitylaxidfalling Florida hurricanes per year.
Modeled probability should be rounded to four dedirplaces. The historical probabilities
below have been derived from the Commission’s @ificiurricane Set. If the National

Hurricane Center's HURDAT or other hurricanes irdiidn to the Official Hurricane Set as
specified in Standard M-1 are used by the modéhen the historical probabilities should be
modified accordingly. If the National Hurricane @ers HURDAT is used, provide the

HURDAT revision date.

Model Results
Probability of Florida Landfalling Hurricanes per Y ear

Number Historical
Of Hurricanes Probability Modeled

Per Year (Hurdat June 2006) Probability
0 0.5849 0.6283
1 0.2641 0.2707
2 0.1226 0.0739
3 0.0283 0.0197
4 0.0000 0.0074
5 0.0000 0.0000
6 0.0000 0.0000
7 0.0000 0.0000
8 0.0000 0.0000
9 0.0000 0.0000

10 or more 0.0000 0.0000
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Form S-2: Probable Maximum Loss (PML)

Provide projections of the insured loss for varipusbability levels using the hypothetical data
set provided in the file naméBormAlIinput06.xIs.” Provide the total average annual loss for
the PML distribution. If the methodology of your e does not allow you to produce a viable
answer, please state so and why.

Return Time (Years) Probability of Exceedence Eptimated Loss
50000 0.002% $93,307,068
10000 0.01% $82,067,542
5000 0.02% $76,368,077
2000 0.05% $63,590,703
1000 0.10% $56,608,972
500 0.20% $50,810,848
250 0.40% $44,251,651
100 1.00% $35,642,660
50 2.00% $28,800,618
20 5.00% $19,107,086
10 10.00% $11,438,730
5 20.00% $4,237,769
Mean $3,208,421
Median $0
Standard Deviation $7,446,414
Interquartile Range $2,107,227
Sample Size 50,000 years of simulated stroms
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Form S-3: Five Validation and Comparison

A. Provide five validation comparisons of actualgosures and loss to modeled exposures and
loss. These comparisons must be provided by lineinsurance, construction type, policy
coverage, county or other level of similar detail addition to total losses. Include loss as a
percent of total exposure. Total exposure represetite total amount of insured values (all
coverages combined) in the area affected by therlwame. This would include exposures for
policies that did not have a loss. If this is notailable, use exposures for only those policies
that had a loss. Specify which was used. Also, #gethe name of the hurricane event
compared.

B. Provide scatter plot(s) of modeled vs. histotidasses for each of the five validation
comparisons. (Plot the historical losses on the xsaand the modeled losses on the y-axis.)
Rather than using directly a specific published mgane wind field, the winds underlying the
modeled loss cost calculations must be producedh®ymodel being evaluated and should be
the wind field most emulated by the model.

Comparison # 1: Hurricane Charley and Company £byerage

Company Actual Modeled Difference
Coverage Loss/Exposure Loss/Exposure
Building 0.01651 0.01616 0.00035
Contents 0.00295 0.00295 0.00000
Appurtenant 0.02479 0.01176 0.01302
ALE 0.00243 0.00206 0.00037
Total 0.01198 0.01151 0.00048

Comparison #2: Different Companies by Different kttanes

Company Actual | Modeled Difference
Company Event Loss/Exposure Loss/Exposure
A Charley 0.01198 0.01151 0.00048
B Andrew 0.10425 0.08935 0.01490
C Frances 0.01696 0.01198 0.00498
D Charley 0.01935 0.01691 0.00244
E Charley 0.02117 0.01923 0.00194
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Comparison #3: Company B by Hurricane Andrew, GharfFrances

Company Actual | Modeled Difference
Company Event Loss/Exposure Loss/Exposure
B Andrew 0.10425 0.08935 0.01490
B Charley 0.01874 0.01313 0.00561
B Frances 0.01459 0.00990 0.00469

Comparison #4: Construction Type for Company D dodicane Charley

Company Actual Modeled Difference
Coverage Loss/Exposure Loss/Exposure
Frame 0.01752 0.01634 0.00118
Masonry 0.01894 0.01259 0.00635
Manufactured 0.04466 0.04962 -0.00496

Comparison #5: County wise for Company A and Hami Charley

Company Actual Modeled Difference
Coverage Loss/Exposure Loss/Exposure
Lee 0.00660 0.00785 -0.00126
Orange 0.00968 0.01260 -0.00291
Manatee 0.00006 0.00000 0.00006
Collier 0.00064 0.00018 0.00046
Osceola 0.01248 0.01067 0.00181
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Scatter plot for Comparison #1 Scatter plot for Comparison #2
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Figure 58. Scatter plots for Actual/exposure and Mdeled loss/Exposure
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Form S-4: Average Annual Zero Deductible Statewide Loss Costs —
Historical versus Modeled

A. Provide the average annual zero deductible statke loss costs produced using the list of
hurricanes in the Base Hurricane Storm Set basedtte 2002 Florida Hurricane
Catastrophe Fund’s aggregate personal residentigbesure data, as of August 1, 2003
(hlpm2002.exe)

Average Annual Zero Deductible Statewide Loss Costs

Time period Historical Hurricanes Produced by Model
Current Year $2,804.47 $2,673.36

B. Provide a comparison with the statewide losstsgeoduced by the model on an average
industry basis.

The loss cost produced by the model on an averafyssiry basis is 2.7 billion and the
corresponding historical average loss is 2.8duilli

C. Provide the 95% confidence interval on the difaces between the mean of the historical
and modeled loss.

The 95% confidence interval on the difference betwihe mean of the historical and the mean
of the modeled losses is between -0.95 and 1iBte$he interval contains 0, we are 95%
confident that there is no significant differenevieeen the historical and the modeled losses.
Using Splus, we have also done statistical tesgjoflity means using parametric test

(z = 0.000000261and p-value = 0.9999 and t = 0.2884 50104, p-value = 0.8118 ) and
equality of CDFs using nonparametric test (KS 583) p-value = 0.9004 ). In both parametric
and non-parametric cases, we have high p-valueseldre, we may conclude that the average
historical and modeled losses are not statistichfferent.
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Form S-5: Hypothetical Events for Sensitivity and Uncertainty
Analysis (requirement for new modeling companies wh ich have not
previously provided the Commission with this analys IS)

We have provided the output in ASCII files based@ming a series of hurricanes as provided
in the Excel file"FormS5Input06.xIs.” The output files consist of wind speeds (in mpes
hour for one minute sustained 10-meter winds) atligantervals over a 21x46 grid for the 500
combinations of initial conditions specified in tB&cel file for the following model inputs:

» CP = central pressure (in millibars)

* Rmax = radius of maximum winds (in statute miles)

* VT =translational velocity (forward speed in milesr hour)

* Holland B pressure profile parameter for other inymed by the modeler @p< 1)

The value of CP, Rmax, VT and Quantile are usedir@st inputs. Quantiles from 0 to 1 have
been provided in the Excel input file.

For FPHLM (V2.6) model, we use first quantile inpat the Holland B parameter. The specific
values of the Holland B parameter that were usedjmen as follows:.

For output file FIUO6FormS51SA.dat the following
input B were used by the model;

1.510.630.971.881.021.091.151.151.381.611
1.711531531.270.961.371.201.111.411.241
0.891.692.001451.431.281.821.131.551.471
1.811241911461.771.611.381.171.641.261
1541.391.051451.321511.191.261.231.491
1.801.331.351.601.291.671.741.211591.301
1.480.821.121.571.401.231.080.931.001.031
1.18 1.36

For output FIUO6FormS51UACP.dat the following
input B were used by the model: 1.39

For output FIUO6FormS51UARmax.dat the following

input B were used by the model;1.39
For output FIUO6FormS51UAVT.dat the following
input B were used by the model;1.39

For output FIUO6FormS51UAQuantilel.dat the followin

input B were used by the model;

1.510.630.971.881.021.091.151.151.381.611
1.711531.531.270.961.371.201.111.411.241
0.891.692.001451.431.281.821.131.551.471
1.811.241911.461.771.611.381.171.641.261
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.16 1.68 1.52 0.82
.751.861.731.28
441.411.431.34
.36 1.22 1.65 1.06
.311.56 2.06 1.33
411.301.10 1.50
.56 1.63 1.65 1.47

.16 1.68 1.52 0.82
.751.861.731.28
441.411.431.34
.36 1.22 1.65 1.06



1541391.051451.321511.191.261.231.491
1.801.331.351.601.291.671.741.211591.301
1.480.821.121.571.401.231.080.931.001.031
1.18 1.36

For output file FIUO6FormS53SA.dat the following
input B were used by the model;

1.181.391.781.481.241.501.631.081.701.44 1
1531311.450871.601.051.611.021.191.841
1561.381.231.471.801.221.411.351.411.321
1.611.681.481.110.902.001.021.141.881.331
1.431571.420.831.931511.461.161.130.751
1.201.300.951.531.251.071.291.711.15142 1
1.251371.231.171.281.721.261.351.511.301
1.64 1.67

For output FIUO6FormS53UACP.dat the following
input B were used by the model:1.39

For output FIUO6FormS53UARmax.dat the following
input B were used by the model;1.39

For output FIUO6FormS53UAVT.dat the following
input B were used by the model;1.39

For output FIUO6FormS53UAQuantilel.dat the followin

input B were used by the model;

1.181.391.781.481.241.501.631.081.701.44 1
1531311.450871.601.051.611.021.191.841
1561.381.231.471.801.221.411.351.411.321
1.611.681.481.110.902.001.021.141.881.331
1.431.571.420.831.931511.461.161.130.751
1.201.300.951.531.251.071.291.711.151421
1.251371.231.171.281.721.261.351.511.301
1.64 1.67

For output file FIUO6FormS55SA.dat the following
input B were used by the model;

1.001.701.231.751.451511.161.521.471.401
1.011.621.291.720.811.581.561.181.191.551
1.361.481.491.371.221.270.931.611.271.731
1.281.611.531.871.661.531.321.371.651.171
1.251.331.511.781.351.681.381.281.541.701
0.831.401580.881.301.311.481.121.761.111
1.841.411.041.211.061.091.601.211.950.951
1.951.63

For output FIUO6FormS55UACP.dat the following
input B were used by the model:1.39

For output FIUO6FormS55UARmax.dat the following
input B were used by the model;1.39

For output FIUO6FormS55UAVT.dat the following
input B were used by the model;1.39
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.31 1.56 2.06 1.33
41 1.301.101.50
.56 1.63 1.65 1.47

131.27 1.20 1.06
.751.391.550.71
.66 1.52 1.00 1.40
.73 1.58 1.431.46
.851.340.96 1.77
.64 1.54 1.58 1.95
.091.341.361.28

131.27 1.20 1.06
.751.391.550.71
.66 1.52 1.00 1.40
.73 1.58 1.431.46
.851.340.96 1.77
.64 1.54 1.58 1.95
.091.341.361.28

13 1.391.561.10
.331.261.351.34
.641.191.24 1.90
.311.051.430.50
490.971.421.08
141.161.911.43
44144145181



For output FIUO6FormS55UAQuantilel.dat the followin g
input B were used by the model;

1.001.701.231.751.451511.161.521.471.401 .131.391.56 1.10
1.011621.291.720.811.581.561.181.191.551 .331.261.351.34
1.361.481.491.371.221.270.931.611.271.731 .641.191.241.90
1.281.611.531.871.661531.321.371.651.171 .311.051.430.50
1.251.331.511.781.351.681.381.281.541.701 490.97 1.42 1.08
0.831.401580.881.301.311481.121.761.111 141.161.911.43
1.841.411.041.211.061.091.601.211.950.951 44144145181
1.951.63

The Excel input file contains 500 (or 600) combioas of initial conditions for each of three
categories of hurricanes (1, 3, and 5), which felbstraight due west track passing through the
point (25.7739N, 80.1300W). These hurricanes sndas to those in Form A-1, event ID 11,
13 and 15. The first 100 combinations of initiahditions for hurricane categories 1, 3 and 5 are
used in sensitivity analysis calculations. Thestal conditions are given in the first worksheet
(Sen Anal all Variables) of the Excel input fileThe second set of 100 initial conditions for
hurricane categories 1, 3 and 5 are given in therseworksheet (Unc Anal for CP) in the Excel
input file. These conditions will be used in theceartainty analysis for CP. The third worksheet
(Unc Anal for Rmax), fourth worksheet (Unc Anal /@) and fifth worksheet (Unc Anal for
Quantile 1 are similar to the second worksheetamdused for performing uncertainty analysis
for Rmax, VT and the input variable correspondimghie given quantiles, respectively. We have
also provided the maximum wind speed produced dker12 hours for each category of
hurricanes 1, 3 and 5.

The 21x46 grid of coordinates uses approximata@it&t mile spacing and is depicted-igure

6 of ROAfor all three hurricane categories. For purpodebuoricane decay, the modeler is
instructed to use existing terrain consistent whtn grid inFigure 6 of ROA
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The point (0, 0) is the location of the centerhd hurricane at time 0, and is 30 miles east of the
landfall location (25.7739N, 80.1300W), identified the red rectangle ifigure 6 of ROA The
exact latitudes and longitudes for the 966 verticethe grid (21x46) are given in the seventh
worksheet of the Excel input file.

Figure 6 of ROA
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We have provided output on CD-ROM in ASCII and PiDfmat. Five output files provided for
each of the three hurricane categories. Thesediall be named as showrFigure 7 of ROA

Figure 7 of ROA

Summary of Form S-5 Input and Output Files*

Hurricane Input Values given in Output  Modeler Wind Speed Output
Category FormS5Input06.xIs file File File Name
Sensitivity Analysis all Variables 1 XXX06FormS5A gat
Uncertainty Analysis CP 2 XXX06FormS51UACP.dat
1 Uncertainty Analysis Rmax 3 XXX06FormS51UARmax.da
Uncertainty Analysis VT 4 XXX06FormS51UAVT.dat
Uncertainty Analysis Quantile 5 XXX06FormS51UAQtite1.dat
Sensitivity Analysis all Variables 6 XXX06FormS538at
Uncertainty Analysis CP 7 XXX06FormS53UACP.dat
3 Uncertainty Analysis Rmax 8 XXX06FormS53UARmMax.da
Uncertainty Analysis VT 9 XXX06FormS53UAVT.dat
Uncertainty Analysis Quantile 10 XXX06FormS53UAQiie1.dat
Sensitivity Analysis all Variables 11 XXX06FormSHA.dat
Uncertainty Analysis CP 12 XXX06FormS55UACP.dat
5 Uncertainty Analysis Rmax 13 XXX06FormS55UARmaat.d
Uncertainty Analysis VT 14 XXX06FormS55UAVT.dat
Uncertainty Analysis Quantile 15 XXX06FormS55UAQtike1.dat

Each of the files will contain 96,600 lines (100x26 = 96,600), each written according to the
format (315,14F6.1).

Each row in the output files should contain théoiwing values:

Sample number (1-100)

E-W Grid Coordinate (0, 3, 6, 9, 12, 15, ..., 135)
N-S Grid Coordinate (-15, -12, -9, -6, -3, 0, 396, .., 45)
Wind speed at time Ohr

Wind speed at time 1hr

Wind speed at time 2hr

Wind speed at time 3hr

Wind speed at time 4hr

. Wind speed at time 5hr

10.Wind speed at time 6hr

11.Wind speed at time 7hr

12.Wind speed at time 8hr

13.Wind speed at time 9hr

14.Wind speed at time 10hr

15.Wind speed at time 11hr

16.Wind speed at time 12hr

17.Maximum wind speed*

CoNooOrWNE
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*This is the maximum wind speed overall, if proddceOtherwise, provide the maximum wind
speed over the 13 time points.

For the sensitivity analysis, some selected graphthe standardized regression coefficients vs
time and for Category 1, 3 and 5 hurricanes amviged in Figure 59 - Figure 67. The
calculations of the SRCs are explained on page f2heoProfessional Team Demonstration
Uncertainty/Sensitivity Analysisy R.L. Iman, M.E. Johnson and T.A. Schroeder,t&aper
2001. From these graphs, we observed that the inmax sustained surface wind speed
(MSSWS) is most sensitive to Rmax parameter foltbwg VT, Holland B and CP. At hour 0,
MSSWS is the most sensitive to Rmax, where as at h3, MSSWS is the most sensitive to
VT. We also noticed that the sensitivity of MSSW&pends on the grid points, time and
hurricane category.

Grid 30,0
1
5 08 ‘s = - T ~ .
% 0.6 k 'n \‘ ' /\‘/ ~ \
95)) — 04 \ N 1 / /\ N - — - -HollandB
©g 02 B :
2 -0 \ N VRS N — — Rmax
° £ N N / - ~. - L
2% 02 et - vT
-c% @) 04 /‘/‘-'-—-—/' ~ S CP
T 06 ‘v/
8 -0.8 - = - - .
n
'1 T T T T T T T T T T T T
0 1 2 3 4 5 6 7 8 9 10 11 12
Time (hr)

Figure 59. Standardized Regression Coeffs vs. Time at Gridd@rdinates (30,0) for Categoryl
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Figure 60. Standardized Regression Coeffs vs. Time at Grid@rdinates (30,0) for Category3
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Figure 61 Standardized Regression Coeffs vs. Time at Grid@rdinates (30,0) for Category5
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Grid 30,12
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— — Rmax
-- - VT
—CP

Standardized Regression
Coefficient

o 1 2 3 4 5 6 7 8 9 10 11 12
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Figure 62 Standardized Regression Coeffs vs. Time at Grid@rdinates (30,12) for Categoryl
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Figure 63 Standardized Regression Coeffs vs. Time at Grid@rdinates (30,0) for Category3
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Figure 64. Standardized Regression Coeffs vs. Time at Grid@rdinates (30,12) for Categoryd
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Figure 65. Standardized Regression Coeffs vs. Time at Griddrdinates (72,0) for Categoryl
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Figure 66. Standardized Regression Coeffs vs. Time at Gridddrdinates (72,0) for Category3
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Figure 67. Standardized Regression Coeffs vs. Tina Grid Coordinates (72, 0) for
Category 5
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The uncertainty analysis provides the informatibow the influence of the uncertainty of the
model parameters (Rmax, VT, Holland B and CP) irxik@m Sustained Surface Wind Speed
(MSSWS) over the time. To see the influence of paeameters in MSSWS, some selected
graphs (Figure 68 - Figure 76) of the expectedgm@nge reduction vs. time for Category 1, 3
and 5 hurricanes are provided below. The calculatibthe expected percentage reduction is
explained on pages 26-30 of throfessional Team Demonstration Uncertainty/Serisiti
Analysis From these graphs we observed that the majoribahon of uncertainty for MSSWS
is R-max followed by VT, Holland B and CP. At halir Rmax produces the most uncertainty
and at hour 12 VT contributed the highest uncetyaimthe model. The contribution of R max
towards uncertainty increases, while the contrdoutof VT decreases and vice-versa for all
hurricane category. It is noted that the amounuméertainty of the model parameters also
depend on the hurricane category and grid pointe €ontribution of uncertainty of the
parameters change as the hurricane moves fromt@agest. It seems that CP is the least

influential.
Grid 30,0
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S 100
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Figure 68. Expected Percentage Reductions in the YMSSWS) for a Category 1
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Figure 69. Expected Percentage Reductions in the {&SSWS) for a Category 3
Hurricane versus Time at Coordinate (30,0)
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Figure 70. Expected Percentage Reductions in the WMSSWS) for a Category 5
Hurricane versus Time at Coordinate (30,0)
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Figure 71. Expected Percentage Reductions in the 8MSSWS) for a Category 1

Hurricane versus Time at Coordinate (30,12)
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Figure 72. Expected Percentage Reductions in the 8MSSWS) for a Category 3
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igure 73. Expected Percentage Reductions in the \8MSSWS) for a Category 5
Hurricane versus Time at Coordinate (30,12)
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Figure 74. Expected Percentage Reductions in the YMSSWS) for a Category 1
Hurricane versus Time at Coordinate (72, 0)

FPHLM V2.6 2007 344




Grid 72,0

25

125
% 100
% - — - - HollandB
o % 75 — — Rmax
o S
38 50 T VT
g x ——CP
o
>
|

0O 1 2 3 4 5 6 7 8 9 10 11 12
Time (hr)

Figure 75. Expected Percentage Reductions in the {&SSWS) for a Category 3
Hurricane versus Time at Coordinate (72, 0)
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Figure 76. Expected Percentage Reductions in the VaM{SSWS) for a Category 5 Hurricane
versus Time at Coordinate (72, 0)
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Form S-5 Uncertainty and Sensitivity Analysis Exteded to Loss Cost

In addition to uncertainty and sensitivity analygesformed for wind speed in Form S-5, we
have performed the uncertainty and sensitivity ysed for loss cost using a $100,000 fully
insured structure with a zero deductible policyeath of the 586 non-shaded grid points in
Figure 6 of ROA The Excel input file contains a seventh workst{eand-Water ID) that lists
the 966 grid coordinates with an indicator variaéédined as follows: 0 = coordinate is over
water, 1 = coordinate is over land

The following house is assumed at each of the lzasikd grid points designated by the indicator
variable. Single story, Masonry walls’ Truss an&h@able end roof, No shutters, Shingles with
one layer 15# felt, 1/2" plywood roof deck with ®ails at 6" edge and 12" field’ House
constructed in 1980.

A summary of all the contour plots is givenFigure 8 of 2006 Report of Activity (RQA)

Figure 8 of ROA
Summary of Contour Plots

Model Output Contour Plot

Wind Speed Hourly plots for the wind speeds in aufges 1, 6 and 11 ifrigure 7 of ROA
(39 contour plots). See example contour plot gediinFigure77.

Sensitivity Analysis ~ Hourly plots of standardizezfjression coefficients based on Form S-5 input as
specified inFigure 7 of ROA and the corresponding wind speed outpasfi, 6
and 11 inFigure 7 of ROA (39 contour plots). See example contourt plo
provided inFigure 81

Uncertainty Analysis  Hourly plots of the expectettqentage reduction in variance based on Form S-5
input as specified ifFigure 7 of ROAand the corresponding output files (39
contour plots for each of the following input vdolies), which are as follows:
Central pressure: output files 2, 7 and 1Eigure 7 of ROA
Radius of maximum winds: output files 3, 8 and dBigure 7 of ROA
Translational velocity: output files 4, 9 and 14Agure 7 of ROA
Quantile: output files 5, 10, and 15kigure 7 of ROA

See example contour plot providedrigure 85

Loss Cost Loss cost based on the maximum wind smaetded over the 12hr time period
in output files 1, 6 and 11 iRigure 7 of ROA is to be calculated at each land-
based grid point ifrigure 6 of ROA The 586 land-based grid pointsHigure 6
of ROAare identified in the last worksheet (Land-Wate) i the Form S-5
input file. Since there are 100 input vectorsdach hurricane category, there are
100 estimates of loss cost at each of the landebgise points. The contour plots
are based on these values expressed as a percerfbageexample loss cost
contour plot provided ifrigure 89
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Figure 77 - Figure 80 show the contour plots afdvwspeed (mph) for Category 1, 3 and 5
hurricanes at 2hr and Category 5 at hour 4. Caostou this figure represent average wind
speeds over all 100 input vectors at each gridtpdiime hurricane or near hurricane force winds
are shown on the contour plot. These contours sti@aw the wind speed decrease as the
hurricane moves from east to west across the gritihee increases. We also observed that the
wind speed increases with the increase of Hurri€zategory from 1 to Category 5.

Average Wind Speed (mph) Contours for Category 1 at 2 Hr
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Figure 77. Average Wind Speed (mph) Contours for Gagory 1 Hurricane at 2hr
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Average Wind Speed (mph) Contours for Category 3 at 2 Hr
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Figure 78. Average Wind Speed (mph) Contours for Gagory 3 Hurricane at 2hr
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Contours of Average Wind Speed (mph) for Category 5 at Hr 2
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Figure 79. Average Wind Speed (mph) Contours for Category 5 Hiricane at 2hr
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Contours of Average Wind Speed (mph) for Category 5 at Hr 4
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Figure 80. Average Wind Speed (mph) Contours for Category 5 Hiricane at 4hr
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Figure 81 to Figure 84 show the contours of stafidad regression coefficients (SRC) for
Holland B, Rmax, VT and CP respectively for a CatgdlL hurricane at 4hr. The contours in this
figure represent average SRCs for Holland B, Rnv@xand CP over all 100 input vectors at
each grid point at t=4hr. These contours showetfext of each input variable on the magnitude
of wind speed (and therefore on loss cost) as tliecane moves from right to left across the
grid as time increases.

Contours of Standardized Regression Coefficients for HB for Category 1 at Hr 4
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Figure 81 Contours Standardized Regression Coefficients for blland B for Category 1
Hurricane at 4 hr
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Contours of Standardized Regression Coefficients for Rmax for Category 1 at Hr 4
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Figure 82 Contours Standardized Regression Coefficients for iRax for Category 1
Hurricane at 4 hr

Contours of Standardized Regression Coefficients for VT for Category 1 at Hr 4
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Figure 83 Contours Standardized Regression Coefficients for Vfor Category 1
Hurricane at 4 hr

FPHLM V2.6 2007 352



40

30

Distance (sm) South to North

210 7

135

Figure 84. Figure Contours Standardized RegressioBoefficients for CP for Category 1

Figure 85 - Figure 88 show some selected contofitheo expected percentage reduction in
variance for Holland B, Rmax, VT and CP respecyivier a Category 1 hurricane at 3hr. The
contours in these figures represent the averagee @l the expected percentage reduction in the
variance of the wind speed attributable to Rmax, Mdlland B and CP when taken over all 100
Theeataurs illustrate the effect of each input
variable on the uncertainty in wind speed (andedfwee the uncertainty in loss cost) as the

input vectors at each grid point at t=3hr.
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Contours of Expected Percentage Reduction for HB for Category 1 at Hr 3
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Figure 85. Contours of the Expected Percentage Redhion for Holland B for a Category 1
Hurricane at 3hr

Contours of Expected Percentage Reduction for Rmax for Category 1 at Hr 3
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Figure 86. Contours of the Expected Percentage Reduction forrmRax for a Category 1
Hurricane at 3hr
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Contours of Expected Percentage Reduction for VT for Category 1 at Hr 3
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Figure 87. Contours of the Expected Percentage Redtion for VT for a Category 1
Hurricane at 3hr

Contours of Expected Percentage Reduction for CP for Category 1 at Hr 3
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Figure 88. Contours of the Expected Percentage Redtion for CP for a Category 1
Hurricane at 3hr
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Figure 89 - Figure 91 show the contours of the ayepercentage loss cost for a Category 1, 3,
and 5 hurricanes respectively for each land-basedppint. A percentage loss cost has been
calculated for each land-based grid point basedhenmaximum wind speed observed at the
point during the 12hr duration of the hurricaneskrarhis calculation is repeated for each of the
100 input vectors. The average percentage loss aostfound to be about between 3.5% - 5.4%
for Category 1, between 5.5% - 20% for Categorn@® laetween 4.5% - 40% for Category 5
hurricane. The largest losses occur shortly aftedfiall to the right of the hurricane path.

Contours of Average Percentage Loss Cost for Category 1
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Figure 89. Average Percentage Loss Cost Contour far Category 1Hurricane
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Contours of Average Percentage Loss Cost for Category 3
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Figure 90. Average Percentage Loss Cost Contour far Category 3 Hurricane
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Contours of Average Percentage Loss Cost for Category 5
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Figure 91. Average Percentage Loss Cost Contour far Category 5 Hurricane
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Figure 92 - Figure 95 show the sample sensitivitglgsis results for the loss cost for all input
variables based on a model that utilizes the HdllBrparameter as the Quantile variable. The
results shown in Figure 92 - Figure 95 besed on the original data. It is observed froasé¢h
figures that the loss cost is sensitive to pararaételland B, Rmax, VT and CP. The loss cost is
least sensitive to VT. Holland B has positive effehile CP has negative effect on the loss cost.
Rmax has both positive and negative effects ondossdepend on the category of hurricane.

Standardized Regression Coefficient
(SRS)s for Lss Cost by Hurricane
Category for Each Input Variable (30, 3)
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Figure 92. Standardized Regression Coefficients faross Cost by Hurricane Category for
each input variables for coordinate (30, 3)

SRSc for Loss Cost by Hurricane Cat for Each
Input Variable at (33, 0)
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Figure 93. Standardized Regression Coefficients faross Cost by Hurricane Category for
each input variables for coordinate (33, 0)
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SRSc for Loss Cost by Hurricane Cat for
each Input Variable at (45, 0)
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Figure 94. Standardized Regression Coefficients faross Cost by Input Variables for each
category of hurricane for grid point (45, 0)
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Figure 95. Standardized Regression Coefficients fdross Cost by Input Variables for each
category of hurricane for grid point (72, 0)
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Figure 96 - Figure 99 show the sample uncerta@talysis results for the loss cost for all input
variables based on a model that utilizes the HdllBnparameter as the quantile variable. The
results shown in Figure 96 - Figure 99 are basetheroriginal data. From these graphs we
observed that the major contributions of uncetyaior loss cost are R-max, VT and Holland B.

The uncertainty increase with the increase of tingidane category. It appears that CP is the
least influential.

Expected Percentage Reduction for Loss
Cost by Hurricane Category for Each Input
Variable at (30, 3)
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Figure 96. Expected Percentage Reduction for LossoSt by Hurricane Category for Each
Input Variable at grid point (30, 3)
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Figure 97. Expected Percentage Reduction for LossoSt by Hurricane Category for Each
Input Variable at grid point (33, 0)
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EPR for Loss cost by Hurricane Category for
each Input Variables at (45, 0)
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Figure 98. Expected Percentage Reduction for LossoSt by Hurricane Category for Each
Input Variable at grid point (45, 0)

EPR for Loss Cost by Hurricane Category for Each
Input Variable at (72, 0)
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Figure 99. Expected Percentage Reduction for LossoSt by Hurricane Category for Each
Input Variable at grid point (72, 0)
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COMPUTER STANDARDS

C-1 Documentation*

(*Significant Revision)

A. The modeler shall maintain a primary document bi nder, containing a
complete set of documents specifying the model stru cture, detailed
software description, and functionality. Developme nt of each section
shall be indicative of accepted software engineerin g practices.

Florida Public Hurricane Loss Model (FPHLM) maimtsia primary document binder, both in
electronic and physical formats, to satisfy thevabmentioned requirements. In addition to
these, a user manual is maintained with the endindecus, to give a high level introduction
and step by step guideline through the whole sysfdhthe documents are easily available for
inspection, electronic copies are also availabléirem Accepted software engineering practices
are used to make all the documents more readadlie centained, consistent, and easy to
understand. Every component of the system is dootedewith standard Use Case diagrams
such as Class Diagrams, Data Flow Diagrams, Segqueragrams, etc. The diagrams describe
the structure, logic flow, information exchange ammeub-modules, etc. of each component in
detail and increase the visibility of the systenhe3e diagrams describing the component
functionality and structure also make each compbrignthe system reusable and easily
maintainable.

B. All computer software (i.e., user interface, sci  entific, engineering,
actuarial, data preparation, and validation) releva nt to the modeler’s
submission shall be consistently documented and dat ed.

The Primary Document Binder consists of all theuresl documents arranged in different sub
folders and are linked to one another based omr theitual relationships. Thus, the entire
document can be viewed as a hierarchical refergresheme where each module is linked to its
sub module which ultimately refers to the correspog codes.

C. Documentation shall be created separately fromt  he source code.
Databases and formats of all the input/output ditea are comprehensively documented. All
source code is properly documented in terms of otime detailed comments and external

higher level documentation, and they are maintaineder version control systems. Source code
documentation has been created separately frosotimee code.
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C-2 Requirements*
(*Significant Revision)

The modeler shall maintain a complete set of requir ements for each
software component as well as for each database or data file accessed by a
component.

FPHLM is divided into several major modules, wheaeh of them provides one or more inputs
to other modules. Requirements of each of the nasgduhcluding input/output formats, are
precisely documented. Apart from maintaining a ilEedladocumentation of each module of the
system using standard software practice, sevehar atocuments are maintained as part of a
large-scale project management requirement suclguadity assurance document, system
hardware and software specification document, ittygindocument, model maintenance
document, testing document, user manual documentMereover, a detailed documentation is
designed for the database consisting of the scheamals information about each table.
Additionally, for each data file (in the form of @ or text file) accessed by different programs,
the information about its format is also documented

Disclosures

Provide a description of the documentation for imtece, human factors, functionality,
documentation, data, human and material resourcesecurity, and quality assurance.

* The user interface, functionality requirements, anaterial resources of each of the
modules are described in the relevant module dontatiens. Database schemata and
table formats are separately documented for thelavBgstem and attached to the
primary document binder. A separate software tgsaéind quality assurance document
describes the system quality, performance, andlisgatoncerns. Additionally, a user
manual and a human resource management documemiargained. Apart from these,
security, software and hardware specificationstter system as well as training plans
are documented.
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C-3 Model Architecture and Component Design*
(*Significant Revision)

The modeler shall maintain and document (1) detaile  d control and data flow
diagrams and interface specifications for each soft ware component, and (2)

schema definitions for each database and data file. Documentation shall be
to the level of components that make significant co ntributions to the model
output.

Interface specifications for each of the modules iacluded in the module documentation. In
addition, the User Manual provides further inforioatabout the user interface specification.
Control and data flow diagrams are presented awsitevels of the model documentation. High
level flow diagrams are used to illustrate the flofxthe whole system and interactions between
modules, while more technical and detailed diagrarasused in module level descriptions.

The database schema is documented and attacheattasf phe document binder. A detailed
schema representation of the active database igndatded with additional information like
database maintenance, tuning, data loading metbgi@és| etc. to provide with a complete
picture of the database maintained for the project.

These documents will be made available to the Bsodeal Team during its site visit.
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C-4 Implementation*

(*Significant Revision)

A. The modeler shall maintain a complete procedure of coding guidelines
consistent with accepted software engineering pract ices.

FPHLM has developed and followed a set of codiniglgines that is consistent with accepted
software practices. These documents include guieelfor version controlling, code revision
history maintenance, etc. All the developers inediin the system development adhere to the
instructions in these documents.

B. The modeler shall maintain a complete procedure used in creating,
deriving, or procuring and verifying databases or d ata files accessed by
components.

FPHLM uses an Oracle database to store the retiadnecessary for the model. The database
documentation includes the procedures for creading deriving the database. Data files are

generated by different modules and used as inesfaetween modules. Several data verification
techniques are undertaken to assure the correctBessils about these are included in the

module documentation.

C. All components shall be traceable, through expli cit component
identification in the flow diagrams, down to the co de level.

Traceability, from requirements to the code levadl aice versa, is maintained throughout the
system documentation.

D. The modeler shall maintain a table of all softwa  re components affecting
loss costs, with the following table columns: (1) C omponent name, (2)
Number of lines of code, minus blank and comment Ii nes; and (3)
Number of explanatory comment lines.

The FPHLM primary document binder includes a tabtat gives the above requested
information. The table is available for review I tprofessional team.

E. Each component shall be sufficiently and consist ently commented so
that a software engineer unfamiliar with the code s hall be able to
comprehend the component logic at a reasonable leve | of abstraction.

All the software codes are properly provided witlde-level comments and a consistent format
is maintained throughout the software modules. &lwegle level comments include a summary
of important changes, names of developers invoirezhch modification, function headers, and
in-line comments to explain potentially ambiguoof&ware code.
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Disclosures

Specify the hardware, operating system, other safey and all computer languages required
to use the model.

The system is mainly a web-based application thabsted in Oracle 9i web application server.
The backend server environment is Linux and theeseside scripts are written in Java Server
Pages (JSP) and Java beans. Many backend caloslatre coded in C++ using the IMSL
library and called through Java Native Interfachl)JThe system uses an Oracle database
running on a Sun workstation. Server side softwagpirements are IMSL library CNL 5.0,
0C4J v1.0.2.2.1, Oracle 9i AS 9.0.2.0.0A, JNI 1,.arid JDK 1.3.1.

The end-user workstation requirements are minirtraernet Explorer 5.5 or 6 running on

Windows 2000 or XP is the recommended web browdewever, other web browsers such as
Mozilla Firefox should also deliver the optimal usxperience. Typically, the manufacturer’s
minimal feature for a given web browser and opetagystem combination is sufficient for an

optimal operation of the application
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C-5 Verification*

(*Significant Revision)

General

For each component, the modeler shall maintain proc edures for
verification, such as code inspections, reviews, ca Iculation crosschecks,
and walkthroughs, sufficient to demonstrate code co rrectness.

FPHLM software verification is done in three stages
» Code inspection and verification by the code dgwelqverification by the person who
implemented the code).
« Inspection of the input and validation of the outpy the system modeler (verification
of results by the person who developed the systeneih
* Review and extensive testing of the code by amreatgroup of software engineers.

The first level of verification includes code-leva#bugging, walking through the code to ensure
a proper flow, inspection of internal variablesotlgh intermediate output printing and error
logging, use of exception handling mechanisms,utation cross checks, and verification of the
output against sample calculations provided bysistem modeler.

In the second level of the verification, the modelke provided with a sample input and
corresponding output. Then the modeler conductskidt@x testing to verify the results against
his/her model.

Component Testing

1. The modeler shall use testing software to assist in documenting and
analyzing all components.

Component testing (C-5.B) and Data testing (C-2@) done in the third level of verification.
The system is rigorously checked for the corrednpsecision, robustness and stability of the
whole system. Calculations are performed outsigestfstem and compared against the system
generated results to ensure the system correctBgBeme and unexpected inputs are given to
the system to check the robustness. Wide serigssbtases are developed to check the stability
and the consistency of the system.

These verification procedures are properly docugteand are available for inspection.

2. Unit tests shall be performed and documented for each component.
Unit testing is done at the first and third leveisserification. The developer tests all the umiss
the unit is developed and modified. Then all th&suare tested again by the external testing

team. Both “black-box” and “white-box” tests arerfpemed and documented in a separate
Testing Document.
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3. Regression tests shall be performed and document ed on incremental
builds.

Regression testing is performed for each modulethla kind of testing methodology, the
modules which have undergone some changes andoreviare retested to ensure that the
changes have not affected the entire system iruadgsired manner.

4. Aggregation tests shall be performed and documen ted to ensure the
correctness of all model components. Sufficient tes ting shall be performed
to ensure that all components have been executed at least once.

Aggregation testing is performed at all three Isvel verification. Aggregation testing is

performed by running each major module as a comppeickage. It is ensured that all
components have been executed at least once dimentesting procedure. All the test cases
executed are described in Software Testing andivation documentation.

Data Testing

1. The modeler shall use testing software to assist in documenting and
analyzing all databases and data files accessed by =~ components.

FPHLM uses an Oracle database to store the reqdatad Data integrity and consistency are
maintained by the database itself. Moreover, dffierqueries are issued and PL/SQL is
implemented to check the database. Oracle 9i hasyarobust loader. It is used to load the data
into the database. The loader maintains a log wheghicts if the loading procedure has taken
place properly and completely without any discreyarData files are manually tested using
commercial data manipulation software such as ExieélAccess.

2. The modeler shall perform and document integrity , consistency, and
correctness checks on all databases and data files accessed by the
components.

All the tests are well documented in a separatéifige®ocument.

Disclosures

1. State whether the model produces the same losssdf it runs the same information more
than once without changing the seed of the randormmmber generator.

The model produces the same loss costs if it faesame information more than once without
changing the seed of the random number generator.
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2. Provide an overview of the component testingqadure
FPHLM software testing and verification is dondhree stages.
[A] Code inspection and the verification by the codeeveloper

The code developer would carry out a sufficient amaof testing on the code, and wouldn’t
deliver the code until he/she is convinced of prdpactionality and robustness of the code.

The first level of verification includes code-leva#bugging, walking through the code to ensure
proper flow, inspection of internal variables thgbuintermediate output printing and error

logging, use of exception handling mechanisms,utation cross checks, and verification of the

output against sample calculations provided byststem modeler.

[B] Verification of results by the person who devalped the system model

Once the first level of testing is done, the depetoshould send the sample inputs and the
generated results back to the modeler. Then theraysiodeler would double-check the results
against his/her model. The code is not put intopiteeluction environment without the approval
from the modeler.

[C] Review and extensive testing of the code by @xhal group of software engineers

The system is rigorously checked for the correcnpsecision, robustness and stability of the

whole system. Calculations are performed outsigesifstem and compared against the system
generated results to ensure the system correctgBeme and unexpected inputs are given to
the system to check the robustness. Wide serigssbtases are developed to check the stability
and the consistency of the system.

Unit testing, Regression testing, and Aggregatiesting (both white-box and black-box) are
performed and documented.

Any flaw in the code is reported to the develop@d the bug-corrected code is again sent to the
tester. The tester should perform unit testing ragai the modified units. Regression testing
should be carried out to check if the modificatedfects any other parts of the code.

Different Testing Tools and Software packages aeduto test different components of the

system. The detailed list of the various testinglgoand/or techniques used for different
components of the system is provided in the magudent for audit.
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C-6 Model Maintenance and Revision

A. The modeler shall maintain a clearly written pol  icy for model revision,
including verification and validation of revised co mponents, databases,
and data files.

FPHLM model will be periodically enhanced to refleéfile new knowledge acquired on
hurricanes and Florida zip code information. FPHIohintains a clearly written policy for
model revision.

B. A revision to any portion of the model that resu Its in a change in any
Florida residential hurricane loss cost shall resul tin a new model
version number.

Whenever a revision results in a change in anyiddoresidential hurricane loss cost, a new
model version number will be assigned to the rewisVerification and validation of the revised
units is repeated according to the above mentits@itivare verification procedures” document.

C. The modeler shall use tracking software to ident ify all errors, as well as
modifications to code, data, and documentation.

FPHLM uses CVS (Concurrent Versions System) fosieer controlling. CVS is a production
guality system used widely in commercial and edooat research-oriented projects around the
world. We can record the history of source filed documents by utilizing CVS.

Disclosures

1. Identify procedures used to maintain code, dadad documentation.

FPHLM'’s software development team employs souracasien and control software for all
software development. In particular, FPHLM empl&ancurrent Versioning System (CVS), an
accepted and effective system for managing simedtas development of files. It is in common
use in large programming projects to track the rncations to the source code and
documentation files. CVS maintains a record of¢hanges to each file, and allows the user to
revert to a previous version, merge versions, aktchanges. This software is able to record
the information for each file, the date of eachrdeg the author of each change, the file version,
and the comparison of the file before and after dhenges. The detailed information will be
made available to the Professional Team duringjtiésvisit.
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C-7 Security*

(*Significant Revision)

The modeler shall have implemented and fully docume  nted security
procedures for: (1) secure access to individual com puters where the
software components or data can be created or modif ied, (2) secure

operation of the model by clients, if relevant, to ensure that the correct
software operation cannot be compromised, (3) anti- virus software
installation for all machines where all components and data are being

accessed, and (4) secure access to documentation, s  oftware, and data in
the event of a catastrophe.

FPHLM maintains a set of security procedures tagmtodata and documents from deliberate and
inadvertent changes. These procedures includedgtsical and electronic measures. There are
a set of policies identifying different securitgiges and addressing each of them. All the security
measures are properly documented and attached fwithary document binder.

Disclosures

1. Describe methods used to ensure the security amikgrity of the code, data, and
documentation.

Electronic measures include the use of differenb@urzation levels, special network security
enforcements, and regular backups. Each develspgvén a separate username and password,
and assigned with a level of authorization so than a developer cannot change some other
developer’'s code. The users of the system are givarnames and passwords so that
unauthorized users cannot use the system. Exteseas are not allowed direct access to any of
the data sources of the system. The network isnsixtely monitored for any unauthorized
actions using standard industry practices. Sineesystem runs on a Linux sever environment,
minimal virus attacks are expected.

Any sensitive or confidential data (insurance da&daexample) are kept on an unshared disk on
a system which has user access control and recuicggn. Screen locks are used whenever the
machine is not attended. In addition, for systenusty and reliability purposes, we also deploy
a development environment besides the productieir@mment. Modifications to the code and
data are done in the development environment astédeby in-house developers. The final
production code and data can only be checked @toduction environment by the authorized
personnel. The models resulting from FPHLM progan only be used by the authorized users.
Authorized user accounts are created by the prajactager. Regular backups of the server are
taken and stored separately physically and eleicaty. Backups are performed on a daily basis
and are kept for six weeks. Nightly backups ofldllIX data disks and selected Windows data
disks (at user requests) are performed over th@onktonto LTO2 and LTO3 tapes. The tape
drives have built in diagnostics and verificationensure that the data is written correctly to the
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tapes. This ensures that if the tape is writtercessfully, it will be readable, provided no

physical damage occurred to the tape. A copy df éackup is placed in a secure and hurricane
protected building. Additionally, the applicatioerger and the database server are physically
secured in a secure server room with alarm systentase of disasters, we have implemented a

set of preparation procedures and recovery plamsiised in “FIU SCS Hurricane Preparation
Procedures”.
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Assessment of the meteorological portion of the Staof Florida Public
Hurricane Model

February 15, 2007

Gary M. Barnes
Professor, Department of Meteorology
School of Ocean and Earth Science and Technology
University of Hawaii at Manoa

Introduction

My review of the State of Florida Public Hoeme Model is based on a three day visit to
Florida International University in December, and @xamination of the submission draft
provided to me in February. | have had full acdesthe meteorological portion of the model,
access to the draft for the Florida commission, acwkss to prior submittals to the commission
from several other groups in order to establiskerass of what is desired by the commission. |
am pleased to report that the issues that | hageddave received their attention and | believe
that the model meets all the standards set fortthéyommission. Ultimately this model, when
linked to engineering and actuarial components| wibvide objective guidance for the
estimation of wind losses from hurricanes for ttagesof Florida. It does not address losses from
other aspects of a tropical cyclone such as stamrges or fresh water flooding. | now offer
specific comments on each of the six meteorologtaidards established by the commission to
ascertain this model’s suitability.

M-1 Official Hurricane Set

The consortium of scientists working on theblRumodel have adopted HURDAT (1900-
2006) to determine landfall frequency and intensityandfall. The NWS report by Ho et al.
(1987), DeMaria’s extension of the best track, HRd/ianalyses (Powell et al. 1996a, 1996b,
1998) and NOAA Hurricane Research Division aircddta are used to estimate the radius of
maximum winds (RMW) at landfall. The strength of RDAT is that it is the most complete
and accessible historical record for hurricanes ingakandfall or passing closely by Florida.
HURDAT weaknesses include the abbreviated recodd qarestionable intensity estimates for
those hurricanes early in the record, especialbsehthat remain offshore. Evidence for the
shortness of record is the impact of the last fewibane seasons on landfall return frequency.
The meteorological team has scrutinized the basdeseeloped by the commission and made a
number of adjustments to the dataset based oreesfditerature and the HURDAT record. |
have looked at several of these adjustments inildetal find the corrections to be an
improvement over the initial base set.
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M-2 Hurricane Characteristics

The model has two main components. The track podiothe model produces a storm with
either an initial location or genesis point and iatensity that is derived from an empirical
distribution derived from HURDAT (2006). Storm mmti and intensity is then initialized by
using a Monte Carlo approach, drawing from probigbdlensity functions (PDFs) based on the
historical dataset to create a life for a bogusibane. Examination of the PDFs reveals that they
are faithful to the observed patterns for stormaring Florida, and the evolution of any
particular hurricane appears realistic.

The second component of the meteorological mod#taswind field generated for a given
hurricane, which only comes into play when the igcame comes close enough to place high
winds over any given zip code of Florida. To getera wind field the minimum sea-level
pressure (MSLP) found in the eye, the RMW at laihdéad a distant environmental pressure
(1013 mb) are entered into the Holland (1980) B ehofbr the axisymmetric pressure
distribution around the hurricane. The behaviothef RMW is based on a variety of sources that
include Ho et al. (1987), DeMaria’s extension oé thest track data, H*wind analyses, and
aircraft reconnaissance radial wind profiles. Thedgfficient is based on the extensive aircraft
dataset acquired in reconnaissance and reseagtitsflover the last few decades. RMW and B
use a random or error term to introduce variety e model. The Holland pressure field is
used to produce a gradient wind at the top of tkenbary layer. The winds in the boundary
layer are estimated following the work proposeddmyama (1969) and later utilized by Shapiro
(2983) which includes friction and advection effecthese boundary layer winds are reduced to
surface winds (10 m) using reduction factors basedthe work of Powell et al. (2003).
Maximum sustained winds and 3 second gusts anaa&stl using the guidance of Vickery and
Skerlj (2005). Once the hurricane winds come astiwee are further adjustments to the wind to
account for local roughness as well as the roughatthe terrain found upstream of the location
under scrutiny. The pressure decay of the hureigamodeled to fit the observations presented
by Vickery (2005).

Gradient balance has been demonstrated tanb&ccurate representation for vortex scale
winds above the boundary layer by Willoughby (19863¥ is a fine initial condition. The slab
boundary layer concept of Ooyama and Shapiro has beown to produce wind fields much
like observed once storm translation and surfacédn come into play. The reduction to 10 m
altitude is based on Powell et al. (2003); they tiigestate of the art Global Positioning System
sondes to compare surface and boundary layer winds.

Perhaps the most questionable part of thel \portion of the model is the reliance on the
estimates of the RMW at landfall. The scatter in\RNbr a given MSLP is large; larger RMWs
coupled with the B parameter control the size efahnulus of the damaging winds. The typical
length of an aircraft leg from the eye is about k&0 so the choice of the B parameter is based
on a small radial distance in the majority of hearies. The collection of quality wind
observations over land in hurricanes remains attdaytask; therefore the actual response of the
hurricane winds to variations in roughness is s$ain. Applying roughness as a function of
Zip code is a coarse approximation to reality. Heave this is the approach chosen by the
commission, and given the data limitations, a reabte course to take.
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M-3 Landfall Intensity

The model uses one minute winds at 10 m elevatodetermine intensity at landfall and
categorizes each hurricane according to the Saiffiypson classification. The model considers
any hurricane that makes landfall or comes closeugn to place high winds over Florida.
Multiple landfalls are accounted for, and decay roland between these landfalls is also
estimated. Maximum wind speeds for each categorythef Saffir-Simpson scheme are
reasonable as is the worst possible hurricane taehgenerates. Simulations are conducted for
a hypothetical 60,000 years. Any real climate cleanguld alter results, but maybe not as much
as have an actual record of order of 1,000 yeamase the PDFs on.

M-4 Hurricane Probabilities

Form M-1 demonstrates that the model is swtmd the landfalls very well for the entire
state, region A (NW Florida) and region B (SW Hiaj. There are subsections of the state
where the historical and the simulated landfalkgeha discrepancy. In region C (SE Florida) the
observations show an unrealistic bias toward caye@o storms. This is likely due to an
overestimate of intensity for the hurricanes ptthe advent of aircraft sampling or advanced
satellite techniques. The historical distributicor fegion C also does not fit any accepted
distributions that we typically see for atmosphgienomena. This discrepancy is probably due
to the shortness of the historical record. | nbi& other models also have difficulty with this
portion of the coast. | believe the modeled distitm, based on tens of thousands of years, is
more defensible than the purported standard. Regi» (NE Florida) and E (Georgia) have
virtually no distribution to simulate, again poimgito a very short historical record. There is no
documented physical reason why these two regions lkeacaped landfall events. Perhaps a
preferred shape of the Bermuda High may bias that#n, but this remains speculative.

M-5 Land Friction and Weakening

Land use and land cover are based on higHuteso satellite imagery. Roughness for a
particular location is then based on HAZUS tablest assign a roughness to a particular land
use. There are newer assessments from other gbuighe techniques were not consistently
applied throughout the state, nor are the updaedWs maps for 2000 available yet. Winds at
a particular location are a function of the rougtsat that point and conditions upwind. A
pressure decay model based on the work of Vick2dp%) produces weakening winds that are
reasonable approximations of the observed deceay adtseveral hurricanes that made landfall in
Florida in 2004 and 2005.

The maps (Form M-2) of the 100 year returngeemaximum sustained winds shows the
following trends: (1) a reduction in the sustaiveidds from south to north, (2) a reduction of
winds from coastal to inland zip codes, and (3)hlghest winds in the Keys and along the SE
and SW coasts. The plotting thresholds requestethbycommission partially obfuscate the
gradients in wind speed, but Form M-2 produced \iiter contours highlights the above trends
clearly. The open terrain maps look logical; theaktterrain maps are perhaps overly sensitive
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to the local roughness. Convective scale motiohsghwcannot be resolved in this type of model,
would probably be responsible for making the winldser to the open terrain results.

M-6 Logical Relationships of Hurricane Characterisics

The RMW is a crucial but poorly measured atale. Making RMW a function of intensity
and latitude explains only a small portion of thariance (~20%). Examination of aircraft
reconnaissance radial profiles shows that RMW ghllyi variable. Currently there are no other
schemes available to explain more of the variaRoem M-3 reflects the large range of RMW.
Note that only the more intense hurricanes (MSL®48 mb) show a trend, and only with the
upper part of the range. Even open ocean studiged®MW show such large scatter.

Tests done during my visits show that windexpdecreases as a function of roughness, all
other variables being held constant. The evolubtibthe wind field as a hurricane comes ashore
is logical.

Summary

The consortium that has assembled the metapoall portion of the Public Model for
Hurricane Wind Losses for the State of Floridagsg the HURDAT with corrections based on
other refereed literature. These data yield asesf probability density functions that describe
frequency, location, and intensity at landfall. d®ra hurricane reaches close enough to the coast
the gradient winds are estimated using the equatipnHolland (1980), then a sophisticated
wind model (Ooyama 1969, Shapiro 1983) is applecddlculate the boundary layer winds.
Reduction of this wind to a surface value is basedrecent boundary layer theory and
observations. Here the consortium has exploitedratburces of data (e.g., NOAA/AOML/HRD
aircraft wind profiles and GPS sondes) to producsudace wind field. As the wind field
transitions from marine to land exposure changesughness are taken into account. Form M-1
(frequency and category at landfall as a functibrcaastal segment) and Form M-2 (100 year
return maximum sustained winds for Florida) hightithe good performance of the model.

| suspect that the differences between thhcal record and the simulation are largely due
to the shortness and uncertainty of the recorthdfconsortium had the luxury of 1000 years of
observations agreement between the record andntiidasion would be improved. | believe that
the meteorological portion of the model is meetialy the standards established by the
commission. Tests of the model against H*Wind asedyand the production of wind speed
swaths go beyond the typical quality controls efopmodels and demonstrate that this model is
worthy of consideration by the commission.
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June 12,2007

Dr. Shahid Hamid

Protfessor of Finance,

Department of Finance, CBA

and International Hurricane Research Center
Florida International University, RB 202 B
Miami, FI. 33199

Re: Florida Public Hurricane Loss Model
Version 2.6
Independent Actuarial Review

Dear Dr. Hamid:

AMI Risk Consultants, Inc. was engaged by the International Hurricane Research Center
(“IHRC™) at Florida International University (“FIU”) to review the actuarial components
of its hurricane model, Florida Hurricane Loss Model, Version 2.6. 1am a Fellow of
the Casualty Actuarial Society, a Member of the American Academy of Actuaries, and
have thirty-five years of actuarial experience in the property/casualty insurance industry.

AMI’s review was based the IHRC s June 12, 2007 model submission to the Commission
and on a technical description of the model’s methodology provided to me by the THRC.
In performing the review, AMI’s approach was to review various documents, forms and
databases. AMI attended several on site meetings and conference calls and also
performed independent analysis, raised questions and issues and performed vatious
required tests.

AMI did not participate in the actual construction of the model, except for the
development of the Demand Surge model. For the remainder of the model, we reviewed
the model’s inputs, outputs and operations in detail.

Our review focused on the following areas:

¢+ The IHRC’s responses to the Comimission’s actuarial standards A-1 through
A-10 as contained in the filing to the Commission.
o Forms A-1 through A-7 as submitted to the Commission.

Actuaries ¢ Risk Management Consultants
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In evaluating compliance with the standards, some of the work we did included the
following:

Standard A-1: We tested bypassing storms from the stochastic set to see if they were
correctly included or excluded.

Standard A-2: We analyzed and tested the approach used to deal with duplicate, missing
and invalid records in the validation data. Furthermore, we reviewed the data call used to
request data from insurance companies.

Standard A-3: We reviewed the method used to estimate loss costs for ratemaking,
including sample manual calculations of loss costs.

Standard A-4: We helped develop the Demand Surge Model; consequently, we think the
model methodology and assumptions are reasonable.

Standard A-5: We reviewed and analyzed the input form, the Validation Automation
Program, the Matlab Plotting Program and the pre-processing check list.

Standard A-6: We tested the loss cost outputs to determine any illogical relation to risk
(coverage, construction, territories, deductibles, etc). We also reviewed the model vs
actual graphs presented by the modelers.

Standard A-7: We reviewed and tested the method to reflect deductibles and policy limits
in the model, tested the relationship among modeled deductible loss costs for
reasonableness and tested the deductible loss cost calculations to determine if it is in
accordance with 627.701(5)(a), F.S.

Standard A-8: We reviewed the method used to calculate loss cost for contents relating to
personal residential structures and compared historical actual vs estimated loss cost.

Standard A-9: We reviewed the method used to calculate loss cost for ALE and compared
historical actual vs estimated loss cost.

Standard A-10: We reviewed output ranges generated by the model and reported
anomalies to the modeler.

For Forms A-1 and A-6, some of the work we did included checking the loss cost
relativities by region, the expected inverse relationship to deductible size. For Form A-5

we examined the caleulation of return years, and verified that return years increase with
increasing average loss.

Actuaries * Risk Management Consultants
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Based on our review, in my opinion, the [HRC hurricane model reflects reasonable
actuarial assumptions and meets the Commission’s actuarial standards A-1 through A-1¢.

If you have any questions about my review, [ would be happy to discuss them.

Sincerely,

sy

Aguedo (Bob) Ingco, FCAS, MAAA, CPCU, ARM
President

AMI Risk Consultants, Inc.
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